EXPLORING THE ANTECEDENTS OF ‘DEEP’ eWOM PROVIDING BEHAVIOUR IN MOBILE SHOPPING:
 A MULTI-COUNTRY STUDY


Abstract
Purpose: The study looks at deep eWOM providing behaviour in m-commerce and attempts to explore its antecedents. Personalization is proposed as an indirect antecedent of deep e-WOM providing behaviour mediated by hedonic and utilitarian value perceptions and personal identification. 
Design/Methodology: Based on social-exchange theory, the conceptual model links the study antecedents to deep eWOM providing behaviour. The conceptual model was validated through a multi-country study. A large sample of m-commerce users in UK (n = 505), India (n = 422) and Vietnam (n = 618) were contacted to collect the data. Data were analysed through structural equations modelling procedure with invariance analysis conducted to ensure that the results from the three samples could be compared. We also conducted Post-hoc analysis to explore the mediation paths between variables. 
Findings: The study finds support to the conceptual model across the samples from the three countries. Personalization is found to increase value perceptions – both utilitarian and hedonic – and personal identification which leads to ‘deep’ eWOM providing behaviour across all the three countries. The serial mediation also provides comparable results across the three countries. 
Originality/Value: The study contributes to the understanding of deep eWOM providing behaviour – a construct with high practical relevance which has however not been explored sufficiently in current literature. The study also contributes to the literature that analyses the consequences of personalization in m-commerce. 


Introduction
Mobile shopping has expanded rapidly across the world, with total sales from m-commerce expected to reach around $3.56 trillion in 2021 which amounts to about 73% of e-commerce transactions (Merchantsavy, 2020). According to Okazaki and Mendez (2013) customer interface in m-Commerce is characterised by the properties of immediacy, portability, continuity and searchability. These characteristics contribute to a distinct customer experience while interacting through an m-commerce platform. An important factor that drives Mobile shopping (m-shopping) is undoubtedly the user generated content or eWOM available to assess products or services that potential users could utilise before making purchase decisions. Previous studies have shown that the volume of eWOM influences a potential customer’s inclination to purchase a product (Yang, Park and Hu, 2018). It is therefore very important for Mobile shopping service provides to motivate their existing customers to provide eWOM as they engage with their Mobile Shopping service.
Alwash et al. (2019) and Ananda et al. (2019) defined a ‘deep’ eWOM providing behaviour as behaviour ‘which involved greater levels of commitment and engagement from the part of the consumer’. In ‘deep’ eWOM behaviour, the consumer goes beyond ‘shallow’ behaviours like ‘liking’ or ‘retweeting’ a post which are quickly undertaken with minimal effort (Ismagilova et al., 2020). Instead in ‘deep’ eWOM providing behaviour, the consumer shows greater engagement including such behaviour like writing reviews, recommending products to others etc. In this study we look at the antecedents of ‘deep’ eWOM behaviour which corresponds to greater levels of value co-creation activities from the part of the consumers. 
Interestingly, despite the vast literature on eWOM providing behaviour (for a recent comprehensive review please see Ismagilova et al., 2020; Verma et al, 2023), very few studies have looked at eWOM providing behaviour in the Mobile Shopping context. Of the 51 studies considered by Ismagilova et al. (2020) on eWOM providing behaviour, just one quantitative study (Okazaki, 2009) was based on the Mobile shopping context. Similarly, in a recent meta-analysis on trust in m-commerce (Sarkar, Chauhan and Khare, 2020) not even one single study on eWOM providing behaviour was reported let alone on ‘deep’ eWOM providing behaviour. 
In this study we attempt to address this important yet hitherto neglected topic of ‘deep’ eWOM providing behaviour in mobile shopping services. We explore how personalization – an important differentiating strategy employed by mobile shopping apps (Albadarneh and Qusef, 2017) – can trigger eWOM providing behaviour. We specifically consider personalization as an antecedent of eWOM providing behaviour as personalization has been considered as an important construct in m-commerce that can “empower customers to alter the interaction and relationship to suit their personal preferences”(Ashraf et al., 2017; p:43). 
In this study, we specifically explore the mediating mechanisms through which personalization impacts a customer’s eWOM providing behaviour. Using social exchange theory as a theoretical framework, we hypothesize how Personalization of the mobile shopping app leads to greater eWOM providing through the mediating variables of functional value, hedonic value and personal identification. The conceptual model is shown in figure 1. 
