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Abstract 

 

Background Rationale 

Chronic obstructive pulmonary disease (COPD) is one of the leading causes of morbidity 

and mortality worldwide. It is a chronic inflammatory disease characterised by a not fully 

reversible airflow limitation. Several pro-inflammatory biomarkers are thought to be involved in 

the pathogenesis of COPD, but the association of particular biomarkers with COPD is still 

unclear. Omega-3 polyunsaturated fatty acids (omega-3 PUFAs) may be effective therapeutically 

in reducing airway inflammation in individuals exposed to smoke or other irritants. The results 

of previous studies have indicated that omega-3 PUFAs may have beneficial effects on COPD. 

 

Aim 

The aim of the present work is to determine systemic and pulmonary inflammatory 

biomarkers level in patients with COPD, smokers without COPD and healthy controls. Further, 

to determine in vitro the inflammatory mediator release from inflammatory immune cells 

particularly peripheral blood mononuclear cells (PBMCs). To investigate the effect of omega-3 

PUFAs, Eicosapentaenoic acid, docosahexaenoic acid, on biomarkers release in PBMCs, and the 

relationships between these biomarkers activity, fatty acid analysis and COPD. 

 

Methods 

The current study data is from case-control study of 42 subjects; 15 patients with COPD 

(COPD), 15 healthy smokers (HS), and 12 healthy non-smoking controls (HNS), recruited from 

University Hospital South Manchester. Blood samples were processed to separate plasma, 

PBMCs and RBCs fractions. IL-6, TNF-α, IL-8, IP10, CRP, fibrinogen, SPD, CC16, CD31, 

CCL18, and RAGE level were measured in plasma by ELISA. Additionally, IL6, IL8, TNFα, 

CD31, IP10, and RAGE release were measured in PBMCs, with and without EPA and DHA 
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treatment, by ELISA. Individual PUFAs profile was carried out on RBCs. Comparisons between 

data of the three groups were made. 

 

Result 

Highly significant differences were observed in data (mean ± standard deviation) of patients’ 

respiratory functions when comparing COPD to HS and HNS groups. The preFEV1% of COPD 

(52 ± 22) and FEV1/FVC ratio (41.5 ± 12) are highly considered significantly higher than those 

from HS (99.5 ± 10.2), (69.2 ± 19.3) and HNS (99.6 ± 13), (76 ± 5.38) groups (p < 0.001). There 

was a significant correlation between FEV1% and age (P=0.0009) as well as BMI (P=0.024) of 

entire study subjects. Similarly, a significant correlation was seen between FEV1/FVC ratio and 

age (P<0.0001), BMI (P=0.0009) as well as weight of entire study subjects (P=0.022). 

The levels of CRP, Fibrinogen were all significantly high in plasma of COPD group 

(4.48±28 mg/L) and (409±181mg/dl) when compared to those in HNS groups (2.27±2 mg/L) (p 

=0.007) and (137±49 mg/dl) (p <0.0001) respectively. The plasma levels of CC16 significantly 

were lower in plasma of COPD group (2.75±1.19 ng/ml) compared to HNS groups (5.77±2.66 

ng/ml) (p =0.014). The release of IL-6, IL-8, and TNF-α, from PBMCs was significantly higher 

in COPD (4.07±0.46 ng/ml), (16.3 ±0.22 ng/ml), (219±11.9 pg/ml) when compared to HNS 

groups (0.16 ng/ml), (6.6±0.1.07 ng/ml), and (0 ng/ml) (p<0.001). PBMCs treated with 100µmol 

EPA or DHA showed decrease of IL6, IL8, and TNFα release.  

 

Discussion 

This study showed significant associations of higher level of several biomarkers that were 

detected in COPD group with the disease inflammation. The results also suggest that PBMC are 

already activated in the circulation in COPD patients, which confirms further that COPD is a 

multicomponent disease, involving both airway and systemic inflammation. The statistically 

significant correlation between the levels of CRP in plasma of patients with COPD and the 

percentage of Pre FEV1/FVC ratio could be beneficial for patient treatment. CRP, fibrinogen and 
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CC16 in particular have emerged as potentially useful biomarkers and require further 

investigation. Additionally, omega-3 fatty acids; EPA and DHA have the ability to reduce 

cytokines release from PBMCs.  

Keywords: COPD, Inflammation, biomarker, PBMCs, omega-3 PUFAs, EPA, DHA 
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Chapter 1 

 

1. Introduction 

1.1 Inflammation  

Inflammation is the body’s natural immediate response to infection or injury. This 

response triggers the immunological process of eliminating foreign pathogens, irritants and 

toxins and repairing damaged tissue in order to maintain tissue homeostasis. Inflammatory 

activation involves several biological functions such as leukocyte migration, proliferation of T-

cells, interferon response, nuclear factor kappa beta (NF-κB) signaling, and regulation of cell 

death (Koniarevic et al., 2014). It is initiated when an injury to cells or tissue occurs and is 

mediated by a complex network of pro-inflammatory mediators, inflammatory cells and 

signalling pathways. The innate immune system can recognize either microbial derived 

constituents known as pathogen associated molecular patterns (PAMPs), released during 

infection or endogenous damage-associated molecular patterns (DAMPs). These molecules are 

identified by pattern recognition receptors (PRRs), which can be found either attached to the cell 

membrane on toll-like receptors (TLRs) or within the cytoplasm on nucleotide-binding 

oligomerization domain-like receptors (NLRs). After the recognition of the pathogen or other 

irritant, the innate immune system responds with an inflammatory response by stimulating innate 

immune cells such as macrophages and neutrophils which secret pro-inflammatory factors to 

promote inflammation (Hosseinian et al., 2015; Lee et al., 2016). 

Pro-inflammatory mediators include; cytokine proteins termed interleukins (IL), which 

regulate differentiation, function and inflammation communication and response with immune 

cells; chemokines, which drive chemotaxis; and interferons, which react against viral invasion. 

These molecules are involved in both innate and adaptive immunity. The chemokines and 

adhesion molecules expressed by endothelial cells initiate interactions among circulating 

immune cells. Cells of the innate immune system, including monocyte-derived macrophages, 

dendritic cells, and granulocytes; neutrophils, basophils, and eosinophils, and the acquired 

immune system, including T and B lymphocytes, are involved in the inflammation process 

(Profumo et al., 2012). For example, granulocytes and macrophages eliminate pathogens and 



  

2 

 

clear away cellular waste and damaged tissues. Helper T lymphocytes regulate the activities of 

macrophages, natural killer cells and B lymphocytes, while cytotoxic T lymphocytes and B 

lymphocytes are involved in eliminating pathogens (Calder, 2002) (Figure 1.1, next page).   

It is suggested that inflammasomes, specialised inflammatory signaling pathway, regulate 

the maturation and secretion of pro-inflammatory cytokines, via the regulation of caspase-1–

dependent proteolytic processing. Cytokines are extracellular signalling small proteins <80 kDa 

in mass and produced by different cell types. Cytokines are involved in cell-to-cell interactions 

and their effect may be influenced by other cytokines released from the same cell or from target 

cells following activation by the cytokine (Chung 2001). Inflammation is intended to be a 

protective process and should be controlled to eliminate the initial cause of the injury; however 

any defect within the normal resolution process may convert acute inflammation to chronic 

inflammation. Uncontrolled inflammation response also my result in severe inflammation that 

can cause tissue damage, impair tissue healing, and fibrosis (Lee et al., 2016). In addition, 

deregulation of cytokines and chemokines can enhance the progression of pathologies related to 

chronic inflammatory and autoimmune diseases. Therefore, investigation of various systemic 

cytokines and chemokines may increase understanding of the immunological changes in patients 

suffering from autoimmunity and chronic inflammation (Giudetti and Cagnazzo, 2012; Kleiner et 

al., 2013).  
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Figure ‎1.1: The interplay between component of the innate and acquired immune 

responses. Immune cells involved in COPD including; macrophages, neutrophils and T-cells, are 

recruited to the injury tissue via the actions of various chemokines. Once activated, they contribute in 

irritant and pathogen elimination and tissue resolving and repair. 

 

1.2 Chronic Obstructive Pulmonary Disease (COPD) 

The lung is a vital organ and it main function is to uptake and transfer of oxygen which is 

essential for metabolism. The lung is highly susceptible to inhaled foreign materials, irritant 

particles and different pathogens such as dusts, fuels, and microorganisms, which can lead to 

infection, inflammation and tissue injury. The first defense mechanism to protect the respiratory 

system from infectious agents and irritants is played by the lining innate immune system. The 

lung tissue consists of different cell types, including epithelial, endothelial, secretory, and 

inflammatory cells. The lung tissue and epithelial airway with innate and adaptive immune cells 

are able to trigger the inflammatory events in response to endogenous and exogenous irritants. 

As previously mentioned, an exaggerated inflammatory response might result in chronic 
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inflammation which can lead to the development of chronic obstructive pulmonary disease 

(COPD) (Lee et al., 2016; Colarusso et al., 2017). 

COPD is a multicomponent chronic lung disease that decreases quality of life due to 

shortness of breath and chronic cough. Different pathogenic processes, inflammatory cells and 

their mediators are involved during disease progression and tissue damage, including; 

inflammation, alteration of immune responses, protease and anti-protease imbalance, cell 

proliferation and apoptotic cell death (Toraldo et al., 2013).  Many inflammatory mediators have 

been implicated in COPD, including lipids, free radicals, cytokines, chemokines and growth 

factors. These mediators are derived from inflammatory and structural cells in both the lung 

airways and the circulation, to interact with each other in the site of tissue injury.  

Alterations in the lungs are characterized by several complicated respiratory and 

pathological features including, destruction of the lung parenchyma and alveoli, inflammation of 

the central airways with chronic bronchitis, and inflammation of the small airways with chronic 

bronchiolitis (Tuder and Petrache, 2012; Caramori et al., 2014). This result in dyspnoea, 

progressive airflow obstruction that is not fully reversible, productive cough, fatigue, wheeze, 

weight loss, exacerbations and repeated respiratory infections (Fulton et al., 2012). Airway 

obstruction is caused by inflammation of the bronchi, which leads to increased mucus secretion 

with goblet cell and submucosal gland hyperplasia (Chung et al., 2001). Lung parenchyma 

becomes infiltrated by neutrophils, macrophages and other inflammatory immune cells causing a 

loss of surface area for gas exchange. The destruction of lung parenchyma leads to distal airway 

compression, known as emphysema. All these events lead to irreversible decline of lung function 

(Fulton et al., 2012; Matsuyama et al., 2005).  

In 1998, the Global Initiative for Chronic Obstructive Lung Disease (GOLD) was 

established to direct global attention toward COPD. GOLD defined COPD as ‘a disease state 

characterized by airflow limitation that is not fully reversible’ (Korani et al., 2016). In 2001, 

GOLD divided patients with COPD into four grades: GOLD A (mild); GOLD B (moderate); 

GOLD C (severe); and GOLD D (very severe) in addition to grade 0, which included people 

with normal spirometry that had a history of smoking and respiratory symptoms. In 2011 GOLD 

guidelines have removed stage 0 and COPD grades are determined by a COPD assessment of 
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symptoms, severity of airflow obstruction, and history of exacerbations and presence of 

comorbidities. Airflow limitation is determined by spirometry using a fixed-ratio of a forced 

expiratory volume in the first one second to the forced vital capacity (FEV1/FVC) <0.70 after 

bronchodilator which considered diagnostic of COPD. FEV1is the amounts of air that the patient 

can exhale in the first second, while FVC is the total volume of air that the patient can exhale in 

one breathe. It is also a measure of the amount of air the lungs hold. (Table 1.1) (Bailey et al., 

2012) 

 

Table ‎1.1: COPD severity according to 2011 GOLD grades A–D. 

Grade Risk Symptoms Airflow obstruction Exacerbation history 

GOLD 

A 

 

Low 

 

Low symptom 

burden 

 

FEV1 of 50% or 

greater 

Low exacerbation rate (0–

1/year) 

GOLD 

B 

 

Low 

 

Higher symptom 

burden 

 

FEV1 of 50% or 

greater 

Low exacerbation rate (0–

1/year). 

GOLD 

C 

 

High 

 

Low symptom 

burden 

 

FEV1 of 50% 

and/or high exacerbation rate 

(≥2/year). 

GOLD 

D 

 

High 

 

Higher symptom 

burden 

 

FEV1 of 50% 

and/or high exacerbation rate 

(≥/year). 

 
Symptom burden was measured by either the modified Medical Research Council (mMRC) questionnaire 

or the COPD assessment test (CAT) (Meng et al., 2016). 

 

The GOLD guidelines suggest that the presence of FEV1 (% predicted) < 80% of the 

predicted value in combination with a FEV1/FVC < 70% confirms the diagnosis of COPD 

(Queiroz et al., 2016). The percent predicted FEV1 is used as marker of disease severity and 

progression. While the post bronchodilator FEV1 is used to determine severity stage. However, 

FEV1 is an unreliable marker of disease activity, as it correlates poorly with both symptoms and 

disease progression (Vestbo et al., 2013). The degree of emphysema and airway wall thickness 

can be measured by chest computed tomography (CT) scan (Lee et al., 2018). 
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The inflammatory process is not limited to the pulmonary system, and its impact can 

extend to extra-pulmonary organs resulting in complications involving endocrine, metabolic and 

cardiovascular systems (Heidari 2012). Lung inflammation can pass through the systemic 

circulation causing systemic inflammations and comorbidities, which are frequently found in 

COPD patients, including cardiovascular disease (CVD), lung cancer, skeletal muscle 

dysfunction, diabetes, osteoporosis, and cachexia. CVD include four separate entities: ischemic 

heart disease, heart failure, atrial fibrillation, and hypertension. Psychiatric conditions, such as 

depression and anxiety, are also comorbidities of COPD (Lee et al., 2018). These COPD 

comorbidities can occur at any COPD stage. Lung cancer and CVD are the most frequent 

comorbidity in COPD. It has been found that lung cancer is the most frequent cause of death in 

patients with mild to moderate COPD. Osteoporosis is often associated with decreased body 

mass index and low fat-free mass (Vestbo et al., 2013). Skeletal muscle dysfunction is one of the 

main systemic effects of COPD and is often accompanied by loss of muscle mass. The 

mechanisms involved in loss of skeletal muscle mass and strength are likely caused by 

interaction between local and systemic factors to modify, the phenotype and function of any 

specific muscle. Systemic factors including inflammation and oxidative stress are thought to 

interact with local factors such as muscle inactivity. These result in functional, metabolic, and 

structural changes that weaken muscle work (Barnes and Celli, 2009). 

It is unclear whether systemic inflammation is pathological or results from an overspill of 

inflammatory mediators from the lung to the circulation (Fulton et al., 2012). Systemic 

inflammation and inflammation of non-pulmonary organs are known to adversely affect a 

patient’s quality of life, which lead to increase the risk of hospitalization and mortality as well as 

costs (Tuder and Petrache, 2012; Calder, 2012; Toraldo et al., 2013; Caramori et al., 2014). CVD 

and lung cancer are the most common causes of death in COPD patients. In addition, at least 

50% of COPD patients have bacterial infection of the lower airways that can increase both acute 

exacerbations and the risk of community acquired pneumonia (Barnes, 2010). Furthermore, 

respiratory viral infections including influenza and respiratory syncytial virus account for 64 % 

of COPD exacerbations (Wu et al., 2016).  
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1.2.1 Prevalence  

Most data available on COPD come from developed countries. There is a lack of studies 

in Africa, South East Asia and the Eastern Mediterranean region (Adeloye et al., 2015). The 

prevalence of COPD is 0.2% in Japan, and 37% in USA, while India and China account for 66% 

worldwide COPD mortality. About 90% of COPD deaths occur in low and middle income 

countries (Rajkumar et al., 2016). It has been estimated that 4‒15% of the world’s adult 

population suffers from COPD (Novgorodtseva et al., 2013). It is the fourth leading cause of 

chronic morbidity and mortality. However, the World Health Organization (WHO) has predicted 

that by 2030, COPD will be the third leading cause of death worldwide (from sixth in 1990). 

   In 2005, 3 million people died of COPD, representing 5% of all worldwide deaths, and 

the number is estimated to increase to 8.6% in 2030 (Rajkumar et al., 2016). The WHO 

estimated that about 65 million people worldwide have moderate-to-severe COPD. The mortality 

rate is higher in men than in women, and in the next 40 years the risk of developing COPD in 

healthy population over the age of 40 will be 12.7% for men and 8.3% for women. However, the 

prevalence in women has increased because of the rising number of those older than 50 years 

who smoke. In general, women smoke less than men, suggesting that they may be more 

susceptible to developing COPD in response to cigarette smoke exposure than men. During 

2000, similar numbers of men and women died from COPD in the USA (Decramer et al., 2012; 

Fulton et al., 2012; Toraldo et al., 2013; Nurwidya et al., 2016). In the US, the annual cost of 

COPD has been estimated at about $50 billion, most of it related to hospitalization (Caramori et 

al., 2014). In Europe about 23 million people have COPD, with an estimated annual cost of €141 

billion including health care cost (Müller et al., 2016).  

The UK National Health Service (NHS) has suggested that more than 3 million people in 

the UK have COPD, and more than 1.5 million adults have been diagnosed with it (Dixon et al., 

2016). It has been estimated that COPD causes about 25,000 deaths in the UK annually. In 

England, a study was done to estimate the prevalence, healthcare costs, and mortality rate among 

people with COPD for the period 2011–2030; such a study could help governments to plan their 

healthcare budgets and financial resources. The study findings showed that in England, the 

number of people with COPD is increasing particularly in females by 54% comparing to 24% in 

males. These increases were driven by more women developing COPD. The annual healthcare 
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costs of COPD will increase from £1.50 billion in 2011 to £2.32 billion in 2030, while the 

number of deaths will increase from 99,200 in 2011, to 129,400 by 2030 (Figures 1.2, 1.3, and 

1.4) (McLean et al., 2016). The priority for the NHS regarding COPD management is to improve 

the health quality of life for patients with COPD, to reduce premature death, avoid unnecessary 

admissions and time in hospital (Dixon et al., 2016). 

 

Figure ‎1.2: Projected number of people with COPD in England (McLean et al., 2016) 
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Figure ‎1.3: Projected number of deaths among people with COPD in England (McLean et 

al., 2016). 

 

Figure ‎1.4: Projected direct healthcare costs of COPD in England (McLean et al., 2016) 
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1.2.2 Risk factors  

Smoking is a major risk factor for various lung diseases and is the fifth leading cause of 

deaths worldwide (Hsiao et al., 2013). However, in 2012 smoking was the third most common 

cause of death (WHO, Titz et al., 2016). The WHO estimated that in 2005, 5.4 million people 

died due to smoking, and that the number will increase to 8.3 million per year by 2030. The main 

risk factor for COPD is cigarette smoking, which accounts for more than 90% of COPD cases in 

western countries. Smoking is considered a pro-inflammatory factor and it has been associated 

with development of chronic respiratory and airflow-obstruction diseases. The prevalence of 

COPD in women has increased because the number of smoking women has increased (Decramer 

et al., 2012). In addition to nicotine, cigarette smoke contains other injurious agents, including 

heavy metals and carcinogens. It is believed that oxidative stress induced by cigarette smoke 

exposure is also involved in the pathophysiology of COPD. Smokers are exposed to various 

oxidants, including free oxygen radicals such as peroxide (O2
−
), which cause lipid peroxidation; 

α- and β-unsaturated aldehydes; acrolein ( C3H4O) and crotonaldehyde (CH3CH=CHCHO), 

which cause protein carbonylation; and superoxide (O
-2

); hydroxyl radical (OH
−
), hydrogen 

peroxide (H2O2) (Tuder and Petrache, 2012). 

However, 25–45% of COPD patients have never smoked, and only 20 % of smokers 

develop COPD and smokers who do not have COPD have a lesser degree of inflammation than 

those who have COPD. Such statistic suggests that genetic and environmental factors other than 

smoking may be involved. Individual genetic predisposition to develop COPD and exposure to 

environmental pollution and biomass smoke may have an impact on disease predisposition, and 

may explain why some patients who develop COPD are never smoke (Eickmeier et al., 2010; 

Wald et al., 2014; Varraso et al., 2015). The combination of these risk factors alters lung 

development and immunity and results in the predisposition for COPD (Decramer et al., 2012) 

(Figure 1.5).  
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Figure ‎1.5: Systemic inflammation and comorbidities in COPD. Patients with COPD have lung 

inflammation that may spill over into the systemic circulation, leading to increase the propensity to 

cardiovascular, metabolic, and bone diseases. There might be a genetic predisposition to developing 

COPD in smokers in addition to outdoor irritants factors. 

 

Other risk factors include maternal smoking, respiratory infections, poor nutrition, and 

exposure to indoor and outdoor air pollution, noxious particles, gases, occupational chemicals 

and dust at the workplace (Decramer et al., 2012; Tuder and Petrache, 2012). About 15–20 % of 

COPD cases are due to occupational exposures to pollutants, and about 50 % of COPD death rate 

found in developing countries as a result of the exposure to biomass smoke during lifetime 

(Terzikhan et al., 2016). Other chronic respiratory disease such as asthma and post-tuberculosis 

are important predisposing conditions for progression of COPD (Rajkumar et al., 2016).  
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1.2.3 Pathophysiology of COPD 

In COPD the pathogenesis of inflammation, airway remodeling, and alveolar destruction 

is complex and not completely understood (Toraldo, 2013). Lung inflammation is regulated by a 

complex mechanism that involves various types of cells and pro-inflammatory mediators. (Berg 

and Wright 2016).The exposure of cigarette smoke, microorganisms and other noxious inhaled 

substances cause chronic airway inflammation and tissue destruction by activating structural and 

inflammatory cells, including airway epithelial cells and alveolar macrophages, within the lungs. 

These cells stimulate the release of early cytokines and chemotactic mediators, which attract 

immune system inflammatory cells, including neutrophils, monocytes and lymphocytes, into the 

lung, which in turn causes chronic inflammation (Rovina et al., 2013). Cigarette smoking also 

causes structural and functional changes in the airway ciliary epithelium, and immune cells such 

as alveolar macrophages, neutrophils, and lymphocytes (Nurwidya et al., 2016). According to 

Lapperre et al (2006) it is possible that inflammation which caused by smoking occurs in two 

stages; an early stage, during which neutrophils and macrophages are present in pulmonary 

epithelial and submucosal tissue, and a late phase with the additional participation of 

lymphocytes and eosinophils from circulation.  

Epithelial changes occurred mostly in the large airways than the small airways, with an 

increase in goblet and basal cell hyperplasia, and squamous cell metaplasia. The small airways is 

the major site of airway obstruction in subjects with COPD (Hogg et al., 2013).Unlike large 

airways, small airways lack cartilage, and have a greater mass of smooth muscles and fewer 

goblet cells in the epithelial layer (Stewart and Criner, 2013). In the airway lumen, more mucus 

can be found, which is produced by the goblet cells and enlarged mucus glands. The 

inflammatory cells infiltrate into the mucosa, submucosa, and glandular layers of lung tissue 

resulting in structural changes in small airways, thickening of their walls and emphysema, loss of 

tissue elasticity, mucus hypersecretion and defects in the tissue-repair process. The increased 

thickness of the airway walls occurs as a result of increases in smooth muscle mass,  mucus 

gland activity and  extracellular matrix (ECM) deposition (Brandsma et al., 2017) (Figure 1.6).  

 

 



  

13 

 

Vascular changes constitute another histopathological feature in patients with COPD. Vascular 

changes are caused by the pathophysiological changes in the normal biochemical function of the 

endothelium. The main vascular changes can be seen in thickened arteriole walls, reduced lumen, 

increased contraction, and reduced ability to vasodilate, together causing pulmonary 

hypertension, which is a major cause of morbidity in COPD. The increased thickness of the 

intima in the arterial vasculature caused by smooth muscle proliferation, with increased 

deposition of both elastin and collagen (Berg and Wright, 2016).The distance between the 

leading edge of the lumen intima echo and the leading edge of the media-adventitia layer is 

known as intima media Thickness (IMT), and consider as a measure of atherosclerosis that 

independently predicts CVD. The normal IMT of healthy subjects is 0.74 ± 0.14 mm. Some 

studies reported that IMT <0.8 mm is associated with normal healthy individuals and a value >1 

mm is associated with atherosclerosis and increased CVD risk. A previous study found that IMT 

of healthy subject was 0.75 ± 0.011 mm (Paul et al., 2012). Increased IMT in patients with 

COPD has been found to be associated with deaths from CVD. IMT was significantly higher in 

COPD patients than in control group (1.07 mm vs 0.86 mm) (Alpaydin et al., 2013). In the same 

line, IMT was also significantly higher in patients with COPD than in those without COPD (1.40 

mm and 1.24mm, respectively). Another study found that IMT increased more in patients with 

COPD than in patients without COPD, and such an increase was higher in patients with both 

COPD and CVD than in patients with CVD or COPD only (Köseoğlu et al., 2016). 
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Figure ‎1.6: Comparison of airway in a healthy individual and in-patient with COPD. (A) In 

normal subjects the airway is distended by alveolar attachments which allowing alveolar emptying on 

expiration and lung deflation. (B) In COPD airways are narrowed by infiltration of inflammatory cells, 

mucosal, alveolar attachments are disrupted because of emphysema, thus contributing to airway closure, 

trapping gas in the alveoli and resulting in hyperinflation (Barnes 2004; Decramer et al, 2012). 

 

As COPD progresses, aggregations of lymphoid tissues develop around the small 

airways, causing alveolar enlargement. Cigarette smoke dysregulates the alveolar repair 

processes by stimulating airway epithelial cells to release transforming growth factor-β (TGF-β), 

which induces fibrotic tissue remodeling. In healthy subjects, to maintain lung homoeostasis 

cellular apoptosis and matrix destruction are countered by cellular renewal and matrix repair, 

controlling the inflammation process. As previously mentioned, an uncontrolled inflammatory 

response might result in chronic lung inflammation which can progress to COPD. In COPD cells 

are metabolically active, but do not divide, which leads to increased inflammation, reduced cell 

regeneration and carcinogenesis (Decramer et al., 2012).  

Oxidative Stress is reported to play an important role in the pathophysiology of COPD. 

An imbalance between oxidants and antioxidants has been proposed as a critical event in the 

pathogenesis of COPD (Ilieva et al., 2014).When ROS are produced in excess of the antioxidant 

defense mechanisms, oxidative stress occurs causing damage to lipids, proteins and DNA. Lipid 
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peroxidation is the major consequence of oxidative stress which leads to cellular damage PUFAs 

react with oxygen radicals and oxidised to produce several lipid end-products like 

hydroperoxides and aldehydes. For examples, Malondialdehyde (MDA) aldehyde is considered 

as potential biomarker to assess oxidative stress status in COPD patients (Waseem et al., 2011; 

Zinellu et al., 2016). Various Studies have reported that the plasma levels of MDA are increased 

in COPD patients compared to healthy controls. Waseem et al, 2001, reported an increase in 

MDA levels in COPD patients, as compared to healthy Controls, and it level negatively 

correlated with lung functions. Another Study conducted by Ilieva et al., 2014, showed that 

MDA levels are significantly higher in patient with COPD than in healthy controls. Increased 

oxidative stress in patients with COPD, demonstrated by the increased of MDA in the plasma of 

these patients. Another study found that oxidative marker MDA is higher in COPD patients and 

its level correlate with lung functions and disease severity (Bajpai et al., 2017). 

1.2.4 Inflammatory cells involved in COPD  

The inflammation seen in COPD patients involves inflammatory cells of the innate 

(macrophages, neutrophils, eosinophils, mast cells, natural killer cells, innate lymphoid cells and 

dendritic cells), and adaptive (T and B lymphocytes) immune system, as well as structural cells; 

airway epithelial cells, endothelial cells, fibroblasts, and smooth-muscle cells. These cells secrete 

various pro-inflammatory mediators, including cytokines, chemokines, growth factors and lipid 

mediators, which are implicated in COPD pathogenesis (Barnes 2016) (Figure 1.7). 
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Figure ‎1.7: The complexity of inflammation in COPD. Different activated inflammatory immune 

and lung cells release several mediators; chemokines, ROS, which prolongs neutrophils’ survival; 

cytokines that amplifies inflammation. Macrophages secrete many inflammatory proteins that trigger the 

inflammatory process in patients with COPD including several chemokines that attract Neutrophils and 

lymphocytes. Proteinases including, NE, proteinase C (cathepsins), and MMPs cause elastolysis, and 

contribute to emphysema together with T lymphocytes. NE also causes mucus hypersecretion. Release of 

growth factors can induce fibrosis of the small airways. This combination of mediators that attract and 

activate inflammatory cells and proteinases results in the typical pathophysiology of COPD. 

Abbreviations: NE, neutrophils elastase; MMPs, matrix metalloproteinases; ROS, reactive oxygen 

species (adapted and updated from Barnes 2004). 

1.2.4.1 Structural Cells involved in COPD 

Airway epithelial cells can secrete cytokines that either initiate local inflammatory effects 

or amplify inflammatory events previously initiated by inflammatory cells. Airway epithelial 

cells activated by cigarette smoke and other noxious agents, produce inflammatory mediators, 

including tumour necrosis factor (TNF-α), interleukin-1β (IL-1β), granulocyte-macrophage 

colony-stimulating factor (GM-CSF) and TGF-β1, which activate myofibroblasts and airway 

smooth-muscle cells, causing cell proliferation and fibrosis. In addition, epithelial cells produce 

several chemokines that activate neutrophil recruitment in COPD, including leukotriene B4 
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(LTB4), IL-1 (CXCL1), IL-8 (CXCL8), CXCL9 or monokine induced by gamma 

interferon (MIG), CXCL10 (IFN-inducible protein 10) (IP-10) or small-inducible cytokine B10, 

and growth-related oncogene-a (GRO-a). IL-8 also mediates the chemotaxis of neutrophils, 

eosinophils and T-cells (Rovina et al., 2013).  

In patients with COPD, expression of CXCL10 by bronchial epithelial cells is increased, 

which may lead to accumulation of CD8 Tc1 and CD4 Th1 cells in the lung tissue. Airway 

epithelial cells secrete mucus from goblet cells, antioxidants and anti-proteases, all of which are 

involved in the defence system of the airways. However, cigarette smoke and other irritants 

affect this defence mechanism, causing mucus hyperplasia, which is common feature in COPD 

patients (Barnes 2016). Airway epithelial cells can modulate the production of histamine by 

basophil, and inhibit the production of the IL-4-mediated B-lymphocytes IgE production. Other 

structural cells include; Fibroblasts, myofibroblasts and smooth-muscle cells are thought to be 

involved in airway remodelling via production of collagen and proteoglycans (Giudetti and 

Cagnazzo 2012).  

1.2.4.2 Innate Immunity Cells 

The lungs of a COPD patient are infiltrated with increased numbers of macrophages, 

neutrophils, T lymphocytes, dendritic cells and B lymphocytes. Macrophages and neutrophils 

play a role in the pathogenesis of COPD by releasing proteinases that degrade the ECM and 

damage the lung parenchyma, leading to emphysema (Tubby et al., 2011).  

Monocytes recruited from the blood enter the lung tissues, where they differentiate into 

macrophages in addition to the tissue resident macrophages. A study reported the presence of 

macrophages with different phenotypes in lungs tissue of healthy subjects. Those cells either 

originate locally from pulmonary dendritic cells and alveolar macrophages or derived from blood 

monocytes (Desch et al., 2016). Macrophages are found in an increased number in the lungs of 

patients with COPD and are involved in host defence, airway remodeling and parenchymal 

destruction. It has been suggested that increased lung macrophage numbers are due to increased 

recruitment of blood monocytes. Further, cigarette smoke, which stimulates the expression of 

anti-apoptotic genes in macrophages, may delay apoptosis causing accumulation of macrophage 

in lung tissue and airways of patients with COPD (Ravi et al., 2017). Several studies have 
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reported that the increased numbers of macrophages, in the airways, lung tissue, Bronchial-

alveolar Lavage (BAL) fluid and sputum of COPD patients is correlated with the severity of 

emphysema. Data indicate that in COPD patients, alveolar and monocyte-derived macrophages 

are more activated and release higher levels of inflammatory mediators, includes chemokines, 

cytokines and proteases, while their phagocytic ability and apoptotic activity is reduced (Barnes, 

2016).  

When stimulated by cigarette smoke, activated neutrophils and macrophages release 

several inflammatory mediators, including, IL-6, IL-10, TNF-α, CXCL1, IL8, monocyte 

chemoattractant protein 1 (CCL2), LTB4 and (reactive oxygen species) ROS, all of which cause 

membrane lipid peroxidation and alveolar epithelial injury. Macrophages also secrete CXCL9, 

CXCL10 and CXCL11, which are chemotactic for Tc1 and Th1 cells. Alveolar macrophages 

release proteinases, including the matrix metalloproteinases (MMPs) MMP-2, MMP-9 and 

MMP-12; cathepsins K, L and S; and NE (Barnes 2016). Macrophages also secrete IL-8 and 

LTB4, to stimulate neutrophils to release IL-8 and LTB4 to attract further neutrophils to the site 

of inflammation (Toraldo et al., 2013). 

Increased numbers of neutrophils have been found in the sputum and BAL fluid of COPD 

patients and correlate with the severity of the disease. The migration of neutrophils from 

circulation into the respiratory tract involved adhesion molecules, cytokines, and chemotactic 

mediators include, LTB4, CXCL1, CXCL2, CXCL3, CXCL5 and IL-8, released by epithelial 

cells, alveolar macrophages and T-cells. The levels of these chemotactic factors have been found 

to be elevated in the airways of COPD patients (Blidberg et al., 2013; Caramori et al., 2014). 

Like macrophages, neutrophils secrete serine proteases, including NE, cathepsin G, proteinase-3, 

MMP-8 and MMP-9, all of which may contribute to alveolar destruction.  

It is likely that airway neutrophilia is linked to mucus hypersecretion in chronic 

bronchitis, because neutrophil elastase (NE), cathepsin G, and proteinase-3 are potent stimulants 

of mucus secretion from submucosal glands and goblet cells. It is suggested that mucus 

hyperplasia is induced by epidermal growth factor receptors (EGFRs), which are activated by NE 

secreted by neutrophils, causing release of transforming growth factor alpha (TGF-α) (a ligand of 

EGFRs) (Barnes 2004; Rovina et al., 2013). Andelid et al. (2015) found that concentrations of 
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neutrophil and NE protein were higher in both smokers with COPD and in healthy smokers than 

in healthy non-smoker subjects. 

Increased eosinophil numbers have been observed in the airways and BAL fluid of 

patients with COPD. However, others studies have not reported the same observation in airway 

biopsy specimens, BAL fluid or sputum. Dendritic cells can activate various inflammatory 

immune cells, including macrophages, neutrophils and T and B-lymphocytes, and may play an 

important role in the lungs inflammation response to cigarette smoke and irritants. Dendritic cells 

are located near the surface in airways and lungs, and so can inspect the entry of inhaled 

substances. Studies have shown increased numbers of dendritic cells in the lungs of COPD 

patients (Barnes 2016).  

1.2.4.3 Adaptive Immunity Cells 

B-cells have been observed in the airways organized into small primary or secondary 

follicles, and also found scattered in the parenchyma. These follicles are notable in patients with 

severe COPD but less in healthy smokers (Brandsma et al., 2017). Increased numbers of 

neutrophils and B lymphocytes are usually associated with severe COPD (Caramori et al., 2014). 

Several studies have examined the phenotype of T lymphocyte in the alveolar wall as different 

populations of lymphocytes involved in alveolar enlargement and lung destruction in COPD 

(Borchers et al., 2007).  

T-cells progenitors originate in the bone marrow and develop in the thymus. The major 

families of T-cells express either CD4 or CD8 on their surface. Different immunologic stimuli 

trigger differentiation of naive CD4 T-cells via different developmental pathways give arise to 

different T-cell phenotypes subsets such as; T-helper 1 (Th1) and T-helper 2 (Th2) cells, T-

helper 17 (Th17) cells and regulatory T-cells (Tregs). All these phenotypes are involved in host 

defence in different pathological or disease states. Other subsets of T-cells include cytotoxic T 

(Tc) CD8 cells are involved in pathogen elimination (George, 2008; Lane et al., 2010; Calder 

2015).  Th1 cells are involved in host defence against intracellular pathogens by secreting IL-12, 

IFN-γ, macrophage inflammatory protein (MIP)-1α, and MIP-1β which mainly activate 

macrophages during inflammation. Th2 cells are involved in clearance of extracellular 

pathogens, eosinophilic inflammation, and secret IL-10, IL-5, IL-4, IL-9, IL-13, and IgE in 
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allergic reactions, and enhance antibody production by B-cells. Treg cells have anti-

inflammatory, immune-regulatory and suppressive effects and are involved in adaptive immune 

responses. Tregs are able to suppress CD4 and CD8 T-cells and can be further subdivided into 

natural Tregs, inducible Tregs, Th3 cells that produce TGF-β and type I regulatory cells.  

Another T-cell, the γδ T-cell, can suppress the proliferation of and cytokine production 

by activated effector T-cells (George, 2008; Lane et al., 2010; Profumo et al., 2012). Other 

subtypes, the Th17 and Th9 cells, are involved in inflammation and pathogenesis in autoimmune 

diseases (Jager and Kuchroo, 2010; Profumo et al., 2012). IL-17 (IL-17A), which is produced 

mainly by Th17 CD4 and Tc17 CD8 cells, activates the release of CXCL1, CXCL8 and GM-

CSF from airway epithelial cells and smooth-muscle cells (Caramori et al., 2014). One study has 

suggested that Th17 cytokines are involved in the pathogenesis of COPD, as the levels of IL-

17A, IL-17F and IL-17R were increased in epithelial cells and infiltrated cells in the sub-

epithelium of both the small and large airways of COPD patients than in healthy controls 

(Montalbano et al., 2015). 

Cigarette smoke can stimulate adaptive immune responses in the lungs of COPD patients, 

through the activation of Tc, Th1 and Th17 cells, alongside B-cell antibody production. CD8 T-

cells, that clear viral infections, have been shown to be present in increased numbers in the lungs 

of patients with COPD. However, they fail to protect against respiratory viral infection. A study 

by McKendry et al (2016) confirmed a dysregulation of CD8 T-cells responses to viral infection 

in the lungs of COPD patients, which may explain both their susceptibility to viral infection and 

exacerbations. CD8 T-cells activate and recruit macrophages via producing different chemokines 

and cytokines such as IFN-γ.  Further, CD8 T-cells are able to induce cytolysis and apoptosis of 

alveolar epithelial cells through release of proteolytic enzymes such as perforins, granzyme-B, 

and TNF-α causing cell death (Majo et al., 2001). Some studies documented that the number of 

CD8 T-cells is increased in lung parenchyma and airways of patients with COPD with late stages 

of airflow limitation and emphysema. These findings may suggest a possible role of CD8 T-cells 

in the pathogenesis of emphysema in patients with COPD (Finkelstein et al., 1995; Saetta et al., 

1999; Majo et al, 2001). Domagała-Kulawik et al (2011) also showed that the proportions of 

CD8 T-cells in the blood of COPD patients were significantly higher than in healthy subjects. 

CD8 T-cells belong to regulatory cells family and this observation adds another argument to the 
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hypothesis that the autoimmune reaction plays a role in the pathogenesis of COPD. In contrast to 

the previous result, another study found that the number of CD4 T-cells was lower in COPD 

compared to controls, while there was no difference between COPD and control in CD8 T-cell 

and monocyte number (Roberts et al., 2015). 

It is thought that CD8 T-cells in COPD mainly protect lung epithelial tissue after 

exposure to smoke or other irritants. While different cell types and tissue continue to accumulate 

this affect T-cells function causing an increase of inflammation. Motz and colleagues reported 

for the first time that cigarette smoke exposure leads to the generation of pathogenic T-cells 

capable of inducing COPD-like disease in mice. Transfer of CD3 T-cells from the lungs of 

cigarette smoke-exposed mice into Rag2
-/- 

recipients induce pulmonary changes pathognomonic 

of COPD included; monocyte/macrophage and neutrophil accumulation, increased expression of 

cytokines and chemokines, activation of proteases, apoptosis of alveolar epithelial cells, ECM 

degradation, and emphysema (Motz et al., 2010). The numbers of Th17 cells, which secrete IL-

17A and IL-22, are also increased in the airways of patients with COPD and might involve in 

neutrophilic inflammation (Barnes 2016). Natural killer (NK) T-cells, also found in increased 

numbers in COPD lungs, may drive alveolar cell apoptosis via lung epithelial cell NKGD2 

ligands (Borchers et al., 2009). The interaction between inflammatory immune and structural 

cells involved in inflammatory mechanisms of COPD is simplified in (Figure 1.8). 
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Figure ‎1.8: Inflammatory and immune cells involved in inflammatory mechanisms of 

COPD. Inhaled substances such as cigarette smoke and other irritants activate alveolar macrophages 

(derived from circulating monocytes and differentiate within the lung) and epithelial cells in the 

respiratory tract to secret growth factors such as TGF-β and FGFs, which stimulate fibroblast 

proliferation, resulting in fibrosis in the small airways. These cells also release the pro-inflammatory 

cytokines TNF-α, IL-1β, and IL-6, all of which amplify inflammation,  and several chemotactic factors 

that attract inflammatory cells to the lungs, including CC-chemokine ligand 2 (CCL2), which acts on CC-

chemokine receptor 2 (CCR2) to attract monocytes, CXC chemokine ligand 1 (CXCL1) and CXCL8, 

which attract neutrophils and monocytes (which differentiate into macrophages in the lungs) and CXCL9, 

CXCL10 and CXCL11, which act on CXCR3 to attract T helper 1 (Th1) cells and cytotoxic T-cells (Tc 

cells). These inflammatory cells together with macrophages and epithelial cells release proteases, such as 

matrix metalloproteinase 9 (MMP9), which cause elastin degradation and emphysema and stimulate 

mucus hypersecretion. Abbreviations: Gran, granzymes; Per, perforin; neutrophils elastase, NE; (TGF)-

β, transforming growth factor; FGF, fibroblast growth factors, CTGF, connective tissue growth factor; 

MMPs, matrix metalloproteinases; NKT, natural killer T cells; NK, natural killer cells (adapted and 

updated  from Barnes 2010; Tubby et al., 2011). 
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1.2.5 Pro-inflammatory Biomarkers in COPD 

As previously mentioned, various immune cells and lung structural cells secrete a variety 

of pro-inflammatory mediators, including cytokines, chemokines, growth factors and lipid 

mediators, which play an important role in COPD pathogenesis and inflammation. Studies of the 

pathogenic mechanisms of COPD and newer technologies have identified diagnostic biomarkers 

of disease activity, which can be considered therapeutic targets of COPD. A biomarker may be 

defined as an indicator of measurable characteristics of normal biologic processes, the 

progression or severity of a disease or response to treatment. Hence, biomarkers could help 

physicians design targeted therapies based on patient biomarker levels. However, to evaluate the 

clinical utility of biomarkers in treating COPD patient, further research is required (Khan and 

Daga, 2015; Chen et al., 2016). Several biomarkers involved in the pathophysiology and 

inflammatory process of COPD have been identified and measured, but little is known about 

their relationship to COPD development, progression and severity (Korani et al., 2016).  

It has been documented that various pulmonary and systemic inflammatory biomarkers 

including, TNF-α, IL-6, IL-8, IL-18, fibrinogen, acute phase proteins, including C-reactive 

protein (CRP), serum amyloid A (SAA) and surfactant protein (SP-D), are elevated in patients 

with COPD when compared with healthy subjects (Barnes 2010, Toraldo et al., 2013, Williams 

et al., 2016). Previous studies have identified specific biomarkers that may distinguish 

individuals with COPD from healthy subjects. These biomarkers include, lung-derived Clara cell 

protein-16 (CC16), SP-D, extracellular matrix breakdown markers; MMP-8 and -9, and systemic 

inflammatory biomarkers include; fibrinogen, CRP, and cytokines; IL-6 and IL-8, CCL-18 

(Pinto-Plata et al., 2007). Markers that have been investigated as potential indicators for COPD 

can be determined from different samples include sputum, exhaled breath condensate, BAL 

fluid, lung biopsies and blood (Comes et al., 2016).  

A three-year cohort study of 1,843 COPD patients investigated the associations between 

mortality and the levels of several biomarkers, including SP-D, IL-6, IL-8, CC16, TNF-α, 

fibrinogen and CRP. Elevated plasma fibrinogen levels were found to be associated with 

increased risk of exacerbations in COPD patients. The results suggested that using a panel of 

specific biomarkers rather than individual biomarkers helped to establish clinical variables to 

predict COPD mortality (Celli et al., 2012). Furthermore, Chen et al. (2016) conducted a 
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systematic review to evaluate biomarkers that might be involved in COPD. The review included 

59 studies, in which the most commonly studied biomarkers were CRP, IL-6 and TNF-α. The 

results showed that CRP levels were higher in COPD patients than in control subjects, while IL-6 

and TNF-α had variable results. The use of CRP as a biomarker was investigated in 28 of the 59 

screened studies, and 26 of those studies reported a significant increase in CRP concentration. In 

the same line, another study reported that serum levels of circulating CRP were significantly 

higher in COPD patients than in healthy subjects. CRP is an acute-phase protein synthesized 

mainly by the hepatocytes in response to tissue damage or inflammation (Korani et al., 2016). 

Also a study by Kleniewska et al. (2016) concluded that CRP and fibrinogen are important 

systemic biomarkers and that IL1-β, IL-6, TNF-α and MMP-9 could be considered local 

biomarkers of inflammation in the airways of COPD patients. 

Fibrinogen could be the most promising blood biomarker of COPD and has been 

considered for qualification as a drug-development tool by the US Food and Drug 

Administration (USFDA) and the European Medicines Agency (Duvoix et al., 2012). 

Fibrinogen, an acute-phase plasma glycoprotein, is synthesized in the liver and converted by 

thrombin into fibrin during blood coagulation. The normal range of blood fibrinogen level is 1.5‒

3.5 g/L but can increase three folds when stimulated by increased IL-6 production (Khan and 

Daga, 2015). Several studies have investigated the association between fibrinogen and the risk of 

developing COPD, its progression, severity and related mortality. A higher level of blood 

fibrinogen was reported in COPD patients when compared with healthy subjects (Mannino et al., 

2015). Duvoix et al. (2012) reviewed the association between fibrinogen and COPD and 

concluded that fibrinogen is associated with COPD severity but does not predict the decline of 

lung function. In addition, fibrinogen may help to identify COPD patients at high risk of 

mortality and those at risk of future exacerbations. Furthermore, a review of data from five 

COPD studies reported high fibrinogen levels in 44.7% of COPD patients. It has been suggested 

that fibrinogen level higher than 350 mg/dL may increase the risk of exacerbation and mortality 

(Mannino et al., 2015). 
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The level of pulmonary biomarkers has been shown to be different in patients with COPD 

when compared with healthy control. Lower levels of CC16 secreted by Clara cells have been 

observed in the serum of COPD patients. Clara cells are epithelial cells located in terminal 

bronchioles and are involved in airway regeneration and immune responses following injury. In 

addition, the expression of SP-D decreases in the lungs of COPD patients, while the level 

increases in the plasma. SP-D, which is located in the endoplasmic reticulum of type II 

pneumocytes and the secretory granules of Clara cells, is thought to be implicated in COPD 

pathogenesis, including ROS production and inflammatory responses in alveolar macrophages 

(Khan and Daga, 2015).  

Cytokines are small extra-cellular signalling glyco-proteins that regulate the growth, 

differentiation and function of cells related to immune system response and inflammation 

(Arican et al., 2005). TNF-α is secreted by various structural and immune cells, including 

epithelial cells, macrophages, T lymphocytes and airway smooth-muscle cells, in response to 

pathogenic infection and during autoimmune response (Himmerich et al., 2006). TNF-α is 

involved in the pathogenesis of COPD by stimulating and releasing various pro-inflammatory 

mediators that cause tissue damage and remodelling. Serum levels of TNF-α is significantly 

higher in COPD patients than in healthy subjects (Korani et al., 2016). Furthermore, Selvarajah 

et al. (2016) found increased levels of TNF-α and IL-1β in the serum of COPD patients (GOLD 

stages A–C) and in some healthy smokers and healthy non-smokers. The levels of IL-1β are 

elevated in the sputum, BAL and serum of patients with stable COPD (Caramori et al., 2014).  

Another study confirmed that COPD patients had higher sputum concentrations of IL-6 

and IL-1β. IL-6 strongly triggers CRP production in the liver, and increased IL-6 plasma levels 

are associated with increased CRP levels in COPD patients. IL-6 levels in both the plasma and 

sputum of patients with stable COPD are higher than in controls (Caramori et al., 2014). 

Several CXC chemokines involved in recruiting inflammatory cells from the circulation 

to the lungs are elevated in COPD patients. IL-8 levels were found to be elevated in the induced 

sputum of patients with COPD, and this elevation was correlated with disease severity and 

increased further during exacerbations. In line with this observation, CXCL1 levels were found 

to be highly elevated in the sputum and BAL fluid of COPD patients, while CXCL5 expression 

was found to be increased in the airway epithelial cells during COPD exacerbations (Caramori et 
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al., 2014). Inflammasomes are multimeric cytoplasmic protein signalling complexes that regulate 

the expression of the pro-inflammatory cytokines IL-1β, IL-18 and IL-33 in response to various 

irritants, causing neutrophilic inflammation. NLRP3 inflammasomes have been found to be 

activated in patients with inflammatory lung diseases, especially during acute exacerbations, in 

response to invading pathogens, oxidative stress and ATP (Barnes, 2016). However, no increases 

in NLRP3 inflammasomes were found in patients with stable COPD, and only small increases 

were found in patients with severe COPD (Caramori et al., 2014).  

Human plasma and serum samples are widely used in clinical and biological studies. 

Plasma sample is the predominant biological sample to assess health and disease in clinical 

settings and in most of clinical trials (Yu et al., 2011). Serum is obtained from blood that has 

coagulated. During coagulation Fibrin clot formation removes proteins (e.g., fibrinogen) from 

the blood sample along with blood cells and related coagulation factors, which are separated 

from serum by centrifugation after blood collection. During this process, activated platelets 

release proteins include; proinflammatory cytokines and various metabolites into the serum, 

which can alter the biomarkers levels relative to plasma (Yu et al, 2011; O’Neal et al., 2014). 