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The study contributes to the existing literature in several ways. First, it is one of the first studies that consider ‘deep’ eWOM providing behaviour in the context of mobile shopping. The study thus contributes to an important behavioural construct that has not been adequately addressed. Considering the practical importance of ‘deep’ eWOM, this study provides insights into how ‘deep’ eWOM providing behaviour can be fostered, especially through greater personalization.  Second, by highlighting the impact of personalization, the study also contributes to the growing research stream on personalization in the m-commerce domain. While personalization is widely considered as an important differentiator in m-commerce (Tyrväinen, Karjaluoto, & Saarijärvi, 2020), hitherto, studies have mostly explored the impact of personalization on a limited set of behavioural outcomes like continuous usage of m-commerce (eg. Liébana-Cabanillas, Marinković, & Kalinić, 2017; Albashrawi & Motiwalla, 2019). Few studies have looked at the impact of personalisation on eWOM providing behaviour. 
The study therefore has the following objectives: (i) to conceptualise the impact of personalisation on ‘deep’ eWOM behaviour, indirectly through mediating mechanisms in m-commerce apps and empirically validate the model (ii) understand the mediating impact of value constructs like hedonic value and utilitarian value in the relationship between personalisation and ‘deep’ eWOM behaviour and (iii) investigate the role of social identification with the m-commerce app in mediating the relationship between personalisation and deep eWOM behaviour. 
In the ensuing sections, first we review the literature on ‘deep’eWOM behaviour and the antecedent constructs like personalisation and value propositions. Subsequently we develop the conceptual model followed by explaining the methodology adopted to validate the model. We then present the results of the empirical studies from three different countries and discuss the implications. Finally, we discuss, how future studies could contribute more to this domain. 
Literature review
Deep eWOM Providing Behaviour as Customer Engagement in Value Creation
Though deep eWOM as a construct was first developed by Alwash et al. (2019), the idea of more engaged WOM providing behaviour has been discussed in previous studies. Deep eWOM involves much more than recommending the m-shopping app to other consumers or repeat patronage of the m-shopping app. Deep eWOM providing behaviour requires expending time and effort to provide feedback on purchased items – which often require greater effort and commitment in an m-shopping context with the smaller screen size and visual clutter. Deep eWOM providing behaviour also require greater cognitive effort than shallow eWOM providing behaviour. Deep eWOM behaviour is therefore comparable to the value creating consumer engagement behaviour defined by Jaakkola and Alexander (2014). Jaakkola and Alexander (2014) identified four types of Customer Engagement Behaviour – augmenting behaviour, codeveloping behaviour, influencing behaviour and mobilizing behaviour. Deep eWOM providing behaviour can be identified as a form of augmenting and influencing behaviour. 
While eWOM is a construct which has seen significant research attention in the recent past (for a recent review please see Verma et al, 2023), few empirical studies exist that have considered the antecedents of deep eWOM behaviour.  In fact, a majority of the extant studies that consider eWOM actually measure word of mouth recommendation i.e. the behaviour where the website or e-commerce portal is recommended to others through word of mouth (e.g. Filieri et al., 2015; Moliner-Velázquez, 2015; Nusair et al., 2017;  Ruiz-Alba et al., 2021; Hu et al, 2023 etc.). While such behaviour is a reflection of the consumer’s level of loyalty, deep eWOM providing behaviour involves greater effort and commitment on part of the consumer and hence goes beyond the act of recommendation. 
The few studies which do consider deep eWOM providing behaviour (even if not using the term) and measure eWOM using an operationalisation closer to the definition of deep eWOM, provide a disjointed array of antecedents. For instance, while Kucukemiroglu and Kara (2013) and Wu et al. (2016) consider personality related factors as antecedents, Wolny and Mueller (2013) consider level of involvement in the product category as antecedent to eWOM behaviour. Studies that consider the actual impact of consumption related value perceptions on deep eWOM behaviour are rare to find in the extant literature. Since deep eWOM behaviour requires investment of considerable time and effort from the part of the consumer, it is definitely possible that a consumer’s perceived value from the interactions with the service provider impacts a consumer’s deep eWOM behaviour. We therefore look at deep eWOM providing behaviour as a social exchange process, where consumers indulge in deep eWOM providing behaviour based on the assessment of the value of their exchange with the service provider. 
Deep eWOM Providing Behaviour and Social Exchange Theory
According to Social exchange theory (SET), social behaviour of individuals is a series of exchanges where individuals should try their best to maximise their benefits. With later developments, SET has also been used to explain the exchange of intangible benefits such as love, respect, knowledge, information etc. (Cropanzano and Mitchell, 2005; Chang et al., 2015). Social Exchange theory can be used to explain the idea of reciprocal actions – where actors reciprocate, through their actions, whenever they receive positive or beneficial treatment from another actor (Blau, 1964). According to Tung et al. (2017), when an individual perceives some benefit from the actions of another, an obligation of reciprocity is created. This obligation of reciprocity leads to actions that are perceived to be valuable to the other party. Since deep eWOM providing behaviour involves a non-insignificant commitment of time and effort on the part of the consumer and is performed outside of the normal transaction related activities, it can be modelled as an exchange behaviour prompted by something valuable that the consumer perceives to have received from the service provider. SET has been considered as an appropriate lens to analyse information exchange behaviour in social networks in extant literature (Wang and Liu, 2019; Lamb, Cai and McKenna, 2020). 
One of the ways in which an m-shopping service provides a clear benefit to a customer is through personalization. According to studies in hospitality industry, guests who feel a personalized experience feel recognized and extremely valuable (Neuhofer, Buhalis and Ladkin, 2015). Kang and Namkung (2019) found that with regard to food service mobile apps, personalization leads to greater perceived benefits and perceived value. Thus, based on social exchange theory, personalization can trigger an obligation to reciprocate – which in the case of m-shopping app could take the form of deep eWOM providing behaviour. Yang et al (2015) in fact found eWOM as a reciprocal behavioural outcome in the context of social-shopping m-commerce, though, in their study eWOM was measured as just recommendation behaviour.  We therefore attempt to understand the mechanisms through which perceived personalization is transformed into deep eWOM providing behaviour. In the subsequent sections we build our conceptual model by theoretically exploring the relationships between personalization, the mediating variables and deep eWOM. 
Personalization, Value Perceptions and Personal Identification
According to Tran et al. (2020, p:2), personalization is defined as “developing individualized communication to a particular consumer based on the consumer’s implied or stated preferences”. Personalization as a strategy to develop consumer relationships has been widely used in the mobile shopping context (Huang and Zhou, 2018). Personalization is considered as an important factor that influences consumer adoption and repeat usage of e-commerce based services that use mobile phones. As Hsieh, Lee and Tsang (2021) argues, mobile phones are an ideal personalized medium for contacting and interacting with consumers. However, research that focus on the consequences of personalization in the domain of m-commerce, especially the psychological and behavioural outcomes that ensue adoption of personalization is still quite rare (Huang and Zhou, 2018). 
While personalization has been seen to have an indirect impact on loyalty across a range of contexts like food service mobile apps (Kang and Namkung, 2019), Facebook ads (Shanahan, Tran and Taylor, 2019), tourism websites (Martínez-González & Álvarez-Albelo, 2021), omnichannel retailing (Tyrväinen, Karjaluoto, & Saarijärvi, 2020) etc., few studies have explored the relationship between perceived personalisation and eWOM providing behaviour.  Most of these studies consider loyalty as an indirect outcome of perceived personalisation. While loyalty is an important concept associated with eWOM, in most studies, loyalty is often understood as just repeat patronage, positive recommendation propensity etc. 
Value perception has also been considered as a proximal consequence of personalization (e.g. Assiouras et al., 2019; Kang and Namkung, 2019 etc.). Personalization in m-shopping involves tailoring the presentation of pages, functionality, interface and content and to match the specific requirements of the consumer thereby improving a consumer’s perception of the value associated with a m-shopping app. While the idea of value has been conceived in different ways, one of the most enduring conceptualisation of value is based on the utilitarian-hedonic dichotomy (Holbrook and Hirschman, 1982; Babin et al., 1994). Utilitarian value is associated with the tangible value derived from the functionality of a service or product while hedonic value is associated with subjective experience, fun and playfulness. Utilitarian and Hedonic values are also not mutually exclusive. Both the values can exist together as a customer could derive both utilitarian benefits as well as hedonic benefits at the same time (Babin et al., 1994). Examples of utilitarian value includes convenience of usage (Hu et al, 2023) while Hedonic value would include enjoyment in usage of the m-commerce app. In the case of m-commerce, previous studies have considered the importance of utilitarian values. For instance, Hu et al (2023), showed that utilitarian values in m-commerce impact consumer’s satisfaction, continuance intention and eWOM. 
According to Pappas et al. (2014) consumers develop positive feelings when they are treated as valuable customers and their personal needs are taken care of. Personalization helps customers to navigate the m-shopping app more easily as well as provide timely information about promotions for the products or services the customer was actually searching for at that precise moment in time. Personalization could also help to reduce the time and effort cost of searching, ordering and paying for the items a consumer would like to purchase. Thus, personalization can enhance the utilitarian value for a consumer:
H1: Perceived personalization is positively related to perceived utilitarian value in the context of a m-shopping app. 
Personalization of websites have been used to increase customers’ interactivity with a website, and they have been found to enhance customers’ pleasure, arousal (Fiore et al., 2005) and enjoyment (Jiang and Benbasat 2007, Desai, 2017). When an m-shopping app is highly personalized for a consumer, the visual interface will usually be matching the interests and preferences of the consumer – leading to the consumer enjoying the interface more as reduced visual complexity is an extremely important factor related to satisfaction with m-shopping apps (Sohn, Seegebarth and Moritz, 2017). Further, personalization involves personal recognition and individualised courtesy which triggers positive emotions triggering hedonic value perceptions (Riegger et al., 2021). Hence:
H2: Perceived personalisation is positively related to perceived hedonic value in the context of a m-shopping app. 