Previous studies investigated the advantage of using plasma sample over serum. For 

examples, the concentrations analysis data of 163 metabolites in plasma and serum samples 

collected from 377 fasting individuals indicating good reproducibility in both matrices, and 

significantly better stability of plasma compared to serum (Yu et al., 2011). In the same line, a 

pilot study was performed in 24 COPD patients comparing serum, Ethylenediaminetetraacetic 

acid (EDTA) plasma, and EDTA plasma with proteinase inhibitors (P100™), to determine the 

most reliable sample type for measuring blood biomarkers in COPD cohort. Several biomarkers 

candidate involved COPD pathogenesis has different values in plasma and serum (e.g., 

fibrinogen, MMPs, and cytokines).The study results concluded that using serum and plasma 

were similar for most measured markers, with few exceptions include fibrinogen and 

MMP2.There was no difference in mean markers levels between EDTA plasma and P100 

plasma. These results suggesting that platelet activation alters concentrations of many 

biomarkers which in turn increase serum values, relative to plasma, for factors that are released 

from platelets or leukocytes during clotting. On the other hand, serum values decrease, relative to 

plasma, for factors that localized in clots (O’Neal et al., 2014). In the current study plasma 
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sample was preferred over serum because it can be separated immediately after blood collection, 

thus minimizing potential changes that may occur ex vivo. In addition, coagulation process 

consumes all blood clotting factors, and release biomarkers from platelets or leukocytes which 

makes serum unsuitable in measuring many biomarkers (Dakappagari et al., 2017). The 

variations of different biomarkers levels and age between patients with COPD and healthy 

controls from previous studies are summarised in (Table 1.2). In most of those studies COPD 

patients’ age is matching the healthy controls age. Thus variability in biomarkers level between 

patients and healthy subjects is not related to age. 

Table ‎1.2: Variations of biomarkers levels between patients with COPD and healthy 

controls from previous studies. 

Marker Proposed 

Pathophysiological 

role 

Sample Concentration 

in COPD 

Age 

Concentration  

in control 

Age 

Reference 

IL-6  

pg/ml 

Inflammatory cytokine Serum 

 

 

 

1.5 [0.8-3.1] 

40–75 yrs 

0.4 [0.2-0.9] 

40–75 yrs 

Agusti et al., 

2012 

14.016 ± 3.018 

[6.6-17.8]  

21- 77 yrs 

3.030 ± 1.076 

[1.9-5]  

18 - 68 yrs 

El-Shimy et 

al., 2014 

39.21±27.34 

73.1±13.0 yrs 

23.41±12.86 

74.5±7.9 yrs 

Wang et al., 

2014 

1.4 [0.42-2.1] 

66 (57-73) yrs 

 

0 Queiroz et al., 

2016 
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IL-8  

pg/ml 

Inflammatory 

chemokine 

 

 

Serum 

 

 

6.9 [3.2-13.3] 

40–75 yrs 

4.3 [2.3-7.2] 

40–75 yrs 

Agusti et al., 

2012 

47.12±30.00 

 

73.1±13.0 yrs 

21.70±18.61 

 

74.5±7.9 yrs 

 

Wang et al., 

2014 

10.57±0.55 

72 ± 4.7 yrs 

NA Liu et al., 

2014 

146.43 ± 28.52 

[64.8–188] 

21- 77 yrs 

36.2 ± 6.33 [25–

44] 

18 - 68 yrs 

El-Shimy et 

al., 2014 

 

6.0 

70.8±8.1 yrs 

 

 

5.5 

59.0±10.2 yrs 

 

 Ishikawa et 

al., 2015 

[0-57.5] 

 

66 (57-73) yrs 

0 
Queiroz et al., 

2016 

Fibrinogen 

mg/dl 

Blood coagulation 

factor  

Plasma 448.0 

[388.-517] 

40–75 yrs 

369.0 

[326-432] 

40–75 yrs 

Agusti et al., 

2012 

g/L 5.09±1.86 

 62.29± 7 yrs 

2.07±0.57 

62.29± 7 yrs 

Fattouh and 

AlKady 2014 
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Fibrinogen 

mg/dl 

Blood coagulation factor plasma 445 [387-512] 

63 (7) yrs 

NA Müllerova et al., 

2015 

300.0 

70.8±8.1 yrs 

289.0 

59.0±10.2 yrs 

Ishikawa et al., 

2015 

μg/ml  

 

Plasma 2,992 

[2,550-3,965] 

62 (50-71) yrs 

3,135 

[2,730-3,597] 

55 (51-64) yrs 

Akiki et al., 2016 

mg/dl 250.87 162.7 Thomas and 

Yuvarajan 2016 

CRP  

mg/L 

  

Acute phase reactants 

 

 

 

 

 

 

 

 

Serum 4.82 ± 1.97 

54 ± 7.58 yrs 

0.88 ±0.48 

53 ± 8.68 yrs 

Agarwal et al., 

2013 

39.46 

54 ± 7.58 yrs 

 

4.2 

53± 8.68 yrs 

Fattouh and Al-

kady 2014 

7.50±5.46 

73.1±13.0 yrs 

3.86±3.75 

74.5±7.9 yrs 

Wang et al., 

2014 

Plasma 

 

3.4 [1.7-8.5] 

63 ± 8 yrs 

0.6 [0.1-0.9] 

58 ± 5.9 yrs 

Gopal et al., 

2014 

3.2 [1.6-7.1] 

63 (7) yrs 

NA Müllerova et al., 

2015 



  

30 

 

CRP 

ng/ml 

 

 Serum 

 

594.0 

70±8.1 yrs 

327.0 

59±10.2 yrs 
Ishikawa et al., 

2015 

8.41 

[3.48-14.3] 

62 (50-71) yrs 

9.72 

[4.37-15.5] 

55 (51-64) yrs 

Akiki et al., 2016 

µg/ml 3.74± 0.20 

53.9± 5.95 yrs 

1.30 ±0.14 

49.37±14.37 

yrs 

Korani et al., 

2016 

TNF-α 

pg/ml 

 

 

 

 

 

 

 

 

 

 

 

 

Inflammatory cytokine 

 

 

 

 

 

 

 

 

Serum 

 

 

 

 

 

 

 

 

 

 

 

 

 

2.35 

[2.35-7.80] 

40–75 yrs 

2.35 

[2.35-2.35] 

40–75 yrs 

Agusti et al., 

2012 

 

112.7±80.20 

73.1±13.0 yrs 

 

73.46±50.44 

74.5±7.9 yrs 

Wang et al., 

2014 

3.16±0.77 

72 ± 4.7 yrs 

 

NA Liu et al., 2014 

43.833 ± 10.53  

[30.22–74.4] 

21- 77 yrs 

18.52 ± 4.028  

[12.2–24.2] 

18 - 68 yrs 

El-Shimy et al., 

2014 

35.88± 5.97 

53.9± 5.95 yrs 

8.79 ±0.57 

49.37±14.37 

yrs 

Korani et al., 

2016 
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TNF-α  

pg/ml 

 

Serum 
2.9 

[0.95-6.03] 

66 (57-73) yrs 

0.35 

[0-1.9] 

Queiroz et 

al.,2016 

CCL18/ 

PARC 

ng/ml 

 

Lung-inflammatory 

protein 

Chemokine/lymphocytes 

 

Serum 105 

63 (7) yrs 

80 

54 (9) yrs 

Sin et al., 2011 

Plasma 105 [82-136] 

63 (7) yrs 

NA Müllerova et al., 

2015 

IP10/ 

CXCL-10  

Inflammatory chemokine 

 

Serum 149.4 

[103-215] 

72.6 yrs 

111.7 

[82-178] 

67.4 yrs 

Quint et al., 2010 

CC16 

ng/ml 

 

 

Lung inflammatory protein 

 

 

Serum 

 

 

 

4.9 

64.5 (6.0) yrs 

 

6.4   

59.7 (8.8) yrs 

Lomas et al., 

2008 

8.5 

70.8±8.1  

yrs 

5.6 

59.0±10.2 yrs 

Ishikawa et al., 

2015 

7.29 

71.7 (8.23) yrs 

NA Labonté et al., 

2016 
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SP-D 

ng/ml 

 

 

 

 

 

 

 

Pulmonary protein 

involved in innate 

immunity 

 

 

 

 

 

 

Serum 

 

 

 

 

 

Sputum 

Serum 

 

 

 

 

Sputum 

Serum 

121.1 

[84.9–174.2] 

63.4±7.2 yrs 

82.2 

[56.1–117.7] 

53.2±8.6 yrs 

Lomas et al., 

2009 

138.07 

40–75 yrs 

NA Agusti et al., 

2012 

 

45.46±37.78 

173.23±186.93 

72 ± 4.7 yrs 

 

31.68±12.04 

89.59±70.29 

44 ± 8.5 yrs 

 

Liu et al., 2014 

 

 

 

 

 

59.6 

36.7 

70±8.1 yrs 

 

45.5 

21.1 

59±10.2 yrs 

 

Ishikawa et al., 

2015 

155.175 NA Doubková et al., 

2015 

1,510 

[986-2,174] 

62 (50-71) yrs 

1,269 

[664-1884] 

55 (51-64) yrs 

Akiki et al., 

2016 
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sRAGE  

pg/ml 

Pro-inflammatory 

recognition receptor of 

cell surface 

Plasma 

 

 

 

 

 

Sputum 

1351 

63.6 ± 6.9 yrs 

1797 

53.8 ± 8.9 yrs 

Cheng et al., 

2013 

512 

63 ± 8 yrs 

2531 

58 ± 5.9 yrs 

Gopal et al., 

2014 

500  

[300-900] 

5400 

[2800–5450] 

42.73 ± 6.26 yrs 

400  

[300-800] 

3630 

[2530–4550] 

37.29±4.46 yrs 

Hassanein et al., 

2016 

Data expressed as mean, mean ± standard deviation or mean [range]. Definition of abbreviations: IL-6, 

Interleukin-6; IL-8, Interleukin-8; TNF-α,Tumor necrosis factor;  CRP, creative reactive protein; CC16, 

clara cells 16; CCL18, Chemokine (C-C motif) ligand 18; CD31, cluster of differentiation 31; SP-D, 

Surfactant protein D; IP10, Interferon gamma-induced protein 10; sRAGE, Soluble receptor for 

advanced glycation end products. 

 

Findings of elevated levels of a cytokine or chemokine in COPD do not guarantee that 

blocking their actions will be effective as an anti-inflammatory therapy. Furthermore, although 

anti-cytokine trials were effective in animal models of the disease, inhibiting these mediators was 

not effective in clinical trials in human subjects with COPD. Some studies have reported that 

using antibodies to block IL-1β and IL-8 were not successful in treating COPD. In line with that, 

anti-TNF therapies were also ineffective in treating COPD and may increase the risk of infection 

and many side effects. For example, treatment with infliximab for six months showed no clinical 

benefit, with increased risk of lung cancer and pneumonia being observed (Caramori et al., 

2014).  
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Cytokines are not disease-specific biomarkers, as their levels may increase for various 

reasons, including inflammation, infection and autoimmunity. Therefore, cytokine levels may 

also be elevated in some healthy non-smokers as well as smokers and COPD patients, making it 

difficult to identify cytokines that are COPD-specific biomarkers. In summary, biomarkers could 

be used as factors predictive of the severity of inflammation in COPD patients, as their increase 

may indicate inflammation. However, many of these biomarkers are variable in stable COPD and 

are not appropriate to use when diagnosing or predicting the disease. In addition, some 

circulating cytokines have been found to be increased in combination but not individually 

(Selvarajah et al., 2016). The challenge is to determine whether all these biomarkers individually 

or in combination are useful in clinical practice. In addition, a clinically useful biomarker must 

be reproducible in stable disease, as are fibrinogen, SP-D and CC-16. Lack of reproducibility 

may limit the use of other biomarkers, including CCL18, CRP, IL-6 and IL-8 (Duvoix et al., 

2012). Therefore, the search continues for a single biomarker or combination of them that is 

viable for use in individual patients. 

In COPD patients, various growth factors enhance the differentiation and survival of 

inflammatory cells and structural cells, causing airway remodelling. For example, GM-CSF, 

which is secreted by macrophages, epithelial cells and T-cells in response to inflammation, 

stimulates the differentiation and survival of macrophages and neutrophils. In addition, TGF-β 

and fibroblast growth factors (FGFs) induce proliferation of fibroblasts and airway smooth-

muscle cells, causing fibrosis of the small airways (Barnes, 2009). There is an increase in pro-

inflammatory lipid mediator prostaglandins, PGE2 and PGF2α, and LTB4 levels in exhaled 

breath condensates of patients with COPD. LTB4 concentration is also increased in induced 

sputum (Barnes 2016). 
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1.2.6 Treatment 

Early diagnosis of COPD is recommended as lack of awareness and knowledge from 

patients with COPD leads to delayed diagnosis and medical treatment, especially in non-smoking 

individuals (Novgorodtseva et al., 2013; Dixon et al., 2016). To improve the health of COPD 

patients, smoking must be stopped and exposure to environmental and occupational risk factors 

must be reduced. In addition, yearly influenza vaccinations are recommended. Current treatments 

available for COPD include bronchodilator medications, corticosteroids, long-term oxygen 

therapy and pulmonary rehabilitation. The main corticosteroids and inhaled bronchodilators 

include improved long-acting β2-adrenergic receptor agonists, long-acting anticholinergics, 

theophylline and a combination of one or more of these. In addition, the phosphodiesterase-4 

inhibitor roflumilast decreases exacerbations in patients with severe airflow obstruction and 

chronic bronchitis. Novel therapies targeting systemic inflammation and oxidative stress include 

combination of 3-hydroxy-3-methylglutaryl coenzyme A (HMG-CoA) reductase inhibitors, 

statins, antioxidants and omega-3 PUFAs still under investigation (Williams et al., 2016). In a 

few severe cases of COPD, surgery, including lung transplantation and lung-volume reduction, 

may be recommended.  

Current treatments may decrease the frequency and severity of exacerbations and 

increase exercise capacity but are expensive and associated with side effects. While the global 

therapies cost for COPD exceeds $44 billion per year, these therapies still do not completely 

prevent symptoms, stop disease progression or systemic inflammation, reduce mortality or slow 

the long-term decline in lung function. Therefore, an effective, safe, affordable, therapy is 

needed to manage the progression of COPD and prevent exacerbations, thereby providing 

significant health and economic benefits (Meng et al., 2016; Kunnumakkara et al., 2018). 

Therefore, it is necessary to target specific inflammatory mediators or cytokines to block the 

inflammatory and remodelling processes. However, developing such COPD therapies continues 

to be a challenge because of the heterogeneity of the disease, as the symptoms not reflect 

specifically the biological process of the disease phenotype, and the lack of disease-specific 

biomarkers. (Decramer et al, 2012; Caramori et al., 2014; Roberts et al., 2015; Sin et al., 2015; 

Williams et al., 2016).  
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There is a need for a novel and accurate diagnostic test that would lead to early diagnosis 

to differentiate COPD from other respiratory diseases, to monitor disease progression, to predict 

exacerbation, to establish correct treatment to improve symptoms, quality of life and to avoid 

unnecessary hospital admissions (Comes et al., 2016, Dixon et al., 2016). Several studies have 

focused on improving dietary intake, which could slow COPD progression and improve 

management. In addition, many observational and experimental studies have evaluated dietary 

intake of individual nutrients throughout disease stages to clarify their role in the disease 

(Berthon and Wood, 2015). The next section focuses on the role of omega-3 PUFAs in COPD. 

 

1.3 Polyunsaturated Fatty Acids  

1.3.1 Biological Effects and Metabolic Functions  

PUFAs are the structural components of the phospholipids of all biological cells 

membranes and the substrates for eicosanoid synthesis (Liu et al., 2014). The length and degree 

of unsaturated fatty acids in membrane phospholipids are significant (Ristić-medić et al., 2013). 

Any changes in the fatty acids composition of the cell membranes may alter membrane fluidity, 

activities, including formation of lipid rafts, the permeability and transportation of membrane-

bound enzymes and the function of receptors. In addition, changes in composition affect cell-

signalling pathways, which may alter the activity of transcription factors, gene expression and 

most of the functions of immune system cells, including secretion, chemotaxis and sensitivity to 

microorganisms (Calder 2012; Novgorodtseva et al., 2013; Wald et al., 2014). PUFAs play an 

important role in regulating inflammatory processes and responses, and the balance between 

omega-3 and -6 PUFAs may play an important role in the progression and severity of 

inflammatory responses (Calder 2007). It suggested that chronic respiratory disease development 

is associated with disruption of the fatty acid composition in erythrocyte membranes and in the 

ratio between precursors of pro- and anti-inflammatory eicosanoids (Novgorodtseva et al, 2013). 
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Omega-6 fatty acid, linoleic acid (LA), and omega-3, α-linolenic acid (ALA), are 

essential fatty acids that the human body cannot synthesize and must obtain from the diet (Ristić-

medić et al., 2013). These essential fatty acids are absorbed by intestinal cells and then 

transported to the liver, to be metabolized via desaturation and/or elongation reactions to 

generate the long chains of the omega-3 and -6 PUFA families (Giudetti and Cagnazzo, 2012). 

Omega-3 and -6 PUFAs are recognised depending on the position of the first double bond from 

the methyl group end (Matsuyama et al., 2005). The omega-6 PUFAs include arachidonic acid 

(ARA), and the omega-3 PUFAs (also known as n-3 or ω-3) include eicosapentaenoic acid 

(EPA) and docosahexaenoic acid (DHA), a-linolenic acid (ALA), and docosapentaenoic acid 

(DPA) (Khorsan et al., 2014). Omega-3 fatty acids are an important family of PUFAs and 

involved in normal growth and development of various human tissues. EPA has 20 carbon atoms 

and 5 double bonds (20:5n-3). DHA has a chain with 22 carbon atoms and 6 double bounds 

(22:6n-3) (Figure 1.9) (Calder 2015). 
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Figure ‎1.9: Outline of the metabolic pathway of biosynthesis omega-3 fatty acids. DHA, 

docosahexaenoic acid; DPA, docosapentaenoic acid; EPA, eicosapentaenoic acid (Calder 2015). 

 

LA can be found in green leaves, various seeds and vegetable oils, including corn, 

sunflower, soybean, grapeseed and walnut. Omega-3 PUFAs like DHA and EPA are present in 

lean fish (cod), oily fish (salmon, tuna, mackerel, herring and sardine), other seafood, range-fed 

poultry, eggs and farm animals. Lean fish store lipids in their livers, while oily fish store lipids in 

their flesh. Other less biologically potent FAs include ALA found in green plant tissues, 

vegetable oils, including soybean, rapeseed, walnuts, canola oil, and flaxseed and linseed 

(Calder, 2012; Khorsan et al., 2014). 
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Several studies investigated the significance of the omega-6 to omega-3 fatty acid ratio in 

chronic inflammatory diseases. The ratio of omega-6 PUFA in the western diet has increased 

significantly compared to previous decades. The current western diet has a ratio of omega-6 to -3 

PUFAs that ranges from 20‒25/1, up from 1/1 (Mansara et al., 2015). Current studies 

recommended that lower intake of omega-6 compared to greater intake of omega-3 fatty acids 

may reduce the risk of many chronic inflammatory diseases; include CVD, inflammatory bowel 

disease, cancer, and rheumatoid arthritis. A lower omega-6 to omega-3 PUFAs ratio diet has 

been recommended in order to reduce the formation of pro-inflammatory eicosanoids from 

omega-6 PUFAs and to increase the production of anti-inflammatory mediators from omega-3 

PUFAs. The PUFA profiles in patients could be changed through consumption. A diet 

supplemented with omega-3 PUFAs partially replace omega-6 PUFAs in the cell membranes of 

erythrocytes, platelets, monocytes, lymphocytes and granulocytes, and colon, and hepatic cells 

(Ristić-medić et al., 2013; Khorsan et al., 2014). Thus, the fatty acid composition of human 

inflammatory cells influences the function of those cells (Calder, 2015). 

 

1.3.2 The role of PUFAs in Inflammation  

In Western diets the human cell membrane is typically rich in Omega-6 PUFA; ARA, 

which is the major substrate for the biosynthesis of the eicosanoid, a class of pro-inflammatory 

mediators, including, prostaglandin, thromboxanes, and leukotrienes. Eicosanoids are generated 

from ARA via the action of cyclooxygenase (prostaglandins, thromboxanes), lipoxygenase 

(leukotrienes) and/or cytochrome P450 pathways. These pro-inflammatory mediators are 

involved in regulation of inflammation, immunity, platelet aggregation, and smooth muscle 

contraction. However, excess production of eicosanoids from ARA may play a crucial role in the 

development of COPD, particularly in the recruitment of inflammatory cells in the airways, the 

regulation of vascular and bronchial tone and the development of oxidative stress which result in 

lipid peroxidation (Calder, 2014; Antus and Kardos, 2015). 

ARA can be replaced through oral administration of the omega-3 PUFAs; EPA and 

DHA, causing decreased production of eicosanoid pro-inflammatory mediators, and an increase 

in proportions of EPA and DHA in inflammatory cells. The effect of omega-3 fatty acids on 
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inflammatory cell responses, and on inflammatory processes, involves various mechanisms 

include modified cell membrane phospholipid fatty acid composition, alteration of lipid rafts, 

inhibition of activation of the pro-inflammatory transcription factor NF-κB so reducing 

expression of inflammatory genes, and activation of the anti-inflammatory transcription factor 

NR1C3 include; peroxisome proliferator activated receptor ɣ (PPAR-γ) (Calder, 2012; Calder, 

2015).  

In healthy subjects, dietary supplementation with omega-3 PUFAs has been associated 

with reduced levels of IL-1, thromboxane 2 and prostaglandin E2 and down-regulated expression 

of TGF-β (Ristić-medić et al., 2013). Furthermore, omega-3 PUFAs attenuated the ability of 

immune system inflammatory cells to produce several inflammatory cytokines; IL-1, IL-6, IL-8 

and TNF-α in healthy subject and rheumatoid arthritis patients (Matsuyama et al., 2005). The 

decrease of the inflammatory cytokines production may occur indirectly by altering the 

transcription-factor activation of various inflammatory genes. Thus, omega-3 PUFAs were 

investigated in many studies as therapeutic options in various chronic inflammatory diseases 

(Calder, 2015).  

1.3.3 Epidemiological and Clinical Studies of Omega-3 PUFAs in COPD 

The omega-3 PUFAs are involved in several human metabolic processes and considered 

as important components of cell membranes (Scaglia et al., 2016). Diets enriched with high 

amounts of omega-3 PUFAs have been shown to be beneficial in treating autoimmune diseases 

and inflammatory diseases, including rheumatoid arthritis (Miles and Calder 2012), CVD 

(Calder, 2017), neurological diseases, Crohn’s disease, and may benefit COPD patients (Calder, 

2012). Omega-3 PUFAs are beneficial in several inflammatory lung conditions including asthma 

(Miyata and Arita 2015), and COPD (Liu et al., 2014; Williams et al., 2016; Calder, 2018). In 

patients with COPD, a low omega-3 PUFA intake or conversion might be considered as a risk 

factor for chronic inflammation, and lung functional decline, through a variety of mechanisms, 

including cell surface and intracellular receptors, that control inflammatory cell signalling and 

gene expression (Atlantis and Cochrane 2016). There is support for this notion from a number of 

epidemiological and observational studies that have investigated the effects of omega-3 PUFAs 

on lung inflammation and COPD (Wood, 2015). In addition, experimental studies have shown 
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that higher intake of omega-3 PUFAs improves the immune system and may play a protective 

role in preventing and managing COPD (Toraldo et al., 2013; Wald et al., 2014).  

Fan et al. (2003) published the first study describing the correlation between dietary 

omega-3 PUFAs and T-cells. Their findings indicated that omega-3 PUFAs modulated the fatty 

acids composition of T-cell membranes and thus may influence the signalling pathway and 

modulate T-cells activation in vivo. Matsuyama et al. (2005) examined the effect of omega-3 

PUFAs on COPD patients. Their study investigated the l e v e l  o f  inflammatory mediators in 

64 COPD patients over two years. Patients were divided into two groups, each of which received 

a supplement. The first group received omega-3 PUFAs, and the second group received 

omega-6 PUFAs. The results showed that in those receiving the supplement rich in omega-3 

PUFAs, LTB4 levels in the serum and sputum decreased significantly, as did TNF-α and IL-8 

levels in the sputum. There was no significant change in the omega-6 PUFA-rich supplement 

group. This result indicated that diets supplemented with omega-3 PUFAs significantly 

decreased selected cytokine levels in COPD patients. Further, a longitudinal study published 

by Varraso et al. (2015) examined the effect of omega-3 PUFA intake from 1984–2000 on the 

risk of developing COPD. The study included 120,175 women and men. The results indicated 

that increased fish intake was inversely associated with the risk of COPD. Nordgren et al. (2014) 

examined whether dietary DHA supplementation could reduce the airway inflammation caused 

by organic dust exposure (ODE). They used DHA-treated human bronchial epithelial cells, lung 

fibroblasts, monocyte cell cultures, murine lung slices and an animal model in an in-vivo study. 

The results showed that DHA pre-treatment decreased production of ODE-induced inflammatory 

cytokines (IL-6 and TNF-α) dose-dependently. Collectively, these data demonstrate that DHA 

affects several types of lung cells to reduce airway inflammation and may be considered a 

therapeutic strategy for doing so.  

Omegas-3 PUFAs down-regulate the production of pro-inflammatory cytokines from 

monocytes and macrophages, decrease the expression of cellular adhesion molecules on 

monocytes and endothelial cells and reduce production of ROS in neutrophils (Berthon and 

Wood, 2015). It has been suggested that DHA and EPA are able to inhibit the activation of 

transcription factor NF-κB, consequently reducing the transcription of a number of inflammatory 

cytokines and chemokines. NFκB is involved in inducing the expression of inflammatory genes 
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encoding several cytokines, adhesion molecules, MMPs, COX-2, TNF-α, IL-1β, IL-6 and 

inducible NO synthase in response to inflammatory stimuli. In addition, EPA and DHA have 

been reported to decrease the production of the pro-inflammatory lipid mediators, prostaglandin 

E2 and LTB4 (Calder, 2012). EPA and DHA significantly decreased MMP-9 production and 

activity in PBMCs from healthy controls (Shinto et al., 2011). Yan et al. (2013) reported that the 

omega-3 PUFAs DHA and EPA exerted an anti-inflammatory effect by inhibiting activation of 

the NLRP3 inflammasomes, which prevented subsequent caspase-1 activation and IL-1β 

secretion. Another study reported increased levels of IL-10, an anti-inflammatory cytokine that 

inhibits the synthesis of many pro-inflammatory cytokines, when monocytes were treated with 

EPA and DHA. However, treatment did not affect levels of TNF-α and IL-6 (Jaudszus et al., 

2013). From all these data, it may be concluded that omega-3 PUFAs have anti-inflammatory 

effects and can decrease production of inflammatory markers associated with COPD progression. 

As mentioned earlier, cigarette smoke activates the ROS-sensitive MAPKs/NFκB 

signalling pathway, resulting in lung inflammation. Liu et al. (2014) confirmed that EPA 

possesses anti-inflammatory and anti-oxidant properties. They used a murine model and primary 

human bronchial epithelial cells to determine the effect of EPA. Their in-vivo and in-vitro 

observations confirmed that events induced by cigarette smoke were inhibited by either pre-

treatment or daily supplementation with EPA. These data confirmed that dietary antioxidant 

therapies targeting oxidative stress should help to improve lung inflammation induced by 

cigarette smoke. Another study investigated the effect of a novel anti-inflammatory intervention 

that included antioxidants, statins, omega-3 PUFAs; DHA and EPA, and lycopene on airway and 

systemic inflammation in COPD. The results confirmed that statins, omega-3 PUFAs and 

lycopene may have some anti-inflammatory effects systemically and that omega-3 PUFAs 

decreased expression of the leukotriene B4 receptor (LTB4R) gene and systemically increased 

levels of CXCL10. However, one limitation of that study is that it does not confirm whether the 

anti-inflammatory effects seen are from the combined use of rosuvastatin, lycopene and, omega-

3 PUFAs or whether they are an effect of long term statin use or just an effect of lycopene and, 

omega-3 PUFAs supplementation (Williams et al., 2016).  
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Several recent studies have linked higher blood levels of omega-3 PUFA and/or diet enriched 

with omega-3 PUFAs with higher longevity. For instant, Japanese are among the longest lived 

populations, have very high omega-3 PUFA levels. In 2004, the level of EPA and DHA in red 

blood cell (RBC) membrane was defined as the omega-3 index. It reflects the sum of the 

percentages of EPA and DHA measured in RBC cell membrane to total fatty acids content.  The 

omega-3 index is considered a marker of PUFA status. The recommended value of 8% or more 

of the total PUFAs probably prevents CVD in western populations. However, if the index value 

is lower than 4 %, there is an increased risk of mortality due to cardiovascular events. The 

question of whether increased intakes of EPA and DHA will prolong life remains unclear, as 

observational studies cannot confirm whether higher Omega-3 index will lower risk for death.  

Unfortunately, omega-3 index role has not been studied in other diseases (Scaglia et al., 2016; 

Harris et al., 2017). 

1.3.4 Omega-3 PUFAs Metabolites 

Resolution of the inflammation process is mediated by several endogenous pro-resolving 

lipid metabolites, and the entire system is balanced between pro-inflammatory and pro-resolving 

pathways. Several studies have reported that lipid mediators in the lungs may be involved in 

resolving lung inflammation. These pro-resolving lipid mediators are generated by the 

metabolism of PUFAs via several enzymatic reactions involving the cyclo-oxygenase and 

lipoxygenase and/or cytochrome P450 pathways. The anti-inflammatory and pro-resolving 

effects of omega-3 lipid metabolites, including resolvins, protectins and maresin, have been 

observed in a variety of pre-clinical model studies, including those in cells, tissues and animal 

models (Hsiao et al., 2013). In contrast, lipid metabolites that derive from omega-6 PUFAs, 

including prostaglandins and leukotrienes, act as pro-inflammatory mediators (Figure 1.10 and 

1.11) (Miyata and Arita, 2015). These metabolites often termed oxylipins to cover several 

metabolites originating PUFAs (Schunck et al., 2018). Omega-3 oxylipins display 

cardioprotective, anti-inflammatory, and anti-allergic properties that contribute to the beneficial 

effects of omega-3 PUFAs in different disease conditions. Include renal fibrosis (Sharma et al., 

2016), asthma and airway inflammatory diseases (Mochimaru et al., 2018). 
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Figure ‎1.10: Outline of the pathway of Omega-3 fatty acids and bioactive metabolites 

biosynthesis from ALA. Metabolism of eicosapentaenoic acid (EPA, C20:5, n-3) by COX-2 in 

combination with aspirin generates resolvins of the E series, which have pro-resolving activity. EPA 

conversion to DHA occur in multiple steps involving elongation, 6 desaturation, and -oxidation. DHA 

metabolism by LOX and COX in combination with aspirin generates resolvins and protectins of the D 

series. Abbreviations: ALA, α-linolenic acid; DHA, docosahexaenoic acid; EPA, Eicosapentaenoic Acid; 

COX, cyclooxygenase; LOX, lipoxygenase (adapted and updated from Giudetti and Cagnazzo 2012). 
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Figure ‎1.11: The biosynthesis of pro-resolving lipid metabolites. Omega-6 FAs arachidonic acid 

is a metabolic precursor to eicosanoids (prostaglandins and leukotrienes), that act as pro-inflammatory 

mediators. Omega-3 FAs are converted to resolvins and protectins with anti-inflammatory and pro-

resolving Properties (Miyata and Arita, 2015). 
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Several in-vivo studies have reported that resolvin E1, resolvin D1 and protectin D1 

inhibit the trans-endothelial migration of neutrophils, thereby preventing neutrophilic influx to 

the site of inflammation, and also enhance neutrophil removal by macrophage efferocytosis, 

increase phagocytic capacities, promote neutrophil clearance across the lung mucosa, and 

enhance wound healing. Defective macrophage efferocytosis in COPD patients may prevent the 

resolution of inflammation. In addition, these lipid mediators can increase lung resistance to 

infection during injury and decrease production of inflammatory cytokines induced by cigarette 

smoke (Nordgren et al., 2013; Barnes, 2016). It have been reported that the  biosynthesis of anti-

inflammatory lipid mediators, lipoxin A4 or protectin D1, are dysregulated in severe asthma, 

suggesting that chronic inflammation in the lung might result from an imbalance between pro- 

and anti-inflammatory molecule (Miyata and Arita, 2015). 

The intravenous administration of protectin D1 in a murine model decreased the number of 

inflammatory cells in mucus and BAL fluid and inhibited airway hyper-responsiveness. Protectin 

D1also inhibited TNF-α and IL-1β production and appeared to be involved in protecting tissue 

from damage (Serhan et al., 2008, Serhan et al., 2010). Resolvin D1 also has shown anti-

inflammatory effects. Its intravenous administration decreased IL-5 production, inhibited IL-1β 

and mucus production and eosinophil accumulation in the airways. In addition, resolvin D1 

enhanced phagocytosis in vitro and clearance of inflammatory apoptotic cells in the airway 

(Miyata and Arita, 2015). Furthermore, it promoted resolution of airway inflammation in mice 

caused by either acute lung injury or cigarette smoke (Hsiao et al., 2013). Resolvin E1 reduced 

the levels of IL-6 and IL-1β released in lung tissue following acute lung injury (Seki et al., 

2010). It also reduced IL-13 production, lymphocyte recruitment, and airway hyper-

responsiveness in a murine model of asthma (Aoki et al., 2008). Maresin-1 is the most potent 

pro-resolving mediator that activates macrophage efferocytosis. Therefore, a stable structural 

analogue of this mediator might be useful to COPD patients. Nordgren et al. (2013) showed that 

maresin-1 reduced the pro-inflammatory response of bronchial epithelial cells induced by 

exposure to organic dust. Thus, endogenous mediators or stable analogues of these mediators 

that activate the same receptors may promote resolution of inflammation in COPD patients 

(Barnes, 2016). 
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1.4 Aims and Objectives  

 

Aims 

There are several studies on COPD-related biomarkers. Recent studies indicated that 

several biomarkers might be involved in airway inflammation and immunity, but the available 

results on the association of some biomarkers with COPD are not consistent. There is a need for 

biological biomarkers for better evaluation of patients with COPD. This study aims to test the 

hypothesis that levels of inflammatory biomarkers are increased in circulation and from 

inflammatory cells in patients with COPD comparing to healthy subjects. Identification of 

plasma, pulmonary, and inflammatory immune cell biomarkers may facilitate improved 

diagnosis and prognosis in COPD.  

 

Chapter 3 

Hypothesis 

In the current study it was proposed that with the progression of pulmonary inflammation, the 

respiratory function will be reduced in COPD patients. Further a number of subjects’ 

demographics features (e.g. age, weight, BMI) could be correlated with pulmonary function data 

of the studied groups. 

Objectives 

1. Studying the baseline demographics, clinical characteristics and lung function tests of the 

study cohort. 

 

 

 

 



  

48 

 

Chapter 4 

Hypothesis 

It was proposed that with the progression of inflammation the level of systemic and pulmonary 

inflammatory biomarkers will increase too. Such a relationship could be utilized as a disease 

prognostic tool. Based on an analysis of the existing literature a number of potential biomarkers 

was selected for evaluation in the studied groups. 

Objectives 

1. Measure and compare the basal level of selected inflammatory markers in plasma 

samples of the study groups.  

2. Investigate the relationship between plasma level of inflammatory biomarkers and 

pulmonary function parameters in subject with COPD. 

 

Chapter 5 

Hypothesis 

It was proposed that the release of inflammatory biomarkers will increase from stimulated and 

unstimulated PBMCs from COPD patients when compared with PBMCs from healthy subjects. 

This will indicate that immune cell is already activated in COPD patients. Based on an analysis 

of the existing literature a number of inflammatory biomarkers was selected for evaluation in 

PBMCs of the study cohort. Additionally, it was hypothesized that omega-3 PUFAs, EPA and 

DHA could reduce the cytokine responses in PBMCs as these immune cells involved in adaptive 

and innate immunity. 

Objectives 

1. Measure and compare the inflammatory biomarkers basal release from PBMCs in the 

studies groups  

2. Investigation the immunomodulatory effect of omega-3 PUFA on in vitro PBMCs 

inflammatory mediators release in the three studied groups 
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Chapter 6 

Hypothesis 

It was proposed that fatty acids profile in RBCs from subjects with COPD is modified when 

compared to healthy subject; such alteration could be utilized as a disease marker. 

Objectives 

1. Investigating baseline fatty acid profiles of erythrocyte (RBCs) membrane in the study 

cohort and the association with COPD 
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2. Chapter 2 

2.1 Materials and Methods 

2.1.1 Ethical considerations 

The study was approved by the college ethics panel at Salford University. All subjects 

were recruited after informed consent by the Medicines Evaluation Unit (MEU), based at 

University Hospital South Manchester (Wythenshawe). MEU have ethical approval for the 

recruitment of subjects and provision of blood samples for these studies under the terms of the 

approval allows researchers to utilize and store clinical materials at third party (University of 

Salford) laboratories (see appendix A for ethics documents).  

2.1.2 The Characteristics of the Study Population 

2.1.2.1 Patient Population 

 The study population was divided into three groups: (1) Group included 15 patients with 

COPD (COPD). (2) Group included 15 healthy smokers (HS). (3) Group included 12 participants 

who were healthy, nonsmoking volunteers (HNS). Individual involved in collecting study cohort 

demographic features and pulmonary functions are staffs from MEU working in the research 

department. All participants were subjected to the following; through history taking, full clinical 

examination, routine laboratory investigations, body mass index (BMI), pulmonary function 

tests; FEV1, FVC, and FEV1%. The diagnosis of COPD and the assessment of its severity were 

defined and classified according to the criteria reported by GOLD guidelines for COPD 

management with the inclusion and exclusion criteria as stated below (Korani et al., 2016; Meng 

et al., 2016; Queiroz et al., 2016). 

The subjects included in this project were required to meet the following criteria; patients 

with COPD post BD FEV1/FVC ratio <0.70, pack year >10. Smokers with normal lung function, 

pre BD FEV1/FVC ratio >0.70, FEV1 >80% predicted, pack year >10. Healthy never smoked 

subject, pre BD FEV1/FVC ratio >0.70, FEV1 >80% predicted, pack year <1.  
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Exclusion criteria include: 

All healthy subjects with history of a chronic respiratory disorder 

All volunteers with the following;  

History of acute respiratory disease within 6 weeks prior to visit 

History of other non-respiratory inflammatory disease 

Blood safety review: Donated 1 pint (500mls) of blood in the last 16 weeks 

Got a chesty cough, sore throat or active cold sore 

Pregnant or a woman with a baby less than 9 months old 

Taking antibiotics or finished taking them within the last 7 days 

Had hepatitis or jaundice in the last 12 months 

Had acupuncture, ear piercing, and body piercing, tattooing or semi-permanent make-up in the 

last 4 months 

HIV positive or thinks they may be HIV positive 

Ever injected or been injected with drugs including body building drugs 

Been in contact with an infectious disease or been given immunisations in the last 8 weeks 

Any known Haemophilia or a related blood clotting disorder who has received clotting factor 

concentrates or had a history of anaemia 

2.1.3 Collection and Processing of Blood Samples 

Different types of samples can be utilised to identify COPD biomarkers, those samples 

can be obtained either from the lung or from the system. Samples from the lungs could be 

sputum, exhaled breath, BAL fluid and biopsies. However, Sputum requires expertise and time. 

Exhaled breath has poor reproducibility and low protein content. Additionally, BAL fluid and 

biopsies samples techniques are high risk, invasive, and expensive even it provide with more 

data on whole lung sections. Samples obtained from system could be plasma or serum. Although 

systemic samples are easier to obtain, with low risk technique, high reproducibility data, 
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however the blood may have a smaller biomarker signal compared to those obtained directly 

from the lung samples (Bradford et al., 2017). 

Blood have been used as a suitable source of inflammatory cells in many studies 

investigating disease pathogenesis and evaluating the effects of candidate novel therapies. The 

advantage of blood is ease of collection samples, non-invasiveness, high reproducibility, and the 

ability to standardise measurements for most assays (Chen et al., 2016; Bradford et al., 2017). In 

the current study, blood sample was selected for biomarker investigation and also because from 

blood sample other fractions, that are required in the current study, can be recovered includes 

PBMCs and RBCs. Those fractions will be required in the current study for circulating 

biomarkers investigation and fatty acid analysis.  

Patient recruitment and samples collection and started on February 2016 and continued 

until March 2017. Whole blood samples 20 ml were collected into vacutainer tube, containing 

EDTA as an anticoagulant from each patient of the studied groups. Individuals involved in 

sample collect are technicians and staff from MEU working in the research department and with 

experience in research subjects’ recruitment and have knowledge of the study protocol. Blood 

samples were then transported and processed by the academic team at University of Salford. 

Samples were processed and stored according to guidelines at the University of Salford. Samples 

were collected and processed on the same day. However, only few samples were collected on the 

next day. Each sample was provided with patient number, date of collection and study group. 

Assessment of outcome was blinded to exposure status and no patient identifiable data was used 

in the analysis or publication of the results.  

2.1.3.1 Sample Processing 

Each blood sample 20ml was mixed with Roswell Park Memorial Institute 1640 media 

(RPMI 1640) (Bioser, Labtech International Ltd, Sussex, UK) without supplement in a 1:1 ratio 

then diluted blood layered onto Biosera Ficoll lymphocyte separation media (sterile, filter, 

Labtech International Ltd, Sussex, UK) in a ratio 1:1 in a slow stream to maintain the gradient 

and centrifuged (400g, brake setting at 9, accuspin 400centrifuge, Fisher Scientific, 

Leicestershire, UK) for 30 mins in room temperature. The plasma top layer was collect in five 

1ml aliquots and stored at – 80 ͦ C for later analysis. The blood bottom layer (RBCs) was collect 
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in five 0.5ml aliquots and stored at – 80 C for later analysis. Samples were labelled with 3-line 

code using the Brady BMP-21 label printer as follow: 

CPXXXX-YY 

ZZ/ZZ/ZZ 

01 

Abbreviation definition: 

CP=study code (COPD PUFA) 

X=Patient identifier (MEUXXXX)  

Y=sample type (PL=plasma; PB=PBMCs; RB=RBCs) 

Z=date (format 26/03/16, for 26th March 2016) 

01=aliquot number 

 

2.1.3.2 Purification of PBMCs by Ficoll Density Gradient Protocol  

The interface layer of enriched PBMCs was removed carefully using a sterile Pasteur 

pipette to a new tube, washed with RPMI (no supplement) to comprise a 40 ml total volume and 

centrifuged (400g, brake setting at 0, accuspin 400centrifuge, Fisher Scientific, Leicestershire, 

UK), for 10 mins at room temperature. The top layer was aspirated and cell pellet containing 

PBMC was resuspended in RPMI 1640 medium supplemented with 1% (v/v) L-glutamine 

(Lonza, Verviers, Belgium), 10% (v/v)  fetal bovine serum (FBS) (Biosera, Labtech International 

Ltd, Sussex, UK), 1% (v/v) penicillin (100 U/ml), and streptomycin (100 mg/ml) (Biosera 

antibiotic-antimycotic, Labtech International Ltd, Sussex, UK).  

A total cell count was performed using the Marienfeld Neubauer improved 

hemocytometer (Lauda-Königshofen, Germany) and viability was evaluated by the trypan blue 

exclusion method, where a volume of 10 µl of cell suspension was diluted in 10 µl Trypan blue 

solution (0.4%) (Sigma, Ayrshire, UK) in an Eppendorf tube and a viable count was performed 

under light microscopy. Ten microliters of Trypan Blue-cell suspension was applied to 
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the hemocytometer very gently to fill both chambers underneath the coverslip, allowing the cell 

suspension to be drawn out by capillary action. Unstained cells in the four sets of 16 corners 

squares of the hemocytometer were counted using hand tally counter.  The average cell count 

from each of the sets of 16 corner squares was multiplied y by 10,000 (10
4
) and again multiplied 

by 5 to correct for the 1:5 dilution from the Trypan blue addition. The final value is the number 

of viable cells/mL in the original cell suspension 

The cell count was adjusted to a concentration of 1×10
6
 cells/ml and stored in frozen 

media mix, FBS with 10% dimethyl sulfoxide (DMSO) (Fisher Scientific, Leicestershire, UK). 

During cryo-preparation of cells DMSO is act as cryo-protectant for cell membrane during the 

freezing process. Cryovials were placed into a Mr Frosty container (Fisher Scientific, UK), 

which slows the rate of cooling to approximately -1°C per minute. The Mr Frosty container was 

transferred to -80ºC for 24hrs, after which cryovials were then placed in liquid nitrogen storage 

for long term storage (Figure 2.1).  
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Figure ‎2.1: The Ficoll density gradient techniques for separation of PBMCs. Blood is diluted 

with RPMI media (1:1), then layered on Ficoll separation media (1:1) and centrifuged as indicated in the 

text. Top layer plasma were removed and stored, PBMCs are enriched in the interphase between plasma 

and Ficoll layers, whereas red blood cells are pelleted. 

 

2.1.3.3 Recovery of PBMCs 

A cryovial of PBMCs was removed from the liquid nitrogen and thawed with agitation in a 

37°C water bath (Fisher Scientific, Leicestershire, UK) for one minute.  The vial was then wiped 

with 70% ethanol (Fisher Scientific, Leicestershire, UK) before opening it in biological safety 

cabinet (Labgard class II biology safety cabinet, Thermoscientific, UK), and the content of the 

vial was transferred aseptically into a new sterile 50 ml tube containing 10 ml of RPMI 1640 

media without supplement. This was centrifuged at 400g, for 10 mins (plate Eppendorf 

centrifuge 5804/ Heraeus™ Megafuge™ E16 Centrifuge, Fisher Scientific, Loughborough, UK). 
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Cells were re-suspended in 1ml RPMI media with supplement, and then a cell count was 

performed as described earlier (section 2.1.3.2). The cell concentration was adjusted (with RPMI 

media) according to the experiment protocol. 

2.1.3.4 Enzyme-linked Immunosorbant Assays (ELISA) 

Several methodologies have been developed for measuring biomarkers. ELISA is 

currently the most commonly used technique to measure biomarkers due to the high specificity 

and sensitivity. Using the same principle, more rapid, automated method like bead-based 

multiplex immunoassays (MIA) have been developed to detect  multiple cytokines in a single 

sample (Jager et al., 2009).  ELISA is a common laboratory technique which depends on a plate-

based assay designed to measure the concentration of different substances such as proteins, 

antibodies and hormones in a complex biological matrix (e.g. plasma, serum, blood, tissue). In 

the ELISA assay, an antigen must be immobilized to a solid surface usually a polystyrene multi-

well plate and then complexed with an antibody that is linked to an enzyme. Detection is 

achieved by conjugated enzyme activity when incubated with a substrate to produce a 

measureable coloured end product, which reflects the amount of target present in the original 

sample. ELISA assays are rapid and the simple technique permits high throughput of samples. 

2.1.4 ELISA for R&D Systems-based 

2.1.4.1 Reagent Preparation  

ELISA duoset kits (R&D Systems, Oxford, UK) were used to measure the biomarkers 

release in recovered supernatants from PBMC culture and plasma samples. Detail of ELISA 

sensitivity ranges for each biomarker and the required reagents diluent and sample needed for 

each assay is summarised in chapter (4 and 5). Anti-human capture antibody was reconstituted in 

0.5 ml of PBS and further dilution was made in PBS, to the working concentration. Anti-human 

detection antibody was reconstituted in 1.0 ml of reagent diluent 1% BSA in PBS, and further 

dilution was made in reagent diluent to the desire working concentration.  
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2.1.4.2 Standard Preparation 

Each recombinant human standard vial was reconstituted with 0.5 mL of deionized H2O 

or PBS according to manufacture instructions.  After initial reconstitution, 1ml of high standard 

was prepared per plate assayed at the concentration indicated. A seven point standard curve 

using 2-fold serial dilutions in reagent diluent was prepared (Figure 2.2).Working dilutions 

should be prepared on experiment day and used immediately. 

 

 

Figure ‎2.2: The preparation of seven point standard curve using 2-fold serial dilutions in 

reagent diluent (examples; recombinant human IL-6 Standard, rndsystems.com). 

 

2.1.4.3 Sample Preparation and Cell Culture  

The PBMCs were isolated from 20mL of whole blood consisting of anti-coagulant EDTA 

from patients with COPD, healthy smokers and healthy nonsmokers on Ficoll density gradient by 

centrifugation at 400 ×g at the room temperature for 30 minutes as previously mentioned. Before 

performing the experiment, PBMCs from frozen were washed and counted. The total cell count 

was calculated by using trypan blue exclusion method. Cell suspension was diluted 1:1 (v/v) 

with 0.4% trypan blue, and the viable cells were counted and compared with the total amount of 

cells in the suspension and in all of the experiments. The cell suspension was adjusted to 1×10
6
 

cells/ml. 
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2.1.4.4  ELISA Assays Procedures 

The biomarkers measurement was performed on plasma and the supernatant of the 

cultured PBMCs samples. The following procedure is for the R and D System Company. All 

assay steps are summarized in (Figure 2.3). 

Day 1: 

A 96-well plate was coated with 100 μl of the diluted anti-human capture antibody per 

well. The plate was sealed (Greiner Bio-One GmbH, Ltd, Stonehouse, Germany) and incubated 

overnight at room temperature. 

Day 2: 

The 96-well plate was washed twice with wash buffer (0.05% Tween® 20 in PBS, pH 

7.2-7.4) using auto washer equipment (Mikura, West Sussex, UK). After each wash step any 

remaining wash buffer was removed by blotting the plate against clean paper towels. The plate 

was blocked by adding 300μl of reagent diluent, 1% BSA in PBS, pH 7.2-7.4, 0.2 μm filtered, to 

each well, and was incubated at room temperature for a minimum of 1 hour. The wash step was 

repeated and 100μl of sample or standards was added per well as duplicate. The plate was sealed 

with an adhesive strip and incubated 2 hours at room temperature. The wash step was repeated 

and 100μL of the diluted detection antibody was added to each well. The plate was sealed with 

an adhesive strip and incubated 2 hours at room temperature. The wash step was repeated and 

100μl of the working dilution of Streptavidin-HRP (streptavidin conjugated to horseradish-

peroxidase, 1:40) (R&D Systems, Catalog #DY 893975) was added to each well. The plate was 

covered and placed away from direct light for 20 minutes at room temperature. The wash step 

was repeated and 100μl of substrate solution, a mixture of color reagent A (H2O2) and color 

reagent B (Tetramethylbenzidine) (1:1, R&D Systems, Catalog # DY999) was added to each 

well and plate was incubated for 20 minutes at room temperature away from direct light, then 

50μl of stop solution (2 N H2SO4) (R&D Systems, Catalog # DY994) was added to each well.  

The optical density of each well was determined using a microplate reader (Varioskan LUX 

Multimode Microplate Reader, Thermo Fisher Scientific, UK) (see appendix B for software user 

manual guide), set to 450 nm with a wave length correction at 570nm. A standard curve was 

constructed by plotting the mean absorbance for each standard on the y-axis against the 
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concentration on the x-axis and a best fit curve was drawn through the points on the graph. The 

concentration of biomarkers in sample was determined by interpolating the blank control 

subtracted absorbance values against the standard curve. Resulting value was multiplied by the 

appropriate sample dilution factor to obtain the concentration of biomarker in the sample. Three 

experiments were performed and standard error was determined from the standard deviation 

derived from the means of total sample number. 

 

Figure ‎2.3: DouSet ELISA system Assay principles. 1) Analyte- capture antibody is bound to 

polystyrene 96-well microplate. Unbound capture antibody is washed away. Plates are blocked and 

washed.2) Samples or standards are added and any analyte present is bound by the immobilized 

antibody. Unbound materials are washed away. 3) streptavidin-HRP binds to the detection antibody. 