Personal identification is defined as an individual’s sense of oneness or belongingness to an entity like a brand, an organisation, retailer, service provider etc. to the extent that the individual defines himself or herself in terms of the entity (Mael and Ashforth, 1992). As Dutton, Dukerich and Harquail (1994) states, personal identification defines the degree to which the individual feels the entity has become a part of the self. In the case of consumer identification, it is considered as a “consumer’s psychological state of perceiving, feeling, and valuing his or her belongingness with another entity” (Lam et al., 2010, p. 129). 
Personalization is all about being consistent with a consumer’s self-schema or identity (Tran, Muldrow and Ho, 2020). Perceived personalization of an m-shopping app increases a consumer’s connection with the app since the consumer feels he/she is receiving special attention in the form of tailored services or individualised communication from the app. This enhances a sense of belongingness and intimacy with the app leading to a stronger connection between the m-shopping app and the self. As (Riegger et al., 2021) argues, personalized content by definition targets individuals and thus is associated with the self. Thus:
H3: Perceived personalisation increases personal identification in the context of a m-shopping app. 
Value Perceptions and Personal identification
According to Bhattacharya and Sen (2003), consumer’s identification with a company is an “active, selective and volitional act motivated by the satisfaction of one or more self-definitional needs” (p.77). Thus, personal identification with a brand or a service provider can also be a reciprocation to perceived benefits received.  Previous studies have in fact found empirical support to consider value perceptions as antecedents to consumer-brand identification (e.g. Buyukdag and Kitapci, 2021; Rubio et al., 2015). The main argument to propose this linkage is based on the idea that higher value experienced from the brand is reciprocated as a sense of belongingness to the brand leading to customer identification with the brand. In the extant literature on consumer personal identification, Marin and de Maya (2013) had applied social exchange theory to understand the relationship between consumer satisfaction with the benefits from a brand and identification with the brand. 
Utilitarian value of a m-shopping app involves gaining tangible benefits or cost reduction through interactions with the app. High utilitarian value leads to stronger cognitive attitude regarding the personal benefits derived from the association with the app. Based on the social exchange theory, a positive attitude to personally identify with the m-shopping app can be modelled as a reciprocation to the high utilitarian value perceived by the consumer. Hence:
H4: Higher utilitarian value increases personal identification in the context of a m-shopping app. 
Similarly, higher hedonic value from an m-shopping app leads to greater perceptions of fun and enjoyment – in turn leading to a reciprocal motivation to identify with the app. Thus:
H5: Higher hedonic value increases personal identification in the context of a m-shopping app. 
Perceived Value, Personal identification and deep eWOM Providing behaviour
Based on social exchange theory, recipients reciprocate positive benefits by positive actions or attitudes that are valuable to the other party. When consumers receive high utilitarian or hedonic value from an m-shopping app, they are motivated to reciprocate through indulging deep eWOM providing behaviour. In the extant literature several studies have found empirical evidence for a positive link between utilitarian/hedonic value perceptions and positive reciprocal behaviour. For instance, Chua et al. (2019) found a relationship between utilitarian/hedonic value and intention to recommend; Chen et al. (2017) and Ozturk et al. (2016) found a positive relationship between value components and continuation intention; Kim, Kim and Wachter (2013) found that value components impact engagement intentions; Nusair et al. (2017) found that value components impact intention to recommend etc. Thus:
H6: Utilitarian value positively impacts a customer’s deep eWOM providing behaviour in the context of m-shopping apps
H7: Hedonic value positively impacts a customer’s deep eWOM providing behaviour in the context of m-shopping apps 
Personal identification leads individuals to become more psychologically attached to an entity (like m-shopping app) and in turn motivates them to commit to the achievement of the entity’s goals and expend more voluntary effort on its behalf (Bhattacharya and Sen, 2003). Previous studies have shown that identification of a company is related to the loyalty to the company (e.g. Huang and Cheng, 2016); willingness to pay (Haumann et al., 2014) or consumer engagement (Lam et al., 2012; Tuskej and Podnar, 2018). When and individual is psychologically attached to an entity, he/she is expected to voluntarily engage in activities that significantly contribute to that entity’s goals. Thus, when an individual starts to identify with an m-shopping app, indulging in deep eWOM can be expected. Deep eWOM providing behaviour is an important way to contribute to an m-shopping app’s popularity as it will signal to new customers the reliability and popularity of the app. Deep eWOM providing behaviour also helps in increasing the reach of the app.  
H8: Higher levels of personal identification with m-shopping app will motivate consumers to indulge in greater deep eWOM providing behaviour. 