Unbound streptavidin-HRP is washed away. 4) TMB substrate is added to the wells and a blue color 

develops in proportion to the amount of target analyte present in the sample. Color development is 

stopped by stop solution turning the color in the wells to yellow. The absorbance of the color at 450 nm is 

measured (rndsystems.com). 
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3. Chapter 3: Studying the baseline demographics, clinical 

characteristics and lung function tests of the study cohort 

 

 

3.1 Background 

According to GOLD accepted definition COPD is a ‘‘disease state characterised by airflow 

limitation that is not fully reversible’’ (Korani et al., 2016). The diagnosis of COPD is based on 

the presence of respiratory symptoms, and the demonstration of chronic airflow obstruction. The 

main cause of airflow limitation is small airway remodelling and emphysema (Sileikienė et al., 

2017). Many COPD patients are diagnosed on the basis of clinical symptoms and without the 

assessment of airflow limitation with spirometry. Inadequate diagnosis of COPD can lead to 

insufficient treatment, increase health costs and patient’s hospital readmission (Andreeva et al., 

2017). There are several pulmonary function tests that can be used to assess COPD diagnosis, 

including spirometry measurements, gas transfer (diffusing capacity), lung plethysmograph also 

known as total lung capacity (TLC), arterial blood gas analysis, BODE (BMI, airflow 

obstruction, dyspnea and exercise capacity). 

In COPD patients, TLC is increased as a result of the destruction of lung tissue by 

emphysema. This leads to a loss of elastic recoil that allows the lungs volume to increase. 

Another lung function test is diffusing capacity of carbon monoxide (DLCO) which measures the 

ability of the lungs to transfer carbon monoxide (DLCO) from inhaled air to the hemoglobin of 

the red blood cells in pulmonary capillaries. The DLCO decreases with increasing severity of 

COPD because of parenchymal destruction and loss of pulmonary alveoli and capillary bed due 

to emphysema, which lead to decrease surface area available for gas transfer (Bailey 2012; 

Boutou et al., 2013).  

Spirometry measurements of FEV1% and FEV1/FVC reflect disease severity of airflow 

obstruction, and play a fundamental role in classifications of the COPD into different stages 

(FernaÂndez-Villar et al., 2018). Clinical trials in COPD normally include measuring one of the 

main parameters of lung function which is FEV1%. It is importance because it reflects the index 

of airflow obstruction that measures both symptomatic relief and disease progression (Korani et 
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al., 2016). FEV1 is the volume of air that is forcibly exhaled in the first second, whereas forced 

vital capacity (FVC) represents the total volume of air in the lungs can be exhaled after a full 

inspiration. The FEV1 has been used to classify COPD patients to different stages according to 

disease severity and to describe progression of the disease (Cazzola, et al.,  2008).Whereas FVC 

is a parameter for lung restriction, and lung fibrotic diseases (Shibata e al., 2013). GOLD fix cut-

off values of FEV1% <80% with a post-bronchodilator FEV1/FVC ratio <70% were classified as 

having airway limitation with a possibility of COPD. However, there was controversy about the 

fix cutoff value, so the GOLD guidelines and the combined American College of Physicians, 

American College of Chest Physicians, American Thoracic Society (ATS) and the European 

Respiratory Society (ERS) COPD guidelines recommend using the reference cutoff of <0.70, 

regardless of age and gender. Because FEV1/FVC ratio is known to decrease by age, so using 

this cutoff is not perfect as it may lead to an over-diagnosis of COPD in the elderly or an under-

diagnosis in young patients (Bailey 2012). In 2004, the ERS and the ATS recommended the use 

of the lower limit of normal instead of fixed cut-off values.  The lower limit of normal can be 

calculated from age corrected and defined by the lower fifth percentile of the reference 

population (Andreeva et al., 2017). 

Most longitudinal studies of COPD do not have post-bronchodilator lung function 

available. A Previous study analysed data from the Lung Health Study (randomized multicenter 

clinical trial) to determine whether pre- or post-bronchodilator lung function predicts mortality. 

Survival analysis and logistic regression predicting death and controlling for age, sex, smoking 

status, and measures of lung function were conducted. The study found that both pre- and post-

bronchodilator lung function predicted mortality with a similar degree of accuracy (Mannino et 

al. 2011). However a study finds that post-bronchodilator spirometry may be a more accurate 

measure of COPD and should be used for COPD diagnosis and classification (Fortis et al., 

2017). Reversibility of airway obstruction is commonly used in clinical and research studies that 

reflect the COPD patients respond to bronchodilators. The values of FEV1and FVC before and 

after the bronchodilator administration are compared, and the change is calculated. Significant 

reversibility is identified by the ATS as an absolute changes of >12% and > 200 mL in the 

baseline FEV1 and/or FVC, while the ERS recommends a change of >9% of the FEV1 (Richter 

et al., 2008; Tan et al., 2012; Müller et al., 2016). 
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In 2011, ERS published a report in order to establish clear diagnostic criteria and 

standardised methods to examine COPD. Their report strongly recommended measuring many 

different parameters of COPD patients include; spirometry measurements, respiratory symptoms, 

exacerbation frequency, comorbidity assessment, BMI, biological biomarkers, and chest 

radiography, to provide a better understanding of the disease. There are several problems 

regarding the diagnosis of COPD include different COPD definitions, a gap between the 

epidemiological and the clinical studies definition of COPD, and two proposed FEV1/FVC cut-

off values for defining COPD. Further epidemiological and clinical studies are needed to 

improve the diagnosis of COPD (Andreeva et al., 2017). 

 

3.1.1 Objectives 

 To study the comparison of baseline demographics and clinical characteristics between 

COPD patients, healthy smokers and healthy controls. 

 To investigate the association between demographics and clinical characteristics and lung 

functions Parameters in COPD patients 

 

3.2 Method 

The study was conceived and forms an ongoing collaboration with the Medicines 

Evaluation Unit (MEU) and North West Lung Centre (NWLC) at University Hospital South 

Manchester (UHSM), part of Manchester University Foundation Trust. As such they are subject 

to NHS local research ethics committee approval (NREC), in this case South Manchester Ethics 

Committee. These studies are encompassed within an existing NREC approval for the use of 

human lung surgical resections for research into mechanisms of inflammatory lung diseases (ref: 

03/SM/396). A cohort of 42 subjects enrolled in this study; 15 patients with COPD, 15 healthy 

smoking controls and 12 healthy nonsmoking controls was evaluated. All patients met the GOLD 

recommended spirometry criteria included pre-bronchodilator FEV1% (pre FEV1%) of less than 

80% of the reference value with a pre-bronchodilator FEV1 to FVC ratio (pre FEV1/FVC ratio) 

of less than or equal to 70%. Details of the study cohort inclusion and exclusion criteria’s was 
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mentioned earlier (Chapter 2). All patients underwent spirometry to diagnose airflow limitation 

including; the pre- and post-FEV1, FEV1% and FVC, as well as the FEV1/FVC ratio. Smoking 

data was collected by lab technicians from MEU. A form on smoking status was used to record 

the number of cigarettes smoked per day and the years since starting smoking. Then the number 

of pack year history (PYH) was determined as the average number of cigarettes smoked per day 

multiplied by the years since starting smoking. All subjects gave written informed consent and 

the study was approved by the research ethics committee at Salford University (see appendix A). 

 

3.3 Statistical Analysis  

The data were expressed and graphed as mean (standard deviation; SD). The D’Agostino–

Pearson omnibus normality test was performed to test normality of the data distribution. For data 

normally distributed, paired t-tests or one-way ANOVA analysis of variance followed by Tukeys 

multiple comparison post-test was performed to determine whether the differences between the 

groups were statistically significant. Otherwise, if data are nonparametric comparisons were 

made using Kruskal–Wallis analysis followed by Dunn’s multiple comparison tests. Differences 

were considered significant if the probability (P) value was <0.05, highly significant if P value 

was <0.01 and P value <0.001, and insignificant if P value was >0.05. Correlation analyses of 

two variables were carried out using Pearson methods, depending on the normality of the data 

distribution. All statistical analyses were performed using graphpad prism and InStat software, 

version 7.04 and 3.10.32 respectively. During the planning of the study, no power analysis was 

performed. However, a post hoc power analysis (Wilcoxon-Mann-Whitney test) justifies the 

sample size. Power and sample size analysis was calculated using G*power software version 3. 
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3.4 Result 

The data were normally distributed and therefore multiple comparisons between groups 

were made using paired t-tests or one-way ANOVA analysis for unpaired data of variance 

followed by Tukeys multiple comparisons post-test to determine whether the differences 

between the groups were statistically significant. The baseline demographic clinical 

characteristics, and pulmonary function test results of all participants at recruitment, are featured 

in Table 3.1 and Figure 3.1.   

3.4.1 Comparison of Baseline Demographics and Clinical Characteristics between Groups 

at Baseline 

On classifying the patients according to severity of the disease, most of the patients in the 

current study were in the moderate category (73.4%) with a few in the mild (20%), and only 

6.6% patients in the severe category of COPD as per the GOLD guidelines. On average, patients 

with COPD were older than the healthy smoking and healthy nonsmoking subjects. There was a 

significant difference in age average between COPD patients and healthy smokers (66.4 vs 56.3, 

P<0.05). Further, extremely significant difference in age average was observed between COPD 

patients and healthy nonsmokers (66.4 vs 50.1, P<0.001). Healthy nonsmoking subjects were 

slightly younger than healthy smoking subjects. There was a significant difference in weight 

between patients and healthy nonsmokers (P=0.0436). Patients were with low weight when 

compared with healthy nonsmoking control. The body mass index (BMI) was calculated as 

weight in Kg dividing by height square (m
2
). At baseline, 53.3% were of normal weight (BMI 

20–25 kg/m
2
) and 46.6% were overweight (BMI >25 kg/m2). So, none of patients were 

underweight (BMI <20 kg/m
2
). There were no significant differences between the three groups in 

terms of the body mass index (BMI) (P>0.05).   

The smoking status between the smoker groups was significantly different. As expected 

the mean value of smoking exposure or PYH was significantly higher in COPD group when 

compared with healthy smokers. All patients were regularly using inhaled corticosteroids (ICS) 

and long-term bronchodilators medication except one patient. Patients were using short-acting 

bronchodilators (SABA), long-acting bronchodilators (LABA), and long-acting muscarinic 

antagonists (LAMA) therapies. 

https://www.ncbi.nlm.nih.gov/pubmed/26196545
https://www.ncbi.nlm.nih.gov/pubmed/26196545
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3.4.2 Comparison of Lung Function and Spirometry Measurements between Groups at 

Baseline  

After spirometry testing it was found that patients with COPD had lower FEV1% 

predicted, and greater airflow obstruction as expected, complained of more symptoms. Healthy 

smoking and healthy nonsmoking subjects had normal spirometry. In general, the mean value of 

FEV1, FVC, FEV1%, and FEV1/FVC ratio were significantly lower in COPD group when 

compared with healthy smoking and healthy nonsmoking groups (p < 0.05). The mean value of 

FEV1% was statistically significantly different between COPD (52%) and healthy smoking 

(99.5%, P < 0.001), as well as healthy nonsmoking groups (99.6%, P < 0.001). The mean value 

of FEV1% is positively correlated with the disease stage. This means that patient respiratory 

functions are decreasing with the increasing of disease severity. The difference in the mean 

FEV1% measured between healthy smoking and healthy nonsmoking was statistically non-

significant (P>0.05). All patients had an FEV1/FVC ratio ≤ 70% of the predicted value and pre 

FEV1% <80%.  
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Table ‎3.1: Demographic, Clinical data and results of the pulmonary function test of study 

subjects. 

Characteristic COPD HS HNS 

Number 15 15 12 

Age, yrs 66.4(7.1) 56.3(6) 50.1(7.3) 

Height 1.67 1.68 1.74 

Weight, Kg 71.94 (12.3) 78.6 (10.8) 85.26 (10.7) 

BMI, Kg/m
2
 25.42 (3.15) 27.83 (4.13) 28.1 (3) 

Pre FEV1, L 1.39 (0.57) 2.92 (0.63) 3.34(0.41) 

Pre FEV1% 52.10 (22) 99.55 (10.2) 99.6(13) 

Pre ratio FEV1/FVC 41.5 (11.9) 74.4 (4.26) 75.6 (5.38) 

Post FEV1, L 1.52 (0.55) 2.95 (0.62) 3.44 (0.37) 

Post FEV1 % 56.88 (0.18) 103.5 (20.81) 103.00 (0.13) 

Post ratio FEV1/FVC 42.9 (11.6) 72.16 (20.57) 78.41 (5.26) 

Reversibility, mls 136 (131.7) 32.33 (43.70) 92.50 (73.50) 

Reversibility % 12.39 % 1.11% 3.22% 

PYH 47 (17.2) 26 (9) 0.19 (0.66) 

 

The data are expressed in term of mean (standard deviation) or as percentage unless otherwise stated. P 

value < 0.05 as determined by one-way ANOVA analysis of variance followed by Tukeys multiple 

comparison post-test indicate a significant difference between the groups. These analyses were performed 

using Graph Pad prism and Instat Software. Definition of abbreviations: COPD, chronic obstructive 

pulmonary disease; HS, healthy smokers; HNS, healthy nonsmokers; FEV1, Forced Expiratory Volume in 

1 second; FVC, forced vital capacity; BMI, Body Mass Index; BD: bronchodilator; PYH, pack year 

history. 
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Figure ‎3.1: Comparison of respiratory function and parameters between the studies 

groups. The mean values of weight in Kg (A), BMI Kg/m
2
(B), age in years (C), PYH (D), preFEV1% (E), 

and pre FEV1/FVC ratio (F), between the three studied groups. P value < 0.05 as determined by one-way 

ANOVA analysis of variance followed by Tukeys multiple comparison post-test indicate a significant 

difference between the groups. These analyses were performed using Graph Pad prism and Instat 

Software. Definition of abbreviations: COPD, chronic obstructive pulmonary disease; HS, healthy 

smokers; HNS, healthy nonsmokers; FEV1, Forced Expiratory Volume in 1 second; FVC, forced vital 

capacity; BMI, Body Mass Index; BD: bronchodilator; PYH, pack year history 
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Linear regression analysis using Pearson methods, showed a significant correlation between 

FEV1% and age (P=0.0009) as well as BMI (P=0.024) but not with weight of the entire study 

subjects (P>0.05). Linear regression analysis also showed a significant correlation between 

FEV1/FVC ratio and age (P<0.0001), BMI (P=0.0009) as well as weight of entire study subjects 

(P=0.022) (Figure 3.2). However, no significant correlation was observed between FEV1% and 

FEV1/FVC ratio with age or BMI as well as weight of COPD patients (P>0.05). 
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Figure ‎3.2: The correlation between lung severity and subject parameters. Pre FEV1% vs age 

(A), FEV1/FVC vs age (B), pre FEV1% vs weight (C), FEV1/FVC vs weight (D), pre FEV1% vs BMI (E), 

FEV1/FVC vs BMI (F). Significance was tested using a linear regression analysis (spearman method). 

Dotted lines indicate the 95 % confidence intervals. These analyses were performed using Graph Pad 

Software. Definition of abbreviations: COPD, chronic obstructive pulmonary disease; FEV1, Forced 

Expiratory Volume in 1 second; FVC, forced vital capacity.  
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The differences between pre- and post-bronchodilator FEV1% increase in the COPD 

group. The mean values for pre- and post- FEV1% were 52.10% (range, 24.68%- 97.28%) and 

56.88% (range, 37.00%- 96.89%), respectively, in COPD group, compared with 99.55% (range, 

84.77%- 118.23%%) and 103.5% (range, 77.61%- 170.38%), respectively, in healthy smoking 

group, whereas they were 100% (range, 80.47-121.03%) and 103% (range, 81.39-124.72%), 

respectively, in the healthy nonsmoking group. The difference between the mean of pre- FEV1% 

and post- FEV1% was significant difference in the three groups; (COPD, P=0.002; HS, P=0.008; 

HNS, P=0.00009). There was a significant difference in pre- and post-FEV1 when compared the 

COPD patient with healthy smokers and nonsmokers (P<0.0001) (Figure 3.3). 
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Figure ‎3.3: Comparison between pre FEV1% and post FEV1% in the three studied 

groups; COPD = 15 (A), HS =15 (B), and HNS =12 (C). P value < 0.05 as determined by paired t-tests 

indicate a significant difference between the pre- and postFEV1, and one-way ANOVA analysis of 

variance followed by Tukeys multiple comparison post-test indicate a significant difference between the 

three groups. These analyses were performed using Graph Pad prism and Instat Software. Definition of 

abbreviations: COPD, chronic obstructive pulmonary disease; HS, healthy smokers; HNS, healthy 

nonsmokers; FEV1, Forced Expiratory Volume in 1 second. 
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In the current study, the bronchodilator reversibility of the study cohort was also 

evaluated. At baseline, 60% of patients with COPD met ATS/ERS reversibility criteria. The 

reversibility of patients with COPD, healthy smokers and nonsmokers were 12.39 %, 1.11% and 

3.22% respectively (Figure 3.4). There was a significant difference in reversibility when 

compared the COPD patient with healthy smokers (P<0.0001) and nonsmokers groups 

(P<0.002). Interestingly, there was a negative correlations between patients’ reversibility and 

BMI (p=0.0087), as well as weight (p=0.0143), but not with age (p=0.15) (Figure 3.5).  
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Figure ‎3.4: Comparison of the mean values of reversibility between the three studied 

groups. Definition of abbreviations: COPD, chronic obstructive pulmonary disease; HS, healthy 

smokers; HNS, healthy nonsmokers. P value < 0.05 as determined by one-way ANOVA analysis of 

variance followed by Tukeys multiple comparison post-test indicate a significant difference between the 

groups. These analyses were performed using Graph Pad prism and Instat Software. Definition of 

abbreviations: COPD, chronic obstructive pulmonary disease; HS, healthy smokers; HNS, healthy 

nonsmokers. 
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Figure ‎3.5: The correlation between patient’s characteristic and reversibility percentage. 

Reversibility% vs (A) age, (B) weight, and (C) BMI. Significance was tested using a linear regression 

analysis (Pearson method). These analyses were performed using Graph Pad Instat Software. Definition 

of abbreviations: BMI, body mass index. 
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3.4.3 The Influence of Smoking Status on Lung Function Parameters 

Statistically there was a significant negative correlation between smoking status and reversibility 

of COPD patients (p=0.0369), while no association was observed between smoking status and 

reversibility in healthy smokers or healthy nonsmokers groups (P>0.05) (Figure 3.6). The study 

cohort was split into four subgroups according to smoking status category. The total number of 

smoking subject is 30; COPD patient current smokers = 9, COPD patient ex-smokers =6, healthy 

current smokers = 11, and healthy ex-smokers =4.The mean (SD) of PYH were 38.6 (18.5) and 

52.3 (14.7) for former and current smokers with COPD and 26.5 (8.24) and 26 (9.5) for former 

and current smokers with no COPD. There was a statically significant difference of PYH 

between current smokers with COPD and those with no COPD (one-way ANOVA analysis of 

variance followed by Tukeys multiple comparison post-test, P<0.01). The low sample size in 

healthy ex-smoker subgroup did not provide enough data for a statistical comparison with the 

COPD current smokers, as only four subjects were healthy ex-smokers There was no statically 

significant difference of PYH between the other subgroups (P>0.05) (Figure 3.7).  
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Figure ‎3.6: Reversibility in relation to smoking habits in the studied groups; COPD 15 (A), 

HS =15 (B), and HNS =12 (C). Significance was tested using a linear regression analysis (Pearson 

method).These analyses were performed using Graph Pad Software. Abbreviations: COPD, chronic 

obstructive pulmonary disease; HS, healthy smokers; HNS, healthy nonsmokers; FEV1, Forced 

Expiratory Volume in 1 second; PYH, pack year history. 
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Figure ‎3.7: Comparison of PYH between the subgroup of the study cohort. Total=30; ex-

smokers COPD (n=6), current smoker COPD (n=9), ex-smoker HS (n=4) current smoker HS (n=11). 

Unpaired one-way ANOVA analysis of variance followed by Tukeys multiple comparison post-test 

indicate a significant difference between the groups. Test indicates a significant difference between the 

groups. These analyses were performed using Graph Pad and Instat Software. Definition of 

abbreviations: COPD, chronic obstructive pulmonary disease; HS, healthy smokers; PYH, pack year 

history. 

 

Additionally, linear regression analysis showed no relation between smoking and FEV1% in 

smoker’s sub-groups (P>0.05) (Figure 3.8, A-D). However, significant relation was observed 

between smoking and FEV1% when analysing the whole smoking group (P<0.05) (Figure 3.8-

E).  
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Figure ‎3.8: The correlation between pre FEV1% and smoking (PYH) in smokers’ 

subgroups; (A) COPD current smokers, (B) COPD ex-smoker (C) healthy current smokers, (D) healthy 

ex-smokers, and (E) all smoking subjects. Significance was tested using a linear regression analysis 

(Pearson method).These analyses were performed using Graph Pad Software. These analyses were 

performed using Graph Pad Software. Definition of abbreviations: COPD, chronic obstructive pulmonary 

disease; HS, healthy smokers; FEV1, Forced Expiratory Volume in 1 second; PYH, pack year history. 



  

77 

 

3.4.4 Influence of ICS on COPD Severity and Smoking 

The impact of ICS therapy on COPD severity, as well as smoking exposure was also 

investigated. There was significant positive correlation between ICS and PYH (r
2
 =0.3, P = 

0.032). No correlation was found between the ICS and lung function parameters; pre FEV1 (r
2
 

=0.022, P = 0.59), as well as pre FEV1/FVC ratio (r
2
 =0.006, P = 0.78) (Figure 3.9). 
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Figure ‎3.9: Linear regression analysis of the correlation between ICS vs disease severity 

and PYH. ICS vs FEV1 %predicted (A), FEV1/FVC ratio (B) and PYH(C). Significance was tested 

using a linear regression analysis (Pearson method).These analyses were performed using Graph Pad 

Instat Software. Abbreviations: PYH, pack year history; FEV1%, percent predicted forced expiratory 

volume in the first second, FVC, forced vital capacity; ICS, inhaled corticosteroid. 
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3.5 Discussion 

COPD is a multicomponent disease characterised by several pathological changes, which 

include mucus hypersecretion, airway obstruction and loss of alveoli and a systemic 

comorbidities (Cazzola, et al., 2008). Airflow limitation is the main characteristic of patients 

with COPD. It caused by small airway remodelling and emphysema which results from the 

destruction of the parenchyma induced by a chronic inflammatory response after the exposure to 

different toxins like cigarette smoke and environmental irritants. Subsequently resistance to 

airflows is increasing with goblet cell metaplasia, mucous hypersecretion and smooth muscle 

hypertrophy (Barnes 2016). In the present study, a significant decrease was found in the 

pulmonary functions of COPD patients when compared to healthy smokers and healthy controls. 

Patients with COPD suffered from airway restriction comparing to healthy smokers and healthy 

nonsmokers.   The mean value of FEV1% and pre FEV1/FVC ratio of the COPD group is 52% 

and 41.5% respectively which agree well with GOLD recommended spirometry criteria. GOLD 

reference cut-off values of FEV1% <80% with a post-bronchodilator FEV1/FVC ratio <70% 

were classified as having airway limitation with a possibility of COPD. Additionally, a 

significant decrease was found in the respiratory functions of severe COPD patients when 

compared with mild and moderate COPD patients. This means that patient respiratory functions 

are decreasing as the stage of COPD increased. The findings of the present work are consistent 

with those of many authors who found that pulmonary function data; pre FEV1% and pre 

FEV1/FVC ratio, were significantly lower in COPD patients when compared with healthy 

nonsmoking controls (El-shimy et al., 2014, Wang et al., 2014).  

COPD is one of the most common chronic diseases that predominantly affect older people. 

Despite the increasing cases of COPD in older people, under-diagnosis and inadequate treatment 

in elderly patients is still a common problem. Older patients with COPD generally have a poor 

health status because they suffer from more chronic comorbidities, a compromised immune 

system, and decrease in pulmonary function. There are few studies that specifically investigate 

the association between COPD and age, while epidemiologic studies have reported that 

FEV1/FVC decreased with age. Ageing involves structural changes and decline in pulmonary 

functions which can cause poor ventilation and can impair the clearance of airway secretions. 

Thus, COPD is more prevalent in very elderly populations (Valente et al., 2010). In patients with 
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COPD, increasing age was found to reduce quadriceps muscle strength. Increasing age was also 

found to be associated with an increased risk for osteoporosis in patients with COPD (Cielen et 

al., 2014) 

The controversies exist regarding the use of a fixed FEV1 /FVC ratio of 0.7 as it may lead 

to over-diagnosis of COPD in the elderly (Bailey 2012). In the present study, a significant 

difference in the age of patients and healthy subjects was observed.  Patients were significantly 

older than those of healthy groups. The current study data is agreed with Hassanein et al., (2016) 

study, where the COPD patient group was older than the healthy control group. It was difficult to 

recruit age-matched older non-smoking healthy subjects without any medical history fulfilling 

the inclusion and exclusion criteria. Additionally, a significant relation between FEV1% or 

FEV1 /FVC ratio and age was observed in the study subjects. This means that respiratory 

functions were decreased with age. Subsequently; the study confirmed that the proportion of 

COPD severity increased with age.  

It known that  COPD mainly is a lung disease but it is associated with other comorbidities 

such as cardiovascular disorders, chronic kidney disease, lung cancer, diabetes mellitus, loss of 

lean body mass, skeletal muscle weakness, and osteoporosis. Lung cancer and CVD are the main 

comorbidities found in COPD patients (Barnes, 2010). These comorbidities result in reduced 

patient health status, increased hospital readmission, and mortality (Decramer et al., 

2012).Weight loss affects 25% to 40% of COPD patients, with 25% of patients with moderate to 

severe disease. Patients with BMI of <20 kg/m
2
 have a higher risk of acute exacerbations than 

those with a BMI of ≥ 20 kg/m
2
 (Itoh et al., 2013). Low body weight and BMI have been 

identified as a poor prognosis sign in COPD patients. Further, decreased body weight is 

correlated with disease severity, skeletal muscle weakness and mortality in patients with COPD. 

COPD patients with low weight were found to have a high prevalence of osteoporosis (57%) and 

muscle wasting (93%) (Cielen et al., 2014). GOLD, do not provide any specific nutritional 

guidelines for the management of patients with COPD other than to avoid weight loss. On the 

other hand, obesity (BMI > 40) was associated with a significantly increased risk of death in both 

patients with respiratory disease and chronic lower respiratory disease (Hanson et al., 2014).  
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Dietary supplement have shown to improve patient exercise capacity and quality of life but 

did not show any significant improvement in pulmonary function (Raizada et al., 2014). 

Interestingly, in this study there was a significant difference when comparing the mean weight of 

COPD patients with those of healthy nonsmokers. Patients were with low body weight when 

comparing with healthy nonsmokers which agreed with previous studies. However, none of 

patients were underweight in term of BMI <20 kg/m
2
. This may be because patients were 

shorter. Additionally, a significant association was observed between preFEV1% and BMI and 

between preFEV1/FVC ratio and weight as well as BMI when investigating the whole study 

groups. This means that subject weight or BMI may have impact on disease severity.  

Smoking history and exposure, as quantified by PYH was also evaluated as one of COPD 

main risk factor. Statically there was a significant difference in PYH between patients and 

healthy smokers as well as between patients and healthy nonsmokers. This means that smoking 

habit is higher among patients than healthy smokers. A significant correlation was found 

between PYH and FEV1 in smoking subjects. However, smoking history and exposure seemed 

to have no impact on patient disease severity in smokers’ subgroups analysis including patients’ 

ex-smokers, patient current smokers, healthy ex-smokers, and healthy current smokers. As 

expected patients’ current smokers were with the highest PYH rate among the other subgroups. 

This result is consistence with other study group finding which reported that no correlation was 

observed between smoking status and the percentage of predicted FEV1 (Higashimoto et al., 

2009). It should be noted that smokers’ number was low for linear regression analysis when 

dividing the smokers groups into sub-groups. 

Reversibility is an important diagnostic tool when investigating patients with COPD. In the 

current study the mean value of reversibility in the COPD group agreed with current ATS 

guideline cutoffs for defining a significant reversibility. The ATS/ERS guidelines 

recommendation of >12% and >200 ml increase from the baseline pre-bronchodilator 

FEV1and/or FVC in an individual subject to consider significant reversibility  (Albert et al.,  

2012; Tan et al.,  2012; Müller et al.,  2016). Interestingly, finding from the current study 

indicated that smoking status did influence reversibility of COPD subject, but not in healthy 

smokers. In addition to smoking effect, it was demonstrated that both patient weight and BMI 

but not age did influence the response in patients with COPD. Additionally, predictors of 
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reversibility in COPD weight, BMI and smoking status were also related to pre FEV1 and pre 

ratio.  In summary, these data confirmed that smoking exposure, weight, BMI have impact on 

patients’ reversibility. Previous study showed that high doses of ICS may affect the immune 

system and subsequently may associate with disease severity (Zhu et al., 2009). In the present 

study, all COPD patients received ICS except one. It is assumed that the study results were not 

influenced by the dosage of ICS, as no correlations were found between ICS doses and pre FEV1 

or pre FEV1/FVC ratio. Interestingly, we found a significant association between ICS and 

smoking habit.  

The diagnosis of COPD is based mainly on spirometry measurement and other lung 

functions parameters. Spirometry is easy to perform at low cost for the diagnosis and assessment 

of a clinical stage of COPD. However, it cannot offer much information as gas transfer or lung 

plethysmograph. A previous study found that gas transfer was a significant factor for prediction 

of survival, together with age and arterial oxygen. Applying gas transfer measurement in routine 

practice for patients with COPD will provide them with the best prognostic information, and 

future classifications of COPD instead of relying only on the severity of airflow obstruction 

(Boutou et al., 2013). Also spirometry measurements reflect only the general pulmonary 

ventilation function, but cannot assess the pathologic changes and the regional morphologic and 

functional abnormalities. A study by Šileikienė et al (2017) confirms significant correlations 

between quantitative computed tomography (CT) measurements of emphysema and airflow 

obstruction, diffusion capacity, and lung volumes. Therefore, performing CT scan will enable 

clinicians to assess emphysema in patients even those in mild stage of airflow obstruction, which 

could help in prescribing personalised treatment for each patient. A recent study pointed out the 

role of spirometry in diagnosis for patients with acute exacerbation COPD during hospitalisation. 

The study finding confirmed that spirometry after several days of hospital admission due to acute 

exacerbation COPD is valid and reproducible in most patients and can assess in disease diagnosis 

and evaluation (FernaÂndez-Villar et al., 2018). 

COPD are heterogeneous diseases and many studies showed that individual COPD patient 

shows biological variability in their clinical presentation and disease severity and progression 

(Müller et al., 2016).  Therefore, the addition of a panel of markers to lung function parameters 

known to predict mortality in COPD, such as age, FEV1 or hospitalizations because of 
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exacerbations (Cazzola, et al., 2008), gas transfer, lung plethysmograph, BODE and CT 

measurements will improve diagnosis and prediction of mortality risk in patients with COPD. 

 

3.6 Conclusion 

In this chapter it was shown that patients pulmonary functions  data were significantly 

different from those of healthy smokers and nonsmokers. Patients were with old age, low body 

weight, high in smoking habit, with greater air flow limitation than healthy smokers and healthy 

nonsmokers. Age, weight and BMI have an impact on subject respiratioty functions when 

investigatin the whole study indviduals.However these parameters have no impact on patients 

disease severity when invetigating the patinet group only. This may due to low size of patients 

sample. What is new is that patients smoking habit, weight, BMI affected bronchodilator 

reversibility. For better understanding of the COPD variability between patients, different 

parameters should be evaluted during patient diagnosis at routine clinical practices, including 

lung plethysmography, gas transfer, arterial oxygen, and CT, as well as multiple spirometry. This 

will provides with accurate diagnosis and better disease management. 
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4. Chapter 4: Evaluation of systemic blood biomarkers for COPD  

 

4.1 Background 

The search for circulating blood biomarkers has mainly focused on plasma or serum 

proteins which are known to be involved in the systemic inflammatory response to irritant or 

lung injury (Ongay et al., 2016). A biomarker is any molecule or material, which level or activity 

indicates the disease process, pathogenic processes, or pharmacologic responses to a new 

therapy. Currently no specific biomarkers have been identified and accepted for COPD routine 

clinical application. Thus there is a great interest in developing biomarkers which can assist in 

discovery of an effective treatment that improve health outcomes of patients with COPD. 

However, biomarker development is extremely challenging and expensive (Doubková et al., 

2015). Most of the biomarkers candidates that have been investigated still not clinically 

validated. COPD is heterogeneous disease in terms of the progression and response to treatment 

therefore it is unlikely that a single biomarker will be sufficient for COPD diagnosis, prognosis 

or treatment evaluation (Ongay et al, 2016). Several biomarkers including cytokines, 

chemokines, metalloproteases and acute phase reactants are implicated in inflammatory 

responses and are also involved in the regulation and progression of several inflammatory 

diseases like COPD. They are produced by a broad range of cells including monocytes and 

macrophages, T-lymphocytes, B-lymphocytes and mast cells, as well structural cells like 

endothelial cells, fibroblasts and adipocytes. Biomarkers, particularly cytokines, are associated 

with inflammatory diseases, with higher levels of TNF-α, IL-1β, IL-6 and IL-8 being a common 

feature of many inflammatory conditions (Calder 2015). 

Among these biomarkers fibrinogen, an inflammatory biomarker, that has been considered 

as a promising biomarker in COPD. It is an acute phase soluble plasma glycoprotein, synthesized 

mainly in the parenchymal cell of the hepatocyte and in the megakaryocyte in bone marrow, and 

converted by thrombin into fibrin during blood coagulation. The normal fibrinogen levels in 

blood are between 1.5 and 3.5 g/L but can increase threefold during inflammation in response to 

increased IL-6 production (Duvoix, et al., 2013; Fattouh and Alkady, 2014).  Fibrinogen levels ≥ 

350 mg/dL consider COPD patients at an increased risk of exacerbations and mortality. 
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Fibrinogen is elevated in COPD patients, and associated with the FEV1 (Vestbo et al, 2011) and 

disease severity (Agusti et al., 2012). Higashimoto et al., (2009), found that patients with an 

exacerbation frequency of >2.52 exacerbations per year, were more likely to show a faster rise in 

plasma fibrinogen than those with a history of infrequent exacerbations during 2-year follow-up. 

Further, Mannino and colleagues (2015) analysed pooled data of 6376 individuals with COPD 

and found that plasma fibrinogen was associated with severity in moderate and severe disease. 

High fibrinogen levels at baseline were associated with an increased risk of hospitalized COPD 

exacerbations within 12 months. Additionally, high fibrinogen was associated with an increased 

risk of death within 36 months among all participants. Therefore, fibrinogen has been considered 

by the USFDA and COPD Biomarker Qualification Consortium (CBQC) for the stratification of 

subjects at risk for hospitalization and mortality (Duvoix et al., 2012). 

CRP is another acute phase inflammatory protein synthesized mainly by hepatocytes in 

response to tissue damage or inflammation. It contributes to the recruitment of circulating 

leucocytes, the uptake of low density lipoprotein cholesterol by macrophages, and destabilisation 

of vascular wall atheroma (Pinto-Plata et al., 2006). It has the ability to bind the receptors of 

phagocytes which clear up apoptotic and necrotic cells. The function of CRP is regulated through 

IL-6 and IL-1. CRP level changes with alterations of lung function volumes, severity of disease, 

and development of pneumonia (Heidari 2012). It is involved in COPD pathogenesis and 

considered as a predictor of lung function decline and mortality in COPD (Higashimoto et al., 

2009). Elevated CRP level in plasma of patients with COPD was reported particularly during 

acute bacterial and viral exacerbations (Barnes et al., 2014).Two different mechanisms have 

been suggested to explain the association between baseline CRP levels and COPD. The first 

hypothesis is linked to the effect of lung inflammation in COPD patients. It is known that 

prolonged exposure to cigarettes smoke leads to lung injury and inflammation causing systemic 

reaction. Additionally CRP level increase is secondary to other circulatory pro-inflammatory 

cytokines include TNF-α, IL-6, IL-8 or fibrinogen. The parallel activation of systemic 

inflammation maintains and increases the local airway inflammation, leading to COPD 

progression. The second hypothesis suggested that elevated levels of CRP are related to the 

occurrence of CVD rather than mortality from COPD itself. It is well known that the majority of 

patients with COPD died either from CVD or cancer but not from lung disease. Thus CRP could 
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be used as a prognostic marker in COPD, as inflammation itself may lead both to lung damage 

and CVD in these patients (Leuzzi et al., 2017). 

Cytokines are small proteins that are released by cells, especially, but not exclusively, 

those that act within the inflammatory and immune systems. Cytokines act through specific 

receptors to affect the activity of the same releasing or other cells. Cytokines include TNF, 

various ILs, interferons, chemokines, and lymphokines (Calder 2015). Cytokines play key roles 

in many pathophysiological processes in COPD, particularly in the chronic inflammation and 

emphysema (Ji et al., 2017). For example, IL-6 is associated with a large number of pulmonary 

and extra-pulmonary inflammatory manifestations in COPD (El-Shimy et al., 2014; Ji et al., 

2017). IL-6 is a pleiotropic proinflammatory and immunomodulatory cytokine, synthesized by 

the airway epithelium, macrophages and other cells at the site of inflammation in response to 

environmental irritant or stress such as smoking. Serum IL-6 levels were significantly higher in 

individuals with COPD when compared with controls and increase during exacerbations 

(Higashimoto et al., 2009; Ferrari et al., 2010). IL-6 is the main regulator and activator of CRP 

and fibrinogen in the liver, and it is associated with CRP levels in COPD patients. It also 

involved in hematopoiesis, causing thrombocytosis and leukocytosis with its overexpression 

(Ferrari et al., 2010; El-Shimy et al., 2014).  

TNF-α is another proinflammatory cytokine mainly produced by activated macrophages in 

addition to  monocytes, T-cells, B-lymphocytes, fibroblasts, and endothelial cells. It is a potent 

cytokines that play a critical role in the pathogenesis of COPD by regulating the expression and 

the release of various proinflammatory mediators that cause tissue remodeling and damage 

(Mukhopadhyay et al., 2006). The stimulation of TNF-α by Inhaled lipopolysaccharide (LPS) 

induce pulmonary inflammatory responses in healthy subject (Kawayama et al., 2016).  

In COPD, different immune inflammatory cells are implicated in lung inflammation 

including innate immunity; alveolar macrophages, neutrophils, dendritic cells, eosinophils, 

natural killer cells, and adaptive immunity; T- and B-lymphocytes. Alveolar macrophages 

particularly appear to regulate the inflammatory response by secreting various chemokines to 

attract immune cells from circulation to the injury site and to initiate T-cell immune response. 

Chemokines are a group of chemotactic molecules that regulate and direct the movement of 

leukocytes during inflammation. Chemokines are classified into four subfamilies, CXC, CC, C 
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and CX3C, according to the position of the conserved cysteine residues (Odler et al., 2016; 

Muñoz-Esquerre et al., 2017). The CXC chemokine IL-8, also called CXCL8, is a neutrophil and 

T-cells potent chemoattractant and activator, which involved in inflammation-mediated 

neutrophil infiltration and chemotaxis. It is secreted by monocytes, alveolar macrophages, 

eosinophils, pulmonary epithelium, airways smooth muscles cells, fibroblasts and endothelial 

cells. Bacteria and elastase released from neutrophils may also stimulate epithelial cells to 

produce IL-8 (Chung et al., 2001).  It was found in vitro that cigarette smoke and TNF-α can 

stimulate IL-8 production from macrophages (Sarir et al., 2009). IL-8 levels found to be 

increased in BAL and sputum samples of patients with COPD (Di Stefano et al., 2004).  

An example of the CC-chemokine family is the CC-chemokine ligand-18 (CCL18), 

previously named pulmonary and activation-regulated chemokine (PARC), macrophage 

inflammatory protein-4 (MIP-4), is a 7-kD protein regulatory cytokine that is highly expressed in 

dendritic cells, monocytes and M2-macrophages in the lungs in response to pro-inflammatory 

Th2 cells cytokines (Sin et al., 2011; Plönes et al., 2012). CCL18 was shown to be a macrophage 

differentiation factor and has the possibility to induce an M2 macrophage phenotype, and 

collagen production in lung fibroblasts (Dilektasli et al., 2017). CCL18 is involved in chemotaxis 

of naive T-cells, T-regulatory cells, Th2 cells, dendritic cells and B-cells. Because it 

predominantly produced in the lungs, CCL18 has been evaluated in several pulmonary diseases 

including; idiopathic interstitial pneumonias and systemic sclerosis (Prasse et al., 2007), 

community-acquired pneumonia, and lung cancer (Plönes et al., 2012), COPD (Sin et al., 2011; 

Dilektasli et al., 2017), where CCL18 serum levels have been found to be elevated and in some 

disease was associated to mortality (Spoorenberg et al., 2017). Further, few studies suggest that 

CCL18 might consider as serum biomarker of cardiovascular hospitalization or mortality in 

COPD patients (Sin et al., 2011; Kraaijeveld et al., 2007).   

Another member of the CXC chemokine family is the IFN-γ-inducible protein 10 (IP-10), 

also known as CXCL10, secreted by several inflammatory cells including; monocytes, 

lymphocytes, neutrophils, and bronchial epithelial cells in response to inflammation. The activity 

of this chemokine is regulated by IFN-γ and TNF-α, and mediated by binding to CXCR3 

receptor which is expressed by Th1 cells and in many other cell types including macrophage and 

lung epithelial cells (Torvinen et al., 2007; Quint et al., 2010). IP-10 is potent antiviral 
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chemokine that able to recruit and attract activated monocytes, Th1and Th2 lymphocytes and NK 

cells to the sites of infection. Because respiratory viral infections such as influenza virus, 

rhinoviruses, and respiratory syncytial virus are the main pathogens associated with COPD 

exacerbations, so it is suggested that IP-10 may also play a role in the inflammatory process of 

COPD (Wu et al., 2016).  

Several studies continue to investigate novel biomarkers which seem to show promising 

results that might help in the early diagnosis, progression and treatment of COPD. There has 

been increasing interest in using pulmonary biomarkers to understand and monitor the 

inflammation in the respiratory tract of patients with COPD (Doubková et al., 2015). In the 

current study, Clara cell protein (CC16) and receptors for advances glycation end product 

(RAGE) were investigated as promising biomarkers of COPD. CC16 is specific pulmonary 

protein of the secretoglobin family with an anti-inflammatory and detoxification properties, 

which has been suggested to be a useful marker of airway and lung epithelial injury (Pilette et 

al., 2001). CC16 is a small protein with molecular weight of approximately 16KDa (Doubková 

et al., 2016). It is mainly secreted by non-ciliated, non-mucous club cells or Clara cells, which 

are localized in the respiratory bronchioles and by non-ciliated columnar epithelial cells present 

in the large and small airways (Ongay et al., 2016). It can binds to phospholipids and to different 

cell types, inhibiting inflammation, migration and invasion. The low level of CC16 in COPD 

might associate with a defect in anti-inflammatory action and detoxifying effect of CC16 (Pilette 

et al., 2001). 

RAGE is a transmembrane, multi ligand belong to the immunoglobulin superfamily of cell 

surface molecules that is highly expressed in normal human lung. RAGE is involved in the 

glycation of serum lipids and proteins that alter the structure and function of endothelial and 

epithelial cells in COPD airways (Wu et al., 2011; Cheng et al., 2013; Gopal et al., 2014). It is 

distributed and expressed at low levels in human normal tissues and cell types, but it highly 

expressed in the lung tissue particularly in alveolar type-I epithelial cells, bronchial smooth 

muscle cells, vascular endothelial cells, alveolar macrophages and alveolar type-II epithelial cells 

(Sambamurthy et al., 2015). RAGE exists in the body in two main forms, membrane-bound 

RAGE (RAGE) and the circulating soluble form of RAGE (sRAGE). The latter is a product of 

either alternative splicing events or proteolysis of cleavage of RAGE cell surface receptor 
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(Cheng et al., 2013). The circulating sRAGE can acts as a decoy receptor for Advanced 

Glycation End products (AGEs), preventing binding of AGEs to RAGE and prevents signaling at 

the cell surface receptor subsequently inhibit the activation of transcription factor NF-kB and 

inflammatory responses (Yonchuk et al., 2015; Hassanein et al., 2016).  

NF-κB involved in regulating different aspects of innate and adaptive immune functions 

and serves as a pivotal mediator of inflammatory responses (Liu et al 2017). The AGEs/RAGE 

interaction can activate signalling pathways of NF-kB that in turn activate many 

proinflammatory cytokines such as IL-1, IL-6 and TNF-α. Interestingly, cytokines themselves 

can activate NF-kB, that increases RAGE expression and subsequent RAGE-mediated NF-kB 

activation result in a positive auto-regulatory loop (Wu et al., 2011). Activation of RAGE 

signaling pathway is considered a protective mechanism to promote an inflammatory response 

against inhaled irritant or tissue injury. Thus, increased expression of RAGE and its ligands, and 

decreased sRAGE expression in the lungs suggests that RAGE signaling pathway enhances the 

inflammatory response in COPD (Oczypok et al., 2017). Multiple studies have reported that 

circulating sRAGE could be a useful biomarker for COPD specifically to the presence and 

progression of emphysema (Yonchuk et al., 2015). 

Another lung specific biomarker is SP-D, a large hydrophilic glycoprotein with multimeric 

structure, synthesized and secreted mainly by endoplasmic reticulum of alveolar type II 

pneumocytes and the secretory granules of non-ciliated club cells in the bronchioles (Madsen et 

al., 2000; Sin et al., 2008; Lomas et al., 2009). SP-D modulates the pulmonary immune defense; 

decreases the expression of pro-inflammatory cytokines, decreases oxidative stress and increases, 

facilitates the resolution of lung inflammation. It also enhances clearance of a wide variety of 

pathogens and promotes phagocytosis of apoptotic cells (Sims et al., 2008).  Previous studies 

have described associations between SP-D and COPD, in which SP-D levels were found to be 

elevated in COPD patients when compared to healthy smoking controls (Sin et al., 2008; Lomas 

et al., 2009). It is suggested that SP-D levels may be correlated with disease progression in other 

pulmonary diseases, including community-acquired pneumonia and asthma (Liu at al., 2014). 

 

 



  

90 

 

Microparticles (MPs) are small membrane vesicles which are released by shedding from 

the cell plasma membrane following tissue injury and cell apoptosis. There are different types of 

MPs that are defined according to specific cell membrane antigens including; Endothelial and 

platelet cell adhesion molecule 1 (CD31), leukocytes (CD11a), granulocytes (CD66b), and 

monocyte/macrophages (CD11b). Cluster of differentiation 31(CD31), also known as platelet 

endothelial cell adhesion molecule (PECAM), is one of the MPs which are likely to be 

implicated in the pathogenesis of COPD (Lacedonia et al. 2016). CD31 is a heavily 

transmembrane glycoprotein member of the immunoglobulin superfamily that is highly 

expressed on endothelial cells and at a lower level on platelets, macrophages, granulocytes, B-

cells, some T-cells subtypes, dendritic cells and NK cells. CD31 lies outside the adherence 

junctions on endothelial cells, and on the surface of platelets, neutrophils, and T cells (Falati et 

al., 2006).   

CD31 is involved in vascular biology, in particular, in the regulation of platelet function, 

angiogenesis, thrombosis, and apoptosis, and endothelial cell permeability, trans-endothelial 

migration of leukocytes. Additionally, CD31 is able to enhance the activation of T- and B-cells, 

inhibit dendritic cell development. It is highly expressed in the vascular system of kidney, lung, 

and trachea while lower expressed in brain, heart, and liver (Falati et al., 2006; Woodfin et al., 

2007). It is significant for the leukocytes transmigration across the endothelium tissue. For 

example, the interaction between two platelet and endothelial cell adhesion molecule CD31 

expressed at the borders of the endothelial cells and on neutrophils is essential (Blidberg et al., 

2013). Oxidative stress induced by H2O2 or cigarette smoke extract stimulate the release of 

different types of MPs from cultured endothelial cells. An in vitro study by Takahashi et al. 

observed that the majority of CD31 are released from pulmonary endothelial cells in response to 

apoptosis when stimulated by either H2O2 or cigarette smoke extract. H2O2-induced endothelial 

injury and activation promote alveolar destruction in COPD lung (Takahashi et al., 2014). H2O2 

can serve as a signaling molecule at low concentrations as well as a damage agent at higher 

concentrations and thus has a complex cellular role. Moreover, hypochlorous acid (HOCl) 

generated in the presence of H2O2 can further lead to formation of more toxic and damaging ROS 

such as hydroxyl radicals (•OH) (Boukhenouna et al., 2018). 
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In COPD, the search for circulating blood biomarkers has mainly focused on plasma or 

serum proteins which are known to be involved in the systemic inflammatory response (Ongay et 

al, 2016). Several plasma biomarkers have been measured and found to differentiate COPD 

patients from healthy subjects. In the current study, the basal systemic levels of selected 

biomarkers; CRP, Fibrinogen, CC16, CD31, CCL18, IL-6, IL-8, TNFα, IP10, SP-D and RAGE, 

were measured and investigated for their potential utility as an inflammatory biomarkers in 

COPD patients and compared with their levels in healthy smokers and healthy subjects. This 

could facilitate early diagnosis, monitor disease progression, and evaluate treatment outcome. 

 

4.2 Objectives 

 Investigate the levels of systemic blood biomarkers in plasma samples. Data from COPD 

patients, healthy smokers and healthy controls will be compared. 

 Study the association between the level of systemic blood biomarkers in COPD patients 

and disease severity. 

4.3 Method 

4.3.1 Prioritized COPD Protein Biomarkers  

Numerous observational cohort studies have investigated different inflammatory 

biomarkers candidates that were selected according to their studies proposed criteria to 

investigate the effect of systemic inflammation, and its association with comorbidities in patients 

with COPD. A systematic study of previous literature and clinical studies by Ongay et al. (2016) 

provided a panel of biomarker candidates that have the potential of becoming valid and clinically 

useful COPD biomarkers in the near future.  Based on the Ongay review and previous published 

work (Pinto-Plata et al., 2007; Pinto-Plata et al 2012; Faner et al., 2013) and taking account of 

potential biological mechanisms believed to be relevant in the pathogenesis of COPD, a panel of 

11 biomarkers were selected that previously showed some association with COPD and/or 

showed statistically significant differences between COPD patients and healthy controls. They 

were grouped as highly abundant acute phase reactants creative protein: CRP and Fibrinogen; 
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inflammatory biomarkers: IL-6, and TNF-α; chemoattractant biomarkers: IL-8, CCL18 and IP10; 

and pulmonary regulated protein CC16, SP-D, RAGE and MP-CD31 (Table 4.1). The list of 

potential protein biomarkers was further reduced and refined by selecting only those that show 

activity in the circulation of all the studied groups. This follows the recommendation to 

demonstrate a strong, consistent and independent association between a biomarker and COPD. In 

this way, 5 potential proteins remained for the final biomarker panel; fibrinogen, CRP, CCL18, 

CC16 and CD31. 