Empirical Study
Taking into account the view that behavioural models do not necessarily hold across cultures (Lu et al., 2017), we test the conceptual model across three different countries with different mobile shopping environments and at different levels of technology readiness stage. Prior studies have also highlighted the importance of testing m-commerce models across both developing countries and developed countries in order to generalise the results (e.g. Thongpapanl et al., 2018; Anwar, Thongpapanl and Ashraf, 2020). We therefore replicate the study across three different country contexts. The model is tested among mobile shopping customers in the United Kingdom, Vietnam and India. While United Kingdom is a developed country with a very high per-capita GDP and a high Human Development Index, India and Vietnam are developing countries with low to medium per-capital GDP and medium human development index values. However, the M-commerce market is highly developed in all the three countries, with the institutional and technical infrastructure for M-commerce transactions well established. 
The main rationale for replicating the studies across three countries is to test the validity of the model rather than to explore differences.  Replication of studies in different settings have been recommended by several authors to achieve greater generalisability (eg. Evanschitzky et al., 2007; Hassan, Shiu and Walsh, 2011; Walsh et al., 2015). Thus, support for the conceptual model across three countries will enhance the claim for generalisability of the model. Finding support for the conceptual model in both developed and developing country settings have been considered as an indication for generalizability (Hoffmann, Yin and Hoffmann, 2020). 
Methodology
We used a cross-section design using a large-scale survey among m-commerce customers. The constructs included in the conceptual model were measured using established scales. We validated the scales using confirmatory factor analysis. As the data consisted to samples from three different countries, we conducted invariance testing to show that the results from the three different samples can be compared. In the second stage we conducted path analysis across the three samples to test the hypotheses. The methodology is detailed below. 
Data collection
Data was collection from mobile shopping customers in the United Kingdom (n = 505), Vietnam (n = 618) and India (n = 422). Data was collected through a combination of online and offline questionnaire survey. All the variables were measured using scales adopted from published sources. The respondents were asked to think about the mobile shopping app they use the most and then answer questions based on their interactions with this app.  In the case of Vietnam, the questionnaire was translated to the local language and back translated to English. In the case of India and United Kingdom, the questionnaire was administered in English. Results show support to the hypotheses across the different samples. 
In the case of UK, the data were collected through an online survey administered through the online survey service prolific.ac. The respondents were given a very small monetary incentive to participate in the survey. In the case of India, all the participants were business executives who did short-term management programs in a management institute in Northern India. These programs were residential programs which lasted for a week. The executives were informed about the objectives of the study and were requested to complete the responses through an online study. They did not receive any credits for participating in this study. For both the UK and Indian study, the questionnaire was presented in English. For Vietnam, a list of 3,680 email addresses of potential informants was compiled using emails from personal networks (e.g., LinkedIn professional network, students, alumni, colleagues). The data were collected using the SurveyMonkey tool. Six hundred and eighteen valid responses (618) were collected following two reminders separated by two weeks, yielding a response rate of 16.8 percent. The questionnaire was translated into Vietnamese and back translated into English. The profile of the sample are given in table 1. 
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Measurement scales
All the measurement scale items were adapted from existing scales. The existing scales were adequately modified to reflect the requirements of the mobile shopping environment. Personalisation was measured using four items adapted from the items used by Smik et al. (2020) using a five-point scale anchored between strongly agree and strongly disagree. Hedonic value was measured using four items adapted from the scale developed by Picot-Coupey et al. (2020). The five-point scale was anchored between ‘strongly agree’ and ‘strongly disagree’. Utilitarian value was also measured using three items adapted from Picot-Coupey et al. (2020) through a five-point scale anchored between ‘strongly agree’ and ‘strongly disagree’. Personal identification was measured using three items derived from scales developed by Kocak, Abimbola and Ozer (2017) and Chi, Yi and Bagozzi (2016) modified to suit the context of mobile shopping.  A five-point scale was used anchored between “strongly agree” and “strongly disagree”. To measure deep e-WOM providing behaviour, a modified version of the scale used by Thakur (2019) was used. Four items were developed based on this scale. The items were measured using a five-point scale anchored between “strongly agree” and “strongly disagree”. 
Analysis and Results
Analysis of the measurement model
Reliability and Validity of the measures were initially tested through confirmatory factor analysis. The measurement models from the UK, India and, Vietnam all showed excellent goodness of fit values. The values from the UK sample were: χ2/df = 3.215; CFI = 0.941; TLI = 0.927; RMSEA = 0.066. The goodness of fit values for the Indian sample were: χ2/df = 2.245; CFI = 0.957; TLI = 0.940; RMSEA = 0.054 while for Vietnam the goodness of fit values were: χ2/df = 3.621; CFI = 0.953; TLI = 0.942; RMSEA = 0.065. Standardised loadings of all the observed variables were above 0.5 and significant at p< 0.01 across the three samples UK, India and Vietnam, which indicates convergent validity. The standardised loadings across the three samples are provided in table 2. The coefficient of reliability values were all above 0.7 and the AVE values were all above 0.5, thus giving support for convergent validity. To test the discriminant validity, we compared the correlations between the latent constructs and the square root of the AVE. None of the inter-construct correlation values were above any of the square root of AVE values thus establishing discriminant validity as per the criterion developed by Fornell and Larker (1981). The correlation coefficients, AVE and CR values are given in table 3.
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Testing invariance
Since the three samples were drawn from three different countries, we tested for configural, metric and scalar invariance. The configural invariance testing involved testing an unconstrained model with just the invariance of factor structure tested across the three samples. Configural invariance was found to exist across the three samples with the goodness of fit values within the acceptable range (χ2/df = 2.89; CFI = 0.959; TLI = 0.938; RMSEA = 0.030). Metric invariance was tested by comparing the goodness of fit values across a constrained and an unconstrained model. Against a fully constrained model, where the factor loadings were constrained to be equal, the χ2 difference test was found to be significant, thus full metric invariance was not established. We then removed constraints on the factor loadings one step at a time. After un-constraining twelve indicators that were heavily diverging in terms of their factor loadings across the three samples, the ∆χ2 values were found to be negligible with p>0.05. (∆χ2 = 4.18, ∆ df = 4). Hence, we can conclude partial metric invariance. For cross-cultural research, according to Steenkamp and Baumgartner (1998), partial metric invariance is considered to be adequate. 
Testing for common method bias
Since the dependent and independent variables were measured from the same source at the same time, it is necessary to test whether common method bias could impact the results. We tested common method bias through two methods. In the first instance we used Harman’s single factor test where all the indicators were linked to one common latent construct. The goodness of fit indices were assessed. For the UK data the single factor solution showed unacceptable goodness of fit indices (χ2/df = 21.178; CFI = .416; TLI = .338; RMSEA = .2). For the Indian data, the single factor model goodness of fit indices were χ2/df = 16.737; CFI = .402; TLI = .243; RMSEA = .193) and for the Vietnam data, the single factor model goodness of fit indices were (χ2/df = 20.51; CFI = .621; TLI = .571; RMSEA = .178). It is therefore clear that the single factor models do not fit the data and hence common method bias is not a significant factor in the results. 
To check this further, we conducted the more rigorous Lindell and Whitney’s (2001) CMB test using a marker variable. In the survey questionnaire we included a single item social desirability scale that had no theoretical relationship with the other constructs. We then calculated the correlation coefficient between the marker variable and other constructs. In the next step we constructed an adjusted correlation matrix using the method suggested by Lindell and Whitney (2001). For the Indian sample the marker variable had very low and non-significant correlations with the other constructs. Further, an adjusted correlation matrix was created using the heuristic suggested by Lindell and Whitney (2001), this correlation matrix hardly diverged from the original correlation matrix with no change in the significance level of the correlation coefficients between latent constructs. Thus, there is no evidence for any CMB in the Indian sample. 
For the UK sample, the marker variable had very low correlations with the other constructs in the model. Further, the adjusted correlation matrix, was not in any way much different from the original correlation matrix with no change in the sign or significance of the correlation between latent constructs. Similar results were observed for the Vietnamese sample with no substantial change in the adjusted and original correlation matrices. Thus, we can conclude that common method bias is not a major concern in terms of the results. 
Path Analysis results
In the next stage, data from the three countries were analysed to establish the validity of the hypotheses. We used time spent on mobile phone every day, age and gender as a control variable. In the case of the Indian sample, the path analysis provided very good fit to the model with χ2/df = 1.361, p>0.1; CFI = 0.982; TLI = 0.950; RMSEA = 0.029 as for the UK data, the goodness of fit values was χ2/df = 3.70, p<0.01; CFI = 0.941; TLI = 0.90; RMSEA = 0.073. In the case of Vietnam, an acceptable model fit was achieved with. χ2/df = 3.39, p<.01; CFI = .969; TLI = 0.932; RMSEA = 0.062. The R2 value for deep eWOM providing behaviour for UK sample was 0.197; for the Indian sample was 0.179 and for the Vietnam sample was .343. 
The unstandardised path coefficients for the three countries are provided in table 3. As the results from table 3 show, there seems to be clear similarities in the direction and significance of path coefficients across the three countries. Personalisation is seen to be significantly impacting utilitarian value, hedonic value and personal identification across the three countries. In the case of UK, the value for the regression coefficient that link personalisation to Utilitarian Value, Hedonic Value and Personal Identification are β = .343, β = .412 and β = .221, respectively, p<0.01 for all the values. In the case of India it was β = .341, β = .230 and β = .156 respectively, p<0.01 for all the three coefficients. For Vietnam, the corresponding values are β = .403, β = .596 and β = .330 respectively p<0.01 for all the instances. Thereby supporting H1. H2 and H3. 