Table ‎4.1: Biomarkers investigated as potential COPD biomarkers within the study cohort. 

Biomarker Abbreviation Proposed pathophysiological role 

and mediator effects 

Sources Reference 

Tumor necrosis 

factor  

TNF-α Proinflammatory cytokine  

Activates epithelium, endothelium, 

antigen-presenting-cells 

Activates monocytes/macrophages 

Macrophages 

T-cells  

Airway Epithelial 

cells 

Kawayama et 

al., 2016 

 

Interleukin-8  IL -8 

 

Inflammatory chemokine 

Chemoattractant and activator 

for monocytes/macrophages and 

neutrophils 

Monocytes/ 

macrophages 

Pulmonary 

epithelium 

Airways 

fibroblasts &  

endothelial cells 

Chung et al., 

2001 

 

Interleukin-6  IL -6 

 

 Inflammatory cytokine 

Monocytes/macrophages 

T-cell growth factor 

Hematopoiesis 

Monocytes/ 

macrophages  

Airway 

epithelium 

Ferrari et al., 

2010 

El-Shimy et 

al., 2014 

C-reactive 

protein  

CRP Acute phase reactants  Hepatocytes 

/Liver 

Heidari 2012 
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Fibrinogen  NA 

 

Blood coagulation factor  

 

Hepatocyte/Liver 

Megakaryocyte/ 

bone marrow 

Duvoix et al., 

2013  

Fattouh 

&Alkady, 

2014 

Soluble 

receptor for 

advanced 

glycation 

endproducts  

sRAGE Pro-inflammatory pattern 

recognition receptor of cell surface 

Glycation of serum lipids and 

proteins of endothelial and epithelial 

cells 

Alveolar type-I-II 

epithelial 

cells/Bronchial 

smooth muscle 

cells 

Vascular 

endothelial 

cells/Alveolar 

macrophages 

 

 

Wu et al., 

2011 

Cheng et al., 

2013 

Gopal et al., 

2014 

Sambamurthy 

et al., 2015 

 

Surfactant 

protein D  

SP-D Pulmonary protein involved in innate 

immunity  

Decreases the expression of pro-

inflammatory cytokines 

Increases the resolution of lung 

inflammation 

Promotes phagocytosis of apoptotic 

cells 

 

Alveolar type II 

Pneumocytes  

Non-ciliated club 

cells/bronchioles 

Madsen et al., 

2000 

Sin et al., 

2008 

Lomas et al., 

2009 
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Club cell 

protein 16  

CC16 Lung inflammatory protein  

anti-inflammatory and detoxification 

properties 

Inhibit cells inflammation, migration 

and invasion 

Clara cells/ 

bronchioles 

Epithelial 

cell/small 

airways  

Pilette et al., 

2001 

Ongay et al., 

2016 

 

C-C motif 

chemokine 18 

 

CCL18/ PARC Lung-predominant inflammatory 

protein. 

Pulmonary and activation-regulated 

chemokine for naive T-cells, T-

Regulatory cells, Th2 cells, dendritic 

cells and B-cells. 

Dendritic cells 

Monocytes/ 

macrophage 

(M2)/lung 

Sin et al., 

2011 

Plönes et al., 

2012 

 Dilektasli et 

al., 2017 

Interferon 

gamma-induced 

protein 10/ 

C-X-C motif 

chemokine 10  

IP10/CXCL-10 Inflammatory chemokine 

Chemoattractant for monocytes, Th1, 

Th2 lymphocytes and NK cells 

Monocytes 

Lymphocytes 

Neutrophils 

Bronchial 

epithelial 

cells/lung 

Torvinen et 

al., 2007 

Quint et al., 

2010 

Cluster of 

differentiation 

31/ 

Platelet 

endothelial cell 

adhesion 

molecule  

CD31/PECAM  Small membrane vesicles 

/Immunoglobulin 

Trans-endothelial migration of 

leukocytes 

Endothelial cell permeability 

Angiogenesis/Thrombosis 

Endothelial 

cells/lung 

Platelets/ B-cells 

Macrophages 

T-cells /NK cells.  

Falati et al., 

2006  

Woodfin et 

al., 2007 

 

https://en.wikipedia.org/wiki/Immunoglobulin
https://en.wikipedia.org/wiki/Angiogenesis
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4.3.2 ELISA for R&D Systems-based assays 

4.3.2.1 Reagent and Standards Preparation  

All ELISA kits were purchased from R&D Systems, except a fibrinogen kit was bought from 

Abcam. Details of the commercial kits composition; standard, capture, detection antibodies stock 

and working solution concentration, standard sensitive range, enzyme substrate reagents dilution 

are summarised in table 4.2 and 4.3. Anti-human capture antibody was reconstituted in 0.5 ml of 

Dulbecco's Phosphate Buffered Saline, (PBS), (sterile, filtered, w/o Calcium w/o Magnesium, 

Biosera, Labtech International Ltd, Sussex, UK and further dilution was made in PBS, to the 

working concentration. Anti-human detection antibody was reconstituted in 1.0 ml of reagent 

diluent 1% BSA, sterile, filtered in PBS, and further dilution was made in reagent diluent to the 

desire working concentration. For standard preparation; each standard vial was reconstituted with 

0.5 mL of deionized or PBS according to manufacture instructions (R&D Systems).  After initial 

reconstitution 1ml of high standard was prepared per plate assayed at the concentration indicated. 

A seven point standard curve using 2-fold serial dilutions in reagent diluent was prepared. 

Working dilutions should be prepared on experiment day and used immediately. 

 

 

 

 

 

 

 

 

 



  

96 

 

Table ‎4.2: Summary of ELISA assay stock and working solution concentration of capture 

and detection antibodies for individual biomarker. 

 

Biomarker Capture 

Antibody 

Detection 

Antibody 

Capture Antibody 

concentration 

Detection Antibody 

concentration 

Stock  Working 

solution  

Stock  Working 

solution  

Human IL-6 

 

DY206 

Mouse Anti-

Human IL-6 

Antibody 

Biotinylated 

Goat Anti-

Human IL-6 

Antibody 

240µg/ml 

 

 

2µg/ml 3µg/ml 50ng/ml 

Human IL-8/ 

CXCL8 

 

DY208 

Mouse Anti-

Human IL-8 

Capture 

Antibody 

Biotinylated 

Goat Anti-

Human IL-8 

Detection 

Antibody 

240µg 

 

4µg/ml 1.2µg/ml 20ng/ml 

CRP 

 

DY1707 

 

 

Mouse Anti-

Human CRP 

Capture 

Antibody 

 

 

Biotinylated 

Mouse Anti-

Human CRP 

Detection 

Antibody 

360µg 2µg/ml 16.2µg/ml 90ng/ml 

Human 

TNF-α 

DY210 

Mouse Anti-

Human TNF-α 

Antibody 

 

Biotinylated 

Goat Anti-

Human TNF-α  

Antibody 

480 µg/ml 

 

4µg/ml 24µg/ml 

 

400ng/ml 
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Human 

CC16/Uterogl

obin 

 

DY4218 

 

Rat Anti-

Human 

Uteroglobin 

Capture 

Antibody 

Biotinylated 

Rat Anti-

Human 

Uteroglobin 

Detection  

Antibody 

360µg/ml 2µg/ml 360µg/ml 500ng/ml 

Human CD31/ 

PECAM-1 

 

DY8064-05 

 

Mouse Anti-

Human CD31 

Capture 

Antibody 

Biotinylated 

Sheep Anti-

Human CD31 

Detection 

Antibody 

480µg/ml 4µg/ml 12µg/ml 200ng/ml 

Human 

CCL18/PARC 

 

DY394-05 

 

Mouse Anti-

Human PARC 

Capture 

Antibody 

Biotinylated 

Goat Anti-

Human PARC 

Detection 

Antibody 

360µg 

 

2µg/ml 18µg/ml 100ng/ml 

Human 

CXCL10/ 

IP-10 

 

DY266-05 

 

 

 

Mouse Anti-

Human IP-10 

Capture  

Antibody 

Biotinylated 

Goat Anti-

Human IP-10 

Detection 

Antibody 

240µg/ml 

 

 

2µg/ml 0.750 

µg/ml 

12.5 

ng/ml 



  

98 

 

Human  SP-D 

 

DY1920 

Mouse Anti-

Human SP-D 

Capture  

Antibody 

 

Biotinylated 

Mouse Anti-

Human SP-D 

Detection 

Antibody 

360µg 2µg/ml 90µg/ml 500ng/ml 

Human RAGE 

 

DY1145 

Mouse Anti-

Human RAGE 

Capture 

Antibody 

Biotinylated 

Goat Anti-

Human RAGE 

Detection 

Antibody 

180µg 

 

1µg/ml 36µg/ml 100ng/ml 
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Table ‎4.3: Summary of ELISA assay standard stock concentration, sensitivity, and enzyme 

substrate dilution for each biomarker. 

Biomarker Standard 

Stock 

concentration 

High 

standard 

limit 

Lower 

standard limit 

Streptavidin-HRP 

Dilution 

 

Human IL-6 

 

90 ng 

 

600 pg/mL 

 

9.38pg/mL 

 

1:40 

 

Human IL8/ 

CXCL8 

 

40 ng 

 

2000pg/mL 

 

31.3pg/mL 

 

1:40 

 

CRP 

 

50 ng 

 

1000 pg/mL 

 

15.6 pg/mL 

 

1:200 

Human 

TNF-α 

 

 

67.5 ng 

 

1000 pg/mL 

 

15.6 pg/mL 

 

1:40 

 

Human CC16 

 

75 ng 

 

2000pg/mL 

 

31.3pg/mL 

 

 

1:200 

Human CD31/ 

PECAM-1 

 

 

190 ng 

 

10,000 

pg/mL 

 

156 pg/mL 

 

 

1:40 



  

100 

 

Human 

CCL18/PARC 

  

 

65 ng 

 

500 pg/mL 

 

 

7.81 pg/mL 

 

 

1:200 

Human 

CXCL10/ 

IP-10 

 

55 ng 

 

2000 pg/mL 

 

31.3pg/mL 

 

1:40 

 

Human  SP-D 

 

75 ng 

 

10,000 

pg/mL 

 

156 pg/mL 

 

 

1:200 

 

 

Human RAGE 

 

25 ng 

 

4000 pg/mL 

 

62.5 pg/mL 

 

1:200 

 

Fibrinogen 

 

 

200ng/ml 

100 

ng/mL 

1.56 

ng/mL 

 

NA 
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4.3.2.2 Assays procedures 

The procedure for ELISA R&D Systems-based assays was previously mentioned in 

details (see section 2.1.4.4). 

4.3.2.3 Plasma Dilution selection  

Measuring biomarkers in plasma is a very useful parameter that gives an indication of 

specific diseases progression or diagnosis. However human plasma is a complex matrix contain 

heterophilic antibodies and may require a dilution in an appropriate buffer to overcome matrix 

effects, and to prevent heterophilic antibodies from binding to the capture and detection 

antibodies used in capture ELISA, causing false positive results. Plasma sample diluent utilised 

as a buffer matrix for diluting out plasma samples in antigen-capture ELISA formats, and for 

diluting standards in ELISA standard curve preparation. Once samples are diluted, the dilution 

factor should be included when calculating results. Dilution of the sample before performing the 

actual experiment is significant parameter for determining the sensitivity of ELISA in human 

samples. It assess in deciding the amount of actual concentration required from the sample to 

obtain a result within the range of reference standard protein. Without dilution, it is difficult to 

achieve highly sensitive results of protein concentration. Therefore, optimum dilution for the 

sample of target protein is a vital parameter for obtaining better results (Thakur et al., 2015). 

In the current study the plasma sample diluent was a buffered BSA protein base which 

provides an assay environment that minimizes nonspecific binding while maintaining proper 

ionic strength and pH for efficient antibody-antigen interaction. The optimization of plasma 

samples dilution was carried out for each biomarker by using PBS supplemented with 1% BSA, 

to dilute plasma samples. Two plasma samples were selected from each of three studied groups; 

COPD, healthy smoker and healthy nonsmoker groups, to be 10-fold diluted, 1:10, 1:100, 

1:1000, and 1:10000, and then assayed in 96-well plate alongside undiluted samples. ELISA 

assay was carried out to detect selected biomarker level in diluted and undiluted plasma samples. 

A 96-well plate was coated with 100 μl of the diluted anti-human capture antibody per well. The 

plate was sealed (Greiner Bio-One GmbH, Ltd, Stonehouse, Germany) and incubated overnight 

at room temperature. After the incubation, the 96-well plate was washed twice with wash buffer 

(0.05% Tween®20 in PBS, pH 7.2-7.4) using auto washer equipment (Mikura, West Sussex, 
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UK). After each wash step any remaining wash buffer was removed by blotting the plate against 

clean paper towels. The plate was blocked by adding 300μl of reagent diluent, 1% BSA in PBS, 

pH 7.2-7.4, 0.2 μm filtered, to each well, and was incubated at room temperature for a minimum 

of 1 hour. The wash step was repeated and 100μl of sample or standards was added per well as 

duplicate. The plate was sealed with an adhesive strip and incubated 2 hours at room 

temperature. The wash step was repeated and 100μL of the diluted detection antibody was added 

to each well. The plate was sealed with an adhesive strip and incubated 2 hours at room 

temperature. The wash step was repeated and 100μl of the working dilution of Streptavidin-HRP 

(streptavidin conjugated to horseradish-peroxidase, 1:40) (R&D Systems, Catalog #DY 893975) 

was added to each well. The plate was covered and placed away from direct light for 20 minutes 

at room temperature. The wash step was repeated and 100μl of substrate solution, a mixture of 

color reagent A (H2O2) and color reagent B (Tetramethylbenzidine) (1:1, R&D Systems, Catalog 

# DY999) was added to each well and plate was incubated for 20 minutes at room temperature 

away from direct light, then 50μl of stop solution (2N H2SO4) (R&D Systems, Catalog # DY994) 

was added to each well.  The optical density of each well was determined using a microplate 

reader (Varioskan LUX Multimode Microplate Reader, Thermo Fisher Scientific, UK) (see 

appendix B for software user manual guide), set to 450 nm with a wave length correction at 

570nm. A standard curve was constructed by plotting the mean absorbance for each standard on 

the y-axis against the concentration on the x-axis and a best fit curve was drawn through the 

points on the graph. The concentration of biomarkers in sample was determined by interpolating 

the blank control subtracted absorbance values against the standard curve. Resulting value was 

multiplied by the appropriate sample dilution factor to obtain the concentration of biomarker in 

the sample. Three experiments were performed and standard error was determined from the 

standard deviation derived from the means of total sample number. Then the appropriate dilution 

factor of each biomarker was used to dilute the plasma sample when assay the entire study 

subject. Based on obtained values undiluted concentration of plasma samples were used when 

dilution not required. 
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4.3.3 Human Fibrinogen ELISA Assay  

The human fibrinogen kit assay (ab208036, Abcam, Cambridge, UK) is based on 

applying an affinity tag labeled capture antibody and a reporter conjugated detection antibody 

which immuno-capture the sample target protein in solution. This entire complex of (capture 

antibody- target protein-detection antibody) is in turn immobilized via immuno-affinity of an 

anti-tag antibody coating the well (Figure 4.1). 

 

 

Figure ‎4.1: Summary of human fibrinogen simple step ELISA assay (Abcam, Cambridge, 

UK). 
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4.3.3.1 Reagent and Standard Preparation 

1× Wash Buffer PT (ab206977), Proclin, was prepared by diluting 10× wash buffer PT 

with deionized water. Antibody mixture was prepared by diluting the capture and detector 

antibodies in antibody diluent CPI, (ab193969), (EDTA disodium salt, Proclin, Alizarin Red S). 

A total of 6 ml of the Antibody mixture was prepared by mixing 600μl 10× capture Antibody 

and 600μL 10× detector. A stock standard solution of 200ng/mL was prepared by reconstitute 

Fibrinogen human protein standard in 250μl water. The solution was mixed thoroughly and 

gently, and then was hold at room temperature for 10 minutes. This is the 200 ng/ml stock 

standard solution. A serial dilution was prepared by adding 150μl sample diluent NS, (ab193972, 

EDTA disodium salt and Proclin), into 8 tubes. A 150μl from the Stock Standard Solution of 200 

ng/ml, (ab208036-CP164706), was added to tube number one to get100 ng/ml and the following 

dilution series was prepared 50, 25, 12.5, 6.25, 3.13, 1.56 ng/ml. Standard number 8 contained 

no protein and is considered as a Blank control. Plasma samples were diluted (1:100,000) in 1× 

wash buffer. 

4.3.3.2 Assay Procedure 

All reagents, working standards, and samples were prepared at room temperature prior to 

use. Fifty microliters of samples or standards was added to appropriate wells. Fifty microliters of 

the Antibody Cocktail was added to each well. Then the plate was sealed and incubated for 1 

hour at room temperature on a plate shaker set to 400 rpm. After the incubation period each well 

with was washed three time with 350 μl 1× Wash Buffer PT to remove unbound material. 

Removal of liquid at each step is essential for good performance. After the last wash the plate 

was inverted and blotted against clean paper towels to remove excess liquid. Hundred microliters 

of TMB substrate, Hydrogen peroxide and TMB, was added to each well and the plate was 

incubated for 10 minutes in the dark on a plate shaker set to 400 rpm. TMB substrate was 

catalyzed by HRP, generating blue coloration. Then the reaction was stopped by addition of 100 

μl of Stop Solution (ab208036-CP164601), phosphoric acid, to each well and was shaken on a 

plate shaker for 1 minute to mix, completing any color change from blue to yellow.  Signal was 

generated proportionally to the amount of bound Fibrinogen and the optical density was 

measured at 450 nm was record by microplate reader. The average absorbance value for the 

blank control standard absorbance was calculated and subtracted from all other absorbance 

http://www.abcam.com/ab206977
http://www.abcam.com/ab193969
http://www.abcam.com/ab193972


  

105 

 

values. A standard curve was created by plotting the average blank control subtracted absorbance 

value for each standard concentration (y-axis) against the target protein concentration (x-axis) of 

the standard. A four parameter curve fit (4PL) was used to plot these values and fit a curve to the 

data. The concentration of the fibrinogen in the plasma sample was determined by interpolating 

the blank control subtracted absorbance values against the standard curve. Resulting value was 

multiplied by the appropriate sample dilution factor to obtain the concentration of fibrinogen in 

the sample. 

4.3.4 Statistical Analysis  

The data were expressed and graphed as mean (standard deviation; SD). The D’Agostino–

Pearson omnibus normality test was performed to test normality of the data distribution. For data 

normally distributed one-way ANOVA analysis of variance followed by Tukeys multiple 

comparison post-test was performed to determine whether the differences between the groups 

were statistically significant. Differences were considered significant if the probability (P) value 

was <0.05, highly significant if P value was <0.01 and P value <0.001, and insignificant if P 

value was >0.05. Correlation analyses of two variables were carried out using Pearson methods, 

depending on the normality of the data distribution. All statistical analyses were performed using 

graphpad prism and InStat software, version 7.04 and 3.10.32 respectively. 

 

4.4 Results 

4.4.1 Plasma Dilution selection  

The assay was carried out to estimate the proper dilution factor for plasma sample before 

measuring our biomarker candidates, IL-6, IL-8, TNF-α, IP-10, fibrinogen, CRP, CC-16, CD31, 

RAGE and CCL18, in the study cohort. Results indicated that undiluted plasma was the best 

option for the following biomarkers; IL-6, IL-8, TNF-α, IP-10, SP-D and RAGE. A dilution of 

1:10 was suitable for CC16 and CD31, whilst 1:100 was the optimum for CCL18. A higher 

dilution was required for CRP of 1:10,000. For Fibrinogen the optimum dilution factor was 

established as 1:100,000 following supplier’s recommendations. All these results are 

summarized in Figure 4.2. 
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Figure ‎4.2: Selection of dilution factor for biomarkers in plasma samples. The figure shows 

the optimum dilution factor using 10-fold dilution of plasma for each biomarker; CRP (A), CC16 (B), 

CD31 (C), and CCL18 (D), in COPD patients, healthy smokers and healthy controls (n=6). These 

analyses were performed using Graph Pad Instat Software. Definition of abbreviations: COPD, chronic 

obstructive pulmonary disease; HS, healthy smokers; HNS, healthy nonsmokers; CRP, creative reactive 

protein; CC16, clara cells 16; CCL18, Chemokine (C-C motif) ligand 18; CD31, cluster of differentiation 

31. 
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4.4.2 Prioritized COPD Protein Biomarkers  

Only five biomarkers from the study candidates list showed activity in the circulation of 

the entire study cohort including; fibrinogen, CRP, CCL18, CC16 and CD31. In contrast, other 

biomarkers; IL6, IL8, TNFα, IP10, SP-D and RAGE, showed no activity in circulation of most 

subjects of the study groups. For example; RAGE was detectable in 26% of the entire subjects of 

the study group, and mostly were healthy nonsmokers. IP10 was detectable in 16% of the studied 

subjects whereas IL-6, TNFα, and SP-D showed activity in circulation of only 10% from the 

total studied subjects. However IL-8 showed no activity at all in three studied groups. There was 

no relation between patients’ disease stage/FEV1 and the undetectable level of biomarkers. 

Summary of the results can be seen in Figure 4.3 
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Figure ‎4.3: Number of subjects with detectable biomarkers compared to the entire cohort. 

These analyses were performed using Graph Pad Instat Software. Definition of abbreviations: IL6; 

Interleukin-6, IL8; Interleukin-8, TNFα; Tumor necrosis factor, IP-10; Interferon gamma-induced protein 

10, SP-D; Surfactant protein D, and RAGE; Soluble receptor for advanced glycation end products. 
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4.4.3 Measuring the level of inflammatory biomarkers in plasma samples 

The plasma level of the biomarker candidates; fibrinogen, CRP, CC16, CCL18 and 

CD31, was measured in patients with COPD, healthy smoker and healthy nonsmokers. The mean 

value and SD of plasma level of CRP was significantly higher in patients with COPD (4.48±28 

mg/l) when compared to those of healthy nonsmoking individuals (2.27±2 mg/l) (p =0.007). 

Similarly, the mean value and SD of CRP in COPD patient was higher than those in healthy 

smokers (p =0.027). Mean value and SD of total circulating fibrinogen was significantly higher 

in COPD patients (409±181mg/dl) when comparing with healthy smokers (136±66 mg/dl) (p 

<0.0001) and healthy nonsmoking controls (137±49 mg/dl) (p<0.0001). In contrast, the mean 

value and SD of CC16 was significantly lower in plasma of COPD group (2.75±1.19 ng/ml) 

compared to healthy nonsmoking group (5.77±2.66 ng/ml) (p =0.014). The mean value and SD of 

CC16 in COPD patient was also lower than those in healthy smokers but differences did not 

reach statistical significance (p >0.05). However, no significant differences correlations among 

COPD patients, healthy smokers and healthy nonsmokers groups were observed in plasma level 

of CD31 (8.7, 7.4, and 7.6 ng/ml respectively) (p > 0.05) and CCL18 (33, 29, and 27 ng/mL 

respectively) (p > 0.05). All these results are summarized in Table 4.4 and Figures 4.4 
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Table ‎4.4: Mean value and significance of CRP, Fibrinogen, CC16, CCL18 and CD31 in the 

plasma of the study cohort 

Biomarkers 

 

COPD HS HNS P value 

COPD vs 

HS 

P value 

COPD vs 

HNS 

P value 

HS vs HNS 

CRP 

mg/L 

4.5 (2.8) 2.4 (1.7) 1.8 (1.5) 0.027 0.007 >0.05 

Fibrinogen 

mg/dL 

409 (181) 136 (66) 137 (49) <0.0001 <0.0001 >0.05 

CC16  

ng/ml 

2.75 (1.2) 

 

4.36 (3.5) 5.77 (2.7) >0.05 0.014 >0.05 

CCL18  

ng/ml 

33 (10) 29 (9.5) 27 (8.2) >0.05 >0.05 >0.05 

CD31  

ng/ml 

8.7 (6) 7.4 (3) 7.6 (6.2) >0.05 >0.05 >0.05 

Data expressed as mean (standard deviation) unless otherwise stated. The data represents the mean ± SD 

from three experiments. P value < 0.05 as determined by one-way ANOVA analysis of variance followed 

by Tukeys multiple comparison post-test indicate a significant difference between the groups. These 

analyses were performed using Graph Pad Instat Software. Definition of abbreviations: COPD, chronic 

obstructive pulmonary disease; HS, healthy smokers; HNS, healthy nonsmokers; CRP, creative reactive 

protein; CC16, clara cells 16; CCL18, Chemokine (C-C motif) ligand 18; CD31, cluster of differentiation 

31.  
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Figure ‎4.4: The plasma level of biomarker candidates in the studied groups. (A) CRP (mg/l), 

(B) Fibrinogen (mg/dl), (C) CC16 (ng/ml), (D) CCL18 (ng/ml), and (E) CD31 (ng/ml), in plasma of 

COPD patients, HS and HNS. Cytokines were measured by ELISA assay (see section 2.1.4.4). P value < 

0.05 as determined by one-way ANOVA analysis of variance followed by Tukeys multiple comparison 

post-test indicate a significant difference between the groups. These analyses were performed using 

Graph Pad Instat Software. Definition of abbreviations: COPD, chronic obstructive pulmonary disease; 

HS, healthy smokers; HNS, healthy nonsmokers; CRP, creative reactive protein; CC16, clara cells 16; 

CCL18, Chemokine (C-C motif) ligand 18; CD31, cluster of differentiation 31.  
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4.4.4 The Correlation between Inflammatory Biomarkers and Disease Severity 

In the current study it was shown that increased plasma level of fibrinogen, CRP, CC16, 

CCL18 and CD31 was positively correlate with worsen disease stage. COPD Patients in mild 

stage have shown lower level of circulating biomarkers that those in moderate or severe stages. 

A possible correlation between biomarkers plasma levels and clinical lung function data (FEV1 

%predicted, preFEV1/FVC ratio) was investigated. There was a statistically significant negative 

correlation between the levels of CRP and the preFEV1/FVC ratio (r
2
 =0.287, P = 0.039), but a 

non-significant correlation between the levels of CRP and the % predicted FEV1 (r
2
 = 0.179, P 

=0.11). A moderate negative association was found between the levels of CC16 and the % 

predicted FEV1 (r
2
 = 0.255, P =0.054). However, no association was observed between the 

levels of CC16 and the pre FEV1/FVC ratio (r
2
 = 0.173, P =0.122). Similarly, plasma 

Fibrinogen, CCL18 and CD31 levels did not show correlation with the FEV1 %predicted and pre 

FEV1/FVC (p>0.05). So, CRP was the only inflammatory biomarker tested associated with 

disease severity and can be used as a predictor of lung function decline. Linear regression 

analysis of the relationship between inflammatory markers and COPD severity at baseline are 

summarised in Table 4.5 and Figure 4.5. 
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Table ‎4.5: Correlation between Plasma Biomarkers and Pulmonary Functions in COPD 

Cohort 

Biomarkers 

 

preFEV1 % preFEV1/FVC ratio 

r
2
 p r

2
 p 

CRP mg/L 0.179 0.115 0.287 0.039 

Fibrinogen mg/dl 0.017 0.635 0.034 0.500 

CC16 ng/ml 0.255 0.054 0.173 0.122 

CCL18  ng/ml 0.060 0.377 0.092 0.272 

CD31 ng/ml 0.009 0.913 0.005 0.934 

Significance was tested using a linear regression analysis (spearman method). These analyses were 

performed using Graph Pad Instat Software. Definition of abbreviations: CRP, creative reactive protein; 

CC16, clara cells 16; CCL18, Chemokine (C-C motif) ligand 18; CD31, cluster of differentiation 31. 

FEV1%, percent predicted forced expiratory volume in the first second, FVC, forced vital capacity.  
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Figure ‎4.5: Linear regression analysis of the correlation between lung severity and plasma 

biomarker levels. FEV1 % and FEV1/FVC ratio vs basal plasma level of (A1-2) CRP (mg/L), (B1-2) 

Fibrinogen (mg/dl), (C1-2), CC-16 (ng/ml), (D1-2) CCL-18 (ng/ml), (E1-2) CD31 (ng/ml). Significance 

was tested using a linear regression analysis (spearman method). Dotted lines indicate the 95 % 

confidence intervals. These analyses were performed using Graph Pad Instat Software. Definition of 

abbreviations: COPD, chronic obstructive pulmonary disease; HS, healthy smokers; HNS, healthy 

nonsmokers; CRP, creative reactive protein; CC16, clara cells 16; CCL18, Chemokine (C-C motif) 

ligand 18; CD31, cluster of differentiation 31; FEV1%, percent predicted forced expiratory volume in the 

first second, FVC, forced vital capacity. 
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4.4.5 Influence of Smoking Status on Inflammatory Biomarkers  

The smoking impact, quantified as PYH on biomarkers plasma levels was investigated. 

There was a significant negative correlation between the plasma CRP level and PYH (r
2
 =0.283, 

P = 0.041). No correlation was found between the Plasma Fibrinogen and PYH (r
2
 =0.063, P = 

0.36). Similarly, plasma CC16, CCL18 and CD31 levels did not show correlation with PYH 

(p>0.05). In subgroup analysis of patients with COPD, no differences in biomarkers level were 

found between smokers and ex-smokers except with CRP. The plasma level of CRP was found 

to be significantly higher in COPD former smokers as compared to current smokers (6.3 vs 3.2 

mg/L, p= 0.049). In summary, smoking affects the plasma level of CRP of COPD patients. 

Linear regression analysis of the relationship between smoking impact and inflammatory 

markers at baseline of COPD patients are summarised in Table 4.6 and Figure 4.6. 

 

Table ‎4.6: The impact of smoking on plasma biomarkers; CRP, fibrinogen, CC16, CCL18, 

and CD31 in COPD cohort. 

 

Biomarkers 

 

PYH 

r
2
 p 

CRP 

mg/L 

 

0.283 

 

0.041 

Fibrinogen 

mg/dl 

 

0.063 

 

 

0.360 

CC16 

ng/ml 

 

0.005 

 

0.790 

CCL18 

ng/ml 

 

0.066 

 

0.350 

CD31 

ng/ml 

 

0.177 

 

0.118 

Significance was tested using a linear regression analysis (spearman method) using Graph Pad Instat 

Software. Definition of abbreviations: CRP, creative reactive protein; CC16, clara cells 16; CCL-18, 

Chemokine (C-C motif) ligand 18; CD31, cluster of differentiation 31; PYH, pack year history.  
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Figure ‎4.6: Linear regression analysis of the correlation between smoking and plasma level 

of biomarkers. (A) CRP (mg/L), (B) Fibrinogen (mg/dl), (C) CC-16 (ng/ml), (D) CCL-18 (ng/ml), and 

(E) CD31(ng/ml). Significance was tested using a linear regression analysis (spearman method). Dotted 

lines indicate the 95 % confidence intervals. These analyses were performed using Graph Pad Instat 

Software. Definition of abbreviations: COPD, chronic obstructive pulmonary disease; HS, healthy 

smokers; HNS, healthy nonsmokers; CRP, creative reactive protein; CC16, clara cells 16; CCL18, 

Chemokine (C-C motif) ligand 18; CD31, cluster of differentiation 31; pack year history. FEV1%, 

percent predicted forced expiratory volume in the first second, FVC, forced vital capacity. 
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4.4.6 Relationship between Plasma Inflammatory Biomarkers Levels 

Plasma levels of CRP and fibrinogen were determined as a measure of systemic 

inflammation. In order to explore the relationship between systemic biomarkers and 

inflammation, correlations were performed between these inflammatory biomarkers. No 

correlation was found between plasma levels CRP and Fibrinogen (r
2
 = 0.181, p=0.63) (Figure 

4.7). 
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Figure ‎4.7: Linear regression analysis of the Correlation between CRP (mg/L) and 

Fibrinogen (mg/dl). Significance was tested using a linear regression analysis (spearman method). 

Dotted lines indicate the 95 % confidence intervals. These analyses were performed using Graph Pad 

Instat Software. Abbreviation: CRP, creative reactive protein. 
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4.5 Discussion 

COPD is a chronic inflammatory disease that affects primarily lung and airway with 

systemic manifestations and exhibits significant heterogeneity. The mechanism of heterogeneity 

in COPD is complex, as several studies observed variations among COPD individual parameters 

including the clinical manifestations, frequency of acute exacerbation, disease progression and 

response to treatment (Sin et al., 2009). Studies have been focused on COPD relevant 

biomarkers as these may associate with the different inflammatory phenotypes of the disease and 

may help to evaluate the individualized management of patients with COPD. Biomarkers can 

assess in evaluation of biological processes and disease pathology, the prediction of progression 

or response to treatment. However many published studies have produced also controversial 

results (Liu et al., 2014). 

The inflammation in COPD patients appeared to extend beyond the lungs causing systemic 

inflammation and COPD associated comorbidities. The biomarkers that were chosen to be 

investigated in the current study have previously been associated with either local or systemic 

inflammation of COPD. Several studies and research were focusing to determine their value as 

candidate COPD biomarkers. In this chapter, comparisons are reported for plasma inflammatory 

biomarker measurements between patients with COPD, healthy smokers and healthy nonsmoker 

groups using ELISA assay. ELISA is very sensitive assay which could detect the amount of 

protein levels in different biological tissues; plasma, serum, and cell culture recovered 

supernatant. Standardization of sample processing and storage, diluent type and dilution is 

necessary to ensure consistent results in ELISA assay. Most common processing technique 

involved separating plasma from the whole blood then storing plasma sample at -80 ͦ C. In the 

current study plasma samples were stored at -80 ͦ C until assayed. It was reported that storage and 

processing of samples have minor effects on plasma biomarker level measured by ELISA. There 

were no significant differences between measurement of plasma processed immediately or after 

storage at 4 ͦ C, -20 ͦ C, or -80 ͦ C (Bratcher and Gaggar 2014). In the current study 1% bovin 

serum albumin (BSA, sterile, filtered, Thermo Fisher Scientific, UK) in Dulbecco's phosphate 

buffered saline (PBS, sterile, filtered, w/o Calcium w/o Magnesium, Biosera, Labtech 

International Ltd, Sussex, UK) was used as a diluent to generate the serial dilutions of 

recombinant human standard according to manufacturer’s recommendation. This diluent was 
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also suggested by Bratcher and Gaggar (2014). Another important factor that may affect ELISA 

measurement is whether the sample should be assayed neat or the diluted. Optimization of 

dilution of samples is highly recommended before starting the entire ELISA experiments for 

better and consistent measurements. 

Dilution of the study plasma samples was vital before performing ELISA experiment to 

reduce the unspecific binding and to obtain better results. It assesses in estimation the values of 

detection range for antibody and target protein concentrations, and informs the amount of actual 

concentration required from plasma sample to start the assay (Thakur et al., 2015). High BSA 

diluent was used to dilute plasma samples and the optimum dilution of each biomarker was used 

to conduct the ELISA experiment for the entire study population. To clarify further, if OD 

against X dilution of sample corresponds to a value fallen within the range of the standard curve, 

so X dilution could be an actual choice of dilution to conduct the experiment. Performing the 

assay with undiluted plasma sample may result in values lies beyond the standard curve range 

applying less or more than the optimum dilution will lead to inconclusive results.  

4.5.1 Acute Phase Proteins  

The main findings of the current study are that plasma CRP and fibrinogen were 

significantly associated with the presence of COPD. Patients with COPD were shown to have 

increased levels of circulating Fibrinogen and CRP when compared with healthy nonsmokers. 

Further, plasma fibrinogen level was also increased in COPD group when comparing to healthy 

smoker group. 

Acute phase proteins like fibrinogen and CRP have been reported to be implicated in 

COPD pathogenesis. These findings are consistent with previous studies that reported elevated 

levels of CRP, and fibrinogen in COPD patients when comparing to healthy controls 

(Higashimoto et al., 2009; Celli et al., 2012; Agarwal et al.., 2013; El-Shimy et al., 2014; 

Truedsson et al., 2016; Korani et al., 2016; Kleniewska et al., 2016). CRP was the first 

biomarker to be investigated in COPD. Most studies have shown that CRP levels are frequently 

elevated in COPD and associated with disease severity, decline in lung function and FEV1, 

quality of life, exercise capacity and response to treatment (De Torres et al., 2006; Tanni et al., 

2010; Fattouh and Alkady, 2014; Paone et al., 2016). A systematic review and meta-analysis was 
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performed to assess the effect of CRP level in COPD patients, found that elevated baseline CRP 

levels were significantly associated with higher mortality (Leuzzi et al., 2017). 

Several studies have shown that the plasma level of fibrinogen is increase in patient with 

COPD, with decline of FEV1 (Comes et al., 2016).  Elevated fibrinogen level in COPD also 

correlated with poor prognosis, an increased risk for exacerbations, hospitalization and death 

(Mannino et al., 2015). In the ECLIPSE biomarker cohort fibrinogen was the most stable 

biomarker for more than 3 months (Dickens et al., 2011). So fibrinogen was the only 

inflammatory biomarker tested associated with disease severity and can be used as a predictor of 

lung function decline. An increased plasma Fibrinogen and CRP level in patients with COPD 

may suggest a systemic inflammatory effect in these patients. But what needs to be clarified is 

whether systemic inflammation is a primary or secondary related to pulmonary inflammation. 

The plasma levels of systemic inflammatory biomarkers of fibrinogen and CRP (Higashimoto et 

al., 2009) are   good candidates as to predict rapid decline of FEV1 in COPD patients. However, 

little information is available on how these inflammatory biomarkers are related to lung function 

decline in COPD. The systemic level of CRP and fibrinogen may reflect the degree of severity of 

airway inflammation but they are not lung specific molecules (Akiki et al., 2016). 

4.5.2 Lung Specific Protein 

The proteins CC16, SP-D, RAGE also were investigated in the current study. These are 

promising COPD biomarkers, because they are highly lung specific.  

4.5.2.1 CC16 

Low plasma CC16 was significantly associated with the presence of COPD, as the 

plasma level of CC16 in the COPD group was the lowest between the three groups. This result is 

in agreement with the studies which previously revealed that serum CC16 levels were decreased 

in patients with COPD when compared to healthy nonsmoking controls (Lomas et al., 2008; 

Agusti et al., 2012), and there was a positive correlation with disease severity and FEV1 decline 

over time (Vestbo et al., 2011), but not with mortality (Celli et al., 2012). Low expression of 

CC16 was reported in healthy smokers and COPD patients’ airway (Laucho-Contreras et al., 

2015).  
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4.5.2.2 SP-D 

In the current study lung specific protein SP-D, showed no activity in circulation of most 

of the study cohort. This result is inconsistent with the previous studies data who found that SP-

D levels were elevated in COPD patients when compared to healthy smoking controls (Lomas et 

al., 2009; Dickens et al., 2011). In large of ECLIPSE study of 1,843 patients, the level of SP-D 

was also higher in COPD group than in the control group (Celli et al., 2012). Moreover, a study 

by Akiki and collaborators found that SP-D is a more specific biomarker than CRP or fibrinogen 

to differentiate patients with COPD from healthy subjects. In their research the elevation of SP-D 

was associated with emphysema and exacerbations risk but not with COPD severity (Akiki et al., 

2016). SP-D plays an important role in pathogenesis of the some lung disorders. The high plasma 

level of lung specific protein may due to increased secretion or leakage of these proteins across 

the alveolar-capillary membrane into the circulation which occurs in many respiratory disorders 

(Madsen et al., 2000, Greene et al., 2002). 

There are several factors influencing the measurement of SP-D by ELISA that may 

explain the variations of serum or plasma SP-D levels reported here and in the published 

literature. These factors include; processing and storage of sample, dilution factor, diluent or 

matrix type and anticoagulant type. Bratcher and Gaggar investigated the effect of these factors, 

and found that sample processing and storage as well as diluent used for the standard and sample 

dilution have little effects on the level of SP-D result by ELISA. However they suggested 

avoiding the use of EDTA as anticoagulant when assaying for SP-D by ELISA, as it gave the 

most inconsistent results, and values that were significantly lower than serum values. This might 

be a reason why SP-D could not be detected in most of the cohort samples as blood samples were 

collected and transported in EDTA vacutainers. Another problem affecting SP-D measurements 

by ELISA, is the multimeric structure of SP-D and posttranslational modifications. The degree of 

SP-D multimerisation has been shown to vary in the lungs during different disease. Further, 

posttranslational modifications of SP-D in human serum or plasma may alter or hide the epitope 

recognised by an ELISA kit antibody, whilst the same antibody could identify unmodified 

epitope of the ELISA kit standard SP-D (Kotecha et al., 2013; Bratcher and Gaggar 2014). 

Additionally, inhaled systemic corticosteroids in conjunction with long-acting b2-adrenergic 

agonist therapy significantly lower serum SP-D levels in plasma of patients with COPD (Sin et 
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al., 2008). However, SP-D levels showed stability and good reproducibility over a period of 3-6 

months such characteristics may validate the utility of this protein as COPD biomarker (Lomas et 

al., 2008; Lomas et al., 2009; Dickens et al., 2011; Paone et al., 2016). 

4.5.2.3 sRAGE  

Previous studies have found that RAGE and sRAGE are involved in COPD pathogenesis. 

However sRAGE was not detected in plasma in most of the current study cohort samples. In fact 

sRAGE was detectable in only 26% of the study cohort, mostly were healthy nonsmoking 

controls. Because of low subject number with detectable sRAGE, it was not possible to 

investigate the relationship between sRAGE and COPD, but could confirm that healthy 

nonsmoking control have shown numerically high level of sRAGE. Many researchers 

demonstrated that sRAGE levels in serum or plasma of COPD patients is lower compared to 

control subjects and is associated with GOLD stage and emphysema (Yonchuk et al., 2015). 

Also a study that investigates plasma sRAGE in 88 patients with COPD and in 55 healthy 

controls, found that sRAGE levels were reduced in patients with COPD compared to healthy ex-

smoking and nonsmoking controls, and its low level was positively associated with preFEV1 and 

preFEV1/FVC (Gopal et al., 2014). Likewise, Hoonhorst and colleagues showed that plasma, 

sRAGE levels were significantly lower in COPD patients compared to young and old healthy 

controls and their value associated with decreased lung function and disease severity (Hoonhorst 

et al., 2016). In contrast to those previous results no statistical significant difference was found 

among all groups regarding sRAGE level in plasma. Furthermore, no significant correlation was 

found between plasma sRAGE level and predicted FEV1% (Hassanein et al., 2016). It can be 

inferred that the lower level of sRAGE, which acts as a decoy receptor to prevent inflammation 

may result in greater RAGE driven inflammation in COPD (Miller et al., 2016).  

4.5.3 Cytokines and Chemokines 

The cytokines group that included TNF-α, IL-6, and chemokine; IL-8, IP10, showed no 

activity in circulation of most of the study cohort including patients with COPD. There was no 

relation between patient disease severity and the undetectable level of cytokines. As a result of 

that it was not possible to evaluate the association between these markers and COPD despite an 

association being described previously. Many authors found that the serum level of IL-6, IL-8 
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and TNF-α were significantly higher in COPD patients when compared with healthy nonsmokers 

(Heidari 2012; El-Shimy et al., 2014; El Gammal et al., 2015; Queiroz et al., 2016; Korani et al., 

2016).  

4.5.3.1 TNF-α 

In this study, TNF-α was only detectable in approximately 10% of the subjects in the 

studied groups. The inability to detect particularly circulating TNF-α in many subjects in the 

current study is similar to that reported in a study by Rennard et al. where circulating TNF-α was 

detectable in approximately half of the subjects in the ECLIPSE biomarker cohort (Rennard et 

al., 2007). In line with these results, TNF-α also was unmeasurable in most patients of ECLIPSE 

study (1,843 patients) had undetectable low levels of TNF-α (Celli et al., 2012). Possible 

explanation for undetectable of TNF-α in plasma is its local and short term effects, its 

degradation and its short half-life, as well as its binding to receptors and renal clearance (Korani 

et al., 2016) 

4.5.3.2 IL-6  

IL-6 was only detectable in 10% of the subjects in the studied groups. Like fibrinogen 

and CRP, IL-6 also belongs to the systemic inflammatory component of COPD, and is increased 

in COPD patients. However, the biological variability of fibrinogen was lower than for IL-6 or 

CRP in stable COPD subjects (Dickens et al., 2011). In large of ECLIPSE study of 1,843 

patients, the level of IL-6 was raised in COPD group than in the control group (Celli et al., 

2012). Also, Serum IL-6 was raised in patients COPD when compared to healthy nonsmokers, 

and there was a significant negative relationship between serum levels of IL-6 and FEV 1 and 

FEV1/FVC (Ardestani and Zaerin 2015). COPD patients also showed increase levels of IL-6 and 

IL-8 in induced sputum (Eickmeier et al., 2010) and elevated levels of IL-6, IL-8, and TNF-α in 

serum (Tanni et al., 2010; Selvarajah et al., 2016) when compared to healthy controls. In 

contrary to the previous results, there was no significant difference between the serums levels of 

IL-6 and TNF-α of COPD patients and healthy subjects (Kleniewska et al., 2016). Another study 

of two large COPD cohorts of 2123 and 1117 subjects observed that IL-6 was associated with 

progressive airflow limitation over 5 years and with emphysema progression over 5 years 

(Bradford et al., 2017).  
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4.5.3.3 IL-8  

Increased IL-8 secretion contributes to the development of COPD, and elevated IL-8 was 

found to be correlated with neutrophils numbers. IL-8 can chemo-attract  and activate neutrophils 

to the site of injury, and then neutrophils can release IL-8 causing further accumulation of 

neutrophils in lung tissue of COPD patient. In this study, IL-8 was also one of the undetectable 

biomarkers in studied groups. The findings presented here are in contrary with literatures 

showing that IL-8 levels are elevated in COPD. The level of IL-8 was higher in COPD patients 

when compared with healthy controls (Zhang et al., 2011). Similarly, IL-8 has been reported to 

be elevated in COPD patients in small study with less than 100 subjects (de-Torres et al., 2013). 

A study by Liu et al. (2014), demonstrated that IL-8 concentrations were increased in serum 

from patients with exacerbated COPD, when compared with patients with asthma attacks. An 

increased serum IL-8 level in COPD patients with exacerbation suggests a systemic 

inflammatory effect in these patients. However, mechanisms that regulated serum IL-8 

expression are not clear (Liu et al., 2014). Another study of two large COPD cohorts of 2123 and 

1117 subjects observed that IL-8 were associated with emphysema progression over 5 years 

(Bradford et al., 2017). In contrast to the previous studies mentioned, Novgorodtseva et al. 

(2013) reported that the level of IL-8 in patients with COPD did not differ from that in the 

control group. The low or undetectable level of IL8 may be explained by the specific functions 

of this cytokine. IL-8 is needed to recruit and activate neutrophils. Most of the previous studies 

that described an association between IL8 level and COPD patient were using sputum, exhaled 

breath condensate and BAL fluid sample rather than plasma. Therefore, IL-8 could be considered 

as a local, rather than systemic, biomarker of inflammation that could be detectable in the 

airways rather than the plasma (Batlle et al., 2012).   

4.5.3.4 IP-10 

Elevated levels of IP-10 have been observed in patients with COPD, and subsequently 

have been reported to be involved in COPD inflammation. However, in the present study no 

detectable basal level of IP-10 was observed in the circulation of most subjects of the study 

cohort. Most of plasma samples were under the limit of detection, and IP10 was only detectable 

in 16% of the whole study population. Torvinen et al. (2007) proved by in vitro study that the 

interactions between lung epithelial cells, lymphocytes and monocytes are needed for basal IP-10 
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secretion. IP-10 was induced when circulating monocytes, T-cells and epithelium are in close co-

culture environment. Furthermore, Eickmeier group could not detect the IP-10 in many of their 

COPD sputum samples and found no significant differences between the COPD patients and 

healthy groups (Eickmeier et al., 2010). The blood levels of IP-10 have not been widely 

investigated in patients with COPD, and most studies investigate their role in combination with 

other diseases where elevated levels of IP-10 were detected (Odler et al., 2016). To give an 

example, patients with COPD have high serum IP-10 levels than controls, and it level increased 

from baseline to exacerbation in patients with rhinovirus induced exacerbations (Quint et al., 

2010). In addition, IP-10 was found significantly elevated in the circulation of systemic lupus 

erythematosus with pulmonary disorders involvement cohort (Odler et al., 2016). 

4.5.3.5 CCL18 

Few studies have investigated CCL18 as a potential biomarker for COPD.  In the current 

study there were no significant differences in plasma level of CCL18 of COPD patients when 

compared to healthy smokers and nonsmokers. This result disagrees with previous studies where 

CLL18 was shown to be elevated in COPD patients when compared to healthy smokers and 

healthy nonsmokers (Dickens et al., 2011). A small study of forty eight patients with COPD has 

observed a significant association between serum levels of CCL18 and FEV1, dyspnea score, 

exercise capacity, exacerbation frequency and mortality (Pinto-Plata et al., 2007). Additionally, 

in two large cohorts, serum CCL18 levels were found to be higher in COPD patients than in 

healthy smokers or healthy nonsmokers. Elevated CCL18 levels were associated with increased 

risk of cardiovascular hospitalization and mortality (Sin et al., 2011).  Another large of ECLIPSE 

study of 1,843 patients, found that the level of CCL18 was raised in COPD group than in the 

control group (Celli et al., 2012).  

Serum CCL18 levels were also found to be elevated in COPD patients when compared to 

the healthy former smokers (Dilektasli et al., 2017). Both CCL18 and SP-D levels were higher in 

patients with more severe pneumonia which may reflect the extent of pulmonary inflammation 

(Spoorenberg et al., 2017). In this study, it was observed that the circulating level of CCL18 was 

numerically higher in the COPD group but as mentioned earlier no statistically significant 

difference was observed in the comparisons between the three studied groups. These findings are 
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consistent with those of Muñoz-Esquerre et al.  (2017), which have shown no significant 

difference in CCL18 level between COPD patients and healthy controls. The relatively small 

cohort size and high biological variability between subjects may have affected the circulation 

value of CCL18 that was found to be associated with mortality in two large cohorts (Sin et al., 

2011). Despite CCL-18 being a predominantly pulmonary marker, it may be secreted by the 

myeloid cells, and different organs such as liver, bone marrow. Hence, measuring CCL-18 

production in BAL fluid might be more revealing. However, a close correlation between CCL-18 

concentration in circulation and BAL was reported by Prasse et al (2007), suggesting that CCL-

18 production within the lungs was reflected by the CCL-18 levels in systemic level of smokers 

(Dilektasli et al., 2017). CCL18 levels showed poor repeatability over time both in COPD 

patients and healthy controls (Dickens et al., 2011). In summary, although there is some 

evidence of association between CCL18 and severity and mortality in COPD, further 

investigation is required to evaluate the utility of CCL18 as COPD biomarker (Pinto-Plata et al., 

2012; Ongay et al., 2016). 

4.5.4 CD31 

Increasing evidence indicated that cardiovascular and not respiratory diseases are the 

main cause of death among individuals with COPD, and that endothelial injury in the pulmonary 

capillary vasculature leads to lung destruction. Because of that endothelial MPs such as CD31 

which is involved in both the pulmonary and systemic vascular biology, are being investigated as 

potential biomarkers for COPD (Takahashi and Kubo, 2014). In this study the presence of CD31 

was detected in plasma samples of all the three groups, and it was found that circulating levels of 

CD31 are higher numerically in COPD subjects compared to healthy smokers and nonsmokers 

groups. However this increase did not reach statistical significance due to the high biological 

variability between subjects and maybe this reflected the limited number of cases available for 

analysis. Most work that investigated the role of MPs CD31 in COPD has been limited to few 

studies. In these studies CD31was identified and determined by flow cytometry in platelet-free 

plasma or sputum according to the expression of membrane specific antigens. Thomashow and 

coworkers (2013) were the first to confirm that endothelial MPs including CD31 are increased in 

in COPD compared with control subjects and this elevation was negatively correlated FEV1 and 

emphysema severity. 
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High plasma and sputum levels of CD31 of COPD patients negatively correlated with the 

severity of disease. The high levels of circulating and local CD31 could reflect a damage in small 

airway, while the presence of CD31 in sputum could indicate lung epithelium and vascular 

endothelium damage in COPD patients (Takahashi et al., 2012). Further, Lacedonia et al. (2016) 

demonstrated that the level of CD31 was raised in the sputum of COPD patients, and was 

negatively correlated with the severity of disease. In agreement with previous studies, a recent 

work found that COPD patients showed significantly elevated levels of total circulating CD31 

compared with healthy smokers and healthy nonsmokers (Garcia-Lucio et al., 2018).  In 

summary, the elevated levels of CD31 could be indicator of endothelial inflammation which is 

closely connected to the pathophysiology of COPD. Thus, CD31 could be a good candidate for 

the study of pulmonary endothelial damage, COPD progression, and for identifying patients who 

are susceptible to exacerbation (Takahashi and Kubo, 2014; Lacedonia et al., 2016). The 

findings of the previous studies are in contrary to the current study data which suggest that CD31 

are unable to different between patients with COPD and healthy control. There are several 

technical difficulties reported with measuring endothelial MPs. For example, there is no standard 

protocol for isolating and detecting circulating MPs from the plasma. In addition, differences in 

centrifugation protocols influence the number of MPs, and differences in flow cytometers 

influence the sensitivity of endothelial MPs detection (Takahashi and Kubo, 2014). 

Several studies aim to identify the relationships between biomarkers and disease 

progression especially for treatment guiding (Comes et al., 2016). In the present study, it was 

noticed that the increasing plasma level of fibrinogen, CRP, CC16, CCL18 and CD31 was 

correlate with worsen disease stage. This means that COPD Patients in mild stage have shown 

lower level of circulating biomarkers that those in moderate or severe stages. These data are in 

line with previous studies data (Akiki et al., 2016; Doubková et al., 2016; Lacedonia et al., 

2016). Unfortunately, some of widely studied biomarkers showed poor repeatability and were 

unstable when measured at a three month interval which may restrict their utility as markers of 

disease progression or measures of the effects of drug intervention. While some other biomarkers 

should have a prognostic role in COPD. It is known that COPD is an inflammatory disease and 

CRP, fibrinogen are components of systemic inflammation, are elevated in COPD subjects 

compared to healthy subjects in this and in other studies (Dickens et al., 2011). CRP is one of the 
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most widely studied biomarkers and may correlates with COPD. However, as CRP is not a 

pulmonary specific protein, it could be unspecific risk biomarker that reflects systemic 

inflammation rather than local inflammation (Liu et al., 2014). Although CRP and IL-6 are both 

significantly raised in COPD; however their level is variable in COPD subjects over three 

months and may have limited utility as useful biomarkers of COPD (Dickens et al., 2011).  

In theory lung specific biomarkers could potentially be used as ideal biomarkers of 

COPD. Among lung specific proteins, SP-D and CC16 have proven to be more stable over time 

than CCL18 which could make them more useful COPD biomarkers. Additionally, CC16 seems 

to have a prognostic role in COPD patients, and the interesting results obtained here regarding 

CC16 should be the focus of further studies. On different note, MPs such as CD31 are known to 

increase in cardiovascular diseases, including myocardial infarction. Therefore, the role of other 

MPs in the comorbidity and the prognosis of COPD would be a great interest. 

The correlation between inflammatory biomarker levels and clinical outcomes was 

investigated in COPD patients. A statistically negative significant correlation was observed 

between the levels of CRP and the predicted FEV1/FVC ratio. CRP values changed significantly 

with rising disease severity. So if plasma CRP level is correlated with FEV1/FVC then it may act 

as a surrogate marker of disease progression in individuals with COPD. This would assess 

clinicians to predict those who may susceptible to COPD. Other researchers have investigated 

the association between CRP and lung function, and shown that the mean serum CRP level was 

found to be significantly increased in severe cases. For example, De Torres and et al. (2006) 

indicated that when lung function worsens CRP levels increase. Similarly, Agarwal co-workers 

(2013) noticed that CRP level in stable COPD patients was correlated with FEV1. This might 

enable identification of patients at a high risk of disease progression and mortality. However, in 

the current study there was no association between CRP level and FEV1%. This result is 

consistent with a previous study finding which indicated that no association between pulmonary 

function test measurements (FEV1) and increase CRP levels in COPD patients (Pinto-Plata et 

al., 2006). The lack of correlation of other biomarkers candidates (Fibrinogen, CC16, CD31 and 

CCL18) with patients lung function data in this study make it difficult to interpret, but may be 

due to the small patient sample size and that 80% of the patients had mild or moderate 
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obstruction. In consequence, it was not possible to provide clear evidence of an association 

between biomarkers levels rather than CRP and lung function parameters. 

In the COPD group, smoking history and exposure seemed to have an impact on systemic 

level of CRP but not on fibrinogen, CC16, CCL18, and CD31. A significant correlation was 

observed between the levels of CRP and PYH. In subgroup analysis of patients with COPD, no 

differences in biomarkers level were found between smokers and ex-smokers except with CRP. 

The plasma level of CRP was found to be significantly higher in COPD former smokers as 

compared to current smokers. However, previous studies indicates that the increase of CRP 

levels in patients with COPD not related to smoking status (Pinto-Plata, et al., 2006; Tanni et al., 

2010).  Additionally, other researchers have shown that serum level of CRP and fibrinogen were 

not affected by smoking status (Higashimoto et al., 2009). Cigarette smoke may enhance the 

inflammatory process in COPD patients, but it is not the leading cause of increased inflammatory 

biomarkers level (Agarwal et al.., 2013). In summary, it seems that a relation between smoking 

and level of CRP in COPD subjects requires further investigation.  A possible relationship 

between the plasma level of CRP and fibrinogen was also evaluated. Acute phase reactants 

protein, CRP and fibrinogen, considered as a measure of systemic inflammation. Disappointedly, 

no correlation was found between plasma levels CRP and Fibrinogen.  

It is known that the selection of biomarkers is incomplete, but believe this must reflect 

involvement of several pathways including acute phase reactant, inflammation, chemo-attraction, 

and pulmonary regulated proteins. The selection of the markers is based on previous studies that 

included stable and unstable COPD patients and smokers and non-smokers controls. COPD is 

heterogeneous disease and because of that the use of a single biomarker is generally considered 

insufficient. Using a combination of novel biomarkers with pulmonary function tests alongside 

other existing tools can optimise the prognosis, diagnosis, treatment of patients with COPD 

(Ongay et al, 2016). 

There are some confounding factors that can affect the results. Factors include; small 

sample size, lack of reproducibility in an independent cohort, heterogeneity and biological 

variability of the patients with COPD, pathological characteristics, inflammatory profiles (Liu et 

al., 2014; Bradford et al., 2017). The number of patients was not sufficient to reach statistical 

significance in associations between inflammatory biomarkers and the presence of COPD. 
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However, the subject number in the present study was similar or larger than the number of 

subjects in some previous studies. For example, the number of the study cohort for Queiroz et al. 

(2016) = 30, El Gammal et al. (2015) = 40, Kawayama et al. ( 2016) = 37, Liu et al. (2014) = 19, 

and Hassanein et al. (2016)= 44.  

Sample size justification is required for all clinical studies (Zheng et al., 2017). Analyzing 

the power of a study depends on the significance level α, the sample size, and the effect size. The 

latter depends on the average difference and the variability of the measurement. It is 

recommended that sample size is estimated for an error (α) of 0.05, statistical power of 0.8 and 

effect size ≥ 0.5. During the planning of the study, no power analysis was performed. However, a 

post hoc power analysis (Wilcoxon-Mann-Whitney test) justifies the sample size. The power 

with the actual sample size for CRP, Fibrinogen and CC16 were 0.91, 1 and 0.98 respectively. It 

is possible that the lack of association between COPD and plasma CCL-18 and CD 31 

concentration in the present study may be a result of inadequate statistical power rather than a 

true lack of association. The post hoc power analysis of CCL-18 and CD 31 data found that 

statistical power was insufficient to detect a significant relationship. Power and sample size 

analysis was calculated using G*power software version 3. 

Thus, further studies with larger sample sizes from multi clinical centres and long term 

study may be necessary to confirm the lack of associations between these biomarkers and the 

presence of COPD (Lee et al., 2018). Additionally, the finding of our study could be affected by 

the specific detection limit in the commercially ELISA kits. The very low values of some 

biomarkers in plasma were determined by the commercial ELISA kits, and most of the measured 

values fell below the validated detection limits of the relevant ELISAs. Since small variations in 

optical density can result in large changes in biomarker concentration and it is possible that there 

was some error in the measurement of low biomarker concentrations. 

4.5.4 Conclusion 

Blood biomarkers that are elevated in COPD subjects when compared to healthy 

nonsmoking controls were identified. This study showed that high level of plasma CRP, 

fibrinogen, and low level CC16 were associated with COPD, which suggests that CRP, 

fibrinogen, and CC16 might be a useful biomarker panel related to the presence of COPD. Thus, 
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plasma level of CRP, fibrinogen and CC16 could distinguish COPD patients from healthy 

controls. These results provide evidence that CRP and Fibrinogen might play a more important 

role in airway and systemic inflammation. Increased plasma CRP, fibrinogen can be used as 

biomarkers of the systemic inflammatory response in COPD patients. Several previous studies 

provide support for the view that CRP is a useful biomarker in COPD, particularly in defining 

lung function decline in COPD patients and in acting as a surrogate marker of treatment success. 

A significant negative correlation was detected between CRP plasma level and FEV1/FVC as 

well as PYH, though this study did not find an association between Fibrinogen, CC16, CD31 and 

CCL18 with pre FEV1% or FEV1/FVC, as well as with PYH in COPD patients. There is a need 

for lung-specific biomarkers derived from proteins that are either highly or only expressed in the 

lung tissue. For example, data presented here for CC16, support this as a promising local 

biomarker of an inflammatory process in the airways of COPD patients. However, further studies 

are required to establish the role of these biomarkers in COPD patients. 

Analysis of biomarker profiles is more important that the measurement of single 

biomarker levels to differentiate patients with COPD from healthy subjects, and to determine the 

severity of lung inflammation. Monitoring the inflammatory biomarker activity is important for 

the assessment and management the chronic airway diseases and the decline in lung function in 

COPD (Pinto Plata et al., 2012). Many studies have been published on the association between a 

specific biomarker and COPD disease, with either positive or negative results being reported. 

The disagreement in results can be attributed to different factors, including the heterogeneity of 

COPD phenotypes, low subject number, or the use of different methodologies and assays. Thus 

the use of advanced analytical methods like cytokine arrays, mass spectrometry, or nuclear 

magnetic resonance, should increase the sensitivity of the assays, and may produce important 

new information in the future (Liu et al., 2014). 
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5. Chapter 5: Immunomodulatory effects of omega-3 PUFA on ex-vivo 

PBMCs  

 

 

5.1 Background 

Inflammation of the airways is the main pathological feature in COPD patients. Although 

the pathogenesis of COPD is still unclear, studies have shown that COPD pathogenesis might 

associate with immune system dysregulation. The initial inflammatory response to damage from 

smoking or irritant agents is characterized by increased number of inflammatory cells migrating 

from the circulation to the lung and accumulating in the airways, including neutrophils, 

monocytes and lymphocytes. These cells release various inflammatory mediators including IL-6, 

IL-8, and TNF-α, interact with each other, with structural cells of the airways, the lung 

parenchymal and pulmonary vasculature, result in increased COPD severity and pathogenic 

consequences (Duvoix et al., 2013; Wu et al., 2014; El-Shimy et al., 2014; Quan et al., 2016).  

PBMCs are the immediate inflammatory cells to respond to any pathogen invasion. Many 

of the proinflammatory mediators produced by PBMCs different cell types play important roles 

in immune system monitoring relevant events and response in an inflammatory manner. PBMCs 

comprise the cellular part of the blood organ containing all blood cells with a mononuclear 

morphology. In humans the PBMC population is heterogeneous and consists from several 

different cell types with different functional states. Lymphocytes and monocytes are the main 

constituents of PBMCs and more than two thirds of the lymphocytes represented by T-cells. It 

includes lymphocytes (70–90%); 50–70% T-cells, 5–15% B-cells, 10–20% monocytes, 2–10% 

natural killer cells, dendritic cells (1–2%) and the remainder of platelets. The proportion of these 

populations differs between individuals. (Debey et al., 2004; Haudek-Prinz et al., 2012; 

Končarević et al., 2014).  
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PBMCs are very important immune cells that are involved in a large number of diseases. In 

healthy individuals, PBMCs circulate in a quiescent cell state but are able to respond quickly and 

efficiently in an inflammatory manner toward any potential pathogens invasion or irritants. 

However, strong inflammatory responses occur in these cells when targeting any foreign particle 

and may also cause severe side effects. During inflammatory activation of these cells, key events 

include; leukocyte migration, proliferation of T-cells, NF-κB signaling and regulation of 

apoptosis (Haudek-Prinz et al., 2012).  

Several studies have evidenced that T-cells play main role in initiating and prolonging 

inflammation in human disease, through the production of proinflammatory mediators and via 

cell to cell contact interactions with different cell types through membrane receptors and their 

ligands. Activated T-cells are important regulators and effectors of inflammatory immune 

response towards tissue damage (Monaco et al., 2004).The major subclasses of T-cells express 

either CD4 or CD8 on their surface. Different immunologic stimuli trigger differentiation of 

naive CD4+ T cells via different developmental pathways give arise to different T-cell 

phenotypes such as; Th1 and Th2 cells. Both phenotypes involved in host defence in different 

pathological or disease states. Other subsets including; Th17 cells and regulatory T cells 

(CD4+CD25+ Treg) also associated in host defence and in inflammatory disease (Calder 2015). 

T-cells, especially Treg cells, have been involved in the regulation of immune response and 

maintaining homeostasis. Previous studies showed that compared to healthy controls, the 

expression and the percentage of CD4+ T-cells and CD4+CD25+ Treg was significantly 

decreased. This suggested that the reduction in the population of Treg cells functioning sup-

pressive immunity, which might promote occurrence and development of COPD (Domagala-

Kulawik et al., 2011; Quan et al., 2016). 

Monocyte functions comprise phagocytosis, presentation of antigens and paracrine 

regulation of inflammation. Monocytes act as regulator and activator of T-cell. In turn activated 

T-cells may further activate endothelial cells, fibroblasts, smooth muscle cells and 

monocytes/macrophages to produce inflammatory cytokines, chemokines, tissue factor and 

extracellular matrix-degrading enzymes, to promote inflammation, angiogenesis and tissue 

damage, and hence  maintain an acute or chronic inflammatory state (Monaco et al., 2004). 
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 During pathogen invasion, monocytes are recruited from the circulation to the tissue and 

differentiated in the two phenotypes M1 or M2 macrophages depending on the signals they 

receive from the micro-environment. The M1 macrophages involved in proinflammatory 

pathways and release several proinflammatory cytokines and eliminate microbial infection.  The 

M2 macrophages have poor antigen-presenting capabilities, implicated in tissue remodeling and 

progression of fibrosis, and are considered to be wound-healing macrophages. The M2 

macrophages secrete a specific types of chemokines including; IL-10, CCL17, CCL22, IL-1Ra, 

and CCL18 (Plönes et al., 2012; Dilektasli et al., 2017).  

Macrophages are among the most abundant cells in the respiratory tract and can be 

classified as alveolar macrophages (AMs) that line the surface of alveoli and interstitial 

macrophages (IMs) that found in the interstitial space between the alveoli epithelium and blood 

vessels. AMs have been reported to clear inhaled irritants, bacteria, cell debris and apoptotic 

cells, and resolve inflammation following injury and infection. Additionally it regulates 

neutrophil and monocyte recruitment to the lung. Both populations display high phagocytic 

capacity, but AMs are larger in size and more potent phagocytes (Kapellos et al., 2018).  AMs 

constitute over 90% of the pulmonary macrophage population and thought to be originating from 

the bone marrow. In COPD macrophages have an impaired ability to clear bacteria, damaged 

tissue and apoptotic cells, which leads to the colonisation of the lung with pathogenic bacteria. 

This may be due to excessive oxidative stress that affects the phagocytic capacity of 

macrophages (Vlahos and Bozinovski, 2014). Different macrophage subpopulations have been 

identified in airways and lung tissue of COPD patients and controls using flow cytometry. Based 

on size and location, macrophage subsets include; Small interstitial macrophages with more pro-

inflammatory function, small alveolar macrophages that had the greatest phagocytic capacity and 

large alveolar macrophages with low pro-inflammatory and phagocytic ability (Dewhurst et al., 

2017). 

Dietary interventions with omega-3 PUFA have been shown to be beneficial in the 

treatment of inflammatory diseases such as rheumatoid arthritis (Miles and Calder 2012), breast 

cancer (Mansara et al., 2015), and CVD (Calder 2017), the latter is the most important 

comorbidity in COPD. Hence, omega-3 PUFA supplementation might also be beneficial for 

people with COPD. Fatty acids are constituents of phospholipids and phospholipids are 
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components of cell membranes. The phospholipids of immune cells including; lymphocytes, 

monocytes, and neutrophils, isolated from the blood of healthy people consuming typical 

Western diets, have been reported to contain about 10 to 20% of fatty acids as; ARA, with about 

0·5-1% of EPA and 1·5-3% of DHA (Miles and Calder 2012). The fatty acid composition of 

human blood leukocytes can be modified by increased oral intake of marine omega-3 PUFA. 

This results in increased proportions of EPA and DHA in cell membrane of blood monocytes, 

neutrophils and PBMCs (Faber et al., 2011). 

Several studies have previously reported on the ability of omega-3 PUFA (EPA and 

DHA) to decrease pro-inflammatory cytokine production from stimulated PBMC, in different 

chronic diseases including multiple sclerosis (Shinto et al., 2011) and rheumatoid arthritis (Miles 

and Calder 2012) . However, most of the studies investigating the role of omega-3 fatty acids on 

immunomodulation have focused on the effects of orally administered EPA and DHA on 

immune cells reflected by cytokine production of T-cells or monocytes. Unfortunately the 

available measurements and outcome data of these studies are highly inconsistent (Jaudszus et 

al., 2013). Further, the numbers of the studies that investigated the immunomodulation effect of 

omega-3 PUFA on human PBMC without COPD patients’ omega-3 PUFA supplementation are 

limited. 

PBMCs have been considered as marker of several diseases, including rheumatoid 

arthritis, and malignant diseases (Edwards et al., 2007). The features of PBMC were also found 

to be altered in COPD (Aggarwal et al., 2016). In Patients with COPD altered PBMCs may fail 

to react to infection, stimuli or hypoxia (Wu et al., 2014). For example, PBMCs from COPD 

patients fail to induce hypoxia-inducible factor1 and VEGF under hypoxic condition because of 

a reduction in histone deacetylase 7 (To et al., 2012).  

PBMC samples are suitable for analysing immune-mediated or associated diseases and 

evaluating therapy response (Debey et al., 2004). PBMCs can be obtained easily from routinely 

collected blood samples, and widely used in in vitro studies, which is in contrast to airway tissue 

or lavage samples. Different methods are available for both in vitro and ex vivo investigations of 

PBMCs to measure activation of specific cells and production of proinflammatory mediators 

(Končarević et al., 2014). The present study employed PBMC as an experimental model to study 

mitogen-specific responses. Mitogen-induced proliferation and cytokine production is often a 
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preferable assay to examine any immuno-toxic therapy, because it reflects the status of immune 

cells. The functions of immune cell are mediated by several cytokines that are stimulated by 

different factors including: bacterial or viral infections, drugs and/or environmental irritants. 

Thus, it is necessary to select a panel of biomarkers that reflects the effects of a given therapy 

(Mandarapu et al., 2014). Data reported in Chapter 4 measured the plasma level of inflammatory 

biomarkers in patients with COPD, and compared these against levels in healthy smokers and 

nonsmoking controls. This chapter will compare release of cellular inflammatory biomarkers 

before and after stimulation of PBMCs recovered from the study groups.  

To induce proliferation PBMCs should be triggered by using several stimulators, 

including different mitogens. The most common used mitogens; Concanavalin A (ConA), LPS 

and Phytohemagglutinin (PHA), are able to stimulate PBMCs (Molaee et al., 2017). LPS which 

is the main structure component of gram-negative bacterial cell wall can stimulate the release of 

IL-8 and IL-6, from human PBMCs, and other pro-inflammatory cytokines towards bacterial 

invasion (Ngkelo et al., 2012). PHA; lectin extracted from red kidney bean (Phaseolus vulgaris), 

is one of the potent mitogens used in cell proliferation experiments in vitro. It binds to cell 

membranes surface receptors and stimulates cell division and metabolic activity (Haudek-Prinz 

et al., 2012).  

Based on the previous findings, it is hypothesized that omega-3 PUFAs may help to reduce 

COPD outcomes induced by cigarette smoke and other irritants. PBMCs samples were chosen 

for the investigation, because they can be easily collected, and are important for the discovery of 

biomarkers for diagnosis and therapeutic management of COPD. The aim of this chapter is to 

investigate the potential effect of the two main omega-3 PUFA; EPA and DHA, on functional 

properties of human PBMC, evaluated through proliferation and cytokine production, in order to 

examine the contribution of these immune cells which are involved in innate and adaptive 

immunity. For this purpose, an ex vivo mitogen-induced PBMC proliferation model was used. 

PHA mitogen was used as a stimulant to induce proliferation in PBMCs which mainly consists 

of a mixture of lymphocytes and monocytes (Haudek-Prinz et al., 2012; Končarević et al., 2014, 

Molaee et al., 2017). PBMCs were treated with different concentration of EPA or DHA, then 

were incubated with PHA for 24hrs (37˚C, 5% CO2 and 95% humidity). 
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5.2 Objectives 

 To establish basal release of inflammatory biomarkers from ex-vivo PBMCs  

 To evaluate the effect of different concentrations of EPA and DHA on biomarkers 

secreted from PHA-stimulated and unstimulated ex-vivo PBMCs 

 

5.3 Methods 

5.3.1 Prioritized COPD Biomarkers in PBMCs 

A limited number of studies have investigated PBMCs profile in COPD through 

cytokines production. In the current study a panel of biomarker candidates was selected based on 

a previous study (Kawayama et al., 2016). It is suggested that the production of these biomarker 

from PBMCs may increase during COPD inflammation. These biomarkers include; 

inflammatory biomarkers: IL-6, and TNF-α; chemoattractant biomarkers: IL8, IP10 in addition 

to RAGE and CD31. The list of potential biomarkers was further reduced by selecting only those 

could be measured in PBMCs culture samples of the studied groups. In this way, four potential 

biomarkers remained includes; IL-6, TNF-α, IL-8 and CD31. 

5.3.2 Duoset ELISA Assay  

5.3.2.1 Reagent Preparation  

ELISA duoset kits (R&D Systems, Oxford, UK) were used to measure the biomarkers 

release in recovered supernatants from PBMC culture samples. Detail of ELISA sensitivity 

ranges for each biomarker and the required reagents diluent and sample needed for each assay is 

summarised in Table (5.1, 5.2) Anti-human capture antibody was reconstituted in 0.5 ml of PBS 

and further dilution was made in PBS, to the working concentration. Anti-human detection 

antibody was reconstituted in 1.0 ml of reagent diluent 1% BSA in PBS, and further dilution was 

made in reagent diluent to the desire working concentration.  
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5.3.2.2 Sample and Standards Preparation  

The PBMCs were isolated from 20mL of whole blood consisting of anti-coagulant EDTA 

from patients with COPD, healthy smokers and healthy nonsmokers on Ficoll density gradient by 

centrifugation at 400 ×g at the room temperature for 30 minutes as previously mentioned 

(chapter 2). Before performing the experiment, cryopreserved PBMCs were recovered, washed 

and counted. The total cell count was calculated by using trypan blue exclusion method. Cell 

suspension was diluted 1:1 (v/v) with 0.4% trypan blue, and the viable cells were counted and 

compared with the total amount of cells in the suspension and in all of the experiments. The cell 

suspension was adjusted to 1×10
6
 cells/ml. For standard preparation; each standard vial was 

reconstituted with 0.5 mL of deionized or PBS according to manufacture instructions (R&D 

Systems).  After initial reconstitution 1ml of high standard was prepared per plate assayed at the 

concentration indicated. Seven point standard curves using 2-fold serial dilutions were prepared. 

Working dilutions were prepared on experiment day and used immediately. 
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Table ‎5.1: Summary of stock concertation and sensitivity range of standards used in 

ELISA assay 

Biomarker Standard Stock 

Concentration 

High standard 

limit 

Lower standard 

limit 

 

Human IL-6 

 

90 ng 

 

600 pg/mL 

 

9.38 pg/mL 

 

Human 

IL8/CXCL8 

 

40 ng 

 

2000 pg/mL 

 

31.3 pg/mL 

Human 

TNF-α 

 

67.5 ng 

 

1000 pg/mL 

 

15.6 pg/mL 

Human CD31/ 

PECAM-1 

 

190 ng 

 

10,000 pg/mL 

 

156 pg/mL 
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Table ‎5.2: Summary of dilutions capture and detection antibody for each biomarkers used 

in ELISA assay 

Biomarker Capture 

Antibody 

Detection 

Antibody 

Capture Antibody 

concentration 

Detection Antibody 

concentration 

 

Stock  Working 

solution  

Stock  Working 

solution  

Human IL-6 

DY206 

Mouse Anti-

Human IL-6  

Biotinylated 

Goat Anti-

Human IL-6 

Antibody 

 

240 

µg/ml 

 

 

 

2µg/ml 

 

3µg/ml 

 

50g/ml 

 

Human 

IL8/CXCL8 

DY208 

 

Mouse Anti-

Human IL-8 

Antibody 

 

Biotinylated 

Goat Anti-

Human IL-8 

Antibody 

 

240µg 

 

 

4µg/ml 

 

1.2µg/ml 

 

20ng/ml 

 

Human 

TNF-α 

DY210 

 

Mouse Anti-

Human TNF-α 

Antibody 

 

 

Biotinylated 

Goat Anti-

Human TNF-α  

Antibody 

 

480 µg/ml 

 

4 

µg/ml 

24 

µg/ml 

 

400 

ng/ml 

 

Human CD31/ 

PECAM-1 

DY8064-05 

 

Mouse Anti-

Human CD31 

Antibody 

 

Biotinylated 

Sheep Anti-

Human CD31  

Antibody 

 

480µg/ml 

 

4µg/ml 

 

12µg/ml 

 

200ng/ml 
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5.3.3 ELISA for R&D Systems-based assays procedure 

The procedure for ELISA R&D Systems-based assays was previously mentioned (see 

section 2.1.4.4 ).  

5.3.3.1 Initial Optimizations  

5.3.3.1.1 Supernatant Diluent Selection  

PBMC-recovered supernatants may require a dilution in an appropriate buffer to avoid 

false negative or positive results. In the current study PBS and RPMI media were examined to 

dilute PBMCs-culture supernatant, to determine if PBS or RPMI could provide an assay 

environment that minimizes nonspecific binding, while maintaining proper ionic strength and pH 

for efficient antibody-antigen interaction. PBMCs-culture samples from healthy smokers were 

diluted with PBS or RPMI (1:1, 1:5, and 1:10) and assayed in 96-well plate alongside undiluted 

samples. ELISA assay was carried out as mention in section (2.1.4.4) to detect and compare the 

IL-6 production from PBS- or RPMI-diluted and undiluted samples. The experiments were 

carried out three times. A comparison between the outcomes from using two diluents was made 

and the appropriate diluent was chosen to dilute PBMCs-culture samples for the study 

experiments. 

 

5.3.3.1.2 Supernatant  Dilution Factor Selection 

In the current study two PBMCs culture  samples were selected from each of three 

studied groups; COPD, healthy smoker and healthy nonsmoker groups, to be 10-fold diluted 

(1:10, 1:100, and 1:1000), in RPMI media, and then assayed in 96-well plate alongside undiluted 

samples. ELISA assay was carried out as mention in section (2.1.4.4) to detect selected 

biomarker level in undiluted and diluted samples. Once samples are diluted, the dilution factor 

was included when calculating results. Then the dilution factor was included when assay all 

samples. Otherwise undiluted sample was utilised when dilution not required. Dilution of the 

sample before performing the actual experiment is significant parameter for determining the 

sensitivity of ELISA in human samples. It helps in deciding the amount of actual concentration 

required from the sample to obtain a result within the range of reference standard protein. 

Without dilution, it is difficult to achieve highly sensitive results of protein concentration. 



  

142 

 

Therefore, optimum dilution for the sample of target protein is a vital parameter for obtaining 

better results (Thakur et al., 2015). 

5.3.3.2 Cytotoxicity Assessment 

5.3.3.2.1 Preparation of Fatty Acids  

Omega-3 PUFA; EPA (826mM) and DHA (761mM) (Cambridge Bioscience Ltd, 

Cambridge, UK) stock solutions were aliquoted and stored in ethanol at -20°C. On the 

experiment day stock EPA and DHA solutions were diluted in RPMI media with supplements to 

give a 5mM intermediate stock solution. Then further dilutions were prepared from the 

intermediate stock solution, so that final desired concentrations are achieved in the test wells (10, 

50, 100, and 500 µM). In order to minimize oxidation effects, the fatty acids were freshly 

prepared and were not reused again, see Table 5.3. 

 

Table ‎5.3: The preparation of EPA and DHA final Concentrations 

Final Concentration 1X 

µM 

Volume 5mM 

stock  

µl 

Volume of 

RPMI media 

µl 

10 2.5 997.5 

50 12.5 987.5 

100 25 975 

500 125 875 
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5.3.3.2.2 Assay Procedures 

Preliminary cytotoxicity studies were   performed in order to address the impact of high 

dose EPA and DHA, on PBMC biomarkers release. Five PBMCs samples from five COPD 

patients (10
6
 cells/well, 96-well plate), were incubated without or with 10, 50, 100, and 500μM 

of EPA or DHA for 24hrs in a 5% CO2 humidified atmosphere at 37°C. The PBMCs in RPMI 

medium were considered as a control. Then, culture supernatants from each well were harvested 

(centrifuged at 400g for 10 minutes) and supernatants were collected, and ELISA assay was 

carried out as mentioned in section (2.1.4.4) to detect the impact of high dose of fatty acids on 

the biomarkers production from EPA- or DHA-treated and untreated cells. The experiments were 

carried out three times.  

5.3.3.3 PHA Concentration Selection  

A total amount of 20mg of PHA (Roche Diagnostics GmbH, Mannheim, Germany) was 

reconstituted in sterile double-distilled water, aliquoted into small micro-tubes and stored at -

20°C. On PBMCs activation experiment day 1mg/ml aliquoted of PHA was further diluted with 

RPMI media with supplements to obtain a working solution range of 1-20 µg/ml. To find the 

optimal concentration of PHA mitogen that induce cell proliferation, PBMCs (10
6
 cells/well, 96-

well plate) were stimulated with various concentrations of PHA, including 1, 5, 10, and 20 

µg/ml, and were incubated for 24hrs at 37˚C under 5% CO2 and 95% humidity. The PBMCs in 

RPMI medium were considered as a control for each group. Then, culture supernatants from 

each well were harvested (centrifuged at 400g for 10 minutes) and supernatants were collected. 

ELISA assay was carried out as mention in section (2.1.4.4) to detect IL-6, IL-8, TNF-α, and 

CD31 production from PHA-stimulated and unstimulated cells and the best concentration of 

PHA which induced the highest biomarker production from cells was used to activate PBMCs of 

the actual experiments. The experiments were carried out three times using five PBMCs samples 

from each group; COPD, healthy smokers and nonsmokers groups. 
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5.3.3.4 Biomarkers Detection from Unstimulated PBMC  

Basal release of IL6, IL-8, TNF-α, and CD31 was investigated from unstimulated ex-vivo 

PBMCs from the study groups. PBMCs (10
6
 cells/well, 96-well plate) were incubated for 24hrs 

in a 5% CO2 humidified atmosphere at 37°C.Then, culture supernatants from each well were 

harvested (centrifuged at 400g for 10 minutes) and supernatants were collected. ELISA assay 

was carried out as mentioned in section (2.1.4.4) to detect the IL-6, TNF-α, IL-8, and CD31 

production from unstimulated cells. The experiments were carried out three times using five 

PBMCs samples from each group; COPD, healthy smokers and healthy nonsmokers groups. 

5.3.3.5 Biomarker Detection from Stimulated PBMC 

Production of biomarkers; IL-6, TNF-α, IL-8 and CD31, was evaluated following 

stimulation of PBMCs to mimic an inflammatory in vivo environment. The effects on biomarkers 

can be analysed via direct detection of the relative concentration of biomarkers in the culture 

supernatant following experimental treatment in activated PBMCs (Ai et al., 2013). The 

experiments were carried out three times using five PBMCs samples from five subjects from 

each studied group to assess the cellular cytokine response to an inflammatory stimulus (PHA) in 

the presence or absence of omega-3 PUFA (EPA or DHA). The five selected samples represent 

each group, as much as possible, with the least possible error and without substitution or 

incompleteness. Five random patient samples were selected represent the different disease stage 

and smoking status. Five samples selected from the smokers group represent smokers and ex-

smokers, while five samples selected from the controls group were share a common character. 

This allows obtaining an effect size from each sub-group separately. Therefore, the differences 

between groups become apparent, and it allows obtaining samples from minority or under-

represented populations. PBMCs samples were adjusted to 1×10
6
 cells/ml in RPMI 

supplemented media, and 100 µL of sample was added to each well in a 96-well round bottom 

plates (Sarstedt AG and Co, Numbrecht, Germany). PBMC samples were cultured in either 

RPMI1640 culture media with media supplements with EPA or DHA doses (10, 50, 100, and 

500 µM final concentration) or to RPMI medium alone as a negative control for 1 hour before 

the addition of PHA (5μg/ml) mitogen or medium alone only as a control. The cells were then 

incubated at 37∘C under 5% CO2 and 95% humidity for 24hr. Then, culture supernatants from 
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each well were harvested (centrifuged at 400g for 10 minutes) and supernatants were collected. 

ELISA assay was carried out as mentioned in section (2.1.4.4) to detect the IL-6, TNF-α, IL-8, 

and CD31 production from EPA or DHA treated-PBMCs. 

5.3.4 Statistical Analysis  

Laboratory data were expressed as standard deviation of the mean (SD). Shapiro-Wilk test 

was performed to test normality of the data distribution. All data were expressed and graphed as 

mean ± standard deviation. For data normally distributed, paired t-tests or one-way ANOVA 

analysis of variance followed by Tukeys multiple comparison post-test was performed to 

determine whether the differences between the groups were statistically significant. Differences 

were considered significant if the probability (P) value was <0.05, highly significant if P value 

was <0.01 and P value <0.001, and insignificant if P value was >0.05. Correlation analyses of 

two variables were carried out using Pearson or Spearman methods, depending on the normality 

of the data distribution. All statistical analyses were performed using graphPad Prism and 

graphPad InStat software, version 7.04 and 3.10.32 respectively. 

 

5.4 Results 

5.4.1 Prioritized COPD Biomarkers in PBMCs 

Four candidate biomarkers were detectable in PBMCs culture supernatant samples 

including; IL-6, TNF-α, IL-8 and CD31. In contrast, other biomarkers; IP10 and RAGE were 

undetectable in PBMCs supernatant samples.  
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5.4.2 Initial Optimizations  

5.4.2.1 Supernatant Diluent Selection  

The assay was carried out to address the appropriate diluent  to dilute PBMCs culture 

samples before starting out actual experiments. It was found that there was no difference 

between the IL-6 release from PBMC culture sample diluted with RPMI media or PBS (1:5 and 

1:10, P > 0.05). However, a difference was detected between the IL-6 releases from PBMC 

culture sample diluted with RPMI media or PBS (1:1, P<0.05) (Figure 5.1).  Based on these data, 

all PBMCs culture samples were diluted in RPMI medium in all subsequent experiments. 

 

0 1 5 10

0

1

2

3

4

IL-6 Release in PBMCs Culture

Sample dilution factor

IL
-6

  
n

g
/m

l

RPMI

PBS

 

Figure ‎5.1: Dilution medium selection for PBMCs culture samples. ELISA assay bar graph 

comparing IL6 level released from PBMCs when diluting culture samples with PBS or RPMI 1640 

medium. PBMCs separated from whole blood of COPD patients, seeded in a 96-well plate and incubated 

for 24hrs, 5% CO 2 at 37°C. Following the incubation period cell supernatant were recovered and 

assayed as triplicate with dilution (1:1, 1:5, 1:10) with RPMI media or PBS alongside undiluted sample. 

The levels of IL-6 was quantified by ELISA assay (see section 2.1.4.4).Value are expressed as mean (n=3) 

(error bar represent 1 SD). P value < 0.05 as determined by paired t-tests indicates a significant 

difference between the two diluents. These analyses were performed using Graph Pad and Instat 

Software. Abbreviations: IL-6, interleukin-6; PBS, phosphate buffer saline; RPMI, Roswell Park 

Memorial Institute 1640. 
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5.4.2.2 Supernatant  Dilution Factor Selection 

The assay was carried out to estimate the proper dilution factor for PBMC cuture samples 

before starting out actual experiments. Undiluted PBMC culture supernatants were the best 

option for TNF-α and CD31, while a dilution of 1:10 was appropriate for IL-6 and IL-8 (Figure 

5.2). 
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Figure ‎5.2: Selection of PBMC culture sample dilution. The figure shows the optimum dilution 

factor using 10-fold dilution of PBMC culture sample for biomarker candidate; IL-6 (A), IL-8 (B), TNF-α 

(C), and CD31 (D). PBMCs separated from whole blood of COPD patients, seeded in a 96-well plate and 

incubated for 24hrs, 5% CO 2 at 37°C. Following the incubation period cell supernatant were recovered 

and assayed as triplicate with dilution (1:10, 1:100, 1:1000) with RPMI media or PBS alongside 

undiluted sample. The level of biomarkers was quantified by ELISA assay (see section 2.1.4.4). Value are 

expressed as mean (n=3, each group).These analyses were performed using Graph Pad and Instat 

Software. Definition of abbreviations: COPD, chronic obstructive pulmonary disease; HS, healthy 

smokers; HNS, healthy nonsmokers; IL-6, interleukin-6; IL-8, interleukin-8; TNF-α, tumor necrotic factor 

alpha; CD31, cluster of differentiation 31. 



  

148 

 

5.4.3 Anti-inflammatory actions of EPA and DHA on cytokine release from PBMCs 

A range of concentrations of EPA or DHA were tested for any cytotoxic impact on ex-

vivo PBMCs from COPD patients over a period of 24 hrs. The range selected encompasses the 

typical concentrations employed in many previous studies. Compared with the control, neither 

EPA nor DHA showed any cytotoxic effect at 100μM (Figure 5.3). The release of IL-6 and TNF-

α from EPA-treated PBMCs was markedly decreased at a concentration of 100μM (p<0.005), 

while release of both cytokines became undetectable level at concentrations of 500μM in PBMCs 

treated with DHA. IL-8 release was markedly decreased at a concentration of 500μM EPA 

(p<0.001), and was undetectable in PBMC treated with 500μM DHA. However, there was no 

difference in CD31 release from PBMC treated with either concentration of EPA or DHA 

(p>0.05). Based on these data, a maximum fatty acid concentration of 500μM was used in all 

subsequent experiments 
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Figure ‎5.3: Biomarkers release from PBMCs culture samples. ELISA assay bar graph showing 

the influence of omega-3 FA; EPA on IL-6 (A), DHA on IL-6 (B), EPA on TNF-α (C), and DHA on TNF-α 

(D), EPA on IL-8 (E), and DHA on IL-8 (F), EPA on CD31 (G), and DHA on CD31 (H), release from 

PBMCs-COPD. Cells were seeded in a 96-well plate and treated with or without increasing 

concentrations of one of the following; DHA and EPA (10, 50, 100, and 500μM) then incubated for 24 

hrs, 5% CO 2 at 37°C. Following the incubation period cell supernatant were recovered and assayed as 

triplicate through ELISA assay to determine the level of biomarkers release (see section 2.1.4.4).Value 

are expressed as mean (n=5) (error bar represent 1 SD). P value < 0.05 as determined by one-way 

ANOVA analysis of variance followed by Tukeys multiple comparison post-test indicate a significant 

difference between different concentrations. Definition of abbreviations: PBMCs, peripheral blood 

mononuclear cells; IL-6, interleukin-6; IL-8, interleukin-8; TNF-α, tumor necrotic factor alpha; CD31, 

cluster of differentiation 31; COPD, chronic obstructive pulmonary disease; EPA, Eicosapentaenoic 

acid; DHA, Docosahexaenoic acid. 
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5.4.4 PHA Optimal Concentration Selection  

Activation of PBMCs can effectively produce a large amount of biomarkers. The study 

aimed to find an optimal concentration of PHA mitogen which can promote a maximum amount 

of biomarker production from human PBMCs. The effect of PHA at different concentrations (1, 

5, 10, and 20µg/ml) on biomarker production was compared to the control, measured after 24hrs 

from PBMCs, as seen in Figure 5.4. The results showed that the maximum production of IL-6 

and TNF-α was obtained by 5µg/ml PHA-stimulated-PBMCs from the COPD group, compared 

to untreated cells (p<0.001). No significant differences were seen in IL-6, TNF-α when 

stimulated with PHA at different concentrations in PBMCs from healthy smokers (p>0.05).  A 

similar trend was seen in IL-8 release from PBMCs of COPD patients. In contrast, there was a 

significant increase in IL-8 release at more than one concentration (1, 5, 10µg/ml) of PHA-

stimulated-PBMCs from healthy smoker controls (p<0.001). Additionally, there was a significant 

increase in IL-8 release in 5 and 10µg/ml PHA-stimulated-PBMCs of healthy nonsmoker 

controls (p<0.001). However, IL-6 and TNF-α were undetectable in PBMCs from healthy 

nonsmokers with PHA at any tested concentration. Surprisingly, there was a tendency in all three 

subject groups for decreased CD31 release with the increasing PHA concentrations particularly 

with 20µg/ml PHA (p<0.001). Based on these data, a 5µg/ml PHA concentration was used for 

PBMCs activation in all subsequent experiments 
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Figure ‎5.4: Biomarkers production from PHA-stimulated PBMCs. ELISA assay bar graph 

showing effect OF PHA on IL-6 (A), TNF-α (B), IL-8 (C), CD31 (D) release of PBMCs from three studied 

groups. Cells were seeded in a 96-well plate, stimulated with or without increasing concentrations of 

PHA (1, 5, 10, and 20µg/ml) and incubated for 24hrs, 5% CO 2 at 37°C. Following the incubation period 

cell supernatant were recovered and assayed as triplicate through ELISA assay to determine the level of 

IL6, IL-8, TNF-α, and CD31  (see section 2.1.4.4).Value are expressed as mean; n=5 in each group, 

(error bar represent 1 SD). P value < 0.05 as determined by one-way ANOVA analysis of variance 

followed by Tukeys multiple comparison post-test indicate a significant difference between the groups. 

Definition of abbreviations: COPD, chronic obstructive pulmonary disease; HS, healthy smokers; HNS, 

healthy nonsmokers; IL-6, interleukin-6; IL-8, interleukin-8; TNF-α, tumor necrotic factor alpha; CD31, 

cluster of differentiation 31; PHA, phytohaemagglutinin. 
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5.4.5 Biomarker release from unstimulated ex-vivo PBMCs 

ELISA assays were performed on PBMCs to monitor secretion of pro-inflammatory 

biomarkers. The basal release of IL-6, IL-8, TNF-α, and CD31 was measured in PBMCs from 

patients with COPD, healthy smokers and healthy nonsmokers. PBMCs obtained from COPD 

patients, released greater amounts of IL-6 (4±0.46 ng/ml), IL-8 (16.3±0.22 ng/ml), and TNF-α 

(219±12 pg/ml), compared to those obtained from healthy nonsmokers (p<0.001). Similarly, the 

mean value and SD of IL-6, IL-8 and TNF-α in COPD patient was higher than those in healthy 

smokers (p <0.05). Similarly, no significant difference was observed in CD31 release in culture 

media from PBMCs of COPD and healthy subjects (p >0.05). In contrast, the mean value and SD 

of CD31 was significantly higher in healthy nonsmoking controls (3.66±0.05 ng/ml) when 

comparing with patients with COPD (2.96±0.11 ng/ml) and healthy smokers (1.82±0.05 ng/ml) 

(p <0.001). All these results are summarized in (Table 5.4) and (Figures 5.5). 

 

Table ‎5.4: The mean value of biomarkers basal release from PBMCs in the studied groups. 

Biomarkers 

 

COPD HS HNS P value 

COPD vs 

HS 

COPD vs 

HNS 

HN vs 

HNS 

IL6 

ng/ml 

4 (0.46) 2.5 (0.14) 0.16 (0.05) <0.05 <0.001 <0.001 

IL8 

ng/ml 

16.3 (0.22) 13.7 (0.3) 6.6 (1.07) <0.05 <0.001 <0.05 

TNFα 

pg/ml 

219 (12) 175 (14.2) 0 <0.01 <0.001 <0.001 

CD31 

(PECAM) 

ng/ml 

2.96 (0.11) 1.82 (0.05) 3.66 (0.05) <0.001 >0.05 <0.001 

 

Data expressed as mean (standard deviation) or as percentage unless otherwise stated. The data 

represents the mean ± SD from 3 experiments. P value < 0.05 as determined by one-way ANOVA analysis 

of variance followed by Tukeys multiple comparison post-test indicate a significant difference between the 

groups. These analyses were performed using Graph Pad Instat Software. Definition of abbreviations: 

COPD, chronic obstructive pulmonary disease; HS, healthy smokers; HNS, healthy nonsmokers; IL-6, 

interleukin-6; IL-8, interleukin-8; TNFα, tumour necrosis factor; CD31, cluster of differentiation 31. 
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Figure ‎5.5: Basal releases of Biomarkers from PBMCs culture samples. ELISA assay bar 

graph showing basal release IL-6 (A), IL-8 (B), TNF-α (C), CD31 (D) from PBMCs in patients with 

COPD, healthy smoker, and healthy nonsmokers. Cells were seeded in a 96-well plate and incubated for 

24hrs, 5% CO 2 at 37°C. Then cell supernatant were recovered and assayed as triplicate through ELISA 

assay to determine the level of IL6, IL-8, TNF-α, and CD31 (see section 2.1.4.4). P value < 0.05 as 

determined by one-way ANOVA analysis of variance followed by Tukeys multiple comparison post-test 

indicate a significant difference between the groups. Value are expressed as mean ± SD; n=5 in each 

group (error bar represent 1 SD). These analyses were performed using Graph Pad Instat Software. 

Definition of abbreviations: COPD, chronic obstructive pulmonary disease; HS, healthy smokers; HNS, 

healthy nonsmokers; IL-6, interleukin-6; IL-8, interleukin-8; TNF-α, tumor necrotic factor alpha; CD31, 

cluster of differentiation 31. 
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5.4.6 Effect of EPA/DHA on Inflammatory Biomarker Production in PBMCs 

Production of candidate biomarkers; IL-6, TNF-α, IL-8 and CD31, from stimulated 

PBMCs was measured to mimic their in vivo natural environment. Possible anti-inflammatory 

properties of EPA and DHA on cellular biomarker release from PHA-stimulated and 

unstimulated human PBMCs were also evaluated.  