Hedonic Value has a significant positive impact on both personal identification and deep e-WOM providing behaviour across the three countries. For UK it is β = .256, β = .319 respectively, p<0.01 for both the cases. For India it is β = .195, β = .269 respectively, p<0.01 and for Vietnam it is β = .178, β = .227 respectively p<0.0. Thereby H4 and H5 are supported. Similarly, Utilitarian value is seen to have a significant positive impact on personal identification across the three samples. For UK it is β = .244, p<0.01, for India it is β = .208, p<0.01 and for Vietnam it is β = .219, p<0.01 thereby supporting H6. However, the positive relationship between Utilitarian value and e-WOM is supported only in the case of India and Vietnam. For India β = .171, p<0.01 and Vietnam, β = 0.095, p<0.05 while it is not significant in the case of UK. This is an interesting result that requires greater analysis. Thus, H7 is supported for India and Vietnam but not in the case of UK. The relationship between Personal Identification is seen to be significant in the case of all the three samples. For UK it is β = .289, p<0.01, for India it is β = .248, p<0.01 and for Vietnam β = .538, p<0.01 thereby supporting H8. The path analysis coefficients for the three countries are provided in table 4. 
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Post-Hoc analysis: Mediation Effects
In order to test the mediation effects, we used Process Macro (Hayes, 2016). To test the mediation effect of Hedonic value, Utilitarian value and Personal identification in the relationship between Personalisation and deep eWOM providing behaviour, we used the model 4 from the Process Macro template. The results from the mediation analysis are provided in Table 5. As can be seen in the case of both India and Vietnam, hedonic value, utilitarian value and personal identification mediate the effect of personalisation on eWOM. Since both direct and indirect paths are significant, the mediation is partial. However, interestingly in the case of UK the direct effect of Personalisation on eWOM is not significant though the indirect effect through Hedonic Value is significant. Thus, hedonic value has a full mediation effect. In the cease of the mediation effect through utilitarian value, both the direct effect and the indirect effect are not significant, which implies a lack of significance of utilitarian value in connecting personalisation to eWOM. In the case of the mediation effect through Personal Identification, only the indirect effect is significant for UK – which implies that similar to the case of the effect of hedonic value, personal identification has a full mediation effect.  
Take in table 5 here
We also tested serial mediation through two paths: 
(i) Path1: Personalisation → Hedonic Value → Personal Identificaiton → deep eWOM providing behaviour and 
(ii) Path 2: Personalisation → Utilitarian Value → Personal Identificaiton → deep eWOM providing behaviour
We tested for the serial mediation through model6 in the process macro template. For path 1, the Indian sample provided a significant serial mediation path (β = 0.016, ULCI = 0.030, LLCI = 0.005) as was the case with UK (β =0 .034, ULCI = .057, LLCI = .017) as was the case with the Vietnam sample (β =0 .067, ULCI = .100, LLCI = .038). Thus there is considerable support for the serial mediation through hedonic value and personal idendification. 
For path 2, there was evidence for significant serial mediation in the Indian sample (β = 0.026, ULCI = 0.048, LLCI = 0.010), in the UK sample (β = 0.039, ULCI = 0.062, LLCI = 0.022) as was the case with the Vietnam sample (β = 0.052, ULCI = 0.079, LLCI = 0.030) thereby showing that even in the case of the serial mediation path 2, through Utilitarian value and personal identification, there is considerable support.
Theoretical Implications
Based on a definition provided by Alwash et al. (2019), deep eWOM providing behaviour is presented as a deliberate activity on the part of the consumer which requires considerable cognitive effort and is an example of augmentative and influencing consumer engaging behaviour as defined by Jaakkola and Alexander (2014).  Through an empirical study conducted in one developed economy and two emerging economies, we found that personalisation impacts deep eWOM providing behaviour in two ways – through the creation of value perceptions – both hedonic and utilitarian and through the creation of self-identification with the mobile shopping provider. 
The direct impact of perceived personalisation on perceived hedonic and utilitarian value is found to be significant across the three countries. Previous studies have rarely explored this relationship though studies have shown that personalisation could actually influence factors that drive value perceptions like ease of use (Kang and Young, 2019), perceived quality (Tran et al, 2020) etc. 
The study finds that m-commerce hedonic and utilitarian value perceptions can lead a customer to identify with the m-commerce app provider. This result supports previous studies (eg. Buyukdag and Kitapci, 2021; Rubio et al., 2015) who found that value perceptions can create personal identification with a service provider. However, both Buyukdag and Kitapci (2021) or Rubio et al. (2015) didn’t consider the hedonic-utilitarian dichotomy to operationalise value perceptions. Thus, considering the lack of research into this relationship in previous studies, the current study contributes to building theory related to value perceptions and identification. 