 

5.4.6.1 IL-6 

Both EPA and DHA at 100µM reduced IL-6 release in stimulated-PBMCs and 

unstimulated PBMCs of COPD patients and to lesser extent in healthy smokers groups in a dose-

response manner. At the highest dose of EPA and DHA (500µM) IL-6 release in stimulated and 

stimulated PBMCs-COPD was neglible or undetectable. Stimulated PBMCs from COPD patients 

produced significantly higher levels of IL-6 compared to PBMCs from healthy nonsmoker group 

(P <0.001). In COPD patients the production of IL-6 was higher in stimulated PBMCs vs. 

unstimulated cells although significance was not reached (P >0.05). There was no difference in 

IL-6 release in stimulated PBMCs compared to unstimulated cells in healthy smokers group. IL-

6 release was decrease at EPA (100µM), and was undetectable at 500µM in unstimulated cells of 

healthy smokers group. DHA at 500µM and 100µM reduced IL-6 release in unstimulated- and 

stimulated-PBMCs respectively of healthy smokers groups. The release of IL-6 from stimutlated 

and unstimulated EPA/DHA-PBMCs of healthy nonsmokers were udetectable (Figure 5.6). 
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Figure ‎5.6:Histograms represent the Effect of EPA (A-B) or DHA(C-D) on IL-6 release in 

activated PBMCs. Cells from COPD, HS, and HNS groups were stimulated or not with PHA (5µg/ml) 

pretreatment of EPA/DHA (0, 10, 50, 100, and 500μM) for 24hr, 5% CO 2 at 37°C; for each condition IL-

6 release from the cell culture media were assayed as triplicate through ELISA assay (see section 

2.1.4.4). Value are expressed as mean; n=5 in each group. P value < 0.05 as determined by one-way 

ANOVA analysis of variance followed by Tukeys multiple comparison post-test indicate a significant 

difference between concentrations. Definition of abbreviations: COPD, chronic obstructive pulmonary 

disease; HS, healthy smokers; HNS, healthy nonsmokers; IL-6, interleukin-6. 
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5.4.6.2 TNF-α 

Both EPA and DHA at 100µM reduced TNF-α release in stimulated-PBMCs and unstimulated 

PBMCs of COPD patients and to lesser extent in healthy smokers groups in a dose-response 

manner. At the highest dose of EPA and DHA (500µM) TNF-α release in stimulated and 

stimulated PBMCs- COPD was neglible or undetectable. In COPD, the production of TNF-α was 

higher in stimulated PBMCs vs. unstimulated cells although significance was reached with 

≥ 50µM EPA or DHA (P<0.05). The release of TNF-α was decreased at 100µM EPA and 

500µM DHA from stimulated and unstimulated PBMCs of healthy smokers. The release of 

TNF-α from stimutlated and unstimulated EPA/DHA-PBMCs of healthy nonsmokers were 

udetectable (Figure 5.7). 
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Figure ‎5.7: Histograms represent the Effect of EPA (A-B) or DHA (C-D) on TNF-α release 

in activated PBMCs. Cells from COPD, HS, and HNS groups were stimulated in the presence or 

absence of PHA (5µg/ml) plus pretreatment of EPA/DHA (0, 10, 50, 100, and 500μM) for 24hr, 5% CO 2 

at 37°C; for each condition TNF-α  release from the cell culture media were assayed by ELISA(see 

section 2.1.4.4). Value are expressed as mean of three independent experiments; n=5 in each group. P 

value < 0.05 as determined by one-way ANOVA analysis of variance followed by Tukeys multiple 

comparison post-test indicate a significant difference between concentrations. Definition of 

abbreviations: COPD, chronic obstructive pulmonary disease; HS, healthy smokers; HNS, healthy 

nonsmokers; TNF-α, tumor necrotic factor alpha. 
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5.4.6.3 IL8 

EPA at 100µM reduced IL-8 release in unstimulated PBMCs of COPD and healthy 

smokers groups. However, EPA treatment has no imapct on IL-8 release from PHA-stimulated 

PBMCs in the COPD and healthy smokers groups. The release of IL-8 from stimulated and 

unstimulated PBMCs of COPD group remained unaltered with DHA treatment. While DHA 

500µM treatmnet reduced IL-8 release from stimulated and unstimulated PBMCs of healthy 

smokers. Surprisingly,  DHA treatment had no effect on IL-8 production from PBMCs in the 

healthy nonsmokers group. The release of IL-8 from stimutlated and unstimulated PBMCs of 

healthy nonsmokers were changeable in the presence of EPA/DHA different concentrations 

(Figure 5.8).  
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Figure ‎5.8: Histograms represent the Effect of EPA (A-C) or DHA (D-F) on IL-8 release in 

activated PBMCs. IL-8 release were estimated by ELISA (see section 2.1.4.4). Value are expressed as 

mean of three independent experiments; n=5 in each group. P value < 0.05 as determined by one-way 

ANOVA analysis of variance followed by Tukeys multiple comparison post-test indicate a significant 

difference between concentrations. Definition of abbreviations: COPD, chronic obstructive pulmonary 

disease; HS, healthy smokers; HNS, healthy nonsmokers; IL-8, interleukin-8. 
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5.4.6.4 CD31 

It was observed that maximal CD31 release tended to be from stimulated and 

unstimulated PBMCs from the healthy nonsmoking controls, compared with healthy smokers 

(p<0.05). The production of CD31 from PBMCs remained unaffected after treating the cells with 

either EPA or DHA (1, 5, 10, 50, 100, and 500µM) in the three study groups. However, the 

release of CD31 from PBMCs from healthy controls was dose-dependently suppressed by EPA 

although significance was not reached. There were inconsistent findings pre- and post-

stimulation with CD31.  Surprisingly, the production of CD31 from unstimulated-PBMCs was 

higher when comparing to stimulated cells treated with EPA or DHA in all the three groups 

(Figure 5.9). 
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Figure ‎5.9: Histograms represent the Effect of EPA (A-C) or DHA (D-F) on CD31 release 

in activated PBMCs. CD31 release was estimated by ELISA (see section 2.1.4.4). Value are expressed 

as mean from three independent experiments; n=5 in each group. P value < 0.05 as determined by one-

way ANOVA analysis of variance followed by Tukeys multiple comparison post-test indicate a significant 

difference between concentrations. Definition of abbreviations: COPD, chronic obstructive pulmonary 

disease; HS, healthy smokers; HNS, healthy nonsmokers; CD31, cluster of differentiation 31. 
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5.5 Discussion 

Evidence from research work conducted on immune function of COPD patient indicated a 

close correlation between development of COPD and changes in immune function (Quan et al 

2016). The initial inflammatory response to damage from smoking or irritant agent is 

characterized by neutrophils, macrophages, T-lymphocytes infiltration, and increased cytokine 

production such as IL-6, IL-8, and TNF-α (El-Shimy et al., 2014; Korani et al., 2016). Mitogen-

stimulated PBMCs in culture were used as a simple ex vivo natural environment model to reflect 

inflammation in COPD. Experiments were performed with PHA as a mitogenic stimulator, since 

it was previously reported that PHA stimulated human peripheral blood leukocytes. It binds to 

cell membranes surface receptors and stimulates cell division and metabolic activity (Conti et al., 

2001). The selection of PHA concertation range in the current study was based on previous 

studies. Different studies used different PHA concentration which varied from 0.04μg/ml to 

25μg/ml to trigger biomarker production from activated PBMCs (Hou et al., 2010). A previous 

study determined that the best concentration of PHA was 20µg/ml PHA (Conti et al., 2001). 

Moreover, Haller et al (2000) showed that 10µg/ml PHA was essential for the maximal PBMCs 

stimulation. In this study PHA various concentrations (1, 5, 10, and 20 µg/ml) were tested to find 

the optimal concentration of PHA mitogen which can promote a maximum amount of biomarker 

production from human PBMCs. It was observed that the optimum biomarkers release was seen 

in 5μg/ml concentration of PHA. This finding agrees with the previous observation which proved 

that the best concentration of PHA for the maximum production of TNF-α in the PBMCs was 

5μg/ml (Molaee et al., 2017).  Furthermore, in a previous proteome study, PBMCs were 

inflammatory activated with 5μg/ml PHA (Haudek-Prinz et al., 2012). Thus, 5µg/ml 

concentration of PHA was selected, in each case, as the optimal concentration for the human 

PBMCs proliferation and biomarker release.  

Of the note, there were no IL-6 and TNF-α release from the control healthy subjects. This 

may due some cytokines local and short term effects, its degradation and its short half-life, as 

well as its binding to receptors and renal clearance (Korani et al., 2016). Furthermore, PBMCs in 

healthy subject are circulating in a quiescent cell state monitoring potential immune-relevant 

events (Haudek-Prinz et al., 2012). Hence, the production of inflammatory cytokines in PBMCs 

of healthy subject will be undetectable or lower than those in healthy smokers and patients. 
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Candidate biomarkers production was then measured in stimulated PBMCs. The effects on 

biomarkers were analysed via direct detection of the relative concentration of biomarkers in the 

supernatant, mimicking the circulation, following experimental treatment in activated PBMCs 

(Ai et al., 2013). In this study, only four biomarkers from a long candidate list; IL-6, TNF-α, IL-

8 and CD31, were detectable by ELISA assays in PBMCs supernatant samples of the study 

cohort. It was hypothesized that the analysis of these different cytokines and chemokines may 

assist in understanding the inflammatory patterns that underlying the disease. The potential for 

an immunomodulatory effect of the PUFAs EPA and DHA on inflammatory biomarker release 

has therapeutic implications and therefore was also studied using the model.  

Many studies have investigated the role of the immune inflammatory cells in the lungs in 

COPD (Barnes 2016). PBMCs act as a critical component in the immune system to fight 

infection and play an important role in the development of COPD (Wu et al., 2014). It was 

previously reported that circulating T-cells of COPD patients are abnormally activated and 

stimulate pro-inflammatory cytokines production that is involved in COPD pathogenesis. This 

may due to the migration of lymphocytes between inflammatory sites includes lung and systemic 

circulation via lymph nodes. Also peripheral T-cells functions correlate with the severity of 

COPD. Hence, impaired lymphocyte function in peripheral blood of COPD patients may have a 

pathological impact on the lung (Zhu et al., 2009). Inflammation in COPD characterized by 

increased numbers of CD8+ T lymphocytes, neutrophils and macrophages in small and large 

airways and in lung parenchyma and pulmonary vascular system. The increased numbers of T-

cells that present in the alveolar walls are correlated with COPD severity (Paats et al., 2012). 

Alveolar macrophages release of inflammatory cytokines, such as IL-6, that attract neutrophils 

into the airways. IL-6 regulates many pathways that could contribute to its effect on 

inflammatory disease progression. During CD4 T-cell differentiation, IL-6 promotes IL-17 and 

IL-21 production, and suppresses regulatory T-cell function (Ferrari et al., 2013).  

It was important to compare the release of inflammatory mediators from unstimulated 

PBMCs to investigate if PBMCs in COPD show an increased release compared with healthy 

smokers and healthy nonsmokers. Basal levels of TNF-α and IL-6, IL-8, were selected for 

measurement as these cytokines are the most important produced by PBMCs, and are implicated 

in several inflammatory conditions. Results show that there was a significant difference in basal 
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biomarkers release from PBMCs between the COPD and healthy nonsmokers groups. PBMCs 

obtained from COPD patients, released greater amounts of IL-6, TNF-α, and IL-8 compared to 

those obtained from healthy nonsmokers. Together, these observations suggest that PBMC may 

be pre-activated in the circulation in COPD patients, which agrees with findings from several 

previous studies, and supports the notion of systemic inflammation being important in COPD 

(Koethe et al., 2000; Erik-Jan et al., 2006; Kawayama et al., 2016). Pro-inflammatory cytokine 

IL-6 is involve in the homeostasis of immune response, regulate the immune response, and 

prevent inflammatory and autoimmune pathologies (Aldonyte et al., 2003). Furthermore, IL-6 

initiates the acute phase response, while IL-6 trans-signaling controls macrophage recruitment 

during acute inflammation (Ravi et al., 2014). 

TNF-α is a potent inflammatory cytokine that can induce inflammatory effects in COPD 

resulting in the activation of various immune cells, including neutrophils and monocytes (Barnes 

2016). TNF-α is involved in neutrophil chemotaxis and migration by inducing the expression of 

IL-8, which is essential for neutrophil recruitment in COPD. TNF-α is secreted by LPS-

stimulated macrophages, monocytes, fibroblasts, T-cells and endothelial cells. Further, 

overexpression of TNF-α in animal models study induces pathological changes similar to those 

of pulmonary emphysema and fibrosis (Mukhopadhyay, et al., 2006). Elevated level of TNF-α in 

serum and sputum of COPD patients suggest an important role for TNF-α in COPD (Queiroz et 

al., 2016; Korani et al., 2016). However, studies on TNF-α release by PBMCs of COPD patients 

remain limited. The current study finding of increased TNF-α release by PBMCs in COPD 

patients when compared with healthy controls is supported by Paats et al (2012). Likewise, 

Increased TNF-α and IL-8 release from PBMCs of COPD patients has been also reported in 

COPD patients when compared to healthy controls (Lee et al., 2012; Meng et al., 2016).  

These baseline differences in the release of pro-inflammatory biomarkers might be 

important parameters in the chronic inflammatory processes in COPD. Systemic inflammation is 

highly associated with COPD severity. Dysregulation of cytokine production is notable in 

PBMCs from COPD patients. Meng et al. (2016) also demonstrated that normal cells could be 

stimulated to become pro-inflammatory by exposing them to the serum of COPD patients, 

whereas PBMCs from COPD patients were pro-inflammatory and activated even in the absence 

of serum.  
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Cigarette smoking is a major risk factor for COPD and can cause airway inflammation 

characterized by neutrophil, macrophage, and activated T lymphocyte infiltration result in 

increased cytokine concentrations, including TNF-α and IL-8 (Tanni et al., 2010). A previous in 

vitro study reported that cigarette smoke enhanced the production of IL-8 from monocytes in a 

time- and concentration-dependent manner (Sarir et al., 2007). Smoking also associated with 

excessive oxidative stress of lung structural cells, and breakdown of connective tissue leading to 

impaired gas exchange and elastic recoil (Robers et al., 2015). In this study, it was observed that 

the release of inflammatory mediators from PBMCs of healthy smokers was also increased, 

compared with healthy nonsmoker, but this increase was not enough to reach significance. This 

suggests that circulating immune cells like PBMCs may be activated by smoking, with or 

without COPD, and that smoking may directly or indirectly increase systemic inflammation. Our 

results show that inflammation is present in the blood of smokers and patients with COPD 

(Kawayama et al., 2016).  

In contrast, CD31 release was maximal in the healthy nonsmokers rather than in COPD or 

healthy smokers. This glycoprotein membrane is highly expressed on vascular endothelial cells 

and to different degree on monocytes, neutrophils, B lymphocytes, some T lymphocyte subsets 

(Falati et al., 2006). Leukocyte transmigration is a main event during tissue inflammation and is 

a process that is mediated and controlled by different mediators and adhesion pathways. CD31 

mediate leukocyte trans-endothelial migration and inflammation via its ability to inhibit the 

activation of circulating platelets and leukocytes. It regulates migration of leukocytes from the 

vascular lumen into inflammation site which is essential for both innate and adaptive immunity, 

to enable tissue to respond to the inflammatory stimuli. It was reported that the expression of 

CD31 in in vivo animal model studies was found to be reduced on emigrated leukocytes 

(Woodfin 2007). This might explain the reduced release of CD31 in the COPD group as 

increased number of leukocytes including PBMCs migrated from circulation to the lung. 

However, evidence that could confirm this is currently lacking. On the other hand, Higgins et al 

(2008) reported that delayed processing of peripheral blood sample or PBMCs isolation and 

cryopreservation can lead to the detection of higher levels of CD31 expression on naive CD4 T 

cells in both HIV
+
 and HIV

-
 subjects. This could also account for the reported findings.  
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Components of both innate and acquired immunity  are known to be affected by omega-3 

PUFA. EPA and DHA omega-3 PUFA are modulators of lymphocyte functions, and T-cells are 

the main lymphocytes involved in cell-mediated immunity. The serum level and diet content of 

EPA and DHA may affect lymphocyte proliferation, chemotaxis, adhesion molecule expression, 

leucocyte-endothelial adhesive interactions, cytokine production, and other immune cells 

functions (Calder 2012). Also it can affect the ability of inflammatory immune cells to produce 

eicosanoids, such as prostaglandin E2, which are involved in immuno-regulation. Both fatty 

acids are incorporated into the membranes of inflammatory cells from where they may influence 

cell signaling, transcription factor activation, and gene expression (Calder 2015). This study 

investigated the immunomodulatory effect of EPA or DHA on ex-vivo mitogen-stimulated 

PBMCs. Data from the current study show that inflammatory markers production from PBMCs 

is influenced by omega-3 PUFAs. It was found that 100µM EPA and DHA alone, decreased IL-

6, TNF-α, and IL-8 secretion in both unstimulated and activated PBMCs from COPD patients. 

These results echo those reported by Jaudszus et al. (2013). Those authors speculated that 

treating PBMCs with EPA or DHA do not suppress immune cells function but rather promote 

resolution by stimulating the production of pro-resolving cytokines. This was not tested in the 

current study. To test that, anti-inflammatory cytokines such as IL-10 which known to have 

immuno-regulatory and suppressive function on T-cells, could be measured. Further, Jaudszuz et 

al., found both EPA and DHA at 100μM increased anti-inflammatory cytokines IL-10 in 

monocytes without affecting TNF-α and IL-6 production. While EPA and to lesser extent DHA 

reduced TNF-α release in T-cells. In contrast, CD31 production remained unaffected by EPA or 

DHA in the three study groups. However, it was observed that the release of CD31 from healthy 

control PBMC was dose-dependently suppressed by EPA, without reaching significance. Thus, 

both EPA and DHA did show an immunomodulatory activity against activated PBMC, 

suggesting they may have therapeutic value. In the current study, there were no IL-6 and TNF-α 

release from the control healthy subjects. Previous works failed to report strong dose–response 

effects of EPA and/or DHA on the outcomes measured and suggest that healthy subjects are 

relatively insensitive to immunomodulation with omega-3 PUFA. While in patients with 

inflammatory conditions cytokine concentrations or production are influenced by the 

immunomodulatory effects of EPA and/or DHA supplementation. This difference could be due 

to depletion of the buffering capacity present in healthy controls, as a result of a higher turnover 
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rate of immune cells in an inflammatory disease  and of the fatty acids in immune cell 

phospholipids composition for use as substrate for eicosanoid synthesis or as ligands for 

transcription factors (Sijben and Calder 2007). 

Moreover, studies that analysed the effect of EPA and/or DHA on inflammatory cytokines 

in stimulated-PBMCs, in relation to clinical status in COPD patients are extremely rare (Jaudszus 

et al., 2013). Previous studies with PBMC from normal subjects have used oral supplementation 

via fish oil capsules, purified EPA or DHA supplements, fish oil-enriched diets or omega-3 

PUFA enriched foods and generally did not find an effect. Reasons for this are not clear but may 

include: a low omega-3 PUFA therapeutic dose, since actual blood levels were not measured, or 

known before treatment; small sample size; short study duration; and the large variability 

between individual outcomes. The presence of an inflammatory disease like COPD might 

increase the sensitivity to the immunomodulatory effects of EPA and DHA (Sijben and Calder et 

al., 2007; Miles and Calder 2012).  

Only a limited number of previous investigations have specifically examined the 

characteristics and functions of circulating PBMCs among COPD patients, and findings from 

these studies are often inconsistent. This may due to the differences in experimental 

methodologies, small sample size and variability in disease severities (Zhu et al., 2009). The data 

reported here support what in vitro previous studies have shown using human PBMC to assess 

agent-induced changes in endpoints like cells proliferation and cytokine production, which will 

certainly contribute to a better understanding of the effects of omega-3 PUFA on immune cells 

function. Blood is a good source for biomarker discovery; however it is difficult to understand 

the contributions of individual cells in whole blood (Roberts et al., 2015). There was a limitation 

in the current study which worth mentioning. There was a lack of investigating the effect of EPA 

or DHA concertation values lies between 200-400 µM, as the release of some cytokines from 

cells treated with 500 µM EPA/DHA was undetectable. This may due to the effect of high 

concentration on PBMCs viability which was not tested in the current study. 

A more comprehensive study using additional stimuli such as cigarette extract followed by 

novel inflammatory mediators’ investigation in PBMCs sub-population or proteomics analysis 

might provide further understanding of the complex interplay between stimuli and cellular 

response. EPA and DHA gave rise to a variety of monohydroxylated derivatives of highly anti-
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inflammatory and protective properties, such as resolvins and their precursors (Jaudszus et al., 

2013). Recent study by Mochimaru et al. (2018) revealed that 12-OH-17,18-EpETE, an EPA-

derived endogenous metabolite, may overcome limitations of dietary EPA and DHA 

supplementation and provide novel options for the treatment of asthma and airway inflammatory 

diseases. There would be merit in investigating these bioactive lipid metabolites for their anti-

inflammatory effect on PBMCs in COPD. 

 

5.6 Conclusion 

The findings presented here indicate that circulating PBMCs isolated from COPD patients 

show a profile of pro-inflammatory biomarkers distinct from control PBMCs. At the basal level 

PBMCs from patients produce significantly more inflammatory cytokines; IL-6, TNF-α, and IL-

8, when compared to healthy controls. An impact from smoking can be seen in the increased 

release of inflammatory cytokines in PBMCs from healthy smokers when compared with healthy 

controls. The data confirmed that EPA and DHA individually exerted potential 

immunomodulatory effects characterized by significant reductions in PHA-induced cytokines 

release. The results here agreed with those in vivo previous findings and indicated that the EPA 

and DHA affected immune cells. Additionally, these observation may contribute to 

understanding of the regulatory action of EPA and DHA in immune cells and, therefore, to 

increasing knowledge in terms of fatty acid assessment from an immunological point of view. 

The findings suggest pre-activation of circulating inflammatory cells such as PBMC exists in 

patients. COPD is a complex disease that can be influenced by multiple factors such as genetic 

predisposition, cigarette smoking, and bacterial or viral infection (Sandford and Silverman 

2002), and these results support the assumption that COPD is a multicomponent disease which 

involves systemic inflammation (Kawayama et al., 2016). Importantly, the results suggest that 

DHA and EPA omega-3 PUFA may have an immunomodulatory impact on activated immune 

cells during inflammation and that further investigation of these actions in COPD are justified.  
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6. Chapter 6: Investigating baseline fatty acid profiles from erythrocytes 

(RBC) in the study cohort and the association with COPD 

 

 

6.1 Background 

Poly unsaturated fatty acids (PUFA) specifically omega-3 PUFAs, also known as ω-3 fatty 

acids or n-3 fatty acids, are important substrates for energy production and storage, and also 

involved in structural and functional properties of body cells. They are essential components of 

cell membranes and affect biological membrane structure and functions, including membrane 

fluidity, and subsequently organ functions. For example, different immune cells functions, such 

as secretion, chemotaxis, and sensitivity to microorganisms depend on the fluidity of the 

membrane. Fatty acids also mediate cellular metabolism and signalling pathways and contribute 

to the development and maintenance of body tissues (Allaire et al., 2017; Schober et al., 2017; 

(Antus and Kardos, 2015). Alteration in the PUFA composition of the cell membranes may 

affect the activity of membrane-bound enzymes and the expression of receptors, the membrane 

permeability and transport Properties. PUFA are substrates for synthesis of lipid inflammatory 

mediator eicosanoids which are involved in the inflammation progression in pulmonary diseases. 

Eicosanoids like; prostaglandins, leukotrienes, thromboxanes, are also the final products of the 

metabolism of PUFAs (Barnes 2008; Celli et al., 2012; Novgorodtseva et al., 2013). 

Concentrations of all major fatty acids can be measured in the RBC membrane, whole 

blood and plasma. The major PUFA include EPA (20: 5n-3), DHA (22: 6n-3), and ARA (20: 4n-

6). Whereas omega-3 PUFA, DHA, is essential for vision, brain neurons, and cell signaling, EPA 

is involved in vascular blood flow and down-regulates the production of ARA metabolites to 

maintain homeostasis. Several studies suggest that high intake of omega-3  fatty acid to low ratio 

of omega-6 fatty acid is reducing the risk of some of the chronic diseases that are associated with 

inflammation. It is known that diet enriched with omega-3 PUFAs tend to be positively 

associated with a range of health benefits especially for CVD. However, the mechanisms by 

which these PUFAs are involved in delivering health benefits are still unknown (Calder 2008; 

Bell et al., 2011). It is known that western diets contained higher omega-6 ratio than omega-3 

PUFA. However the balance between omega-6 and omega-3 PUFA is important for brain 
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development and function, and in decreasing the risk for chronic diseases. A recommended ratio 

of 1:1 to 2:1 omega-6/omega-3 PUFA should be the target ratio for health benefits (Simopoulos 

2010). 

Omega-3 PUFA, DHA   and    EPA are    known   to be anti-inflammatory mediators that 

are involved in several mechanisms including altering cell membrane phospholipid fatty acid 

composition, and stimulating anti-inflammatory and inhibiting pro-inflammatory transcription 

factors. Further, both have been shown to be effective in improving different inflammatory 

conditions including COPD (Calder et al., 2018). Multiple studies suggesting that using a 

mixture of EPA and DHA in different forms and proportions may associate with a positive 

impact on inflammatory biomarkers. However, the specific effects of EPA and DHA on 

inflammation pathways in COPD is less understood (Allaire et al., 2017).  

An Omega-3 Index is considered as a parameter that reflects the dietary intake of omega-3 

PUFA. It is the measurement of the amount of EPA and DHA present in RBCs membranes and 

is expressed as a percentage to the total fatty acids contents (Harris 2008). A high omega-3 Index 

(8–12%) has been associated with a lower risk of CVD and mortality in epidemiological studies. 

Supplementation with EPA and DHA is recommended by several health agencies including the 

American Heart Association for secondary coronary heart disease prevention or management of 

plasma triglycerides. Long-term supplementation with EPA and DHA would increase omega-3 

Index value. Data from randomized double-blind study shows increase in the omega-3 Index is 

greater with high dose DHA, (10 weeks with 2.7 g/d), supplementation than with high dose EPA 

(Allaire et al., 2017).  Unlike CVD, there is not much evidence in the literatures that analysed the 

effect omega-3 index in COPD patients. To our knowledge there is no estimated omega-3 index 

value for COPD.  

It is well known that weight loss and muscle wasting in patients with COPD affect 

respiratory and muscle function, exercise capacity, and health status. Few studies suggest that 

nutrition supplemented with high doses of PUFAs may improve body composition and exercise 

capacity and reduce inflammatory activity (Sugawara et al., 2010). In an 8-week randomized, 

controlled trial, daily supplementation with EPA, DHA, and ALA in 80 patients with COPD 

significantly improved exercise capacity (Broekhuizen et al., 2005). In another randomized, 

controlled trial, daily supplementation with omega-3 PUFAs with low intensity exercise for 12 
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weeks improve the outcomes of exercise capacity and health quality of life in malnourished 

patients with COPD (Sugawara et al., 2010). Cachexia is a condition frequently present in 

malnourished patients with COPD, heart failure and cancer, can cause weight loss, muscle 

weakness, fatigue, and reduced mobility. In 12-week double-blind, randomized, controlled trial, 

a targeted medical nutrition containing high dose omega-3 fatty acids, vitamin D, and high 

quality protein has positive effects on blood pressure, blood lipids and on exercise-induced 

fatigue and dyspnea. Therefore, such medical nutrition could be clinically beneficial for pre- 

cachectic and cachectic patients with COPD (Calder et al., 2018).  

Research studies are lacking in information about the qualitative and quantitative 

composition of fatty acids of RBCs membranes in COPD patients. In addition, the few available 

studies are significantly differing in their findings, which may be related to the different samples 

and methods applied for fatty acids analysis and variability between patients disease severity 

(Novgorodtseva et al.  2013). There is very limited information on the effect of omega-3 PUFA 

on lung function and inflammation in COPD.  

To begin to address this, the present study compares data from RBC fatty acid analysis 

including the following parameters; ARA/EPA ratio, the percentage of omega-3 PUFA/Total 

PUFA ratio, and Omega-3 Index between the three groups; patients with COPD, healthy smokers 

and healthy nonsmokers. Analysis were conducted to elucidate the potential relationship between 

measurements of RBC fatty acid analysis with chronic inflammation, pulmonary function 

outcomes (preFEV1% and pre FEV1/FVC ratio) and the impact of smoking on blood lipid 

profiles in patients with COPD. 

 

6.2 Objectives 

 To analyse the association between fatty acid profiles in RBC and the risk of COPD. Data 

from the three subject groups will be compared. 

 To identify the association of omega-3 and omega-6 PUFA, with chronic inflammation 

and respiratory function outcomes in patients with COPD 
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6.3 Methods 

6.3.1 Determination of RBC Fatty Acid Profile of Participants 

The most reported biological sample used in analysis of fatty acid composition that 

reflect nutritional status is RBCs. Analysis of erythrocyte fatty acid has been used to measure the 

status of the PUFA, especially EPA and DHA. A previous study showed good correlations, 

between erythrocyte and whole blood in fatty acids concentrations (Bell et al., 2011). Using RBC 

membrane for fatty acids determination is better than plasma, for reflecting long term dietary 

PUFA intake and body status with low individual biological variability. While plasma fatty acids 

analysis is more sensitive to recent food intake (Sun et al., 2007; Harris and Thomas 2010). The 

profile of fatty acids was measured in RBC fractions separated by Ficoll density gradient 

protocol from 42 EDTA-anticoagulated blood samples of the entire study cohort, and was stored 

at -80 ͦ C for analysis (See chapter 2 for details). RBCs aliquots samples contain 0.5ml were sent 

to the nutrition group laboratories at the University of Stirling for fatty acid. 

The lipid extraction of erythrocytes was performed by lab technicians in University of 

Stirling according to Bell et al (2011). It is non-invasive, economical, and accurate assay for of 

PUFA quantification. A single RBCs drop onto Whatman collector cards was air-dried. Then the 

RBCs sample was detached from the collection device using forceps and placed into a screw cap 

vial containing 1ml of a methylating solution (1.25 M-methanol–HCl). The vials were sealed and 

incubated in a hot block at 70 ͦ C for 1h, and then cooled to room temperature. Later, 2ml of 

distilled water and 2ml of saturated HCl solution were added. Fatty acid methylesters (FAME) 

were then extracted by adding 2×2ml of isohexane. FAME were separated and quantified by 

GLC using a 60m × 0·32mm × 0·25mm film thickness capillary column. H2 was used as a 

carrier gas at a flow rate of 4ml/min and the temperature range was from 50 to 150 ͦ C at 40  ͦ

C/min then to 195 ͦ C at 2 ͦ C/min, and finally to 215 ͦ C at 0·5 ͦ C/min. Individual FAME was 

identified by comparison with well-characterised in-house standards as well as commercial 

FAME mixtures. FAME composition was reported as weight percent of total identified FAMEs. 

All samples were analyzed together, and all samples from each subject were analyzed in the 

same batch to minimize analytical variability. The precision of the RBCs fatty acid analysis was 

conducted by measuring triplicate samples over four successive days to provide mean and 
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standard deviation and CV%. The ratio of ARA: EPA as well as the percentage of omega-3 

PUFA/total PUFA, and Omega-3 index has been measured. This assay provides a reliable 

method of PUFA quantification with the percentage of omega-3 PUFA value providing a 

potential blood biomarker for large-scale nutritional trials. 

However, specific and sensitive, less time consuming and cost-effective methods are 

required to measure body fatty acid profiles and to monitor their changes during clinical trials 

supplementation. A new method for fatty acid analysis was developed by Schober et al (2017), 

where they combined chemical ionization and tandem mass spectrometry after gas 

chromatography separation for measurement of fatty acid. This method is highly specific, 

sensitive, and rapid to analysis of fatty acid in biological specimens such as erythrocyte 

membranes. 

6.3.2 Statistical Analysis  

Laboratory data were expressed as standard deviation of the mean (SD). The D’Agostino–

Pearson omnibus normality test was performed to test normality of the data distribution. All data 

were expressed and graphed as mean ± standard deviation. For data normally distributed, one-

way ANOVA analysis of variance followed by Tukeys multiple comparison post-test was 

performed to determine whether the differences between the groups were statistically significant. 

Differences were considered significant if the probability (P) value was <0.05, highly significant 

if P value was <0.01 and P value <0.001, and insignificant if P value was >0.05. Correlation 

analyses of two variables were carried out using Pearson or Spearman methods, depending on 

the normality of the data distribution. All statistical analyses were performed using graphPad 

Prism and graphPad InStat software, version 7.04 and 3.10.32 respectively.  

 

 



  

180 

 

6.4 Results 

6.4.1 Comparison of Fatty Acids between the Studied Groups 

RBC membrane PUFA composition was analysed at baseline and values were expressed 

as mean (SD). The data for of ARA: EPA ratio as well as the percentage of omega-3 PUFA/total 

PUFA, and Omega 3 index of the studied groups measured in this study is listed in Table 6.1. 

The mean (SD) value of RBCs membrane levels of omega-3 index were 5.6 (1.7), 5.3(1.4) and 

5.6 (1.3) for COPD, healthy smokers and healthy nonsmokers groups, respectively. The mean 

(SD) value of the percentage of omega-3 PUFA/total PUFA% were 27.2 (5), 25.7 (4) and 27.3 

(3) for COPD, healthy smokers and healthy nonsmokers groups, respectively. The mean (SD) of 

ARA/EPA ratio were; 20 (8.5) for COPD, 20.8 (6.5) for healthy smokers and 20.2 (5.5) for 

healthy nonsmokers groups (Table 6.1). There were no significant differences in fatty acids 

measurements (ARA/EPA, omega-3 PUFA/total PUFA% and Omega 3 index) between the 

COPD group, healthy smokers and healthy nonsmokers groups. Although the percentage of 

omega-3 PUFA/Total PUFA was lower numerically in healthy smokers group compared to 

patients and healthy nonsmokers, it did not reach statistical significance (Figure 6.1).  

 

Table ‎6.1 Comparison of RBC fatty acids composition between the studied groups 

Studied Group COPD HS HNS 

%Omega-3 PUFA/Total 

PUFA 

27.2 (5) 25.7 (4) 27.3 (3) 

ARA/EPA 20 (8.5) 20.8 (6.5) 20.2 (5.5) 

Omega-3 Index 5.6 (1.7) 5.3 (1.4) 5.6 (1.3) 

 

The data expressed in term of mean (standard deviation) unless otherwise stated. These analyses were 

performed using Graph Pad Instat Software. Definition of abbreviations: COPD, chronic obstructive 

pulmonary disease; HS, healthy smokers; HNS, healthy nonsmokers; PUFA; poly unsaturated fatty acids; 

ARA, arachidonic acid; EPA, eicosapentaenoic acid. 
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Figure ‎6.1: Comparison of (A) omega-3 PUFA/total PUFA, (B) ARA: EPA ratio, (C) 

omega-3 index. P value < 0.05 as determined by one-way ANOVA analysis of variance followed by 

Tukeys multiple comparison post-test indicate a significant difference between the groups. These analyses 

were performed using Graph Pad Instat Software. Definition of abbreviations: COPD, chronic 

obstructive pulmonary disease; HS, healthy smokers; HNS, healthy nonsmokers PUFA; poly unsaturated 

fatty acids; ARA, arachidonic acid; EPA, eicosapentaenoic acid. 
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6.4.2 Associations between Membrane Fatty Acids and Smoking in COPD  

The effect of smoking on RBCs fatty acid composition of COPD patients was 

investigated. There was no statistically significant relation between smoking habits and the 

percentage of omega-3 PUFA/total PUFA, using PYH as a marker (r
2
 = 0.06; P = 0.34). 

Likewise, the relationship between smoking and ARA: EPA ratio or and omega-3 index was also 

not statistically significant. The correlation coefficient was r
2
 = 0.16; P = 0.13 and r

2
 = 0.13; P = 

0.17 respectively (Figure 6.2). COPD patients were further split according to smoking status into 

former and current smokers’ sub-groups. However, there was a weak to moderate negative 

correlations between omega-3 index and PYH in current smokers with COPD (r
2
 = 0.36; P = 

0.08) (Figure 6.3). 
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Figure ‎6.2: Smoking impact (PYH) in relation to fatty acid measurement, (A) percentage of omega-

3 PUFA/total PUFA, (B) ARA/EPA ratio, and (C) omega-3 index in patients group. Significance was 

tested using a linear regression analysis (spearman method). These analyses were performed using 

Graph Pad Instat Software. Abbreviations: PUFA; poly unsaturated fatty acids; ARA, arachidonic acid; 

EPA, eicosapentaenoic acid.; PYH, pack year history.  
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Figure ‎6.3: Smoking impact (PYH) in relation to omega-3 index in smoker sub-groups. (A) 

Former smokers with COPD (n=6), (B) current smokers with COPD (n=9). Significance was tested using 

a linear regression analysis (spearman method). These analyses were performed using Graph Pad Instat 

Software. Abbreviations: PYH, pack year history.  
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6.4.3 Associations between RBC Fatty Acids and Pulmonary Function in COPD  

The relationship between fatty acid measurements and patients’ pulmonary function 

outcome were investigated. Linear regression analysis using Pearson method showed no 

significant relationship between FEV1 and the percentage of omega-3 PUFA/total PUFA (r
2
 = 

0.001; P = 0.88), ARA: EPA ratio (r
2
 = 0.006; P = 0.77), as well as Omega 3 index (r

2
 = 0.016; P 

= 0.65). Likewise, the relationship between pre FEV1/FCV ratio and the percentage of omega-3 

PUFA/total PUFA or ARA: EPA ratio, as well as omega-3 index was also not statistically 

significant. The correlation coefficient was r
2
 = 0.006; P = 0.77, r

2
 = 0.018; P = 0.63 and r

2
 = 

0.0005; P = 0.99 respectively (Figure 6.4). Linear regression analysis also showed no significant 

relationship between FEV1 and fatty acid measurements for the entire study cohort. 

 

 

 

 



  

186 

 

0 50 100 150
0

10

20

30

40

FEV1% vs %Omega-3 PUFA/Total PUFA

Pre FEV1 %

%
 O

m
e

g
a
-3

 P
U

F
A

/T
o

ta
l 

P
U

F
A

 P=0.88

 R
2
=0.001

0 20 40 60 80
0

10

20

30

40

FEV1/FVC vs %Omega-3 PUFA/Total PUFA

 Pre FEV1/FVC ratio

%
 O

m
e

g
a
-3

 P
U

F
A

/T
o

ta
l 

P
U

F
A

 P=0.77

 R
2
=0.006

0 50 100 150
0

10

20

30

40

50

FEV1% vs ARA/EPA

Pre FEV1 %

A
R

A
/E

P
A

 P=0.77

 R
2
=0.006

0 20 40 60 80
0

10

20

30

40

50

FEV1/FVC vs ARA/EPA

Pre FEV1/FVC ratio

A
R

A
/E

P
A

 P=0.63

 R
2
=0.018

0 50 100 150
0

2

4

6

8

10

FEV1% vs Omega-3 Index

Pre FEV1 %

O
m

e
g

a
-3

 I
n

d
e
x

 P=0.65

 R2=0.016

0 20 40 60 80
0

2

4

6

8

10

FEV1/FVC vs Omega-3 Index

Pre FEV1/FVC ratio

O
m

e
g

a
-3

 I
n

d
e
x

 P=0.99

 R
2
=0.0005

A D

B E

C F

 

Figure ‎6.4: The correlation between patient’s fatty acid measurement and lung severity; (1) 

pre FEV1% with (A) percentage of omega-3 PUFA/total PUFA, (B) ARA/EPA ratio, (C) omega-3 index, 

(2) pre FEV1/FVC ratio with (D) % of omega-3 PUFA/total PUFA, (E) ARA/EPA ratio (F) omega-3 

index. Significance was tested using a linear regression analysis (spearman method). These analyses 

were performed using Graph Pad Instat Software. Definition of abbreviations: COPD, chronic 

obstructive pulmonary disease; FEV1, Forced Expiratory Volume in 1 second; FVC, forced vital 

capacity, PUFA; poly unsaturated fatty acids; ARA, arachidonic acid; EPA, eicosapentaenoic acid. 
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6.4.4 Associations between Membrane Fatty Acids and Inflammatory biomarkers in 

COPD  

A possible relationship between fatty acid measurements and the plasma level of 

inflammatory biomarkers of patients were investigated.  There was no statically significant 

relationship between plasma CRP level of patients with COPD and RBCs fatty acid 

measurement including; the percentage of omega-3 PUFA/total PUFA (r
2
 = 0.006; P = 0.77), 

ARA: EPA ratio (r
2
 = 0.013; P = 0.68), as well as omega-3 index (r

2
 = 0.002; P = 0.86). 

Likewise, no statically significant relation was found between patients’ plasma fibrinogen level 

and RBCs fatty acid measurements. The correlation coefficient of the percentage of omega-3 

PUFA/total PUFA, ARA: EPA ratio and omega-3 index was r
2
 = 0.03; P = 0.49, r

2
 = 0.012; P = 

0.69 and r
2
 = 0.02; P = 0.58 respectively (Figure 6.5). 
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Figure ‎6.5: The correlation between patients’ fatty acid measurements and inflammation 

biomarkers level. CRP with (A) omega-3 PUFA/total PUFA (B) ARA/EPA ratio (C) omega-3 index, 

Fibrinogen with (D) omega-3 PUFA/total PUFA (E) ARA/EPA ratio (F) omega-3 index. Significance was 

tested using a linear regression analysis (spearman method). These analyses were performed using 

Graph Pad Instat Software. Definition of abbreviations: COPD, chronic obstructive pulmonary disease; 

FEV1, Forced Expiratory Volume in 1 second; FVC, forced vital capacity, : PUFA; poly unsaturated 

fatty acids; ARA, arachidonic acid; EPA, eicosapentaenoic acid; CRP, C-creative protein.  
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6.5 Discussion 

Fatty acids control the structure and function of biological membrane including membrane 

fluidity. Thus modification of the fatty acid composition in the membranes of the RBCs in 

patients with COPD may result in disruption of the cell structure and function and immune 

response (Novgorodtseva et al., 2013). For example, increased omega-6 PUFAs stimulates the 

formation of inflammatory mediators that involve in platelet aggregation, immune system 

functions, and bronchospasm. Early detection of the fatty acid alteration in patients with 

respiratory diseases can prevent the progression of a more severe pulmonary disease 

(Novgorodtseva et al., 2013).  

Erythrocyte membrane content is considered to be the most reliable, biologically relevant 

sample of dietary omega-3PUFAs intake. The ratio between omega3 and omega6 PUFA intakes 

has been studied by using the ratio of ARA to EPA and/or DHA. While Omega-3 Index reflects 

the amount of EPA and DHA present in RBCs membrane (Cai et al., 2017).  In the present work, 

the fatty acid profiles of total lipid in RBCs from the three studied groups were analysed, to 

detect potential fatty acids that could be used as biomarkers test for the diagnosis and 

management of COPD. There are no previous studies examining the use of fatty acid profiles in 

this context for COPD. Unlike this study, previous studies have investigated the effect of omega-

3 PUFA supplementation, either as a fixed-dose therapy or as a dietary supplement, in patients 

with COPD.  

RBC PUFA measurements for the percentage of omega-3 PUFA/total PUFA, ARA: EPA 

and Omega 3 index showed no significant differences between the three studied groups. No 

correlation was observed between fatty acid measurements of erythrocyte membranes and 

patients’ health status, and the study findings prove that the fatty acid composition of the 

erythrocyte membranes in our patients group was unmodified. These results are in agreement 

with a previous study which analysed the fatty acid profiles of RBCs and found contrasting 

results showing modification in fatty acids from patients with different types of lung cancers, 

whereas fatty acid profiles were unmodified in patients with COPD, asthma, and healthy controls 

(De Castro et al., 2014). 
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In contrast to the current study, previous study by Novgorodtseva et al (2013), revealed an 

increase of omega-6 PUFAs/omega-3 PUFAs ratio by 3-fold, and a decreased in EPA value by 

2-fold in COPD patients when compared to the control group. During the current study, similar 

work has been published by Kentson et al. (2018) in which the omega-3 index was significantly 

reduced in COPD subjects compared to controls. In that study it was observed that COPD 

subjects’ food intake was not rich in omega-3 PUFA, less healthy, and that they ate smaller food 

portions than control subjects, which could be the cause of the reduced level of omega-3 PUFAs 

in patients rather than the disease itself. The mean value for the omega-3 Index in the present 

study was 5.6 for the COPD group, which is comparable with the level reported in Kentson’s 

study, where the value was 5.16, and 5.79 for controls. However the omega-3 Index value 

reported in the current study of the controls group was similar to those of patients which may 

suggest the less healthy diet style of both group subjects. Interestingly, in the current study the 

omega-3 Index and the percentage of omega-3 PUFA/Total PUFA was lower numerically in the 

healthy smoker group compared to patients and healthy nonsmokers. However this low level did 

not reach statistical significance and may be due to smoking effect on healthy smokers’ diet style 

and health status. 

Smoking is a major risk factor for COPD especially in developed countries. Smoking can 

activate oxidative stress causing increase in lipid peroxidation of PUFAs. It also may affect the 

synthesis and metabolism of fatty acids result in alteration of omega-3 PUFA levels (Scaglia et 

al., 2016). The literature reports inconsistent findings in relation to the effect of smoking of 

PUFA composition. In this study, the effects of cigarette smoking on RBCs cell membrane fatty 

acid levels of COPD patients were examined. It was found that smoking, as quantified by PYH, 

statistically seemed to have no significant impact on fatty acid composition of COPD subject 

including; the percentage of omega-3 PUFA/total PUFA, ARA/EPA ratio and omega-3 index.  

The current study results are in agreement with Batlle et al. (2012) study who observed no 

effect of smoking status on the levels of PUFA in COPD patients. However, a weak to moderate 

negative correlation between omega-3 index ratio and smoking habits in current smoker with 

COPD was observed. These findings indicate that smoking habit may affect the dietary intake of 

omega-3 PUFA in COPD patients. A similar observation was made by several other research 

groups, for example; Scaglia et al. (2016) reported a lower intake of omega-3 PUFAs by 
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smokers was associated with lower DHA levels. Additionally, a cross-sectional case-controlled 

clinical study revealed a decrease in serum omega-3 PUFAs in smokers, especially with COPD 

compared with nonsmokers (Titz et al., 2016).  

In the present study plasma levels of inflammatory biomarkers (CRP and fibrinogen) were 

found to be significantly higher in the COPD group than in healthy smoking and nonsmoking 

groups. In addition, several epidemiologic studies indicated a relationship between the low ratio 

of EPA and DHA intake and high level of CRP. It has been proposed that omega-3 PUFA can 

modulate the inflammatory process by inhibiting the production of pro-inflammatory factors. 

Therefore, a possible relationship between the plasma level of inflammatory biomarkers and 

RBCs cell membrane PUFA composition was investigated. There was no correlation of PUFA 

with inflammatory biomarkers CRP, as well as fibrinogen, in COPD patients. These findings 

confirmed that PUFA have no effect on systemic inflammation in patient with COPD. The 

present results matched a previous 8-week trial, which found that daily supplementation with 

EPA, DHA, and ALA in 80 patients with COPD did not affect the level of CRP, IL-6, and TNF-

α (Broekhuizen et al., 2005). Likewise, a study by Matsuyama et al (2005) also reported that diet 

enriched with omega-3 PUFA did not change serum levels of IL-8 and TNF-α. However it did 

improve exercise capacity and decrease serum LTB4, sputum LTB4, IL-8, and TNF-α level in 

patients with COPD. Similarly, the plasma level of CRP was unchanged in COPD patients 

supplemented with rosuvastatin, omega-3 fatty acids and lycopene (Williams et al., 2016). In 

contrast, daily supplementation with omega-3 PUFA significantly decreases the serum level of 

CRP, IL-6, IL-8, and TNFα in the low-intensity exercise group (Sugawara et al., 2010). In line 

with the previous study result, Batlle et al. (2012) observed an inverse association between 

omega-3 PUFA intake and several serum pro-inflammatory biomarkers level, including CRP, IL-

6 and TNFα. However the latter study relied on a food frequency questionnaire to assess the 

individual dietary data of PUFA intake. 

Data from this study showed that pulmonary function including preFEV1% and pre 

FEV1/FVC ratio were significantly reduced in COPD patients when compared to healthy 

smoking and nonsmoking groups. A possible protective association between omega-3 PUFA 

measurements and lung function outcomes was therefore investigated. Unfortunately, there was 

no relationship between omega-3 PUFA measurements and lung function outcome in COPD 
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patients. However, the results agree with previous studies which reported that omega-3 PUFA 

intake does not have a major protective effect on lung function or disease symptoms and severity 

(Broekhuizen et al., 2005; McKeever et al., 2008).  

There are several limitations in previous studies worth to be mentioned. First, the most 

important limitation is that most of the studies are cross-sectional observational cohort studies. 

Second, omega-3 PUFA sources are indirectly measured using food frequency questionnaires 

instead of using laboratory method to analyse RBCs membrane fatty acid. Subsequently, this 

may lead to inaccurate omega-3 PUFA consumption estimation. Finally, COPD patients and 

smokers may have changed their lifestyles and dietary habits, reducing fish consumption.  

The current study data gave no indication of the possible involvement of RBCs membrane 

fatty acid composition in the relation with COPD, but the size of the patients sample maybe 

insufficient for that purpose. A limitation of the present study that might have contributed to the 

absence of a significant relationship between PUFA measurements and COPD is insufficient 

statistical power. A post hoc power analysis (Wilcoxon-Mann-Whitney test) could not be 

performed because the means and standard deviation for the variables were unavailable. The 

principal finding of this chapter was that patients PUFA profile was not affected by COPD 

severity. Thus, the relationships between RBCs PUFA and COPD remain controversial in the 

literature.  

 

6.6 Conclusions 

Measurement of PUFAs from RBCs total lipids analysis was considered as a potential 

useful stable metric for COPD severity. Unfortunately, there was no observed alteration in 

PUFAs composition in the patients group. Additionally, there was no correlation between 

patients respiratory function parameters or systemic inflammatory biomarkers and PUFAs 

measurements.  Subsequently our findings indicated that RBC membrane Omega-3 PUFA does 

not seem to have a major protective effect on lung function or disease symptoms. The results 

from this study did not support the findings of a number of reports which have revealed that 

PUFAs composition is modified and omega-3 index is reduced in patients with COPD.  
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Although consistent with findings in a very recent report by Kentson (2018), an omega-3 

index value of 5.6% reported here for COPD patients (and control subjects), is much below the 

suggested 8-12% that has been associated with achieving health benefits for other conditions.  

Interventional studies use supplementation of food enriched with omega-3 PUFA to elicit a 

response. However, there is a failure to evaluate baseline omega-3 and whether supplementation 

causes any change to achieve higher levels of omega-3 and therefore is unsupportive of a direct 

benefit from enhancing omega-3 PUFA. This needs to be addressed in future interventional 

studies. There is no consistent evidence confirming that a diet enriched with omega-3 PUFA 

reduces chronic inflammation. Only limited evidence shows that the use of omega-3 PUFA 

supplementation is improving functional capacity in COPD patients. More evidence and further 

investigation are required to confirm the potential effects of omega-3 PUFA on COPD patient 

health, before routinely incorporating this therapy within COPD treatment and management 

(Atlantis Cochrane, 2016). The relationship between omega-3 PUFAs and inflammation in 

patients with COPD remains unclear. The absence or weakness of a significant relationship may 

be due to the small patients’ number and individual biological variability. Increasing the sample 

size may have assisted in finding a significant relationship between blood levels of omega-3 

PUFA and COPD patients’ health status. Collectively the data show that the severity of COPD 

does not seem to reflect the fatty acid composition of the RBCs membrane, but it is tempting to 

speculate that enhancing levels of omega-3 from around 5% observed in this study population, to 

at least 8% may have a different outcome. Further research is needed to study the formation and 

activity of fatty acid in COPD. 
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7. Chapter 7: General Discussion and Conclusion/ Future works 

 

COPD is a chronic lung disease characterised by persistent airflow limitation. It is 

associated with systemic inflammation, extra-pulmonary manifestations, comorbidities and poor 

outcomes (Barnes 2016). COPD is a major cause of mortality worldwide (Bajpai et al., 2017), 

and by 2030 COPD is expected to become the 3rd leading cause of death worldwide (Vestbo et 

al., 2013). It is a complex disease which is influenced by multiple factors such as genetic factors, 

environmental factors, and genotype–environment interactions (Sandford and Silverman 2002). 

Severity of COPD is positively associated with systemic inflammation. The presence of 

increased level of inflammatory markers in circulation, sputum, and BAL fluid suggests that 

systemic inflammation is one of the potential mechanisms responsible for COPD (Naik et al., 

2014). Inflammatory biomarkers are becoming a useful means of characterizing the extent of 

both airway and systemic inflammation associated with COPD (Barnes 2016). In this regard, 

disease heterogeneity and a lack of disease specific biomarkers are particularly challenging for 

the development of effective therapy for COPD. Current therapies are able to attenuate 

symptoms and prevent exacerbations but they do not prevent the decline in lung function or 

disease progression. Therefore the development of blood biomarkers would enhance the 

understanding of COPD pathophysiology and facilitate patient subdivision (Roberts et al., 2015).  

In the current programme of studies, a significant decrease was found in the pulmonary 

functions of COPD patients when compared with healthy controls. These findings are consistent 

with those of other researchers who have demonstrated that pulmonary function data were 

significantly lower in COPD patients when compared with controls (El-Shimy et al., 2014). Age, 

weight and BMI have an impact on subject respiratioty functions when investigating the whole 

study indviduals. Addionally, pateints  parameters including; weight, BMI as well as smoking 

exposure seemed to have impact on patients’ reversibility, but not on disease severity. This may 

due to low size of patients sample. Furthermore, smoking may impairs the effectiveness of ICS 

therapy in patients with COPD. However no effect of ICS was found on patients’ lung functions. 
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Blood biomarkers may clinically assist in predicting COPD severity (Augusti et al., 2012; 

Vestbo et al., 2014; Faner et al., 2014). For example, fibrinogen and CRP, both biomarkers of 

inflammation were found to be correlated with COPD severity and risk of exacerbations (De-

toress et al., 2006; Higashimoto et al., 2009; Vestbo et al., 2011; Augusti et al., 2012, Celli et 

al., 2012, Duvoix et al., 2013; Fattouh and Alkady, 2014; Manino et al., 2015; Paone et al., 

2016). IL-6 was also associated with FEV 1 and FEV1/FVC (Ardestani and Zaerin 2015). 

Importantly, lung specific proteins such as SP-D and CC16 are also attractive COPD biomarkers. 

SP-D has been associated with COPD (Vestbo et al., 2014, Lomas et al., 2008), and emphysema 

and possibly exacerbation frequency (Lomas et al., 2009; Akiki et al., 2016). CC16 may 

correlate with disease severity and FEV1 decline over time (Lomas et al., 2008; Lomas et al., 

2009; Vestbo et al 2014). Plasma sRAGE is inversely correlated with decreased lung function, 

disease severity and emphysema (Change et al., 2013; Gopal et al., 2014; Hoonhorst et al., 

2016). Serum levels of CCL18 were correlated with FEV1, exercise capacity, exacerbation 

frequency and mortality (Pinto-Plata et al., 2007; Sin et al., 2011; Paone et al., 2016). 

However, most of the available studies are either observational cohort or small-sized 

experimental studies, while large clinical trials that evaluating changes in biomarkers in relation 

to clinical outcome are insufficient. Most of the current biomarker candidates are not lung-

specific but may reflect the systemic aspects of COPD and its associated comorbidities. There is 

a need for lung-specific biomarkers derived from proteins that are either only expressed in the 

lung tissue (CC16, SPD), or highly over-expressed in the lung (RAGE). Due to the complexity 

and heterogeneity of COPD, a panel of biomarkers may be required to address personalized 

treatments of COPD patients, as single biomarker will not be able to identify the different 

characteristic and phenotypes of COPD (Ongay et al., 2016) 

COPD is characterised not only by a local pulmonary inflammation but also by a systemic 

inflammation. In this study (chapter 4), the associations between circulating inflammatory 

markers and COPD were investigated. High plasma levels of CRP and Fibrinogen together with 

a low level of CC16 were observed in COPD patients compared with healthy controls. This is 

consistent with previous data where elevated plasma inflammation-sensitive protein levels, such 

as fibrinogen and CRP were associated with the presence of COPD (Agusti et al., 2012; 

Kleniewska et al., 2016). However, the use of CRP alone as a biomarker for COPD is limited 
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because of its low specificity as any inflammation or infection not related to the lung, can modify 

CRP level (Paone et al., 2016). Additionally, the levels of plasma CRP increased as the severity 

of COPD increased. An increased plasma fibrinogen and CRP level in patients with COPD may 

suggest a systemic inflammatory effect in these patients. Further clarification is required as to 

whether systemic inflammation is a primary or secondary related to pulmonary inflammation.   

Lung specific proteins can be potential biomarkers that can assist in disease prognosis and 

severity, predict outcomes, and treatment (Doubková et al., 2016). Findings in this study, from 

the COPD patient group, indicate the lung-specific protein CC16, could be promising as a local 

biomarker of an inflammatory process in the airways of COPD patients. However, further studies 

are required to establish the role of CC16 in COPD patients. An ideal biomarker must be 

reproducible in stable disease like; SP-D, fibrinogen and CC16, while other biomarkers, 

including CCL18 and CRP, need further evaluation (Paone et al., 2016). Therefore, novel and 

possibly more pulmonary specific biomarkers should be tested, perhaps using combinations of 

(systemic and lung-specific) biomarkers in a ‘mini-panel’. 

There is no specific accepted systemic biomarker for assessing COPD severity and 

evaluating the effectiveness of treatment (El Gammal et al., 2015). This study provides evidence 

that COPD patients have a pro-inflammatory state, with increased circulating levels of 

inflammatory cytokines and acute-phase reactants. However, circulating TNF-α, IL6, IL8, IP10, 

SPD and RAGE were not detected in most subjects of the study cohort despite recognized 

associations with inflammation and COPD. These inconsistencies between studies are often 

found in the literature and efforts to understand why are necessary. Methodological differences 

and the heterogeneity of COPD itself may partly explain this.  

Assessment of blood markers can be useful for diagnosis, prognosis and treatment of COPD 

patients. However, due to inconsistent results of published studies of inflammatory biomarkers 

their evaluation has not been accepted so their routine application requires further studies. The 

first step of treatment for COPD is to suppress the inflammation process and to prevent its 

consequences (Heidari 2012). COPD is associated with systemic inflammation but it remains 

unclear how the systemic inflammation arises. Does it start in parallel to the pulmonary 

inflammation, or it may due to the spillover of pulmonary inflammation? (Agusti et al., 2012).  
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Of note, unstimulated ex-vivo PBMCs in COPD released significantly higher levels of (IL-6, IL-

8 and TNF-α) cytokines compared to healthy nonsmoking controls, suggesting that the PBMCs 

are already activated in the patients’ circulation. Altered peripheral lymphocyte functions in 

COPD patients have previously been reported. Additionally, several immunological functions of 

circulating T-cells are abnormal and correlated with COPD severity and thus further support that 

adaptive immune processes contribute to progression of this disease (Zhu et al., 2009). 

Additionally smoking seemed to have an impact on patients’ systemic level of CRP but not on 

fibrinogen, CC16, CCL18, and CD31. Cigarette smoking, which is a leading risk factor for 

COPD, can also induce systemic inflammation as the cytokines release from PBMCs of healthy 

smoker were higher than those of healthy nonsmoking control. 

One of the aims of this work was to explore the anti-inflammatory properties of EPA and 

DHA omega-3 PUFA. Data (chapter 5) indicates that EPA and DHA individually possess 

potential immunomodulatory effects characterized by significant reductions in PHA-induced IL-

6, IL-8 and TNF-α release from ex-vivo PBMC. Studies are limited regarding the possibility for 

omega-3 PUFAs to be used therapeutically in chronic inflammatory diseases such as COPD. 

Clinical evidence of benefits from omega-3 PUFAs in COPD were reported in observational and 

interventional studies. Observational studies (de Batlle et al., 2012; Novgorodtseva et al, 2013) 

demonstrate that omega-3 PUFA levels are associated with both systemic inflammation and 

clinical COPD outcomes. Moreover, a very recent study has reported an increased ratio of (total) 

omega-6:omega-3 PUFAs in asthma patients (Zhou et al. 2018).  Data from this study, using 

RBC-based measurements, found that levels of the EPA and DHA omega-3 PUFAs were 

generally low across the study population (indicated by an omega-3 index of approximately 5.6% 

- in itself an interesting finding), but were not correlated with patients respiratory function 

parameters or systemic inflammatory biomarkers. In a previous report, Novgorodtseva et al., 

(2013) found a 3-fold increase in the ratio of the omega-6 to omega-3 PUFA (ARA/EPA) in 

COPD patients compared to controls, whereas ARA/EPA from this study was not different 

between groups.  It is difficult to compare the studies directly but notable that the Novgorodtseva 

control group comprised both ex-smokers and non-smokers and the COPD patients were all 

GOLD 1 (mild severity of disease). In this study, controls were separated by smoking status and 

most (73%) COPD patients were GOLD 2 (moderate severity). However, when both control 
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groups (healthy smokers and nonsmokers) were combined to re-evaluate the data the outcome 

remain the same.  

Clinical interventional studies tend to use omega-3 PUFAs in nutrient supplement 

combinations, which makes it difficult to attribute omega-3 PUFAs specific effects. They are 

also delivered at fixed doses, with compliance recorded by questionnaire, so it is unknown as to 

whether a therapeutic dose of the omega-3 PUFA is ever achieved in vivo. Further, the dose 

levels of EPA and DHA which was used in previous studies on ex vivo lymphocyte proliferation 

in healthy subjects varied from 0.1 to 7 g/day EPA+ DHA/day. Significant increased lymphocyte 

proliferation was observed at a dose level of 2.0g EPA+ DHA/day. However, most these studies 

did not include a formal power calculation (Miles and Calder 2012). 

Given the variations observed here between individuals’ omega-3 index values, this may 

help to explain why interventional studies so far are inconclusive. A better approach may be to 

measure RBC omega-3 pre-and post-intervention, in order to ‘personalise’ dosing to achieve 

appropriate in-vivo levels.  However, there are a few clinical trials ongoing for COPD that are 

using purified omega-3 PUFAs alone but those results are yet to be confirmed (Wood 2015).   

More evidence and further investigation are required to confirm the potential effects of omega-3 

PUFA on COPD patient health, before routinely incorporating this therapy within COPD 

treatment and management (Atlantis Cochrane 2016). 

As omega-3 PUFAs are natural products they could easily be incorporated as part of a 

general lifestyle change for the patient and self-monitoring via blood spots is feasible. Studies 

incorporating the above suggestions are needed on a larger scale and for a longer period of time 

to more carefully assess the effectiveness of omega-3 PUFAs for treating COPD. This could be 

in conjunction with biomarkers, antioxidant or other agents (Bajpai et al., 2017). If future studies 

prove that these therapies are effective and safe it might be more useful to introduce these early 

in the course of the disease to prevent disease progression and possibly to reduce comorbidities 

(Barnes 2016).  
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Limitation 

There are some limitations of the present study that deserve to be discussed. First, the 

definition of COPD was based on post FEV1/FVC <0.70 at a single examination. Although this 

is the most widely accepted definition for COPD, it represents a simplified case definition for 

epidemiological purposes and not for clinical diagnosis. Second, this is a clinical-case study 

looking at a population at a given point in time and not a longitudinal study. Therefore it only 

provides the frequency and characteristics of the disease in this population taking place when the 

study was conducted. Third, of the COPD group in this study, all patients used ICS and systemic 

corticosteroids. This could contribute to the underestimation of the difference in biomarkers 

between COPD patients and control subjects. Nevertheless, the effect of ICS on inflammatory 

biomarkers is still controversial.  

Fourth, the biology of the inflammatory response is complex and the current study 

investigates only a limited panel of biomarkers. However, the selected biomarkers were chosen 

correspond to those investigated by the majority of previous studies, and are often and easily 

measured in clinical practice. On the other hand, evaluation of markers of oxidative stress and 

lipid peroxidation; MDA, Hydrogen peroxide and 8-isoprostane, antioxidants; superoxide 

dismutase 3, glutathione peroxidase, catalase, and ceruloplasmin ferroxidase activity (Bajpai et 

al., 2017), antioxidant; total bilirubin and uric acid (Lee et al., 2018), extracellular matrix 

breakdown; MMP-8 and MMP-9 (Duvoix et al., 2012), protease/anti-protease biomarkers, other 

cytokines include; IL-2, IL-4, and IFN-γ, Adiponectine, Apolipoprotein A1 and lipocallin-1and 

are suggested to interpret the results accurately (Agusti et al., 2012; Comes et al., 2016). For 

example, what emerges from literature is that MDA, a lipid peroxidation product, could be used 

as specific biomarkers of oxidative stress in COPD patients. Furthermore, the use of advanced 

analytical methods like cytokine arrays, mass spectrometry, or nuclear magnetic resonance, 

should increase the sensitivity of the assays, and may produce important new information in the 

future (Liu et al., 2014). 

Fifth, this was a single-center study and the number of subjects was not sufficient to be 

equally categorized to COPD four stages; mild, moderate, sever, very sever; and this may have 

hampered efforts to clearly define differences between the groups in some cases. Some 

biomarker data are known to be variable and the PBMCs sample size was sometimes insufficient 
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to overcome this variability. In addition, direct measurement of inflammatory biomarkers in 

peripheral blood is known to be difficult due to their short half-lives, low concentrations, and 

their binding to soluble receptors and the effects of renal clearance (Kawayama et al., 2016). 

Other factors to consider include; lack of reproducibility in an independent cohort, heterogeneity 

and subject biological variability of the patients with COPD, pathological characteristics, the use 

of different methodologies and assays. Therefore, a large-scale and long-term multi-center 

population-based study with sufficient subjects in each GOLD category may be necessary in the 

future to investigate the lack of associations between these biomarkers and the presence of 

COPD (Lee et al., 2018).  

Another limitation was the absence of other important measures of COPD, such as diffusion 

capacity or CT scan. Pervious works (Bailey et al., 2012; Boutou et al., 2013; Šileikienė et al., 

2017), in COPD has highlighted that measures other than pulmonary function are important 

predictors of impaired function and poor outcomes. However, the Lung function remains the 

primary means of diagnosing and classifying COPD at the present time. For better understanding 

of the COPD variability between patients, additional parameters sholud be evaluted during 

patient attendance at routine clinics. The addition of a panel of biomarkers to lung function 

parameters known to predict mortality in COPD (Cazzola, et al., 2008), alongside lung 

plethysmography, gas transfer, arterial oxygen, and CT, as well as multiple spirometry will 

improve diagnosis and prediction of mortality risk in patients with COPD.  

Finally, a limitation of the present study that might have contributed to the absence of a 

significant relationship between variables is the insufficient statistical power. During the 

planning of the study, no power analysis was performed, and a post hoc power analysis 

(Wilcoxon-Mann-Whitney test) justifies the sample size. However for some data sample 

justification could not be performed because the means and standard deviation were unavailable.  
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Future works 

The possibility to continue the current work will be a good opportunity to address some of the 

limitation, and to make the study data more robust. For example, Apply more pulmonary 

function and structural test from each patient during clinic presentation such as; CT scan, gas 

transfer, arterial oxygen, along side spirometry measurments. These tests together could allow 

clinicians for earlier diagnosis of COPD patients, reduce hospital readmission, and could help 

governments to plan their healthcare budgets and financial resources. Unlimited resources 

available will assist to expand the biomarker panel and to add more specific pulmonary markers, 

and to use more advanced detection methods which will improve the sensitivity and validity of 

the measurement of several biomarkers in COPD. For example, flow cytometric assay will help 

to identify various cell types from blood samples of COPD patients, and will allow further 

investigation of cell characteristics, such as cell count, cytokine production and receptor 

expression, and apoptosis for different cell types. Furthermore, the use of advanced analytical 

methods should save time, process more samples, increase the sensitivity of the assays, and may 

produce new information.  

Future investigation should focus on pulmonary marker and other marker related to event and 

comorbidities usually seen in COPD. For examples, markers for oxidative stress, lipid 

peroxidation, CVD, angiogenesis, and tissue damage as well as extracellular matrix-degrading 

enzymes. Apply sample justification analysis prior starting the experiment to estimate the sample 

size required for the study, to detect a significant relationship. Increase the subject number to be 

equally categorized to COPD four stages via collecting samples from multi-centres with long-

term studies. Additionally, investigate the effect of different concertation range of omega-3 

PUFAs on PBMCs biomarker release is worth to be investigated. A concentration range of 100, 

200, 300, 400 µM will be a good point to start from. To date, plasma omega-3 PUFA 

concentrations of participants remained unclear in most the previous studies. It would therefore 

be useful to investigate the potential relationship between plasma omega-3 PUFAs level and 

COPD will be interesting, to elucidate the potential influence factors of omega-3 PUFAs. 

Research into the benefits of omega-3 PUFAs should be continue and include fatty acid blood 

measurements in COPD patients. This will provide physicians information on individual patient 

risk classification and anticipated response to treatment that may be of clinical value. 



  

202 

 

8. References 

Adeloye, D., Chua, S., Lee, C. W., Basquill, C., Papana, A., Theodoratou, E., Gherg. 

(2015). Global and regional estimates of COPD prevalence: Systematic review and meta-

analysis. Journal of Global Health, 5(2), 186-202. doi:10.7189/jogh.05.020415 

 

Agarwal, R., Zaheer, M. S., Ahmad, Z., & Akhtar, J. (2013). The relationship between C-

reactive protein and prognostic factors in chronic obstructive pulmonary disease. 

Multidisciplinary Respiratory Medicine, 8. doi:10.1186/2049-6958-8-63 

 

Aggarwal, N., Koepke, J., Matamala, N., Martinez-Delgado, B., Martinez, M. T., Golpon, 

H., Koczulla, R. (2016). Alpha-1 Antitrypsin Regulates Transcriptional Levels of Serine 

Proteases in Blood Mononuclear Cells. Am J Respir Crit Care Med, 193(9), 1065-1067. 

doi:10.1164/rccm.201510-2062LE 

 

Agustí, A., Edwards, L. D., Rennard, S. I., MacNee, W., Tal-Singer, R., Miller, B. E., 

Investigators, E. o. C. L. t. I. P. S. E. E. (2012). Persistent systemic inflammation is 

associated with poor clinical outcomes in COPD: a novel phenotype. PLoS One, 7(5), 

e37483. doi:10.1371/journal.pone.0037483 

 

Agustí, A., & Faner, R. (2012). Systemic inflammation and comorbidities in chronic 

obstructive pulmonary disease. Proc Am Thorac Soc, 9(2), 43-46. 

doi:10.1513/pats.201108-050MS 

 

Ai, W. C., Li, H. S., Song, N. N., Li, L., & Chen, H. M. (2013). Optimal Method to 

Stimulate Cytokine Production and Its Use in Immunotoxicity Assessment. International 

Journal of Environmental Research and Public Health, 10(9), 3834-3842. 

doi:10.3390/ijerph10093834 

 



  

203 

 

Akiki, Z., Fakih, D., Jounblat, R., Chamat, S., Waked, M., Holmskov, U., Salameh, P. 

(2016). Surfactant protein D, a clinical biomarker for chronic obstructive pulmonary 

disease with excellent discriminant values. Experimental and Therapeutic Medicine, 

11(3), 723-730. doi:10.3892/etm.2016.2986 

 

Albert, P., Agusti, A., Edwards, L., Tal-Singer, R., Yates, J., Bakke, P., Calverley, P. 

(2012). Bronchodilator responsiveness as a phenotypic characteristic of established 

chronic obstructive pulmonary disease. Thorax, 67(8), 701-708. doi:10.1136/thoraxjnl-

2011-201458 

 

Aldonyte, R., Jansson, L., Piitulainen, E., & Janciauskiene, S. (2003). Circulating 

monocytes from healthy individuals and COPD patients. Respiratory Research, 4(11). 

doi:10.1186/1465-9921-4-11 

 

Allaire, J., Harris, W. S., Vors, C., Charest, A., Marin, J., Jackson, K. H., Lamarche, B. 

(2017). Supplementation with high-dose docosahexaenoic acid increases the Omega-3 

Index more than high-dose eicosapentaenoic acid. Prostaglandins Leukot Essent Fatty 

Acids, 120, 8-14. doi:10.1016/j.plefa.2017.03.008 

 

Alpaydin, A.O., Arslan, I.K., Serter, S., Coskun, A.S., Celik, P., Taneli, F. and 

Yorgancioglu, A. (2013). Metabolic syndrome and carotid intima-media thickness in 

chronic obstructive pulmonary disease. Multidisciplinary Respiratory Medicine, 8. doi: 

http://dx.doi.org/10.1186/2049-6958-8-61. 

Andelid, K., Andersson, A., Yoshihara, S., Åhrén, C., Jirholt, P., Ekberg-Jansson, A., & 

Lindén, A. (2015). Systemic signs of neutrophil mobilization during clinically stable 

periods and during exacerbations in smokers with obstructive pulmonary disease. Int J 

Chron Obstruct Pulmon Dis, 10, 1253-1263. doi:10.2147/COPD.S77274 



  

204 

 

Andreeva, E., Pokhaznikova, M., Lebedev, A., Moiseeva, I., Kuznetsova, O., & Degryse. 

(2017). Spirometry is not enough to diagnose COPD in epidemiological studies: a follow-

up study. NPJ primary care respiratory medicine 27(1), 62. doi:10.1038/s41533-017-

0062-6 

Antus, B., & Kardos, Z. (2015). Oxidative stress in COPD: molecular background and 

clinical monitoring. Curr Med Chem, 22(5), 627-650.  

 

Aoki, H., Hisada, T., Ishizuka, T., Utsugi, M., Kawata, T., Shimizu, Y., Mori, M. (2008). 

Resolvin E1 dampens airway inflammation and hyperresponsiveness in a murine model 

of asthma. Biochemical and Biophysical Research Communications, 367(2), 509-515. 

doi:10.1016/j.bbrc.2008.01.012 

 

Arican, O., Aral, M., Sasmaz, S., & Ciragil, P. (2005). Serum levels of TNF-alpha, IFN-

gamma, IL-6, IL-8, IL-12, IL-17, and IL-18 in patients with active psoriasis and 

correlation with disease severity. Mediators Inflamm, 2005(5), 273-279. 

doi:10.1155/MI.2005.273 

 

Atlantis, E., & Cochrane, B. (2016). The association of dietary intake and 

supplementation of specific polyunsaturated fatty acids with inflammation and functional 

capacity in chronic obstructive pulmonary disease: a systematic review. Int J Evid Based 

Healthc, 14(2), 53-63. doi:10.1097/XEB.0000000000000056 

 

Bailey, K. L. (2012). The Importance of the Assessment of Pulmonary Function in 

COPD. Medical Clinics of North America, 96(4), 745-+. doi:10.1016/j.mcna.2012.04.011 

 

 

 



  

205 

 

Bajpai, J., Prakash, V., Kant, S., Verma, A. K., Srivastava, A., Bajaj, D. K., Agarwal, A. 

(2017). Study of oxidative stress biomarkers in chronic obstructive pulmonary disease 

and their correlation with disease severity in north Indian population cohort. Lung India, 

34(4), 324-329. doi:10.4103/lungindia.lungindia_205_16 

 

Barnes, P. J. (2004). Mediators of chronic obstructive pulmonary disease. 

Pharmacological Reviews, 56(4), 515-548. doi:10.1124/pr.56.4.2 

 

Barnes, P. J. (2009). The Cytokine Network in Chronic Obstructive Pulmonary Disease. 

American Journal of Respiratory Cell and Molecular Biology, 41(6), 631-638. 

doi:10.1165/rcmb.2009-0220TR 

 

Barnes, P. J. (2010). Chronic Obstructive Pulmonary Disease: Effects beyond the Lungs. 

Plos Medicine, 7(3). doi:10.1371/journal.pmed.1000220 

 

Barnes, P. J. (2016). Inflammatory mechanisms in patients with chronic obstructive 

pulmonary disease. J Allergy Clin Immunol, 138(1), 16-27. 

doi:10.1016/j.jaci.2016.05.011 

 

Barnes, P. J., & Celli, B. R. (2009). Systemic manifestations and comorbidities of COPD. 

Eur Respir J, 33(5), 1165-1185. doi:10.1183/09031936.00128008 

 

Bell, J. G., Mackinlay, E. E., Dick, J. R., Younger, I., Lands, B., & Gilhooly, T. (2011). 

Using a fingertip whole blood sample for rapid fatty acid measurement: method 

validation and correlation with erythrocyte polar lipid compositions in UK subjects. 

British Journal of Nutrition, 106(9), 1408-1415. doi:10.1017/s0007114511001978 

 



  

206 

 

Berg, K., & Wright, J. L. (2016). The Pathology of Chronic Obstructive Pulmonary 

Disease Progress in the 20th and 21st Centuries. Archives of Pathology & Laboratory 

Medicine, 140(12), 1423-1428. doi:10.5858/arpa.2015-0455-RS 

 

Berthon, B. S., & Wood, L. G. (2015). Nutrition and respiratory health--feature review. 

Nutrients, 7(3), 1618-1643. doi:10.3390/nu7031618 

 

Blidberg, K., Palmberg, L., James, A., Billing, B., Henriksson, E., Lantz, A. S., Dahlén, 

B. (2013). Adhesion molecules in subjects with COPD and healthy non-smokers: a cross 

sectional parallel group study. Respir Res, 14, 47. doi:10.1186/1465-9921-14-47 

 

Borchers, M. T., Wesselkamper, S. C., Curull, V., Ramirez-Sarmiento, A., Sanchez-Font, 

A., Garcia-Aymerich, J., Orozco-Levi, M. (2009). Sustained CTL activation by murine 

pulmonary epithelial cells promotes the development of COPD-like disease. Journal of 

Clinical Investigation, 119(3), 636-649. doi:10.1172/jci34462 

 

Borchers, M. T., Wesselkamper, S. C., Harris, N. L., Deshmukh, H., Beckman, E., 

Vitucci, M., Leikauf, G. D. (2007). CD8 (+) T cells contribute to macrophage 

accumulation and airspace enlargement following repeated irritant exposure. 

Experimental and Molecular Pathology, 83(3), 301-310. 

doi:10.1016/j.yexmp.2007.08.020 

 

Boukhenouna, S., Wilson, M.A., Bahmed, K. and Kosmider, B. (2018). Reactive Oxygen 

Species in Chronic Obstructive Pulmonary Disease. Oxidative Medicine and Cellular 

Longevity, doi: http://dx.doi.org/10.1155/2018/5730395. 

 

 



  

207 

 

Boutou, A. K., Shrikrishna, D., Tanner, R. J., Smith, C., Kelly, J. L., Ward, S. P., 

Hopkinson, N. S. (2013). Lung function indices for predicting mortality in COPD. 

European Respiratory Journal, 42(3), 616-625. doi:10.1183/09031936.00146012 

 

Bradford, E., Jacobson, S., Varasteh, J., Comellas, A. P., Woodruff, P., O'Neal, W., 

Bowler, R. P. (2017). The value of blood cytokines and chemokines in assessing COPD. 

Respiratory Research, 18. doi:10.1186/s12931-017-0662-2 

 

Brandsma, C. A., de Vries, M., Costa, R., Woldhuis, R. R., Königshoff, M., & Timens, 

W. (2017). Lung ageing and COPD: is there a role for ageing in abnormal tissue repair? 

Eur Respir Rev, 26(146). doi:10.1183/16000617.0073-2017 

 

Bratcher, P. E., & Gaggar, A. (2014). Factors Influencing the Measurement of 

Plasma/Serum Surfactant Protein D Levels by ELISA. Plos One, 9(11). 

doi:10.1371/journal.pone.0111466 

 

Broekhuizen, R., Wouters, E. F. M., Creutzberg, E. C., Weling-Scheepers, C., & Schols, 

A. (2005). Polyunsaturated fatty acids improve exercise capacity in chronic obstructive 

pulmonary disease. Thorax, 60(5), 376-382. doi:10.1136/thx.2004.030858 

 

Cai, S. X., Coates, A. M., Buckley, J. D., Berry, N. M., Burres, L., Beltrame, J., Schrader, 

G. (2017). There is No Association between the Omega-3 Index and Depressive 

Symptoms in Patients with Heart Disease Who Are Low Fish Consumers. Heart Lung 

and Circulation, 26(3), 276-284. doi:10.1016/j.hlc.2016.07.003 

 

Calder, P. C. (2002). Dietary modification of inflammation with lipids. Proceedings of 

the Nutrition Society, 61(3), 345-358. doi:10.1079/pns2002166 



  

208 

 

Calder, P. C. (2007). Immunological parameters: What do they mean?'. Journal of 

Nutrition, 137(3), 773S-780S.  

 

Calder, P. C. (2012). Mechanisms of Action of (n-3) Fatty Acids. Journal of Nutrition, 

142(3), 592S-599S. doi:10.3945/jn.111.155259 

 

Calder, P. C. (2014). Very long chain omega-3 (n-3) fatty acids and human health. 

European Journal of Lipid Science and Technology, 116(10), 1280-1300. 

doi:10.1002/ejlt.201400025 

 

Calder, P. C. (2015). Marine omega-3 fatty acids and inflammatory processes: Effects, 

mechanisms and clinical relevance. Biochimica Et Biophysica Acta-Molecular and Cell 

Biology of Lipids, 1851(4), 469-484. doi:10.1016/j.bbalip.2014.08.010 

 

Calder, P.(2017). New evidence that omega-3 fatty acids have a role in primary 

prevention of coronary heart disease. J Public Health Emerg 1(35).  doi: 

10.21037/jphe.2017.03.03 

 

Calder, P. C., Laviano, A., Lonnqvist, F., Muscaritoli, M., Ohlander, M., & Schols, A. 

(2018). Targeted medical nutrition for cachexia in chronic obstructive pulmonary disease: 

a randomized, controlled trial. Journal of Cachexia Sarcopenia and Muscle, 9(1), 28-40. 

doi:10.1002/jcsm.12228 

 

Calder, P. C., Yaqoob, P., Thies, F., Wallace, F. A., & Miles, E. A. (2002). Fatty acids 

and lymphocyte functions. British Journal of Nutrition, 87, S31-S48. 

doi:10.1079/bjn2001455 

 



  

209 

 

Caramori, G., Adcock, I. M., Di Stefano, A., & Chung, K. F. (2014). Cytokine inhibition 

in the treatment of COPD. Int J Chron Obstruct Pulmon Dis, 9, 397-412. 

doi:10.2147/COPD.S42544 

 

Cazzola, M., MacNee, W., Martinez, F. J., Rabe, K. F., Franciosi, L. G., Barnes, P. J., 

Wouters, E. F. (2008). Outcomes for COPD pharmacological trials: from lung function to 

biomarkers. European Respiratory Journal, 31(2), 416-468. 

doi:10.1183/09031936.00099306 

 

Celli, B. R., Locantore, N., Yates, J., Tal-Singer, R., Miller, B. E., Bakke, P., 

Investigators, E. (2012). Inflammatory biomarkers improve clinical prediction of 

mortality in chronic obstructive pulmonary disease. Am J Respir Crit Care Med, 185(10), 

1065-1072. doi:10.1164/rccm.201110-1792OC 

 

Chen, Y. W., Leung, J. M., & Sin, D. D. (2016). A Systematic Review of Diagnostic 

Biomarkers of COPD Exacerbation. PLoS One, 11(7), e0158843. 

doi:10.1371/journal.pone.0158843 

 

Cheng, D. T., Kim, D. K., Cockayne, D. A., Belousov, A., Bitter, H., Cho, M. H., 

Investigators, T. a. E. (2013). Systemic soluble receptor for advanced glycation end 

products is a biomarker of emphysema and associated with AGER genetic variants in 

patients with chronic obstructive pulmonary disease. Am J Respir Crit Care Med, 188(8), 

948-957. doi:10.1164/rccm.201302-0247OC 

 

Chung, K. F. (2001). Cytokines in chronic obstructive pulmonary disease. European 

Respiratory Journal, 18, 50S-59S. doi:10.1183/09031936.01.00229701 

 



  

210 

 

Cielen, N., Maes, K., & Gayan-Ramirez, G. (2014). Musculoskeletal Disorders in 

Chronic Obstructive Pulmonary Disease. Biomed Research International. 

doi:10.1155/2014/965764 

 

Colarusso, C., Terlizzi, M., Molino, A., Pinto, A., & Sorrentino, R. (2017). Role of the 

inflammasome in chronic obstructive pulmonary disease (COPD). Oncotarget, 8(47), 

81813-81824. doi:10.18632/oncotarget.17850 

 

Comes, A., Ianoşi, E. S., & Jimborean (2016). Inflammatory Biomarkers in Chronic 

Obstructive Pulmonary Disease. Journal of Interdisciplinary Medicine.  1(1), 12-17. 

DOI: 10.1515/jim-2016-0004 

Conti, P., Barbacane, R. C., Feliciani, C., & Reale, M. (2001). Expression and secretion 

of RANTES by human peripheral blood CD4+ cells are dependent on the presence of 

monocytes. Ann Clin Lab Sci, 31(1), 75-84.  

 

Dakappagari, N., Zhang, H., Stephen, L., Amaravadi, L. and Khan, M.U. (2017). 

Recommendations for clinical biomarker specimen preservation and stability 

assessments. Bioanalysis, 9(8), 643-653. doi: http://dx.doi.org/10.4155/bio-2017-0009. 

 

de Batlle, J., Sauleda, J., Balcells, E., Gómez, F. P., Méndez, M., Rodriguez, E., Group, 

P.-C. S. (2012). Association between Ω3 and Ω6 fatty acid intakes and serum 

inflammatory markers in COPD. J Nutr Biochem, 23(7), 817-821. 

doi:10.1016/j.jnutbio.2011.04.005 

 

 

 



  

211 

 

de Castro, J., Rodriguez, M. C., Martinez-Zorzano, V. S., Sanchez-Rodriguez, P., & 

Sanchez-Yague, J. (2014). Erythrocyte Fatty Acids as Potential Biomarkers in the 

Diagnosis of Advanced Lung Adenocarcinoma, Lung Squamous Cell Carcinoma, and 

Small Cell Lung Cancer. American Journal of Clinical Pathology, 142(1), 111-120. 

doi:10.1309/ajcp1quqqllt8bli 

 

de Jager, W., Bourcier, K., Rijkers, G. T., Prakken, B. J., & Seyfert-Margolis, V. (2009). 

Prerequisites for cytokine measurements in clinical trials with multiplex immunoassays. 

BMC Immunol, 10, 52. doi:10.1186/1471-2172-10-52 

 

de Torres, J. P., Cordoba-Lanus, E., López-Aguilar, C., Muros de Fuentes, M., Montejo 

de Garcini, A., Aguirre-Jaime, A., . . . Casanova, C. (2006). C-reactive protein levels and 

clinically important predictive outcomes in stable COPD patients. Eur Respir J, 27(5), 

902-907. doi:10.1183/09031936.06.00109605 

 

Debey, S., Schoenbeck, U., Hellmich, M., Gathof, B. S., Pillai, R., Zander, T., & 

Schultze, J. L. (2004a). Comparison of different isolation techniques prior gene 

expression profiling of blood derived cells: impact on physiological responses, on overall 

expression and the role of different cell types. Pharmacogenomics Journal, 4(3), 193-

207. doi:10.1038/sj.tpj.6500240 

 

Debey, S., Schoenbeck, U., Hellmich, M., Gathof, B. S., Pillai, R., Zander, T., & 

Schultze, J. L. (2004b). Comparison of different isolation techniques prior gene 

expression profiling of blood derived cells: impact on physiological responses, on overall 

expression and the role of different cell types. Pharmacogenomics Journal, 4(3), 193-

207. doi:10.1038/sj.tpj.6500240 

 

 



  

212 

 

Decramer, M., Janssens, W., & Miravitlles, M. (2012). Chronic obstructive pulmonary 

disease. Lancet, 379(9823), 1341-1351. doi:10.1016/s0140-6736(11)60968-9 

 

Desch, A. N., Gibbings, S. L., Goyal, R., Kolde, R., Bednarek, J., Bruno, T., \ Jakubzick, 

C. V. (2016). Flow Cytometric Analysis of Mononuclear Phagocytes in Nondiseased 

Human Lung and Lung-Draining Lymph Nodes. American Journal of Respiratory and 

Critical Care Medicine, 193(6), 614-626. doi:10.1164/rccm.201507-1376OC 

 

Dewhurst, J.A., Lea, S., Hardaker, E., Dungwa, J.V., Ravi, A.K. and Singh, D. (2017). 

Characterisation of lung macrophage subpopulations in COPD patients and controls.  

Scientific Reports, 7, doi: http://dx.doi.org/10.1038/s41598-017-07101-2. 

 

Di Stefano, A., Capelli, A., & Donner, C. F. (2004). Role of interleukin-8 in the 

pathogenesis and treatment of COPD. Chest, 126(3), 676-678. 

doi:10.1378/chest.126.3.676 

 

Dickens, J. A., Miller, B. E., Edwards, L. D., Silverman, E. K., Lomas, D. A., Tal-Singer, 

R., & investigators, E. o. C. L. t. I. S. E. E. s. (2011). COPD association and repeatability 

of blood biomarkers in the ECLIPSE cohort. Respir Res, 12, 146. doi:10.1186/1465-

9921-12-146 

 

Dilektasli, A. G., Cetinoglu, E. D., Uzaslan, E., Budak, F., Coskun, F., Ursavas, A., Ege, 

E. (2017). Serum CCL-18 level is a risk factor for COPD exacerbations requiring 

hospitalization. International Journal of Chronic Obstructive Pulmonary Disease, 12, 

199-208. doi:10.2147/copd.s118424 

 



  

213 

 

Dixon, L. C., Ward, D. J., Smith, J., Holmes, S., & Mahadeva, R. (2016). New and 

emerging technologies for the diagnosis and monitoring of chronic obstructive pulmonary 

disease: A horizon scanning review. Chronic Respiratory Disease, 13(4), 321-336. 

doi:10.1177/1479972316636994 

 

Domagala-Kulawik, J., Hoser, G., Dabrowska, M., Safianowska, A., & Chazan, R. 

(2011). CD4+/CD25+Cells in Systemic Inflammation in COPD. Scandinavian Journal of 

Immunology, 73(1), 59-65. doi:10.1111/j.1365-3083.2010.02474.x 

 

Doubkova, M., Karpisek, M., Mazoch, J., Skrickova, J., & Doubek, M. (2016). 

Prognostic significance of surfactant protein a, surfactant protein D, clara cell protein 16, 

S100 protein, trefoil factor 3, and prostatic secretory protein 94 in idiopathic pulmonary 

fibrosis, sarcoidosis, and chronic pulmonary obstructive disease. Sarcoidosis Vasculitis 

and Diffuse Lung Diseases, 33(3), 224-234.  

 

Duvoix, A., Dickens, J., Haq, I., Mannino, D., Miller, B., Tal-Singer, R., & Lomas, D. A. 

(2013). Blood fibrinogen as a biomarker of chronic obstructive pulmonary disease. 

Thorax, 68(7), 670-676. doi:10.1136/thoraxjnl-2012-201871 

 

Edwards, C. J., Feldman, J. L., Beech, J., Shields, K. M., Stover, J. A., Trepicchio, W. L., 

Pittman, D. D. (2007). Molecular profile of peripheral blood mononuclear cells from 

patients with rheumatoid arthritis. Mol Med, 13(1-2), 40-58. doi:10.2119/2006-

000056.Edwards 

 

Eickmeier, O., Huebner, M., Herrmann, E., Zissler, U., Rosewich, M., Baer, P. C., 

Schubert, R. (2010). Sputum biomarker profiles in cystic fibrosis (CF) and chronic 

obstructive pulmonary disease (COPD) and association between pulmonary function. 

Cytokine, 50(2), 152-157. doi:10.1016/j.cyto.2010.02.004 



  

214 

 

El Gammal, A. I., O’Farrell, R., O’Mahony, L., Shanahan, F., Killian, K., & O’Connor, 

T. M. (2015). Systemic Inflammatory Markers and Disease Severity in Chronic 

Obstructive Pulmonary Disease—The Effect of Acute Exercise and Pulmonary 

Rehabilitation. J Respir Dis. 5(01), 19.http://dx.doi.org/10.4236/ojrd.2015.51003 

 

El-Shimy, W. S., El-Dib, A. S., Nagy, H. M., & Sabry, W. (2014). A study of IL-6, IL-8, 

and TNF-α as inflammatory markers in COPD patients. Egypt J Bronchol 8(2), 91. doi: 

10.4103/1687-8426.145698 

 

Emami Ardestani, M., & Zaerin, O. (2015). Role of Serum Interleukin 6, Albumin and C-

Reactive Protein in COPD Patients. Tanaffos, 14(2), 134-140.  

 

Faber, J., Berkhout, M., Vos, A. P., Sijben, J. W., Calder, P. C., Garssen, J., & van 

Helvoort, A. (2011). Supplementation with a fish oil-enriched, high-protein medical food 

leads to rapid incorporation of EPA into white blood cells and modulates immune 

responses within one week in healthy men and women. J Nutr, 141(5), 964-970. 

doi:10.3945/jn.110.132985 

 

Falati, S., Patil, S., Gross, P. L., Stapleton, M., Merrill-Skoloff, G., Barrett, N. E., 

Gibbins, J. M. (2006). Platelet PECAM-1 inhibits thrombus formation in vivo. Blood, 

107(2), 535-541. doi:10.1182/blood-2005-04-1512 

 

Fan, Y. Y., McMurray, D. N., Ly, L. H., & Chapkin, R. S. (2003). Dietary (n-3) 

polyunsaturated fatty acids remodel mouse T-cell lipid rafts. Journal of Nutrition, 133(6), 

1913-1920.  

 

 



  

215 

 

Faner, R., Tal-Singer, R., Riley, J. H., Celli, B., Vestbo, J., MacNee, W., Investigators, E. 

S. (2014). Lessons from ECLIPSE: a review of COPD biomarkers. Thorax, 69(7), 666-

672. doi:10.1136/thoraxjnl-2013-204778 

 

Fattouh, M., Alkady, O. (2014). Inflammatory biomarkers in chronic obstructive 

pulmonary disease. Egypt J Chest Dis Tuberc. 63(4), 799-804. 

http://dx.doi.org/10.1016/j.ejcdt.2014.06.011 

 

Fernandez-Villar, A., Represas-Represas, C., Mouronte-Roibas, C., Ramos-Hernandez, 

C., Priegue-Carrera, A., Fernandez-Garcia, S., & Lopez-Campos, J. L. (2018). Reliability 

and usefulness of spirometry performed during admission for COPD exacerbation. Plos 

One, 13(3). doi:10.1371/journal.pone.0194983 

 

Ferrari, R., Tanni, S. E., Caram, L. M., Corrêa, C., Corrêa, C. R., & Godoy, I. (2013). 

Three-year follow-up of Interleukin 6 and C-reactive protein in chronic obstructive 

pulmonary disease. Respir Res, 14, 24. doi:10.1186/1465-9921-14-24 

 

Finkelstein, R., Fraser, R. S., Ghezzo, H., & Cosio, M. G. (1995). Alveolar inflammation 

and its relation to emphysema in smokers. American Journal of Respiratory and Critical 

Care Medicine, 152(5), 1666-1672.  

 

Fortis, S., Eberlein, M., Georgopoulos, D., & Comellas, A. P. (2017). Predictive value of 

prebronchodilator and postbronchodilator spirometry for COPD features and outcomes. 

BMJ Open Respir Res, 4(1), e000213. doi:10.1136/bmjresp-2017-000213 

 

 

 



  

216 

 

Fulton, A. S., Hill, A. M., Williams, M. T., Howe, P. R., Frith, P. A., Wood, L. G., 

Coates, A. M. (2013). Feasibility of omega-3 fatty acid supplementation as an adjunct 

therapy for people with chronic obstructive pulmonary disease: study protocol for a 

randomized controlled trial. Trials, 14. doi:10.1186/1468-6708-14-107 

 

García-Lucio, J., Peinado, V. I., de Jover, L., Del Pozo, R., Blanco, I., Bonjoch, C., 

Barberà, J. A. (2018). Imbalance between endothelial damage and repair capacity in 

chronic obstructive pulmonary disease. PLoS One, 13(4), e0195724. 

doi:10.1371/journal.pone.0195724 

 

George, J. (2008). Mechanisms of Disease: the evolving role of regulatory T cells in 

atherosclerosis. Nature Clinical Practice Cardiovascular Medicine, 5(9), 531-540. 

doi:10.1038/ncpcardio1279 

 

Giudetti, A. M., & Cagnazzo, R. (2012). Beneficial effects of n-3 PUFA on chronic 

airway inflammatory diseases. Prostaglandins & Other Lipid Mediators, 99(3-4), 57-67. 

doi:10.1016/j.prostaglandins.2012.09.006 

 

Gopal, P., Reynaert, N. L., Scheijen, J. L., Schalkwijk, C. G., Franssen, F. M., Wouters, 

E. F., & Rutten, E. P. (2014). Association of plasma sRAGE, but not esRAGE with lung 

function impairment in COPD. Respir Res, 15, 24. doi:10.1186/1465-9921-15-24 

 

Greene, K. E., King, T. E., Kuroki, Y., Bucher-Bartelson, B., Hunninghake, G. W., 

Newman, L. S., Mason, R. J. (2002). Serum surfactant proteins-A and -D as biomarkers 

in idiopathic pulmonary fibrosis. European Respiratory Journal, 19(3), 439-446. 

doi:10.1183/09031936.02.00081102 

 



  

217 

 

Haller, D., Blum, S., Bode, C., Hammes, W. P., & Schiffrin, E. J. (2000). Activation of 

human peripheral blood mononuclear cells by nonpathogenic bacteria in vitro: evidence 

of NK cells as primary targets. Infect Immun, 68(2), 752-759.  

 

Hanson, C., Rutten, E. P., Wouters, E. F. M., & Rennard, S. (2014). Influence of diet and 

obesity on COPD development and outcomes. International Journal of Chronic 

Obstructive Pulmonary Disease, 9, 723-733. doi:10.2147/copd.s50111 

 

Harris, W. S. (2008). The omega-3 index as a risk factor for coronary heart disease. 

American Journal of Clinical Nutrition, 87(6), 1997S-2002S.  

 

Harris, W. S., Luo, J. H., Pottala, J. V., Espeland, M. A., Margolis, K. L., Manson, J. E., 

Robinson, J. G. (2017). Red blood cell polyunsaturated fatty acids and mortality in the 

Women's Health Initiative Memory Study. Journal of Clinical Lipidology, 11(1), 250-

259. doi:10.1016/j.jacl.2016.12.013 

 

Harris, W. S., & Thomas, R. M. (2010). Biological variability of blood omega-3 

biomarkers. Clinical Biochemistry, 43(3), 338-340. 

doi:10.1016/j.clinbiochem.2009.08.016 

 

Hassanein, E. G., ElGanady, A. A., Baess, A. I., Issa, Y. A., & ElAkhtel, E. M. (2016). 

Sputum-plasma ratio of soluble receptor for advanced glycation end-products in patients 

with chronic obstructive pulmonary disease. Egyptian Journal of Chest Diseases and 

Tuberculosis, 65(3), 573-578. doi:10.1016/j.ejcdt.2016.04.002 

 

 

 



  

218 

 

Haudek-Prinz, V. J., Klepeisz, P., Slany, A., Griss, J., Meshcheryakova, A., Paulitschke, 

V., Gerner, C. (2012). Proteome signatures of inflammatory activated primary human 

peripheral blood mononuclear cells. Journal of Proteomics, 76, 150-162. 

doi:10.1016/j.jprot.2012.07.012 

 

Heidari, B. (2012). The importance of C-reactive protein and other inflammatory markers 

in patients with chronic obstructive pulmonary disease. Caspian J Intern Med, 3(2), 428-

435.  

 

Higashimoto, Y., Iwata, T., Okada, M., Hiroaki, S. C., Fukuda, K., & Tohda, Y. (2009). 

Serum biomarkers as predictors of lung function decline in chronic obstructive 

pulmonary disease. Respiratory Medicine, 103(8), 1231-1238. 

doi:10.1016/j.rmed.2009.01.021 

 

Higgins, J., Metcalf, J. A., Stevens, R. A., Baseler, M., Proschan, M., Lane, H. C., & 

Sereti, I. (2008). Effects of delays in peripheral blood processing, including 

cryopreservation, on detection of CD31 expression on naive CD4 T cells. Clin Vaccine 

Immunol, 15(7), 1141-1143. doi:10.1128/CVI.00430-07 

 

Himmerich, H., Fulda, S., Linseisen, J., Seiler, H., Wolfram, G., Himmerich, S., 

Pollmächer, T. (2006). TNF-alpha, soluble TNF receptor and interleukin-6 plasma levels 

in the general population. Eur Cytokine Netw, 17(3), 196-201.  

 

Hogg, J.C., McDonough, J.E. and Suzuki, M. (2013). Small Airway Obstruction in 

COPD New Insights Based on Micro-CT Imaging and MRI Imaging. Chest, 143(5), 

1436-1443. doi: http://dx.doi.org/10.1378/chest.12-1766. 

 



  

219 

 

Hoonhorst, S. J. M., Loi, A. T. L., Pouwels, S. D., Faiz, A., Telenga, E. D., van den 

Berge, M., ten Hacken, N. H. T. (2016). Advanced glycation endproducts and their 

receptor in different body compartments in COPD. Respiratory Research, 17. 

doi:10.1186/s12931-016-0363-2 

 

Hosseinian, N., Cho, Y., Lockey, R. F., & Kolliputi, N. (2015). The role of the NLRP3 

inflammasome in pulmonary diseases. Therapeutic Advances in Respiratory Disease, 

9(4), 188-197. doi:10.1177/1753465815586335 

 

Hou, Y. F., Hou, Y. B., Liu, Y. Y., Qin, G. A., & Li, J. C. (2010). Extraction and 

Purification of a Lectin from Red Kidney Bean and Preliminary Immune Function 

Studies of the Lectin and Four Chinese Herbal Polysaccharides. Journal of Biomedicine 

and Biotechnology. doi:10.1155/2010/217342 

 

Hsiao, H.-M., Sapinoro, R. E., Thatcher, T. H., Croasdell, A., Levy, E. P., Fulton, R. A., 

Sime, P. J. (2013). A Novel Anti-Inflammatory and Pro-Resolving Role for Resolvin D1 

in Acute Cigarette Smoke-Induced Lung Inflammation. Plos One, 8(3). 

doi:10.1371/journal.pone.0058258 

 

Ilieva, V.; Nikolova, G.; Gadjeva, V. (2014). Lipid peroxidation and catalase activities in 

patients with chronic obstructive pulmonary disease: a comparative study with other 

pulmonary diseases. Trakia Journal of Sciences, 12(2), 177-181 

 

Ishikawa, N., Hattori, N., Kohno, N., Kobayashi, A., Hayamizu, T., & Johnson, M. 

(2015). Airway inflammation in Japanese COPD patients compared with smoking and 

nonsmoking controls. International Journal of Chronic Obstructive Pulmonary Disease, 

10, 185-192. doi:10.2147/copd.s74557 



  

220 

 

Itoh, M., Tsuji, T., Nemoto, K., Nakamura, H., & Aoshiba, K. (2013). Undernutrition in 

Patients with COPD and Its Treatment. Nutrients, 5(4), 1316-1335. 

doi:10.3390/nu5041316 

 

Jaeger, A., & Kuchroo, V. K. (2010). Effector and Regulatory T-cell Subsets in 

Autoimmunity and Tissue Inflammation. Scandinavian Journal of Immunology, 72(3), 

173-184. doi:10.1111/j.1365-3083.2010.02432.x 

 

Jaudszus, A., Gruen, M., Watzl, B., Ness, C., Roth, A., Lochner, A., Jahreis, G. (2013). 

Evaluation of suppressive and pro-resolving effects of EPA and DHA in human primary 

monocytes and T-helper cells. J Lipid Res, 54(4), 923-935. doi:10.1194/jlr.P031260 

 

Ji, G. Y., Tang, X. Y., Wu, S. Q., Wang, Y., Liu, Q. Q., Wu, J. C., He, J. Q. (2017). 

Association between the IL-6 rs1800796 (-572C/G) polymorphism and chronic 

obstructive pulmonary disease risk: a meta-analysis. International Journal of Clinical 

and Experimental Medicine, 10(7), 10375-10381.  