Results from the study show that hedonic value perceptions lead to deep eWOM providing behaviour across the three countries. This result endorses a host of studies which found a relationship between the dichotomous value components and different dimensions of customer engagement or loyalty (eg. Chua et al., 2019; Chen et al., 2017; Ozturk et al., 2016; Kim, Kim and Wachter, 2013) and Nusair et al., 2017). However, none of the studies listed above look at deep eWOM providing behaviour which requires a greater level of customer commitment and engagement. The current study contributes to the extant literature by showing that the dichotomous value components impact deep eWOM providing behaviour.
Interestingly, the impact of utilitarian value perceptions on deep eWOM providing behaviour is found to be supported only in the samples from the two developing countries. This relationship is not found to be true in the case of UK consumers. This counter intuitive result probably could be explained by the results reported from the multi-country study conducted by Thongpapanl et al. (2018). According to Thongpapanl et al. (2018), individuals living in developing countries have a predominant ‘prevention orientation’ and for such individuals utilitarian motives predominates their motives for using m-commerce services. Hence, customers in developing countries who perceive greater utilitarian value will have their utilitarian motives fulfilled would be more likely to indulge in deep eWOM providing behaviour which requires a greater level of customer commitment. Hedonic value perceptions usually linked to subjective experience, fun and playfulness on the other hand have a stronger impact on deep eWOM providing behaviour regardless of the context. Of course, this result requires greater probing. 
The results from the mediation analysis also contribute to the extant knowledge about the antecedents of deep eWOM providing behaviour. The results show that in the case of the developing country samples, personal identification only partially mediates the relationship from perceived personalization to deep eWOM behaviour through hedonic or utilitarian value perceptions while in the case of the UK, sample there is full mediation. The mediation results indicate that there are two mechanisms through with personalization influences deep eWOM providing behaviour. The first mechanism involves creation of hedonic value that then increases personal identification and then deep eWOM behaviour. The second mechanism involves creation of utilitarian value perceptions as the outcome of perceived personalization which then leads to greater personal identification leading to deep eWOM behaviour. The study thus shows that personalisation definitely impacts deep eWOM behaviour, though through a series of different mechanisms.  
Managerial Implications
Considering the significance of deep eWOM providing behaviour in generating greater credibility and acceptability in a target market and the fact that personalisation is one of the main strategies that a mobile shopping app can employ to retain customers, results from this study hold significant implications for managers. By validating the study across three different country contexts, the study achieves greater generalizability. The study highlights issues for managers to consider. For instance, the study highlights the crucial importance of deep eWOM behaviour as an important part of m-commerce strategy. While past studies have considered ideas like customer loyalty, repeat usage, recommendation intention etc. as possible outcome metrices of m-commerce strategy, this study positions deep eWOM providing behaviour in the centre of m-commerce customer engagement strategy and locates this idea as a crucial outcome metric that has the potential to signal a higher level of loyalty and an interest in value co-creation. Though the study doesn’t probe the consequences of deep eWOM providing behaviour, by drawing out this construct from extant literature, linking this construct to consumer engagement and developing a means for measuring this construct, this study provides managers with the crucial wherewithal to focus on this construct.    
The study also provides important recommendation for practitioners. First of all, the study shows that personalization in m-commerce apps is important not just in improving satisfaction and loyalty, personalization can in fact improve deep eWOM behaviours. As eWOM behaviours are considered to be crucial in expanding the adoption of m-commerce aps, this result, provides critical inputs in developing marketing plans for m-commerce apps. The study provides a framework to predict the adoption rate for m-commerce apps considering their level of personalization. 
Limitations and Avenues for Future Research
The study is not devoid of limitations. The cross-sectional nature of the study and limitations in the sampling methodology limits the generalizability of the result. The inherent limitations of the study also provide avenues for future research opportunities. The study also provides several interesting avenues for future research in terms of extending the theory related to deep eWOM providing behaviour. The study looks at personalization as an antecedent of deep eWOM providing behaviour, future studies could explore other antecedents like satisfaction (or dissatisfaction) with the service, psychological contract violation, trust etc. as possible antecedents. Similarly, moderating variables like personality traits, subjective norms, incentives provided by the service provider, deep eWOM providing behaviour of close friends etc. could be probed. Other studies may look at operationalising this construct in different ways. While this study provides an operational scale to measure deep eWOM providing behaviour, other methods could be developed to measure deep eWOM providing behaviour including technology driven methods like netnographic analysis, sentiment analysis etc. The current study focuses on the antecedents of deep eWOM providing behaviour, it is also important to probe the consequences of eWOM providing behaviour. 
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