 

Kawayama, T., Kinoshita, T., Matsunaga, K., Kobayashi, A., Hayamizu, T., Johnson, M., 

& Hoshino, T. (2016). Responsiveness of blood and sputum inflammatory cells in 

Japanese COPD patients, non-COPD smoking controls, and non-COPD nonsmoking 

controls. International Journal of Chronic Obstructive Pulmonary Disease, 11, 295-303. 

doi:10.2147/copd.s95686 

 

Kentson, M., Leanderson, P., Jacobson, P., & Persson, H. L. (2018). The influence of 

disease severity and lifestyle factors on the peak annual 25(OH)D value of COPD 

patients. International Journal of Chronic Obstructive Pulmonary Disease, 13, 1389-

1398. doi:10.2147/copd.s156121 

 



  

221 

 

Khan, N., & Daga, M. (2015). Novel and Emerging Blood Biomarkers in Chronic 

Obstructive Pulmonary Disease. J Dis Markers.2(3), 1031. 

Khorsan, R., Crawford, C., Ives, J. A., Walter, A. R., & Jonas, W. B. (2014). The Effect 

of Omega-3 Fatty Acids on Biomarkers of Inflammation: A Rapid Evidence Assessment 

of the Literature. Military Medicine, 179(11), 2-60. doi:10.7205/milmed-d-14-00339 

 

Kleiner, G., Marcuzzi, A., Zanin, V., Monasta, L., & Zauli, G. (2013). Cytokine levels in 

the serum of healthy subjects. Mediators Inflamm, 2013, 434010. 

doi:10.1155/2013/434010 

 

Kleniewska, A., Walusiak-Skorupa, J., Piotrowski, W., Nowakowska-Świrta, E., & 

Wiszniewska, M. (2016). Comparison of biomarkers in serum and induced sputum of 

patients with occupational asthma and chronic obstructive pulmonary disease. J Occup 

Health, 58(4), 333-339. doi:10.1539/joh.15-0317-BR 

 

Končarević, S., Lößner, C., Kuhn, K., Prinz, T., Pike, I., & Zucht, H. D. (2014). In-depth 

profiling of the peripheral blood mononuclear cells proteome for clinical blood 

proteomics. Int J Proteomics, 2014, 129259. doi:10.1155/2014/129259 

 

Korani, Y. A., Hassan, A. T., Tony, E. A. E., & Abdou, M. A. A. (2016). The impact of 

smoking on inflammatory biomarkers in patients with chronic obstructive pulmonary 

disease. Egyptian Journal of Chest Diseases and Tuberculosis, 65(3), 597-603. 

doi:10.1016/j.ejcdt.2016.04.011 

 

 



  

222 

 

Koseoglu, C., Kurmus, O., Ertem, A.G., Colak, B., Bilen, E., Ipek, G., Durmaz, T., 

Keles, T. and Bozkurt, E. (2016). Association between carotid intima-media thickness 

and presence of coronary artery disease in chronic obstructive pulmonary disease 

patients. Anatolian Journal of Cardiology, 16(8), 601-607.  doi: 

http://dx.doi.org/10.5152/AnatolJCardiol.2015.6440. 

 

Kotecha, S., Davies, P. L., Clark, H. W., & McGreal, E. P. (2013). Increased prevalence 

of low oligomeric state surfactant protein D with restricted lectin activity in 

bronchoalveolar lavage fluid from preterm infants. Thorax, 68(5), 460-467. 

doi:10.1136/thoraxjnl-2012-202729 

 

Kraaijeveld, A. O., de Jager, S. C., de Jager, W. J., Prakken, B. J., McColl, S. R., 

Haspels, I., Biessen, E. A. (2007). CC chemokine ligand-5 (CCL5/RANTES) and CC 

chemokine ligand-18 (CCL18/PARC) are specific markers of refractory unstable angina 

pectoris and are transiently raised during severe ischemic symptoms. Circulation, 

116(17), 1931-1941. doi:10.1161/CIRCULATIONAHA.107.706986 

 

Kunnumakkara, A. B., Sailo, B. L., Banik, K., Harsha, C., Prasad, S., Gupta, S. C., 

Aggarwal, B. B. (2018). Chronic diseases, inflammation, and spices: how are they 

linked? Journal of Translational Medicine, 16. doi:10.1186/s12967-018-1381-2 

 

Labonte, L. E., Bourbeau, J., Daskalopoulou, S. S., Zhang, M., Coulombe, P., Garland, 

K., & Baglole, C. J. (2016). Club Cell-16 and RelB as Novel Determinants of Arterial 

Stiffness in Exacerbating COPD Patients. Plos One, 11(2). 

doi:10.1371/journal.pone.0149974 

 

 



  

223 

 

Lacedonia, D., Carpagnano, G. E., Trotta, T., Palladino, G. P., Panaro, M. A., Zoppo, L. 

D., Porro, C. (2016). Microparticles in sputum of COPD patients: a potential biomarker 

of the disease? Int J Chron Obstruct Pulmon Dis, 11, 527-533. 

doi:10.2147/COPD.S99547 

 

Lane, N., Robins, R. A., Corne, J., & Fairclough, L. (2010). Regulation in chronic 

obstructive pulmonary disease: the role of regulatory T-cells and Th17 cells. Clinical 

Science, 119(1-2), 75-86. doi:10.1042/cs20100033 

 

Lapperre, T. S., Postma, D. S., Gosman, M. M. E., Snoeck-Stroband, J. B., ten Hacken, 

N. H. T., Hiemstra, P. S., . . . Grp, G. S. (2006). Relation between duration of smoking 

cessation and bronchial inflammation in COPD Thorax, 61(2), 115-121. 

doi:10.1136/thx.2005.040519 

 

Laucho-Contreras, M. E., Polverino, F., Gupta, K., Taylor, K. L., Kelly, E., Pinto-Plata, 

V., Owen, C. A. (2015). Protective role for club cell secretory protein-16 (CC16) in the 

development of COPD. Eur Respir J, 45(6), 1544-1556. 

doi:10.1183/09031936.00134214 

 

Lee, H., Hong, Y., Lim, M. N., Bak, S. H., Kim, M. J., Kim, K., Park, H. Y. (2018). 

Inflammatory biomarkers and radiologic measurements in never-smokers with COPD: A 

cross-sectional study from the CODA cohort. Chronic Respiratory Disease, 15(2), 138-

145. doi:10.1177/1479972317736293 

 

Lee, J. H., Park, M. A., Park, M. J., & Jo, Y. S. (2018). Clinical characteristics and 

related risk factors of depression in patients with early COPD. Int J Chron Obstruct 

Pulmon Dis, 13, 1583-1590. doi:10.2147/COPD.S157165 

 



  

224 

 

Lee, K. Y., Ho, S. C., Chan, Y. F., Wang, C. H., Huang, C. D., Liu, W. T., Kuo, H. P. 

(2012). Reduced nuclear factor-kappa B repressing factor: a link toward systemic 

inflammation in COPD. European Respiratory Journal, 40(4), 863-873. 

doi:10.1183/09031936.00146811 

 

Lee, S., Suh, G. Y., Ryter, S. W., & Choi, A. M. K. (2016). Regulation and Function of 

the Nucleotide Binding Domain Leucine-Rich Repeat-Containing Receptor, Pyrin 

Domain-Containing-3 Inflammasome in Lung Disease. American Journal of Respiratory 

Cell and Molecular Biology, 54(2), 151-160. doi:10.1165/rcmb.2015-0231TR 

 

Leuzzi, G., Galeone, C., Taverna, F., Suatoni, P., Morelli, D., & Pastorino, U. (2017). C-

reactive protein level predicts mortality in COPD: a systematic review and meta-analysis. 

European Respiratory Review, 26(143). doi:10.1183/16000617.0070-2016 

 

Liu, H. C., Lu, M. C., Lin, Y. C., Wu, T. C., Hsu, J. Y., Jan, M. S., & Chen, C. M. 

(2014). Differences in IL-8 in serum and exhaled breath condensate from patients with 

exacerbated COPD or asthma attacks. Journal of the Formosan Medical Association, 

113(12), 908-914. doi:10.1016/j.jfma.2012.09.018 

 

Liu, M.-H., Lin, A.-H., Lu, S.-H., Peng, R.-Y., Lee, T.-S., & Kou, Y. R. (2014). 

Eicosapentaenoic acid attenuates cigarette smoke-induced lung inflammation by 

inhibiting ROS-sensitive inflammatory signaling. Frontiers in Physiology, 5. 

doi:10.3389/fphys.2014.00440 

 

Liu, T., Zhang, L., Joo, D., & Sun, S. C. (2017). NF-κB signaling in inflammation. Signal 

Transduct Target Ther, 2. doi:10.1038/sigtrans.2017.23 

 



  

225 

 

Lomas, D. A., Silverman, E. K., Edwards, L. D., Locantore, N. W., Miller, B. E., 

Horstman, D. H., . . . Evaluation, C. L. I. (2009). Serum surfactant protein D is steroid 

sensitive and associated with exacerbations of COPD. European Respiratory Journal, 

34(1), 95-102. doi:10.1183/09031936.00156508 

 

Lomas, D. A., Silverman, E. K., Edwards, L. D., Miller, B. E., Coxson, H. O., Tal-Singer, 

R., & Evaluation Of, C. L. (2008). Evaluation of serum CC-16 as a biomarker for COPD 

in the ECLIPSE cohort. Thorax, 63(12), 1058-1063. doi:10.1136/thx.2008.102574 

 

MacNee, W. (2005). Pathogenesis of chronic obstructive pulmonary disease. Proceedings 

of the American Thoracic Society, 2(4), 258-266; discussion 290-251. 

doi:10.1513/pats.200504-045SR 

 

Madsen, J., Kliem, A., Tornoe, I., Skjodt, K., Koch, C., & Holmskov, U. (2000). 

Localization of lung surfactant protein D on mucosal surfaces in human tissues. Journal 

of Immunology, 164(11), 5866-5870. doi:10.4049/jimmunol.164.11.5866 

 

Majo, J., Ghezzo, H., & Cosio, M. G. (2001). Lymphocyte population and apoptosis in 

the lungs of smokers and their relation to emphysema. European Respiratory Journal, 

17(5), 946-953. doi:10.1183/09031936.01.17509460 

 

Mandarapu, R., Ajumeera, R., Venkatesan, V., & Prakhya, B. M. (2014). Proliferation 

and TH1/TH2 cytokine production in human peripheral blood mononuclear cells after 

treatment with cypermethrin and mancozeb in vitro. J Toxicol, 2014, 308286. 

doi:10.1155/2014/308286 

 

 



  

226 

 

Mannino, D. M., Tal-Singer, R., Lomas, D. A., Vestbo, J., Graham Barr, R., Tetzlaff, K., 

Miller, B. (2015). Plasma Fibrinogen as a Biomarker for Mortality and Hospitalized 

Exacerbations in People with COPD. Chronic Obstr Pulm Dis, 2(1), 23-34. 

doi:10.15326/jcopdf.2.1.2014.0138 

 

Mansara, P. P., Deshpande, R. A., Vaidya, M. M., & Kaul-Ghanekar, R. (2015). 

Differential Ratios of Omega Fatty Acids (AA/EPA+DHA) Modulate Growth, Lipid 

Peroxidation and Expression of Tumor Regulatory MARBPs in Breast Cancer Cell Lines 

MCF7 and MDA-MB-231. PLoS One, 10(9), e0136542. 

doi:10.1371/journal.pone.0136542 

 

Matsuyama, W., Mitsuyama, H., Watanabe, M., Oonakahara, K., Higashimoto, I., 

Osame, M., & Arimura, K. (2005). Effects of omega-3 polyunsaturated fatty acids on 

inflammatory markers in COPD. Chest, 128(6), 3817-3827. 

doi:10.1378/chest.128.6.3817 

 

McKeever, T. M., Lewis, S. A., Cassano, P. A., Ocké, M., Burney, P., Britton, J., & Smit, 

H. A. (2008). The relation between dietary intake of individual fatty acids, FEV1 and 

respiratory disease in Dutch adults. Thorax, 63(3), 208-214. 

doi:10.1136/thx.2007.090399 

 

McKendry, R. T., Spalluto, C. M., Burke, H., Nicholas, B., Cellura, D., Al-Shamkhani, 

A., Wilkinson, T. M. A. (2016). Dysregulation of Antiviral Function of CD8(+) T Cells 

in the Chronic Obstructive Pulmonary Disease Lung Role of the PD-1-PD-L1 Axis. 

American Journal of Respiratory and Critical Care Medicine, 193(6), 642-651. 

doi:10.1164/rccm.201504-0782OC 

 

 



  

227 

 

McLean, S., Hoogendoorn, M., Hoogenveen, R. T., Feenstra, T. L., Wild, S., Simpson, C. 

R., Sheikh, A. (2016). Projecting the COPD population and costs in England and 

Scotland: 2011 to 2030. Scientific Reports, 6. doi:10.1038/srep31893 

 

Meng, A., Zhang, X., Wu, S., Wu, M., Li, J., Yan, X., Wu, J. (2016). In vitro modeling of 

COPD inflammation and limitation of p38 inhibitor - SB203580. Int J Chron Obstruct 

Pulmon Dis, 11, 909-917. doi:10.2147/COPD.S99810 

 

Miles, E. A., & Calder, P. C. (2012). Influence of marine n-3 polyunsaturated fatty acids 

on immune function and a systematic review of their effects on clinical outcomes in 

rheumatoid arthritis. British Journal of Nutrition, 107, S171-S184. 

doi:10.1017/s0007114512001560 

 

Miller, S., Henry, A. P., Hodge, E., Kheirallah, A. K., Billington, C. K., Rimington, T. L., 

Sayers, I. (2016). The Ser82 RAGE Variant Affects Lung Function and Serum RAGE in 

Smokers and sRAGE Production In Vitro. PLoS One, 11(10), e0164041. 

doi:10.1371/journal.pone.0164041 

 

Miyata, J., & Arita, M. (2015). Role of omega-3 fatty acids and their metabolites in 

asthma and allergic diseases. Allergology International, 64(1), 27-34. 

doi:10.1016/j.alit.2014.08.003 

 

Mochimaru, T., Fukunaga, K., Miyata, J., Matsusaka, M., Masaki, K., Kabata, H., 

Betsuyaku, T. (2018). 12-OH-17,18-Epoxyeicosatetraenoic acid alleviates eosinophilic 

airway inflammation in murine lungs. Allergy, 73(2), 369-378. doi:10.1111/all.13297 

 



  

228 

 

Molaae, N., Mosayebi, G., Pishdadian, A., Ejtehadifar, M., & Ganji, A. (2017). 

Evaluating the proliferation of human peripheral blood mononuclear cells using MTT 

assay. . Int J Basic Sci Med. 2(1), 25-28. doi:10.15171/ ijbms.2017.06. 

 

Monaco, C., Andreakos, E., Kiriakidis, S., Feldmann, M., & Paleolog, E. (2004). T-cell-

mediated signalling in immune, inflammatory and angiogenic processes: the cascade of 

events leading to inflammatory diseases. Curr Drug Targets Inflamm Allergy, 3(1), 35-

42.  

 

Montalbano, A. M., Riccobono, L., Siena, L., Chiappara, G., Di Sano, C., Anzalone, G., 

Profita, M. (2015). Cigarette smoke affects IL-17A, IL-17F and IL-17 receptor 

expression in the lung tissue: Ex vivo and in vitro studies. Cytokine, 76(2), 391-402. 

doi:10.1016/j.cyto.2015.07.013 

 

Motz, G. T., Eppert, B. L., Wesselkamper, S. C., Flury, J. L., & Borchers, M. T. (2010). 

Chronic Cigarette Smoke Exposure Generates Pathogenic T Cells Capable of Driving 

COPD-like Disease in Rag2(-/-) Mice. American Journal of Respiratory and Critical 

Care Medicine, 181(11), 1223-1233. doi:10.1164/rccm.200910-1485OC 

 

Muellerova, H., Maselli, D. J., Locantore, N., Vestbo, J., Hurst, J. R., Wedzicha, J. A., 

Investigators, E. (2015). Hospitalized Exacerbations of COPD Risk Factors and 

Outcomes in the ECLIPSE Cohort. Chest, 147(4), 999-1007. doi:10.1378/chest.14-0655 

 

Mukhopadhyay, S., Hoidal, J. R., & Mukherjee, T. K. (2006). Role of TNF alpha in 

pulmonary pathophysiology. Respiratory Research, 7. doi:10.1186/1465-9921-7-125 

 

 



  

229 

 

Muller, V., Galffy, G., Orosz, M., Kovats, Z., Odler, B., Selroos, O., & Tamasi, L. 

(2016). Characteristics of reversible and nonreversible COPD and asthma and COPD 

overlap syndrome patients: an analysis of salbutamol Easyhaler data. International 

Journal of Chronic Obstructive Pulmonary Disease, 11, 93-101. 

doi:10.2147/copd.s92331 

 

Munoz-Esquerre, M., Aliagas, E., LopPez-Sanchez, M., Escobar, I., Huertas, D., Penin, 

R., Santos, S. (2017). Vascular disease in COPD: Systemic and pulmonary expression of 

PARC (Pulmonary and Activation-Regulated Chemokine). Plos One, 12(5). 

doi:10.1371/journal.pone.0177218 

 

Naik, D., Joshi, A., Paul, T. V., & Thomas, N. (2014). Chronic obstructive pulmonary 

disease and the metabolic syndrome: Consequences of a dual threat. Indian J Endocrinol 

Metab, 18(5), 608-616. doi:10.4103/2230-8210.139212 

 

Ngkelo, A., Meja, K., Yeadon, M., Adcock, I., & Kirkham, P. A. (2012). LPS induced 

inflammatory responses in human peripheral blood mononuclear cells is mediated 

through NOX4 and G(i)alpha dependent PI-3kinase signalling. Journal of Inflammation-

London, 9. doi:10.1186/1476-9255-9-1 

 

Nordgren, T. M., Friemel, T. D., Heires, A. J., Poole, J. A., Wyatt, T. A., & Romberger, 

D. J. (2014). The Omega-3 Fatty Acid Docosahexaenoic Acid Attenuates Organic Dust-

Induced Airway Inflammation. Nutrients, 6(12), 5434-5452. doi:10.3390/nu6125434 

 

Nordgren, T. M., Heires, A. J., Wyatt, T. A., Poole, J. A., LeVan, T. D., Cerutis, D. R., & 

Romberger, D. J. (2013). Maresin-1 reduces the pro-inflammatory response of bronchial 

epithelial cells to organic dust. Respiratory Research, 14. doi:10.1186/1465-9921-14-51 

 



  

230 

 

Novgorodtseva, T. P., Denisenko, Y. K., Zhukova, N. V., Antonyuk, M. V., Knyshova, 

V. V., & Gvozdenko, T. A. (2013). Modification of the fatty acid composition of the 

erythrocyte membrane in patients with chronic respiratory diseases. Lipids in Health and 

Disease, 12. doi:10.1186/1476-511x-12-117 

 

Nurwidya, F., Damayanti, T., & Yunus, F. (2016). The Role of Innate and Adaptive 

Immune Cells in the Immunopathogenesis of Chronic Obstructive Pulmonary Disease. 

Tuberculosis and Respiratory Diseases, 79(1), 5-13. doi:10.4046/trd.2016.79.1.5 

 

Oczypok, E. A., Perkins, T. N., & Oury, T. D. (2017). All the "RAGE" in lung disease: 

The receptor for advanced glycation endproducts (RAGE) is a major mediator of 

pulmonary inflammatory responses. Paediatric Respiratory Reviews, 23, 40-49. 

doi:10.1016/j.prrv.2017.03.012 

 

Odler, B., Bikov, A., Streizig, J., Balogh, C., Kiss, E., Vincze, K., Müller, V. (2017). 

CCL21 and IP-10 as blood biomarkers for pulmonary involvement in systemic lupus 

erythematosus patients. Lupus, 26(6), 572-579. doi:10.1177/0961203316668418 

 

O'Neal, W.K., Anderson, W., Basta, P.V., Carretta, E.E., Doerschuk, C.M., Barr, R.G., 

Bleecker, E.R., Christenson, S.A., Curtis, J.L., Han, M.K., Hansel, N.N., Kanner, R.E., 

Kleerup, E.C., Martinez, F.J., Miller, B.E., Peters, S.P., Rennard, S.I., Scholand, M.B., 

Tal-Singer, R., Woodruff, P.G., Couper, D.J., Davis, S.M. and Reporting, S.I. (2014).  

 

Comparison of serum, EDTA plasma and P100 plasma for luminex-based biomarker 

multiplex assays in patients with chronic obstructive pulmonary disease in the 

SPIROMICS study. Journal of Translational Medicine, 12. doi: 

http://dx.doi.org/10.1186/1479-5876-12-9. 



  

231 

 

Ongay, S., Klont, F., Horvatovich, P., Bischoff, R., & ten Hacken, N. H. (2016). 

Prioritization of COPD protein biomarkers, based on a systematic study of the literature. 

Adv Precis Med.  1(1), 4-11. http://dx.doi.org/10.18063/APM.2016.01.006. 

 

Paats, M. S., Bergen, I. M., Hoogsteden, H. C., van der Eerden, M. M., & Hendriks, R. 

W. (2012). Systemic CD4+ and CD8+ T-cell cytokine profiles correlate with GOLD 

stage in stable COPD. Eur Respir J, 40(2), 330-337. doi:10.1183/09031936.00079611 

 

Paul, T.K., Chen, W., Srinivasan, S.R., He, J. and Berenson, G.S. (2011). Contrast of the 

impact of multiple cardiovascular risk factors on the femoral and carotid intima-media 

thickness in asymptomatic young adults: The Bogalusa Heart Study. Atherosclerosis, 

216(2), 359-364. doi: http://dx.doi.org/10.1016/j.atherosclerosis.2011.02.023. 

 

Pilette, C., Godding, V., Kiss, R., Delos, M., Verbeken, E., Decaestecker, C., Sibille, Y. 

(2001). Reduced epithelial expression of secretory component in small airways correlates 

with airflow obstruction in chronic obstructive pulmonary disease. American Journal of 

Respiratory and Critical Care Medicine, 163(1), 185-194. 

doi:10.1164/ajrccm.163.1.9912137 

 

Pinto-Plata, V., Casanova, C., Mullerova, H., de Torres, J. P., Corado, H., Varo, N., Celli, 

B. R. (2012). Inflammatory and repair serum biomarker pattern. Association to clinical 

outcomes in COPD. Respiratory Research, 13. doi:10.1186/1465-9921-13-71 

 

Pinto-Plata, V., Toso, J., Lee, K., Park, D., Bilello, J., Mullerova, H., Celli, B. (2007). 

Profiling serum biomarkers in patients with COPD: associations with clinical parameters. 

Thorax, 62(7), 595-601. doi:10.1136/thx.2006.064428 

 



  

232 

 

Plönes, T., Krohn, A., Burger, M., Veelken, H., Passlick, B., Müller-Quernheim, J., & 

Zissel, G. (2012). Serum level of CC-chemokine ligand 18 is increased in patients with 

non-small-cell lung cancer and correlates with survival time in adenocarcinomas. PLoS 

One, 7(7), e41746. doi:10.1371/journal.pone.0041746 

 

Prasse, A., Pechkovsky, D. V., Toews, G. B., Schäfer, M., Eggeling, S., Ludwig, C., 

Müller-Quernheim, J. (2007). CCL18 as an indicator of pulmonary fibrotic activity in 

idiopathic interstitial pneumonias and systemic sclerosis. Arthritis Rheum, 56(5), 1685-

1693. doi:10.1002/art.22559 

 

Profumo, E., Buttari, B., Saso, L., Capoano, R., Salvati, B., & Rigano, R. (2012). T 

Lymphocyte Autoreactivity in Inflammatory Mechanisms Regulating Atherosclerosis. 

Scientific World Journal. doi:10.1100/2012/157534 

 

Quan, Q. Q., Wang, F., & Wang, X. C. (2016). Expressions of CD4(+)CD25(+) 

regulatory T cells and foxp3 in peripheral blood of patients with chronic obstructive 

pulmonary disease. International Journal of Clinical and Experimental Medicine, 9(9), 

18026-18032.  

 

Queiroz, C. F., Lemos, A. C. M., Bastos, M. D. S., Neves, M., Camelier, A. A., Carvalho, 

N. B., & de Carvalho, E. M. (2016). Inflammatory and immunological profiles in patients 

with COPD: relationship with FEV1 reversibility. Jornal Brasileiro De Pneumologia, 

42(4), 241-247. doi:10.1590/s1806-37562015000000122 

 

Quint, J. K., Donaldson, G. C., Goldring, J. J. P., Baghai-Ravary, R., Hurst, J. R., & 

Wedzicha, J. A. (2010). Serum IP-10 as a Biomarker of Human Rhinovirus Infection at 

Exacerbation of COPD. Chest, 137(4), 812-822. doi:10.1378/chest.09-1541 

 



  

233 

 

Raizada, N., Daga, M., Kumar, N., & Mathur, S. (2014). Nutritional intervention in stable 

COPD patients and its effect on anthropometry, pulmonary function, and health-related 

quality of life (HRQL). J Indian Acad Clin Med. 15(2), 101. 

 

Rajkumar, P., Pattabi, K., Vadivoo, S., Bhome, A., Brashier, B., Bhattacharya, P., & 

Mehendale, S. M. (2017). A cross-sectional study on prevalence of chronic obstructive 

pulmonary disease (COPD) in India: rationale and methods. BMJ Open, 7(5), e015211. 

doi:10.1136/bmjopen-2016-015211 

 

Ravi, A. K., Khurana, S., Lemon, J., Plumb, J., Booth, G., Healy, L., Singh, D. (2014). 

Increased levels of soluble interleukin-6 receptor and CCL3 in COPD sputum. Respir 

Res, 15, 103. doi:10.1186/s12931-014-0103-4 

 

Rennard, S. I., Fogarty, C., Kelsen, S., Long, W., Ramsdell, J., Allison, J., Investigators, 

C. (2007). The safety and efficacy of infliximab in moderate to severe chronic obstructive 

pulmonary disease. American Journal of Respiratory and Critical Care Medicine, 175(9), 

926-934. doi:10.1164/rccm.200607-995OC 

 

Richter, D. C., Joubert, J. R., Nell, H., Schuurmans, M. M., & Irusen, E. M. (2008). 

Diagnostic value of post-bronchodilator pulmonary function testing to distinguish 

between stable, moderate to severe COPD and asthma. Int J Chron Obstruct Pulmon Dis, 

3(4), 693-699.  

 

Ristic-Medic, D., Vucic, V., Takic, M., Karadzic, I., & Glibetic, M. (2013). 

Polyunsaturated fatty acids in health and disease. Journal of the Serbian Chemical 

Society, 78(9), 1269-1289. doi:10.2298/jsc130402040r 

 



  

234 

 

Roberts, M. E. P., Higgs, B. W., Brohawn, P., Pilataxi, F., Guo, X., Kuziora, M., White, 

W. I. (2015). CD4+ T-Cell Profiles and Peripheral Blood Ex-Vivo Responses to T-Cell 

Directed Stimulation Delineate COPD Phenotypes. Chronic Obstr Pulm Dis, 2(4), 268-

280. doi:10.15326/jcopdf.2.4.2015.0131 

 

Rodriguez-Carrio, J., Alperi-Lopez, M., Lopez, P., Ballina-Garcia, F. J., & Suarez, A. 

(2016). Non-Esterified Fatty Acids Profiling in Rheumatoid Arthritis: Associations with 

Clinical Features and Th1 Response. Plos One, 11(8). doi:10.1371/journal.pone.0159573 

 

Rovina, N., Koutsoukou, A., & Koulouris, N. G. (2013). Inflammation and immune 

response in COPD: where do we stand? Mediators Inflamm, 2013, 413735. 

doi:10.1155/2013/413735 

 

Saetta, M., Di Stefano, A., Turato, G., Facchini, F. M., Corbino, L., Mapp, C. E., Fabbri, 

L. M. (1998). CD8+ T-lymphocytes in peripheral airways of smokers with chronic 

obstructive pulmonary disease. American Journal of Respiratory and Critical Care 

Medicine, 157(3), 822-826.  

 

Sambamurthy, N., Leme, A. S., Oury, T. D., & Shapiro, S. D. (2015). The receptor for 

advanced glycation end products (RAGE) contributes to the progression of emphysema 

in mice. PLoS One, 10(3), e0118979. doi:10.1371/journal.pone.0118979 

 

Sandford, A. J., & Silverman, E. K. (2002). Chronic obstructive pulmonary disease center 

dot 1: Susceptibility factors for COPD the genotype-environment interaction. Thorax, 

57(8), 736-741. doi:10.1136/thorax.57.8.736 

 

 



  

235 

 

Sarir, H., Mortaz, E., Janse, W. T., Givi, M. E., Nijkamp, F. P., & Folkerts, G. (2010). IL-

8 production by macrophages is synergistically enhanced when cigarette smoke is 

combined with TNF-alpha. Biochem Pharmacol, 79(5), 698-705. 

doi:10.1016/j.bcp.2009.10.001 

 

Scaglia, N., Chatkin, J., Chapman, K. R., Ferreira, I., Wagner, M., Selby, P., Zamel, N. 

(2016). The relationship between omega-3 and smoking habit: a cross-sectional study. 

Lipids in Health and Disease, 15. doi:10.1186/s12944-016-0220-9 

 

Schober, Y., Wahl, H. G., Renz, H., & Nockher, W. A. (2017). Determination of red 

blood cell fatty acid profiles: Rapid and high-confident analysis by chemical ionization-

gas chromatography-tandem mass spectrometry. Journal of Chromatography B-

Analytical Technologies in the Biomedical and Life Sciences, 1040, 1-7. 

doi:10.1016/j.jchromb.2016.11.019 

 

Schunck, W. H., Konkel, A., Fischer, R., & Weylandt, K. H. (2018). Therapeutic 

potential of omega-3 fatty acid-derived epoxyeicosanoids in cardiovascular and 

inflammatory diseases. Pharmacology & Therapeutics, 183, 177-204. 

doi:10.1016/ipharmthera.2017.10.016 

 

Seki, H., Fukunaga, K., Arita, M., Arai, H., Nakanishi, H., Taguchi, R., Levy, B. D. 

(2010). The Anti-Inflammatory and Proresolving Mediator Resolvin E1 Protects Mice 

from Bacterial Pneumonia and Acute Lung Injury. Journal of Immunology, 184(2), 836-

843. doi:10.4049/jimmunol.0901809 

 

Selvarajah, S., Todd, I., Tighe, P. J., John, M., Bolton, C. E., Harrison, T., & Fairclough, 

L. C. (2016). Multiple Circulating Cytokines Are Coelevated in Chronic Obstructive 

Pulmonary Disease. Mediators Inflamm, 2016, 3604842. doi:10.1155/2016/3604842 



  

236 

 

Serhan, C. N. (2010). Novel Lipid Mediators and Resolution Mechanisms in Acute 

Inflammation To Resolve or Not? American Journal of Pathology, 177(4), 1576-1591. 

doi:10.2353/ajpath.2010.100322 

 

Serhan, C. N., & Chiang, N. (2008). Endogenous pro-resolving and anti-inflammatory 

lipid mediators: a new pharmacologic genus. British Journal of Pharmacology, 153, 

S200-S215. doi:10.1038/sj.bjp.0707489 

 

Sharma, A., Hye Khan, M. A., Levick, S. P., Lee, K. S., Hammock, B. D., & Imig, J. D. 

(2016). Novel Omega-3 Fatty Acid Epoxygenase Metabolite Reduces Kidney Fibrosis. 

Int J Mol Sci, 17(5). doi:10.3390/ijms17050751 

 

Shibata, Y., Abe, S., Inoue, S., Igarashi, A., Yamauchi, K., Aida, Y., Kubota, I. (2013). 

Relationship between Plasma Fibrinogen Levels and Pulmonary Function in the Japanese 

Population: The Takahata Study. International Journal of Medical Sciences, 10(11), 

1530-1536. doi:10.7150/ijms.7256 

 

Shinto, L., Marracci, G., Bumgarner, L., & Yadav, V. (2011). The effects of omega-3 

Fatty acids on matrix metalloproteinase-9 production and cell migration in human 

immune cells: implications for multiple sclerosis. Autoimmune Dis, 2011, 134592. 

doi:10.4061/2011/134592 

 

Sijben, J. W., & Calder, P. C. (2007). Differential immunomodulation with long-chain n-

3 PUFA in health and chronic disease. Proc Nutr Soc, 66(2), 237-259. 

doi:10.1017/S0029665107005472 

 

 



  

237 

 

Šileikienė, V., Urbonas, M., Matačiūnas, M., & Norkūnienė, J. (2017). Relationships 

between pulmonary function test parameters and quantitative computed tomography 

measurements of emphysema in subjects with chronic obstructive pulmonary disease. 

Acta Med Litu, 24(4), 209-218. doi:10.6001/actamedica.v24i4.3616 

 

Simopoulos, A. P. (2006). Evolutionary aspects of diet, the omega-6/omega-3 ratio and 

genetic variation: nutritional implications for chronic diseases. Biomed Pharmacother, 

60(9), 502-507. doi:10.1016/j.biopha.2006.07.080 

 

Sims, M. W., Tal-Singer, R. M., Kierstein, S., Musani, A. I., Beers, M. F., Panettieri, R. 

A., & Haczku, A. (2008). Chronic obstructive pulmonary disease and inhaled steroids 

alter surfactant protein D (SP-D) levels: a cross-sectional study. Respir Res, 9, 13. 

doi:10.1186/1465-9921-9-13 

 

Sin, D. D., Hollander, Z., DeMarco, M. L., McManus, B. M., & Ng, R. T. (2015). 

Biomarker Development for Chronic Obstructive Pulmonary Disease From Discovery to 

Clinical Implementation. American Journal of Respiratory and Critical Care Medicine, 

192(10), 1162-1170. doi:10.1164/rccm.201505-0871PP 

 

Sin, D. D., Man, S. F. P., Marciniuk, D. D., Ford, G., FitzGerald, M., Wong, E., Investi, 

A. B. C. A. B. C. (2008). The effects of fluticasone with or without salmeterol on 

systemic biomarkers of inflammation in chronic obstructive pulmonary disease. 

American Journal of Respiratory and Critical Care Medicine, 177(11), 1207-1214. 

doi:10.1164/rccm.200709-1356OC 

 

 

 



  

238 

 

Sin, D. D., Miller, B. E., Duvoix, A., Man, S. F. P., Zhang, X. K., Silverman, E. K., 

Investigators, E. (2011). Serum PARC/CCL-18 Concentrations and Health Outcomes in 

Chronic Obstructive Pulmonary Disease. American Journal of Respiratory and Critical 

Care Medicine, 183(9), 1187-1192. doi:10.1164/rccm.201008-1220OC 

 

Spoorenberg, S. M. C., Vestjens, S. M. T., Rijkers, G. T., Meek, B., Van Moorsel, C. H. 

M., Grutters, J. C., . . . Ovidius Study, G. (2017). YKL-40, CCL18 and SP-D predict 

mortality in patients hospitalized with community-acquired pneumonia. Respirology, 

22(3), 542-550. doi:10.1111/resp.12924 

 

Stewart, J.I. and Criner, G.J. (2013). The small airways in chronic obstructive pulmonary 

disease: pathology and effects on disease progression and survival. Current Opinion in 

Pulmonary Medicine, 19(2), 109-115, doi: 

http://dx.doi.org/10.1097/MCP.0b013e32835ceefc. 

 

Sugawara, K., Takahashi, H., Kasai, C., Kiyokawa, N., Watanabe, T., Fujii, S., Shioya, T. 

(2010). Effects of nutritional supplementation combined with low-intensity exercise in 

malnourished patients with COPD. Respiratory Medicine, 104(12), 1883-1889. 

doi:10.1016/j.rmed.2010.05.008 

 

Sun, Q., Ma, J., Campos, H., Hankinson, S. E., & Hu, F. B. (2007). Comparison between 

plasma and erythrocyte fatty acid content as biomarkers of fatty acid intake in US 

women. American Journal of Clinical Nutrition, 86(1), 74-81.  

 

 

 

 



  

239 

 

Takahashi, T., Kobayashi, S., Fujino, N., Suzuki, T., Ota, C., He, M., Kubo, H. (2012). 

Increased circulating endothelial microparticles in COPD patients: a potential biomarker 

for COPD exacerbation susceptibility. Thorax, 67(12), 1067-1074. doi:10.1136/thoraxjnl-

2011-201395 

 

Takahashi, T., & Kubo, H. (2014a). The role of microparticles in chronic obstructive 

pulmonary disease. International Journal of Chronic Obstructive Pulmonary Disease, 9, 

303-314. doi:10.2147/copd.s38931 

 

Takahashi, T., & Kubo, H. (2014b). The role of microparticles in chronic obstructive 

pulmonary disease. International Journal of Chronic Obstructive Pulmonary Disease, 9, 

303-314. doi:10.2147/copd.s38931 

 

Tan, W. C., Vollmer, W. M., Lamprecht, B., Mannino, D. M., Jithoo, A., Nizankowska-

Mogilnicka, E., Group, B. C. R. (2012). Worldwide patterns of bronchodilator 

responsiveness: results from the Burden of Obstructive Lung Disease study. Thorax, 

67(8), 718-726. doi:10.1136/thoraxjnl-2011-201445 

 

Tanni, S. E., Pelegrino, N. R., Angeleli, A. Y., Correa, C., & Godoy, I. (2010). Smoking 

status and tumor necrosis factor-alpha mediated systemic inflammation in COPD 

patients. J Inflamm (Lond), 7, 29. doi:10.1186/1476-9255-7-29 

 

Terzikhan, N., Verhamme, K. M. C., Hofman, A., Stricker, B. H., Brusselle, G. G., & 

Lahousse, L. (2016). Prevalence and incidence of COPD in smokers and non-smokers: 

the Rotterdam Study. European Journal of Epidemiology, 31(8), 785-792. 

doi:10.1007/s10654-016-0132-z 

 



  

240 

 

Thakur, K., Sharma, S., Prabhakar, S., Gupta, P., & Anand, A. (2015). Revisiting the 

dilution factor as vital parameter for sensitivity of ELISA assay in CSF and Plasma. 

Annals of Neurosciences, 22(1), 37-42. doi:10.5214/ans.0972.7531.220108 

 

Thomas, B. K., & Yuvarajan, S. (2016). Plasma Fibrinogen in Chronic Obstructive 

Pulmonary Disease–A Cross Sectional Study Conducted in a Tertiary Care Hospital in 

Puducherry, India. Br J Med Med Res. 14(7): 1-8. doi: 10.9734/bjmmr/2016/24549 

 

Thomashow, M. A., Shimbo, D., Parikh, M. A., Hoffman, E. A., Vogel-Claussen, J., 

Hueper, K., Barr, R. G. (2013). Endothelial microparticles in mild chronic obstructive 

pulmonary disease and emphysema. The Multi-Ethnic Study of Atherosclerosis Chronic 

Obstructive Pulmonary Disease study. Am J Respir Crit Care Med, 188(1), 60-68. 

doi:10.1164/rccm.201209-1697OC 

 

Titz, B., Luettich, K., Leroy, P., Boue, S., Vuillaume, G., Vihervaara, T., Hoeng, J. 

(2016). Alterations in Serum Polyunsaturated Fatty Acids and Eicosanoids in Patients 

with Mild to Moderate Chronic Obstructive Pulmonary Disease (COPD). International 

Journal of Molecular Sciences, 17(9). doi:10.3390/ijms17091583 

 

To, M., Yamamura, S., Akashi, K., Charron, C. E., Haruki, K., Barnes, P. J., & Ito, K. 

(2012). Defect of adaptation to hypoxia in patients with COPD due to reduction of 

histone deacetylase 7. Chest, 141(5), 1233-1242. doi:10.1378/chest.11-1536 

 

Toraldo D., Nuccio F.D., Scoditti, E. (2013) Systemic Inflammation in Chronic 

Obstructive Pulmonary Disease: May Diet Play a Therapeutic Role? J Aller Ther S2: 005. 

doi:10.4172/2155-6121.S2-005 

 



  

241 

 

Torvinen, M., Campwala, H., & Kilty, I. (2007). The role of IFN-gamma in regulation of 

IFN-gamma-inducible protein 10 (IP-10) expression in lung epithelial cell and peripheral 

blood mononuclear cell co-cultures. Respiratory Research, 8. doi:10.1186/1465-9921-8-

80 

 

Truedsson, M., Malm, J., Sahlin, K. B., Bugge, M., Wieslander, E., Dahlback, M., 

Marko-Varga, G. (2016). Biomarkers of early chronic obstructive pulmonary disease 

(COPD) in smokers and former smokers. Protocol of a longitudinal study. Clinical and 

Translational Medicine, 5. doi:10.1186/s40169-016-0086-5 

 

Tubby, C., Harrison, T., Todd, I., & Fairclough, L. (2011). Immunological basis of 

reversible and fixed airways disease. Clinical Science, 121(7-8), 285-296. 

doi:10.1042/cs20110062 

 

Tuder, R. M., & Petrache, I. (2012). Pathogenesis of chronic obstructive pulmonary 

disease (vol 122, pg 2749, 2012). Journal of Clinical Investigation, 122(11), 4300-4300. 

doi:10.1172/jci66725 

 

Valente, S., Pasciuto, G., Bernabei, R., & Corbo, G. M. (2010). Do we need different 

treatments for very elderly COPD patients? Respiration, 80(5), 357-368. 

doi:10.1159/000320221 

 

Varraso, R., Barr, R. G., Willett, W. C., Speizer, F. E., & Camargo, C. A., Jr. (2015). Fish 

intake and risk of chronic obstructive pulmonary disease in 2 large US cohorts. American 

Journal of Clinical Nutrition, 101(2), 354-361. doi:10.3945/ajcn.114.094516 

 

 



  

242 

 

Vestbo, J., Edwards, L. D., Scanlon, P. D., Yates, J. C., Agusti, A., Bakke, P., 

Investigators, E. (2011). Changes in Forced Expiratory Volume in 1 Second over Time in 

COPD. New England Journal of Medicine, 365(13), 1184-1192. 

doi:10.1056/NEJMoa1105482 

 

Vestbo, J., Hurd, S. S., Agustí, A. G., Jones, P. W., Vogelmeier, C., Anzueto, A., 

Rodriguez-Roisin, R. (2013). Global strategy for the diagnosis, management, and 

prevention of chronic obstructive pulmonary disease: GOLD executive summary. Am J 

Respir Crit Care Med, 187(4), 347-365. doi:10.1164/rccm.201204-0596P 

 

Vlahos, R. and Bozinovski, S. (2014). Role of alveolar macrophages in chronic 

obstructive pulmonary disease. Frontiers in Immunology, 5, doi: 

http://dx.doi.org/10.3389/fimmu.2014.00435. 

 

Wald, E. L. A. F., van den Borst, B., Gosker, H. R., & Schols, A. M. W. J. (2014). 

Dietary fibre and fatty acids in chronic obstructive pulmonary disease risk and 

progression: a systematic review. Respirology, 19(2), 176-184. doi:10.1111/resp.12229 

 

Wang, X. R., Li, Y. P., Gao, S., Xia, W., Gao, K., Kong, Q. H., Bai, C. X. (2014). 

Increased serum levels of lipocalin-1 and-2 in patients with stable chronic obstructive 

pulmonary disease. International Journal of Chronic Obstructive Pulmonary Disease, 9, 

543-549. doi:10.2147/copd.s62700 

 

Waseem, S.M.A., Hussain, M.M., Ahmad, Z. and Islam, N. (2012). A Study of 

Pulmonary Functions and Lipid Peroxidation Biomarker in COPD: Correlation between 

Malondialdehyde and Lung Functions.  Biomedical Research-India, 23(1), 66-71. 



  

243 

 

Williams, E. J., Baines, K. J., Smart, J. M., Gibson, P. G., Wood, L. G.  (2016). 

Rosuvastatin, lycopene and omega-3 fatty acids: A potential treatment for systemic 

inflammation in COPD; a pilot study. Journal of Nutrition, & Metabolism, Intermediary 

5, 86-95. doi.org/10.1016/j.jnim.2016.04.006 

 

Wood, L. G. (2015). Omega-3 polyunsaturated fatty acids and chronic obstructive 

pulmonary disease. Current Opinion in Clinical Nutrition and Metabolic Care, 18(2), 

128-132. doi:10.1097/mco.0000000000000142 

 

Woodfin, A., Voisin, M. B., & Nourshargh, S. (2007). PECAM-1: a multi-functional 

molecule in inflammation and vascular biology. Arterioscler Thromb Vasc Biol, 27(12), 

2514-2523. doi:10.1161/atvbaha.107.151456 

 

Wu, W. X., Zhang, W., Booth, J. L., Hutchings, D. C., Wang, X. Q., White, V. L., 

Metcalf, J. P. (2016). Human primary airway epithelial cells isolated from active smokers 

have epigenetically impaired antiviral responses. Respiratory Research, 17. 

doi:10.1186/s12931-016-0428-2 

 

Yan, Y., Jiang, W., Spinetti, T., Tardivel, A., Castillo, R., Bourquin, C., Zhou, R. (2013). 

Omega-3 fatty acids prevent inflammation and metabolic disorder through inhibition of 

NLRP3 inflammasome activation. Immunity, 38(6), 1154-1163. 

doi:10.1016/j.immuni.2013.05.015 

 

Yonchuk, J. G., Silverman, E. K., Bowler, R. P., Agustí, A., Lomas, D. A., Miller, B. E., 

Mayer, R. J. (2015). Circulating soluble receptor for advanced glycation end products 

(sRAGE) as a biomarker of emphysema and the RAGE axis in the lung. Am J Respir Crit 

Care Med, 192(7), 785-792. doi:10.1164/rccm.201501-0137PP 



  

244 

 

Yu, Z.H., Kastenmuller, G., He, Y., Belcredi, P., Moller, G., Prehn, C., Mendes, J., Wahl, 

S., Roemisch-Margl, W., Ceglarek, U., Polonikov, A., Dahmen, N., Prokisch, H., Xie, L., 

Li, Y.X., Wichmann, H.E., Peters, A., Kronenberg, F., Suhre, K., Adamski, J., Illig, T. 

and Wang-Sattler, R. (2011). Differences between Human Plasma and Serum Metabolite 

Profiles. Plos One, 6(7), doi: http://dx.doi.org/10.1371/journal.pone.0021230. 

 

Zhang, X. J., Zheng, H. G., Zhang, H. Y., Ma, W. J., Wang, F., Liu, C. T., & He, S. H. 

(2011). Increased interleukin (IL)-8 and decreased IL-17 production in chronic 

obstructive pulmonary disease (COPD) provoked by cigarette smoke. Cytokine, 56(3), 

717-725. doi:10.1016/j.cyto.2011.09.010 

 

Zheng, J. Z.  , Li, Y., Lin, T., A. Estrada, X. Lu, Feng, C. (2017). Sample Size 

Calculations for Comparing Groups with Continuous Outcomes. Shanghai Archives of 

Psychiatry, 29(4): 250-256. doi: http://dx.doi.org/10.11919/j.issn.1002-0829.217101] 

 

 

Zhou, J., Chen, L., Liu, Z., Sang, L., Li, Y., & Yuan, D. (2018). Changes in erythrocyte 

polyunsaturated fatty acids and plasma eicosanoids level in patients with asthma. Lipids 

Health Dis, 17(1), 206. doi:10.1186/s12944-018-0853-y 

 

Zhu, X. H., Gadgil, A. S., Givelber, R., George, M. P., Stoner, M. W., Sciurba, F. C., & 

Duncan, S. R. (2009). Peripheral T Cell Functions Correlate with the Severity of Chronic 

Obstructive Pulmonary Disease. Journal of Immunology, 182(5), 3270-3277. 

doi:10.4049/jimmunol.0802622 

 

Zinellu, E., Zinellu, A., Fois, A.G., Carru, C. and Pirina, P. (2016). Circulating 

biomarkers of oxidative stress in chronic obstructive pulmonary disease: a systematic 

review. Respiratory Research, 17. doi: http://dx.doi.org/10.1186/s12931-016-0471-z. 

http://dx.doi.org/10.11919/j.issn.1002-0829.217101


  

245 

 

 

Appendix A 

 

Study Ethical Approval + Sample Collection Plan 

 



  

246 

 

 



  

247 

 

 



  

248 

 

 

 

 

 

 

 

 



  

249 

 

 



  

250 

 

 



  

251 

 

 



  

252 

 

 



  

253 

 

 



  

254 

 

 



  

255 

 

 



  

256 

 

 



  

257 

 

 



  

258 

 

 



  

259 

 

DS618: Evaluation of polyunsaturated fatty acids (PUFAs) on inflammatory biomarkers in 

whole fresh blood of COPD, HS and HNS subjects. 

 

 Friday PM NJ should email Salford group with possible patients for the following week. 

Up to 2-3 per day maximum. 

DS618 Salford e-mail group to include Jeremy Allen [J.T.Allen@salford.ac.uk]; Lucy Smyth 

[L.Smyth@salford.ac.uk]; Amal Al-Haidose (PG) [A.Al-Haidose@edu.salford.ac.uk] 

 For cancellations or additional bookings through the week, MEU should also e-mail 

Salford Group. 

 If too short notice or unable to collect sample on the specified day, Salford to inform 

MEU ASAP on Academic-MEU@meu.org.uk or 0161 9464065 

 Patients who meet the criteria in Appendix 1 on the day of screen (or historical data 

within 1 year if MEU blood donation visit only) will have 2 additional 10ml EDTA tubes 

taken. 

 MEU to notify Amal of screen failures or non-attendance ASAP (see contact numbers 

below). 

 Blood stored at room temp. in MEU Lab 2 until collection by Salford 

 Salford staff to come to MEU reception and state they are here from Salford Uni to 

collect samples from the academic team. 

 On collection of samples, the ‘Material Transfer Record From’ (appendix 2) must be 

signed by MEU and Salford representative and filed at MEU. 

 Suitable Blood transfer packaging to be supplied by Salford. 

 Blood will be discarded at the end of day if not collected. 
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Inclusion/Exclusion Criteria 

Inclusion: 

1) COPD 

Age 40-80 years 

Post BD FEV1/FVC ratio <0.70  

Pack Years >10 

2) Smokers with normal lung function  

Age 40-80 years 

Pre BD FEV1/FVC ratio >0.70 

FEV1>80% predicted 

Current smoker 

Pack years >10 

3) Never smokers 

Age 40-80 years 

Pre FEV1/FVC >0.70  

FEV1>80% predicted 

Pack years <1 

Exclusion: 

1) All Healthy volunteers:  

History of a chronic respiratory disorder 

2) All volunteers  

History of acute respiratory disease within 6 weeks prior to visit 

History of other non-respiratory inflammatory disease  

  Blood safety at Dr review: 

  Donated 1 pint (500mls) of blood in the last 16 weeks:     

 Got a chesty cough, sore throat or active cold sore:      

  Pregnant or a woman with a baby less than 9 months old:     
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 Taking antibiotics NOW or finished taking them within the last 7 days:   

 Had hepatitis or jaundice in the last 12 months:     

 Had acupuncture, ear piercing, body piercing, tattooing or semi-permanent 

  make-up in the last 4 months:        

 HIV positive or thinks they may be HIV positive:       

  Ever injected or been injected with drugs including body building drugs:   

Been in contact with an infectious disease or been given  

  immunisations in the last 8 weeks:        

Any known Haemophilia or a related blood clotting disorder who has received clotting factor 

concentrates: Had a history of anaemia.  
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Appendix B 

 

Skanlt Software Operating 
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